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Abstract

Despite the remarkable development of
artificial intelligence (AI) and machine
translation (MT) in recent years, which has
made them more efficient, less costly and
easier to navigate, they still struggle to
match the abilities of human translators.
The limitations shown by Al and MT,
which have been detected in various
domain-specific texts and contexts, sustain
the debate over whether they can fully
replace human translators. Nevertheless,
very few studies have examined the
translation abilities of Al and MT during
conflicts and high-stakes contexts. This
paper explores some of these limitations
that were detected during the 2023 Gaza-
Israel conflict, illustrating significant
examples from X (formerly Twitter). These
examples showcase limitations in 1)
translating cultural references, 2) avoiding
critical errors in high-stakes context, 3)
preventing bias and intervention, and 4)
translating cursive handwriting. This is
done through a combination of descriptive,
comparative and experimental analysis
methods,  highlighting  risks  and
implications associated with using these
tools in such sensitive contexts, while
contributing to the broader discussion on
whether advances in Al and MT will
diminish the need for human translators.
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1 Introduction

Advances in translation technologies have made it
easier, quicker and cheaper to translate different
types of text for a wide range of users. However,
despite all the significant developments in recent
years, artificial intelligence (AI) and machine
translation (MT) still face challenges in replicating
human abilities. These challenges continue to fuel
the debate over whether they can take the place of
human translators in the near future.

Although limitations of Al and MT have been
explored across various domain-specific texts and
contexts, very little research has been done on their
limitations in the political domain, specifically
during conflicts. This paper explores some of the
limitations that were encountered during the 2023
Gaza-Israel  conflict, illustrating significant
examples from X (formerly Twitter) in four
different key areas. The study employs a
combination of descriptive, comparative, and
experimental analysis methods to provide a
comprehensive investigation into the limitations of
text, image and audiovisual translation.

Since this study focuses on a single conflict, the
examples provided are not intended to be
exhaustive. Nonetheless, they effectively illustrate
the limitations of Al and MT and merit further
discussion for several reasons: (1) they highlight
the risks associated with relying on such tools in
conflicts and high-stakes contexts; (2) they help
pinpoint specific areas where Al and MT require
further refinement; and (3) they contribute to the
ongoing debate about whether advancements in Al
and MT will reduce the demand for human
translators.
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2 Literature Review

2.1 Translation in Conflict Contexts
Translation plays a crucial role in shaping how
conflicts are perceived globally, particularly in
today’s interconnected world, where disputes are
no longer confined to local audiences. According to
Newmark (1989), translators facilitate
communication between nations, mediate between
conflicting sides, and uphold both moral integrity
and factual accuracy. Similarly, Baker (2010)
emphasizes the crucial, yet often unrecognized role
translators play in how wars are represented and
understood. However, conflicts often arise from
ideological differences and opposing political
stances (Tang, 2007), which can inevitably affect
translators working on either side. Despite this,
their influence in shaping war narratives remains
largely overlooked. Venuti (1998) argues that
translation is influenced by political and
ideological conflicts, as it is shaped by the social
institutions that produce it, often serving particular
cultural and political agendas. Similarly, Lefevere
and Bassnett (2001) assert that translation is never
truly neutral; rather, it is a form of rewriting that
reflects the ideologies and values of the society
from which it originates. With the rise of global
conflicts, translation studies have increasingly
focused on ideological struggles, where competing
sides attempt to discredit each other due to
conflicting interests, values, and objectives. Baker
(2006) notes that each party aims to validate its
own narrative of events. In such contexts, true
neutrality becomes highly challenging, as Palmer
(2007) suggests that achieving complete
impartiality is nearly impossible. Tymoczko and
Gentzler (2002) highlight the intricate nature of
translation, describing it as an intentional and
thoughtful process of choosing, organizing, and
reconstructing information, which may lead to
distortion, omission, deception, or the development
of concealed meanings.

2.2 Al and MT Translation across Domains
Despite the advances of machine translation and
Al, the debate over their limitations and inability to
replace human translators has been a reoccurring
topic in the literature. Many agree that although
such tools are improving tremendously, they still
do not measure up to human translators across the
various domains and contexts, particularly in fields
of literature, religion, law, medicine and media.

