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Feature Group |Feature in Group #of LLD
Raw signal |Zero-crossing-rate 1
Signal energy [Logarithm 1
Fundamental frequency FO in Hz via Cepstrum and
Pitch Autocorrelation (ACF). Exponentially smoothed FO 2
envelope.
\Voice Quality |Probability of voicing 1

Energy in bands 0-250 Hz, 0-650 Hz, 250-650 Hz, 1-4
kHz 25%, 50%, 75%, 90% roll-off point, centroid, flux,
Spectral and rel. pos. of spectrum max. and min. & 12 12
Mel-spectrum & Band 1-26 & 26 Cepstral & MFCC 0-12
& 13

Mel-spectrum [Band 1-26 26

Cepestral MFCC 0-12 13

A~ 39 [EZRR

Functionals, etc. # of fun.

Respective rel. position of max./min. value

Range (max.-min.)

Max. and min. value - arithmetic mean

Arithmetic mean, Quadratic mean

Number of non-zero values

Geometric, and quadratic mean of non-zero values

Mean of absolute values, Mean of non-zero abs. values

Quartiles and inter-quartile ranges

95% and 98% percentile

Std. deviation, variance, kurtosis, skewness

Centroid

PR INIOOININDNIERPINIDNFLDN

Zero-crossing rate

# of peaks, mean dist. btwn. peaks, arth. mean of peaks, arth. Mean
of peaks - overall arth. Mean

Linear regression coefficients and corresp. approximation error

a|lbd| b

Quadratic regression coefficients and corresp. approximation error

27




BREISEETEL Ey delta regression » {4817/ A Hidden Markov Model Tool Kit EZFH1E
HE@) > HP W2

iy (Reqi—Xe—i)'i 3)

Ax, = :
t 23V 2

43 EEg

TRIER FLBLR 7Y 6552 HE R RURFRISRIEHC S [ B AR (E BB, - BeB & K8 — 1
A = AR E R > HEERE S0 10 {IsEE kT LOSO HhR{k /7 515 FIEE 68.5% 53
50.7%/1%& 5K 5 58.5% MR - REZERILHIFIHEGE - G FENI% 58 = = HIEF
Pramas R -

R ERITAE LA AN T TSR £ /D 60%RY A - (B AL H
TEF LB E A PR A K 60% o BLEBRLE R H = IR00L - CREEE T AR -
WA E =R S E R R - =S R EGR R R E © S L
Folg 0 R A F B AR BN A S AT - NI ES S RIS R E L e HEs: - =&
aA o YR PR (E 50% @ SofEskE e th B O AR L (B G B S E R AR g A
DUEYARI - BB v RS LRV HEREE RA A D E o 0 BRI (LSRR O Y
R BER - BB 17 2%AV R > HENASEEEERET A LRER
PR RIS R T RS AN - E5 BB SR 52 - i A TR AP a] Ak
b A R AR AR 4E o (ERkakes EAlEOABUL L HIET - BT DUSEOR SR A B AR
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KL~ EREEERE G

e |k | W | o | # | B0 | P | B | e
R 44 1 2 0 8 0 3 75.9
S| 0 59 0 0 0 4 3 89.4
M0 6 21 0 7 4 4 45.7
=iH 2 0 45 6 2 2 78.9
B L 7 0 4 6 40 1 9 59.7
IR 1 10 7 2 3 31 3 54.4
g 5 4 4 3 10 1 60 69.0
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