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ANALYSIS ON IWSLT DEV SET

Ground-truth syntax yields huge improvements

Conditioning on the ground-truth chunk sequence during inference
dramatically improves BLEU from 23.8 to 41.5, yielding an upper
bound for our approach.

---------------------------------------------------------------------------------------------------------------------------------------------------------------------------------------------------------------------------------------------------------------------------------------

Constituent identity is crucial for quality

Only predicting constituent length (1 > 3) rather than type &
length (NP1 > VP3), causes a BLEU drop from 23.8 to 8.2.

How much does SynST rely on syntax®? SynST’s bottleneck Future work:
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F1 65.48 69.64 79.16 89.90 ' # Layers ~ minimal impact to
Exact Match 4.23% 5.24% 5.94% 43.10% - i speedup (drop from 3.8x
A one-layer parse decoder is ~3x 5 to 3.1x). Improving parse
Parsed prediction closely matches predicted parse, though faster than a 5-layer version, with . prediction is an avenue

there exists room for improvement for parse prediction. = only a~0.5 BLEU drop. ~ for future research.
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