In literature for instance, despite the semantic
abilities and narrative skills displayed by

translation technologies, they still have obvious
limitations in capturing the complexity of a poem.
In a study conducted on the translation of poems
from Arabic into English, Alowedi and Al-Ahdal
compared the abilities of machine and human
translations and reached the conclusion that ‘the
limitations of machine translation are stark in
capturing the socio-cultural context of poetry’
(2023). These results resemble the findings of
another study that used Chinese literary texts to
compare human and Al translations. The results
showed that AI lacks the ability to capture cultural
aspects, narrative perspectives and human-like
subjectivity (Qi, 2024), an evaluation that aligns
with the findings of Bernhart and Richter (2021).
Additionally, Al does not measure up to human
translators because literary translation requires a
good imagination (Skobo and Petridevi¢ 2023),
artistic sense (Qi 2024), creativity and personal
interpretation (Tomasello 2019), as well as the
ability to capture the original creator’s intentions
(Makridakis 2017; Edmond 2019).

Religious documents have also pushed the
limitations of translation technologies. One
example is a study conducted by Zaid and
Bennoudi on Arabic religious texts, which found
that Al tools were not efficient enough to accurately
translate the grammatical structure or the cultural
and religious aspects of the text (2023). This
conclusion was supported by Alharazi, who stated
that such difficulties arise from variations of
terminology, cultural elements and idiomatic
expressions (2024).

In the legal field, texts often have a complex
structure and specialised terminology that require
precision and accuracy in translation, given that
errors carry a high risk and bear severe
consequences. Additionally, legal terms have
various meanings across different types of
documents, requiring human proficiency to
produce accurate translations (Moneus and Sahari,
2024). Al has been found to lack the ability to
understand legal specialised terminology, as well as
the capacity to capture the contextual aspects of a
legal text (Al-Romany and Kadhim, 2024).
Machine systems in general base their translations
on the most probable meaning, which may not be
the accurate meaning, especially when dealing with
specialized terminology and contexts, such as legal
texts (Moorkens, 2018).

Errors are even more critical in the medical field
and could lead to catastrophic results. This is



because ‘MT technology can in its current state
exacerbate social inequalities and put certain
communities of users at greater risk’ (Vieira et al.,
2021). A study that investigated the translation of
medical reports found that, without human
assistance, translation systems were not able to
construe many abbreviations created by doctors
(Ulicna 2023). Another study looked into
translations from English into seven other
languages including Basque, French, German,
Portuguese, Russian and Spanish, using different
machine systems. The results showed that such
tools are ‘still not good enough in such a domain
where 100% of accuracy is required’ (Costa-Jussa
et al., 2012). But the study also suggested that
machine translation systems can be an excellent
complementary tool to human translators, as long
as post-editing and human revision are
implemented.

Aside from written texts, examinations of oral
translations have shown that Al is still limited in
not being able to process multimodal aspects such
as gestures and facial expressions that contribute to
the understanding of the overall meaning of the
source text—something that human translators can
achieve effortlessly (Qian & Qian, 2020).

Ultimately, Al and M T, while remarkable, often fall
short of human translation standards across most
domain-specific texts and contexts, especially in
situations where errors have critical consequences
(Brynjolfsson et al., 2018).

3 Methodologies

During the 2023 Gaza-Israel conflict, users on X
utilized Al tools to translate videos shared by other
users from both sides of the conflict. These tools
included EzDubs, an Al-powered tool designed to
dub videos effortlessly from and into various
languages, and TranslateMom, an Al-powered tool
designed to caption videos from and into various
languages. Both tools operate through bots
specifically designed to translate videos on
multiple platforms, including X. In addition, users
relied on the translation tool integrated into X and
powered by Google Translate!, to translate texts
posted on X during this conflict. Google Translate
is a well-known online service that can translate
text in over 100 languages, and is listed in G2.com
as the top machine translation system?.

1 https://help.x.com/en/using-x/translate-posts

In this study, the performance of the Al tools
EzDubs and TranslateMom is examined, as well as
the abilities of Google translate. These include the
ability to translate text via the integrated feature on
X, which allows users to instantly translate posts
and comments within the platform, and the ability
to translate text embedded in images by using the
"Camera Translation" feature, which enables users
to capture a photo of text and translate it instantly.

