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Category Matched URL '
Autos http://dir.yahoo.com/recreation/automotive/
Movies http://dir.yahoo.com/entertainment/movies and film/
Outdoors http://dir.yahoo.com/recreation/outdoors/
Photos http://dir.yahoo.com/arts/visual arts/photography/
Software http://dir.yahoo.com/computers and internet/software/
F= ~ Google [ I} IEIFLATRL £
Category Matched URL '
Autos http://dir.google.com/top/recreation/autos/
Movies http://dir.google.com/top/arts/movies/
Outdoors http://dir.google.com/top/recreation/outdoors/
Photos http://dir.google.com/top/arts/photography/
Software http://dir.google.com/top/computers/software/
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Y-G Y Class Y Test G-Y G Class G Test
Autos 1681 24 436 1096 12 426
Movies 7255 27 1344 5188 26 1422
Outdoors 1579 19 210 2396 16 208
Photo 1304 23 218 615 9 235
Software 1876 15 710 5829 27 641
Total 13965 108 2918 15124 90 2932
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» PR F/ﬁ fiY Macro-Precision

Ad
ECI-SVM ECI-ME KSE-ME
macroP 0.00 0.01 0.05 0.00 0.01 0.05 0.00 0.01 0.05
0.00 1.08% 1.09% 1.24% 1.11%  1.12% 1.21% 1.32% 1.32% 1.42%
0.10 1.18% 3.12% 1.28% 2.77% 2.36% 9.05%
0.20 1.34% 8.37% 1.74% 14.80% 4.93% 26.55%
0.30 1.82% 13.18% 3.04% 30.04% 10.09%  36.34%
0.40 3.50% 15.32% 5.98% 35.96% 17.62%  42.42%
A 0.50 6.87% 16.25% 12.98%  38.62% 22.82%  47.55%
0.60 9.45% 16.81% 2091%  40.42% 30.08%  49.37%
0.70 12.68% 17.20% 23.85%  41.34% 33.96% 50.12%
0.80 14.69% 17.52% 24.95% 41.81% 35.31% 51.01%
0.90 16.86% 17.90% 24.38%  42.17% 35.52% 51.96%
1.00 17.64% 17.93% 24.93%  42.40% 36.05%  52.72%
2 [T F IV Micro-Precision
A4
ECI-SVM ECI-ME KSE-ME
microP 0.00 0.01 0.05 0.00 0.01 0.05 0.00 0.01 0.05
0.00 1.08% 1.09% 1.23% 1.11% 1.12% 1.18% 1.29% 1.30% 1.40%
0.10 1.18% 2.43% 1.28% 2.26% 1.75% 4.80%
0.20 1.34% 6.34% 1.71% 9.82% 2.84% 18.52%
0.30 1.80% 9.86% 2.84% 23.47% 4.81% 29.10%
0.40 3.29% 11.33% 5.58% 30.47% 6.94% 35.71%
g 0.50 6.21% 12.24% 10.93%  34.10% 11.32% 39.81%
0.60 8.90% 12.87% 18.58%  37.24% 19.35% 40.81%
0.70 11.71%  13.46% 20.91%  38.79% 25.17%  41.34%
0.80 13.27% 13.95% 21.36% 39.32% 26.97% 41.97%
0.90 14.76%  14.26% 20.29%  39.67% 27.37%  42.41%
1.00 1527% 14.33% 20.33%  39.92% 28.13% 43.61%

» PRV TR S e £ Y Macro-Recall

Ad
ECI-SVM ECI-ME KSE-ME
macroR 0.00 0.01 0.05 0.00 0.01 0.05 0.00 0.01 0.05

0.00 94.66% 94.66% 88.48% 95.80% 96.05% 94.42% 97.43% 97.69% 97.69%

0.05 95.83% 94.31% 95.96%  92.09% 96.99%  94.80%

0.10 95.67%  92.44% 92.98% 85.16% 93.80% 89.98%

0.20 92.41% 86.91% 87.57% 79.65% 89.21% 83.12%

0.30 89.58%  83.66% 84.40% 76.92% 85.06% 81.02%

2 0.40 86.54% 81.54% 81.89% 76.40% 81.68% 78.32%
s 0.50 84.11% 80.12% 79.85%  75.54% 78.66%  76.99%
0.60 80.72%  79.28% 78.20%  74.87% 76.79%  76.46%

