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Evaluation Results and Analysis

= Expanded embeddings by SEED
= t-SNE visualization on embeddings

= Evaluation Results on materials-related tasks
= Applying SEED to the off-the-shelf pre-trained LMs
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A Evaluation on SciBERT

v' Baselines show poor performance on materials tasks

v" Only SEED (ours) improves the performance on almost all settings
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v' We verify that adopting SEED leads to the
improved performance on materials tasks

v" We plan to develop efficient knowledge
expansion methods for decoder models