The dataset was selected after examining hundreds
of MT and Al translations shared by X users during
the conflict. Particular emphasis was placed on
translations that met the following criteria: (1) they
generated controversy or public outrage; (2) they
were widely circulated or featured in prominent
hashtags; or (3) they were actively contested
through user comments or critically addressed by
news outlets. With the assistance of two bilingual
Arabic-English translators and two bilingual
Hebrew-English translators with no less than five
years of experience, the accuracy of these
translations was examined, and only materials that
were conclusively identified as inaccurate and
containing errors were explored in this study. The
concept of accuracy in this context refers to the
degree of correctness and fidelity to the source text
(Molina and Albir 2002).

The study integrates descriptive, comparative and
experimental analyses, showcasing four different
limitations of Al and MT. The term ‘limitation’ is
used in this study to encompass not only the
failures of MT and Al, but also their inherent
constraints, including instances of human
intervention and text manipulation, as can be seen
in Section 4.3. The descriptive analysis includes
highlighting errors in the translations, analysing the
nature of these errors and explaining the
circumstances of their delivery. The comparative
analysis compares Al and MT performance in
translating some of these encounters against
reference translations provided by professional
Arabic and Hebrew translators, in order to
highlight errors and differences in accuracy. Lastly,
due to instances where translation technologies
were evidently used and resulted in errors, but the
specific tools employed were not identified, a
systematic experimental analysis was conducted to
investigate these issues rigorously using a well-

2 https://www.g2.com/categories/machine-translation?utf8=%E2%9C%93&order=g2_score
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documented tool, namely Google Translate, as can
be seen in Section 4.4.

4 Findings and Discussion

4.1 Translating cultural references

After reviewing the English translations of
hundreds of Arabic videos, as generated by EzDubs
and TranslateMom, it was observed that they often
struggle to accurately convey cultural references
(CRs). An example of this can be seen in the
translations of a video that was posted by Arabic
Post (2023), of a released Palestinian prisoner
chanting in Arabic.

EzDubs and TranslateMom were both used to
translate this video and, as can be seen in Table 1,
both tools failed to accurately translate the name
Mohammad Deif, who was a Palestinian militant
and the head of the Izz al-Din al-Qassam Brigades,
the military wing Hamas. They both truncated the
full name to ‘Muhammad’, a common name across
the Arab world, thereby diminishing the contextual
significance and individuality conveyed by the
complete form.

Table 1: Comparison of EzDubs and TranslateMom in
Translating CRs from Arabic to English #1

Reference EzDubs TranslateMom
Translation translation translation
We are | And we | And  we will
Mohammad returned to | return to
Deif’s men Muhammad Muhammad

Another example is observed in a video that was
posted by Mohammad Zubair (2023), of a released
Palestinian woman speaking in Arabic. EzDubs
and TranslateMom were both used to translate this
video and, as can be seen in Table 2, both tools
failed to accurately translate the CR ‘Netzarim
Corridor’, which is a zone set up by Israel in the
Gaza Strip. The CR was deleted all together by
EzDubs, whereas TranslateMom falsely rendered
itas ‘AL-Tarim’, at least recognizing it as a proper
name by adding 'Al', a common prefix for Arabic
proper names.

These observations align with previous research
showing that machine-generated translations often
miss the cultural aspects of a text (Ahrenberg
2017), resulting in a literal and awkward translation
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that often confuses and misleads the target
audience.

Table 2: Comparison of EzDubs and TranslateMom in
Translating CRs from Arabic to English #2

Reference EzDubs TranslateMom
Translation Translation Translation
Every day I go | And everyday | And everyday |
to Netzarim | went to this go to AL-Tarim

Corridor bed
4.2  Avoiding critical errors

One of the biggest limitations of Al and MT is the
risk of relying on them during high-stakes contexts
when there is so much on the line. An example of
this is a pattern that was detected in the translation
of some Arabic posts that were posted on X during
the conflict. The integrated tool powered by
Google Translate was observed minimising the
intensity of some ongoing events, as can be seen in
Figure 1.

..A& manal @
== @ManalBarbar

M "Lde ooy goc”

aabll le S JMa>31 Slgd (§lb] ddhsd Liguo Jummas
2o wislall Lle Grams ColS pus (Lole 15) dola> oL
Sagiiwld Basal Adls Gubudall yax>31 JMlgll @éls
Sl S all Y510 8ol (plocl 6) vim Cudis oW

H dbas (reiz oogizg JMimdl OLLL g buss

“Uncle, they beat us up”...!1!!

