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1 Fort=1..T whereT is the total number of iterations
2 For each training sample (x,W* )i =1...L
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AllRER(%) FEEER(%) HIEASR(%)

MDLM-D 6.09 13.37 14.10
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MDLM-F 5.18 13.25 13.91

MDLM-CF . 13.98
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MDLM-CF 5.86 13.30 13.87
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