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Abstract

Recognizing Textual Entailment (RTE) is a new research issue in natural language
processing (NLP) research area. RTE can be a useful component in many NLP
applications. In this paper, we introduce our finding on the entailment analysis of
the NTCIR-10 RITE-2 dataset, and use the observation to improve our system. In
the previous works, all the input pairs are treated equally in a standard
classification architecture. We find that is not suitable for some special cases. We
believe that by isolating the special cases and building separated classifiers, a RTE
system can perform better. After implementing modules for four special cases into
our system, the result is significantly improved from 67.86% to 72.92% on the
binary class classification task.
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FEHARE = AL A BT 7 o A5 B PIAR DL S AL s B 0 £ H 52 (Shibata. et
al., 2013)% A(EAIEIRYEZEE « b Mirsa Bk A2 AR & - (Makino et al.,
2013)%F A\ T an 4 ERE AR RIRE - RSO A 2 S A BRI BT FT i (58 FH
WordNet £2H[E] a8 T 55 (F R b & e - P25 HASE = A 1Ay J7 7R 2K 5
F%E T 2 4R EE - /£ NTCIR10 RITE-2 HSCHEE R P24k T RASES TS » 4
Fggad ~ EIHEA) ~ EFEHFERMITIRE ANBEAREES - IR A R B AR AT
FLITIA -

T Bl SR ] DS B A AT L1 A9 s IR SR P R R {8 ) R B U7 A5 A B TR T %+
FOBCR - ZRMIAMTATLL cased HyZE SRR SUERVIRE A WHM T 24 - (FUIEEE AT R
{6 ZR SRR - ST 5 — 5 7 St B PR T DR [ A S S Y o e i 28 T e B A g S A
IETERRERRH] BN R T A SR RA — TR RIEA DR ([ 51 Z [ 22 e A
TEREENES B TRIUBEH A E RN SR -

6. &EmEIRIR LIE

AT T BAF 24588 NTCIR10 RITE-2 IEREEHIAYES AT IEOE - fEREINE
B R m] DUB B AMEL 2 Al S U NE > ORGSO R4 H BRI AR
67.86%$E T E] 72.92%  SUERGHE T LA HpIRIE IR AHYT 40.37%$2 7151 45.92% -
FEBHG TSR AVEE RS — i Y R B ERARGR B T A8 - 28T RS S
HERh Y HEEAELMER AR -

TR A ERGE R BT B A AR AR S - RS
P AT T R AT 2 T A A I RS A R E Y ) TR > RIS HA S =
DUBRERRY T3 A SR R RS P R oy S B A A AR (£ (8 AR IR L B B SR G I AP 2
EE PR SR 2 e R R 1 i P P A2 R TE B 5 {1801 R R O P M1 1) 2 S A T R B
DURRTH 2 B0 BB RE » 2RI AT H ARt YRR AL 0 IR 58 55 - R E AR S B AGAT
T RELAS B B SR BT B 2 R RS T 2 ARk D TR R 2 B R IR SRR A5 ol B SRR
H o pH R R R R R B AR R R RHE I R -

E2E |
WFEARECBES MBI B N B R LSRRG 102 18 Bifir e IR PRV S fe oyt 3%

APE@L I KRR EHBEREEE 5 &E > T E LS NSC
100-2221-E-324-25-MY2 > 3 -0t -
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