An audio recording of the moment the occupation
forces shot the child Layan Hamadeh (15 years old)
while she was talking on the phone with the
Palestinian Red Crescent crew, asking for help; Layan
was martyred, and Hind (6 years old) remained
trapped inside the vehicle surrounded by occupation
tanks and soldiers, south of the city 5= #

Figure 1: An Arabic post and its translation, as
produced by Google Translate on X (Barbar, M.,
2024)

In this post from the account, ManalBarbar (2024),
a reference is made to a recording of a 15-year-old
Palestinian girl saying ‘lule | salas sec’. The standard
translation for this should be ‘Uncle, they are
shooting at us’. However, Google Translate
translated this as ‘Uncle, they beat us up’, which is
not accurate to the source text, since it does not
describe the same severity of what was happening.

Similar issues were detected when examining
Hebrew posts. An example of this is a post by the
prime minister of Israel, Benjamin Netanyahu,
where Google Translate made an error in
translating 7y quw’ Otef Aza, a region boarding



Gaza from the south. This region is normally
translated as ‘Gaza Envelope’, but was translated
as ‘Gaza Strip’, as can be seen in Figure 2, which
basically indicated the prime minister was calling
for the colonising of Gaza in the middle of an
ongoing conflict. The error gained widespread
attention and triggered a wave of outrage that
persisted for some time, even after Google
Translate corrected it. This serves as a clear
reminder of the risks associated with relying on
translation technologies at the heights of conflicts.

% Benjamin Netanyahu - 1am a2 & & Benjamin Netanyahu - .2 jnia &

Inetanyahy anetanyahu
2y "IN AW DTY 9012 M'9N AX DX WA NN
10U VOIN 127 2N WY NYYIN UK 7Y Y
YIN YN 200 N VOIN 0NN T 7Y Ny 7T
T2 1772 [KD YN 7 UK 11 UK e
NP WM Y ,INNND W 1IN DT

TIV 9'001 DAY NK 2N, DY DK DPYI DNIK
1Y NN¥N AONN DAY

79 "VOIR” 2" ATV QUIVA NN [AX MK 1WA NN
ST MOWY7 YOIN WY 20N WY NYYIN UKY Y InY
YNSRI IR IR 2000 ' TOIN OXDN ' 7Y NY Y
ITPIOTY TR KD NIAWINN Y UK N Y

0@ DMIK.INPA W1 MR % IMnnn Yy Dinnw
NO'NN DAY TIY G'ONI DAY'A NK 3N ,0UYHD NN
AW Nnyn

(0w ,)IvTa i :0iy) (av jm g i)

Googe nslat Hebrew by Google
Tonight, the comerstone is laid in the Gaza Strip for
the settlement "Ofir” named after the former head of
the Negev Gate Council, the late Ofir Liebstein, who
was murdered by Hamas, Ofir was a leader, a man of
the Land of Israel, aman of construction, a man of
settlement. Children will grow up here And girls who
will be educated about his contribution, his heroism
and his sacrifice. We will restore the settlements,
expand the settlements and add more settlements.
The wheat will grow again.

(Photo: Kobi Gideon, LAM.)

Tonight, the comerstone is laid in the Gaza Envelope for
the settiement "Ofir" named after the former head of the
Negev Gate Council, the late Ofir Liebstein, who was
murdered by Hamas. Ofir was a leader, a man of the Land
of Israel, aman of construction, a man of settiement.
Children will grow up here And children will be educated
about his contribution, his bravery and his sacrifice. We
will restore the settlements, we will add more settlements
and the wheat will grow again.

(Photo: Kobi Gideon, LAM.)

Figure 2: The controversial post from the prime
minister of Israel and its translation before and after
(Netanyahu, B., 2023)

The amendment of the mistake also illustrates that
translation tools are subject to human intervention,
a topic that is explored further in the next section.

4.3  Preventing bias and intervention

Many assume that translation tools are more
objective and free of bias.> However, these tools
are still influenced by human decisions and are
susceptible to human intervention. An example of
this comes from a post on X by the Israeli Minister
of National Security, Itamar Ben-Gvir (2023), as
seen in Figure 3.

