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The Study Of Recurrent Neural Networks For Language
Modeling
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k—. W—RMMBGREZKERZOLE
top 1 top 5 top 10
inclusion rate 32% 63% 78%
R, VRERBFEAREBHEZIENFHHRE
unigram bigram | trigram
small corpus | 0.40156 | 0.19432 | 0.28523
large corpus | 0.37294 | 0.15756 | 0.24137
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small corpus | bigram | trigram
without md | 0.19432 | 0.28523
withmd | 0.19733 | 0.29058
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large corpus | bigram | trigram
without md | 0.15756 | 0.24137
withmd | 0.16276 | 0.24542
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