0.70 79.37% 78.53% 76.70%  74.35% 75.42% 76.12%

0.80 77.69%  77.89% 76.22%  73.49% 74.08% 76.07%

0.90 77.18%  77.82% 74.67%  72.94% 73.49% 76.00%

1.00 76.56%  77.79% 73.22% 72.83% 73.31% 75.93%




Fu s B IERIES Y Micro-Recall

A
ECI-SVM ECI-ME KSE-ME
microR 0.00 0.01 0.05 0.00 0.01 0.05 0.00 0.01 0.05
0.00 94.76% 94.79% 8791% 96.20% 96.44% 94.59% 97.26% 97.40% 97.60%
0.05 96.23% 95.14% 96.85% 94.35% 97.33% 96.27%
0.10 96.37% 93.63% 95.51% 90.00% 95.68% 92.36%
0.20 94.69% 89.69% 91.88% 85.41% 91.92% 86.06%
0.30 92.74% 87.39% 88.69% 82.46% 87.87% 83.59%
i 0.40 90.10% 85.58% 86.47% 82.01% 84.65% 81.02%
s 0.50 88.08% 84.52% 84.96% 80.92% 81.67% 79.86%
0.60 85.17% 83.66% 83.86% 80.40% 79.72%  79.48%
0.70 83.56% 82.91% 82.87% 79.82% 78.07%  79.10%
0.80 81.71% 82.19% 82.53% 79.24% 77.05%  79.07%
0.90 81.06% 82.05% 81.64% 78.66% 76.50%  78.93%
1.00 80.54% 82.01% 79.38%  78.59% 76.26%  78.76%
FA -~ e kE"%E?«ﬂérf,EJMacro-FI
ECI-SVM ECI ME KSE-ME
macroF 0.00 0.01 0.05 0.00 0.01 0.05 0.00 0.01 0.05
0.00 2.13% 2.15% 2.44%  2.19% 2.21% 2.38%  2.60% 2.61% 2.81%
0.10 2.32% 5.92% 2.52% 5.27% 4.60% 16.44%
0.20 2.62% 14.59% 3.39% 23.59% 9.34% 40.24%
0.30 3.54% 21.99% 5.80% 41.84% 18.04%  50.17%
0.40 6.65% 24.85% 11.01% 47.65% 28.99%  55.03%
A 0.50 12.42%  25.99% 21.91%  50.03% 35.37%  58.79%
0.60 16.57%  26.66% 32.55% 51.53% 43.23%  60.00%
0.70 21.62%  27.14% 35.89%  52.26% 46.83%  60.44%
0.80 24.34%  27.52% 37.01%  52.48% 47.82%  61.07%
0.90 26.99%  28.00% 36.04%  52.67% 47.89%  61.72%
1.00 27.81%  28.05% 36.36%  52.83% 48.34%  62.23%
FeA =~ RN ISR F Z B9 Micro-F
ECI-SVM ECI ME KSE-ME
microF 0.00 0.01 0.05 0.00 0.01 0.05 0.00 0.01 0.05
0.00 2.14% 2.16% 243% 2.19%  2.22% 2.33% 2.54%  2.56% 2.77%
0.10 2.33% 4.74% 2.53% 4.40% 3.44% 9.13%
0.20 2.63% 11.85% 3.35% 17.61% 5.51% 30.48%
0.30 3.54% 17.72% 5.50% 36.54% 9.13% 43.17%
0.40 6.35% 20.01% 10.48%  44.43% 12.83%  49.57%
Ag 0.50 11.60% 21.38% 19.37%  47.98% 19.88%  53.13%
0.60 16.11% 22.31% 30.42%  50.90% 31.14%  53.93%
0.70 20.54%  23.16% 33.40% 52.21% 38.07%  54.30%
0.80 22.84%  23.86% 33.93%  52.56% 39.95% 54.83%
0.90 24.97%  24.30% 32.50% 52.74% 40.31%  55.17%
1.00 25.67%  24.40% 32.37%  52.94% 41.10%  56.13%
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