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st EEEM =hE | EESEMA | 5E | 5R BT A
(object) Rustling 41 Drawer 23 (object) Banging 15
(object) Snapping | 42 Glass jingling 26 Bird singing 162

Cupboard 27 Object impact | 155 Car passing by 74

JEF Cutlery 56 | People walking | 24 | F#4) | Children shouting | 23

Dishes 94 | Washing dishes | 60 People speaking 41
Water tap running | 37 People walking 32
Wind blowing 22
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It - DAEERESIRACE > DNN AYSERREL F1 #E i » (2 LIERFACE > DNN %
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Z< = ~ Performance of Scene Recognition
GMM DNN
#. of layers 1 2
Scene ER F1 ER F1 |ER| Fl1
home | 0.97 |15.40%)| 0.93 [13.20%|0.82|31.90%
residential | 0.86 |31.50%] 0.95 [11.50%|0.90|21.70%
Average | 0.91 [23.40%| 0.94 {12.30%]0.86(26.80%

RS T HE _ER T NS ENAVERRGS R - fEFHReRAcE - GMM Ry 1.06 - {f]
DNN HIl % 0.86 > LLF1 5382 - GMM £ 8.90% - fif DNN HIl &y 27.70% > 4EH&TT = 1E
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=0~ FEERE RN RIS R EL F1 38
GMM DNN
#. of layers 1 2

Event ER| F1 |ER| F1 |ER| Fl
cupboard 1.00| 0.00%|0.94| 15.6%|0.93]22.00%
cutlery 1.02| 0.00%|1.00| 0.00%|0.56(62.80%
dishes 1.16| 2.50%|0.98| 3.70%|0.8741.90%
drawer 1.19| 0.00%|1.00| 8.80%|0.92|26.00%
glass_jingling |1.10[ 0.00%]0.95| 8.70%]0.70|54.00%
object_impact |1.06{19.30%]|1.00| 0.00%0.99| 1.50%
object rustling [1.09] 7.00%]1.00{ 0.00%]1.00| 0.00%
object_snapping |1.00| 0.00%]|1.00{ 0.00%]1.00 0.00%
people walking |1.10{14.80%]|1.00, 0.00%]1.00| 0.00%
washing_dishes |1.08]20.30%]0.96(25.90%0.92(29.70%
water _tap running|0.83|34.10%|0.79|39.60%)|0.54|66.70%
Average 1.06| 8.90%|0.97| 9.30%0.86(27.70%

HERT A TER=FINERENE RSB ERER - IR ERE - GMM f
1.03 > [fif DNN HI & 0.96 » DL F1 53856E » GMM & 17.60% - i DNN Hi 5 12.80% - it
#X DNN #Y F1 778tt GMM 7% - (HZ2RERLE FEEthsiing - Al RE -
DNN #2/2EE GMM #f -

K1~ PN E NS AR F1 38y
GMM DNN
#. of layers 1 2
Event ER| F1 |ER| F1 |ER| Fl
bird singing |0.87|30.10%|1.04| 3.60%|0.97|31.60%
car_passing by |0.71|54.50%|0.77|37.70%|0.95/24.20%
children_shouting|1.07| 0.00%1.00| 0.00%|1.00| 0.00%
object banging [1.00| 0.00%]1.00{ 0.00%|0.82|34.00%
people_speaking [0.89(25.00%]1.00{ 0.00%]1.00| 0.00%
people walking [1.15| 1.70%|1.00| 0.00%|1.00| 0.00%
wind blowing [1.53|11.80%]1.01| 2.20%]1.00| 0.00%
Average 1.03{17.60%|0.97| 6.20%|0.96(12.80%
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