In his post, Itamar referred to an Israeli man who
had just died as ‘Kushi’. The original translation of
this word was ‘nigger’, as produced by Google
Translate that is integrated into X. This is because
the word ‘Cushi’ or ‘Kushi’ (*¢3) is a Hebrew
colloquial used to refer to a dark-skinned person of

3 https://www.aimyths.org/ai-can-be-objective-or-unbiased

4 https://en.wikipedia.org/wiki/Cushi

African descent.* It was not until a few hours later
that the translation was changed from ‘nigger’ to
‘Kushi’. Some users were quick to defend the
translation by claiming it was the man’s actual
name, and that it was just an unfortunate
mistranslation. However, further research revealed
that the man’s name was in fact Shimon Rimon,
and that he was given the nickname ‘Kushi’ for
being a dark-skinned Mizrahi from Yemen.

2 yupnwx @
x

m 0 FYupmnx @

X7 0270 INIX I X7 120 17'X7 IIY'0IN 01N 2NN KXY 22T IMIK P K9 120 DIRY YOI DN

119'0 NN YINYY,[IN" "W 79 71191 AYYA DK NI
.DINI¥2 DNITI NN W1 M9 A7EANI RINNOAN
02 0792 1200 ¥ N WD TIKD YNIX MIAK
AMYoT Y

yme' ,|in*
DNIN W1 09N A7 NINNONA
29 NI "I TIND YNIK AKX .DINI¥2 ONITD
M7 5K 4 DI7Y2 Y0UN

From today, trips to Eilat will no longer be the same.
There will no longer be the stop at the inn of Koshi
Rimon, to hear the stories of the infiltration and rescue
from Petra and the heroics as a paratrooper fighter. |
loved you very much kushi. Rest in peace hero of
Israel. Rest in peace.

AT e e

Figure 3: The post from Itamar Ben-Gvir and its
translation before and after (Ben-Gvir, 1., 2023)

Interestingly, when the actual Google Translate
website was used to translate ‘Kushi’ ("w13), it
produced the translation ‘black person’, ‘negro’,
and ‘nigger’. Furthermore, when looking up some
other posts on X that used the same word, they were
translated by Google Translate as ‘negro’, as can be
seen in Figure 4.

B AsslanKhalil & @KhalilAsslan- 05/12/2023 y :
! 1) Asslan Khalil & Follow
@ nowrym, 101 [l @ KhallAsslan o
maminy? Y nawa 101 pmie o jine "e®
84

TINGY N2 ATNMA FTION K T 07 (WY
DITKA Y707 1920 DIWKIA 0'9"NAN A X1,09Y
02 13 N0k min "en' 09N 1wl Maw Mus
xn o 101-nnyer au

0 2} O hm Q&

1,101 o [l

842 muv7 7 nwa 101 pmio onmn "wn®
J09¢ NNYY TUM AN FTI9N DK 7091 040 |1VnY
1092 0ITRN Y707 VAW DIWKIN 09NN A N1
YN0 13 N YRR D" .0rna e maY
D70 0017 101-2 o

Google

Il 1nn 101, on the way to Eilat

"Negro" Rimon, founder of Inn 101 in Arava, passed away
atthe age of 84.

Shimon founded and ran the mythical inn for decades,
and was even one of the first soldiers to reach the Red
Rock in Petra in Jordan and retum alive. "Negro" left
behind 13 children, a wife, and Pina Hai about 101
kilometers from Eilat,

Figure 4: An example of a post on X that used the
word sw' but was translated differently (Khalil, A.,

2023)
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This is a clear indication that such a change was
limited to Ben-Gvir’s post on X and was done by
deliberate human intervention.

Another form of human intervention was observed
in the censorship of some Al tools that
demonstrated their significance during the conflict.
An example of this can be seen in the suspension
of the Al tool EzDubs from X for several months
back in the early 2024 and during the heights of the
Gaza-Israel conflict. The timing was suspicious
given that the tool had been available since 2022.
This occurred when the tool was utilized beyond its
primary function as a translation tool during the
conflict, serving as a means of verification to either
corroborate or challenge human translations
disseminated on platform X. In this capacity, it
proved to be an effective instrument for countering
propaganda, especially when precise, reliable, and
prompt information is crucial during crisis
(Fischer, 1998; Seeger, 2006; Altay and Labonte,
2014). Immediately after Hebrew was removed
from the list of languages supported by EzDubs, the
tool was reinstalled into the platform. Efforts were
made to reach out to EzDubs concerning this issue,
but no response was received.

