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T~ BAEELBERHE R R MR HER (%)

ST
i - HERLE Pi(E
7% 20dB  15dB  10dB  5dB 0dB  -5dB

MFCC 9.71 9244 80.56 5861 30.04 931 339 | 54.19
CMS 9972 98.13 9427 8045 50.64 2381 13.04 | 69.46
CMVN 99.69 9797 9498 8725 67.52 3487 1373 76.52
MVA 99.66 9796 9598 90.27 7646 50.710 22.86 | 82.27
PHEQ 99.65 9852 96.56 91.19 7578 4539 18.14 | 81.49
ST-PHEQ 99.58  98.59 96.99 9226 7895 5036 20.04 | 83.43
PSHE 99.47 9755 9429 86.54 68.54 37.58 16.09 | 76.90
CMVN+PSHE | 99.56 98.38 96.59 9226 80.63 56.24 20693 | 84.82
PHEQ+PSHE | 99.45 9839 96.61 9271 82.05 58.75 28.34 | 85.70

T~ PSHE & Z= [l e IS & SR A B (R HER (%)

ST
g g ANIREL T
% 20dB 15dB 10dB 5dB 0dB  -5dB

S-PSHE 99.39 9729 93.69 85.73 68.77 40.17 1775 71.19
T-PSHE 99.41 9731 93778 8590 68.89 40.18 17.68 | 77.21
TS-PSHE 99.45 97.10 9344 8550 68.65 3996 17.13 | 76.93
ST-PSHE 99.28 9728 9421 86.70 69.48 40.06 17.71 | 77.55

FEFEEHY HEQ 2 SHE o » IS MERR B0 552 27 B 5 (monotonic) Yy &
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RES— DR R AEZK - N IL AR/ ORPS Bt SR EN (Y 275 3 il > (i
FZE g ARE i B IE R BB RE S R ECET T4RET > IR UG AR IER LAY EE SRy
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