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Abstract

Vietnamese opinion target recognition is an important research component of Viet-
namese event opinion analysis. Due to the differences between the grammatical struc-
ture of Chinese and Vietnamese, it makes the association of multilingual events complex
and the representation of opinion target difficult. Existing research methods can only
realize the bilingual representation of Chinese and Vietnamese, and fail to effectively
capture and utilize the association relationship of elements in Chinese and Vietnamese
events. Therefore, this paper proposes a multilingual event opinion target recognition
method that integrates Chinese and Vietnamese association relations, using element
co-occurrence and overall semantic association between Chinese and Vietnamese events
to build a network of Chinese and Vietnamese multilingual event representation, us-
ing a multilingual pre-trained language model to obtain the feature vectors of element
nodes, and using graph convolutional network to aggregate node information to obtain
a common representation of Chinese and Vietnamese in the same semantic space. In
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order to achieve the recognition of Chinese and Vietnamese opinion target recognition.
The experimental results show that the model in this paper can construct multilingual
association information more effectively, and its F1 values are significantly improved
compared with several baseline models.

Keywords: Opinion target recognition , Multilingual event correlation , Graph
convolutional network
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RS 7% Acc P R F1
TF-IDF+LR  0.5358 0.4455 0.4321  0.4796
MT+LM 0.5900 0.42204 0.4241  0.4512
CNN 0.7286  0.5429  0.5333  0.5810
R Node2vec 0.7600  0.6514  0.6243  0.6084
MT+TextGCN  0.7700  0.6481  0.6067  0.6264
CLHG 0.6920  0.6537  0.6537  0.6537
Bert+GCN 0.9250 0.6743  0.6538  0.6639
AR 0.9625 0.7028 0.7098 0.7063
TF-IDF+LR  0.5080 0.4167 0.4255 0.4426
MT+LM 0.5150  0.4421  0.3608  0.4480
CNN 0.6900  0.5725 0.5250  0.5204
T AT Node2vec 0.6975  0.6695 0.6284  0.6457
MT+TextGCN  0.7100  0.6593  0.6546  0.6569
CLHG 0.7220  0.7278  0.7278  0.7278
Bert+GCN 0.9400  0.8446  0.8552  0.8499
YNy iR 0.9625 0.9607 0.8787 0.9179
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