4.4  Translating cursive handwriting

One of the most significant translation features
introduced by Al is the ability to translate text from
images. A photo or a screenshot with text is
uploaded, then is translated into a seamless text like
the original. However, this feature showed
limitations during the conflict when used to
translate images with cursive handwriting.

An example of this comes from the spokesman for
the Israeli Defense Forces (IDF), Daniel Hagari,
who claimed in a video that the IDF had found
Hamas weapons in the Rantisi Children’s Hospital
in Gaza, as well as an Arabic ‘guardian list where
every terrorist writes his name, and every terrorist
has his own shift guarding the people’ (2023),
referring to the Israeli hostages. However, Arabic
speakers on social media and some news outlets
were quick to point out that the only thing on that
‘list” was the days of the week, as can be seen in
Figure 5. The IDF later acknowledged their
mistake, attributing it to a translation error in
Hagari’s statement.”

Figure 5: IDF spokesman points to an Arabic calendar

in the Rantisi Children’s Hospital in Gaza (Israel
Defense Forces, 2023)

Since the IDF did not disclose the tool responsible
for the error, an experimental analysis was
conducted using the Al-powered feature in Google
Translate, which enables text translation from
images. As a result, out of the 55 Arabic words
displayed on the calendar, 38 words were translated
into their accurate English equivalents, indicating a
high level of accuracy. However, 17 words were
mistranslated into unrelated terms, as can be seen
in Table 3.

Table 3: The Arabic words on the calendar and their

English translation as generated by Google Translate

Source Reference Google Arabic Back
Text Translation Translate Translation
¥ | Wednesday Dimensions e
ZEVEN] Friday Fever 4an
el Thursday Al-Hamid alall
daanll Friday Association iy yfdalaie
ouedll Thursday praiseworthy UL ypaall
¢, | Wednesday ljaa -
oY) Monday The Ethneed -
<530 Tuesday The three A
oYl Monday Al-Asheed -
Y Sunday AL-Ahmad Y
FEEN ] Friday Hummus e
o) Saturday The reason )
omedl) Thursday praiseworthy WL ypaall
oY) Monday Ethanir -
suedll Thursday praiseworthy £l paall
el Thursday Praise )
<Y | Wednesday Dimensions el

5 https://www.yahoo.com/news/cnn-quietly-cut-disputed-israeli-005939159.html
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When examining the Arabic source text and the
Arabic back translation closely, orthographic
similarities can be established. For instance, a
similarity can be observed between the source
word ‘“daea’ /! (E,(u.mﬁ‘a/ and its back translation ‘4es’
/"him.ma/, with the letters 'z' (/dA3/) and ' (/h/)
sharing a similar structural form, differing only by
the presence of a diacritical dot in the former.
Another similarity can be seen between the source
word ‘<’ /aes sabt/ and its back translation ‘cudl®
/@s.se.bab/. More significantly, out of the 17
mistranslated words, three words had the Arabic
definite article ‘Al’ added to them; ‘Al-Hamid’,
‘Al-Sheed’, and ‘Al-Ahmad’. This is significant
because, as mentioned in section 4.1, ‘Al’ usually
prefixes Arabic proper names, and when it prefixes
a human name, it usually signifies belonging to an
Arab tribe. This may have contributed to the IDF's
misinterpretation of the text as a list of names rather
than a calendar.

Unlike printed text, handwritten text, particularly
in cursive, introduces significant variability in
character shape, spacing, and connectivity, making
it more difficult for Al to recognize characters
reliably. This challenge is further compounded by
the fact that certain Al models must encounter each
individual token in isolation within the training
images in order to effectively learn how to render it
accurately (Ramesh et al., 2022). In the context of
Al and machine learning, a token refers to a
discrete unit of input, which may consist of a word,
a part of a word, or an individual character.

