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Class I (Hadam ard) WM (Frequency) Proposed approach
Eecall|Precision | Fi ||Eecall|Preciston| Fo [|Eecal(Precision| F

Earn 0800 0763 (07810805 0.282 |0418[0.837| 0.851 | 0.844
Ay 0998 0483 053400363 | 0332 [034710.850| 0.844 | 0.847
Money-fx 0641 0470 |0.542)| 0420 0546 |0475(|0.826| 0.841 | 8.833
Grain 0294 043% |0415)0.355| 0408 |[0379[0.837| 0.862 | 0.340
Crude 0505 0573 (0537|0410 0566 |0476[0.853| 0.867 | 0.360
Trade 0600 0547 05730513 | 0361 |0536[ @ 842| 0.847 | 0.845
Interest 0416 0616 |0496)\04050| 0583 |[0478)0.836| 0.899 | 0.360
Ship (0328 0492 (0393|0400 0376 [0385)10.827| £.865 | 8.846
[Wheat 0446| 0588 05070430 0400 [0414[2839| 0.886 | 0.862
Corn 0451 0236 031010434 | 0247 (031500830 0.892 | 6.360
Ayerage (fop 100 | 0517 0520 |0.508|[0.453| 0430 |0422(6.837| 0.866 | 0.851
| Average (all) 0.867| 0.8%2 | 0.879
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Class kNN (k=30 Decision Tree Proposed approach

Eecall [Precision| Fi ||Eecall|Precision| F ||Eecall|Precision| F
E arn 0850 0920 (0235|0953 0.9206 | Q9780837 0851 |0.344
40q 008 0910 0953|0961 8953 | 0.957|0.850 0.844 | 0847
Ioney-fz 0.920| 06350 076210771 07758 |0764 10826 0.84F |8.833
I3t it 2960 0700 (0BI0N0.953 ] 8946 |D9L|0831] 0862 |0.846
i_rude 0820 0750 |[0783||68926| 0850 |86 0853 £.867 | 0360
Trade 0.890 | 0660 (075810812 07704 |0754 00842 9847 | 0.845
[nterest 0800 0710 (0752|0649 8933 (0766|0836 0.8% |0.806
=hip 9.85¢ | 0770 [0B0B| 0769 0861 |0BIZN0.827| 0.865 |0.846
[Wheat 0650 0730 (070588972 0831 |0894)|0.839| 0886 |0.362
i~ orn 0350 0760 [0479016.982] 0821 | 8%f||0.830| 2862 |0.R40
Average (top 10) | 0.823 | 0726 (0788|0879 60.879 |0.879(0.837| 0.866 |0.85]
| Average (all) 0792 0818 08050878 0873 |0.BE78[0.867| £.892 |0.879
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