Another example of AI’s limitation in translating
cursive handwriting can be observed in the
translation of a letter written by an Israeli hostage
named Danielle Aloni, who wrote a thank you letter
to Al-Qassam Brigades on behalf of herself and her
daughter Emilia (Doam, 2023). The letter was
widely circulated and has since been translated into
multiple languages, including English, as can be
seen in Figure 6.

However, users on X have expressed their
frustration due to their inability to verify the
accuracy of the human-translated letter, suggesting
that existing translation tools have failed to
generate an adequate rendition of the text.

As the specific tools used were not identified, an
experimental analysis was undertaken utilizing the
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23/11/2303
To the generals who accompanied me in the past few
weeks, it seems we will part ways tomorrow.

However, | sincerely thank you from the depths of my
heart for your extraordinary humanity shown towards
my daughter Emilia. You've treated her like parents,
inviting her to your rooms, making her feel that you're
not just friends but true, caring loved ones.

Thank you, thank you, thank you for the countless
hours you spent as caregivers. Thanks for being patient
with her, indulging her in sweets and fruits, and
providing everything even when It wasn't readily
available. Kids shouldn't be in prison, but thanks to you
and the other kind people we met along the way.

My daughter considered herself a queen in Gaza and, in
general, acknowledges feeling like the center of the
world. Throughout our long journey, we encountered
individuals from various ranks and leadership, and each
treated her with gentleness, warmth, and love.

1 will forever be a captive of gratitude because she
didn't leave here with a lasting psychological shock. I'l
remember your kind actions despite the difficult
situation you were dealing with personally and the
tough losses you faced here in Gaza. If only in this
world, we could truly appreciate being kind friends. |
wish you all good health and well-being.

1 wish health and love to you and your families. Thank
you very much

Daniel and Emilia

Figure 6: A letter written to Al-Qassam Brigades by
the Israeli Hostage Danielle Aloni (Doam, 2023)

Al-powered feature of Google Translate. As can be
seen in Figure 7, the failure to translate the source
text was overwhelmingly higher than the previous
example, which was also written in cursive
handwriting. This leads us to believe the accuracy
is affected by another factor here, which could be
the language pair involved, an issue that Google
Translate is known for (Taira et al. 2021). This is
noteworthy because both Arabic and Hebrew are
Semitic languages that share many similarities, yet
the accuracy of the translation of their cursive
handwriting varied significantly.

Figure 7: The controversial letter, as translated by
Google Translate into English



Further evidence of this can be seen when the only
Arabic phrase in the letter was the only part Google
Translate was able to accurately translate, aside
from the out-of-context phrase ‘based on’. As can
be seen in Figure 8, the Arabic phrase ‘&S | S&
meaning ‘thank you very much’ was translated into
‘thank you’.

anl1of N

AN Ky N

MY

Figure 8: The Arabic phrase in the letter was the only
accurate part translated into English by Google
Translate

5 Conclusion

Although Al and MT are improving significantly,
they still have limitations that make them
unreliable, and even too risky to trust at times. This
paper highlighted some of these limitations in the
political field, specifically during conflicts and
high-stakes contexts. Such limitations appeared in
translating cultural references and cursive
handwriting, as well as the inability to avoid errors
at critical times and a susceptibility to bias and
intervention. These limitations should serve as
evidence that human translators are indispensable,
especially in situations where translation tools are
unable to fully and accurately translate the content,
and that relying on translation tools is a risk that
should not be taken in conflicts and high-stakes
contexts. There is a reason such tools require post-
editing carried out by humans, especially when
errors in translation can cause unrepairable
damage.

It would be best, moving forward, to balance the
two; translation technologies with all their abilities
to translate large amount of text at speed, and
human translators with all their intelligence and
comprehension  abilities.  Additionally, the
limitations of such tools and best ways to use them
need to be clarified for their users. It is essential to
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raise public awareness regarding their propensity
for error and bias, especially in light of the evolving
state of Al

Continued research that builds upon the limitations
outlined in this study is essential for advancing MT
and Al These technologies must draw on such
findings to refine their performance and ensure
more accurate and appropriate outputs. More
research is also needed to understand the nature of
the risks imposed when such tools are used during
conflicts and high-stakes contexts. Lastly, further
research is warranted not only on the limitations
and failures of MT and Al, but also on issues
related to fact-checking and the potential for data
manipulation.
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