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W o dek BT e X R G c% RPREY 2 37 Yo BIE T LM B
FRX=Y 5 e FHRE D P i & & (confidence) i co #t *hE G 8% 2 IR
ez X8 Y pIavie v fLB B P X =Y 12 4L 3 R (support) s 73 &3 TR D
Voo oE o B AR - AR RIM I P iRl > a L3RR AT
dORAHEE B R AP TR TR RE AR PP A PR &
Z MBI RE R FRIDL P AP

YUTE R SRR BB R Pl e B o AR > A TR P e Apriori F B 2
SRAAATEE A R F AP G E bR 2 BRAPEG =23 A% a-s
b~c 4% » Apriori # 5 % )*J%—EL’&_:}S%‘&“E DM B U mf«fﬁ;j}u{i%@gﬁ
e - w2 B¥EE@Db) (ac) (b)) T %?#ﬁi@éﬁﬁﬁ - B &
FRENRANE- 2 ¢ 0 BREG (@b (bo) BB EEEEE  PlH#(ac)
1““]“,% s L pE AP EE 2 (a,b) v (bo)eBE B B o 0t M EE R ek B(step) = 0 R
WAPRFHFEHCEREAER A PTNIERF- F2F A RFar
B b o ML HEH R o a AP L RFIET 2B H(ab)  bot s S
s(abc) TIFIR2 EY (abc)f P ERFNRIT- 2 0P dok L E.I'H"'J%
2o F T RS E S MR Z W S PR L P ek s L =
HE DO IR 2R s AR s T R sAs s > RA BRI Y Tk
ARG o PR AL MG > Apriorl T B2 E R b € —u & PER ehd 0T

EY AE& R K/},T} £ 2 je 7% fif(hash tree) sl B &4 { § BB P
B o

Apriori ;& ¥ /&

1) L,={words | counts is large than support threshold };

2) for( k=2;L,, = @; k++) do begin

3) C,=unification (L . ,); / produce new candidate sets

4)  for all sentence f do begin

5) C, = subset(C, )/ candidates contained in sentence ¢
6) for all candidate ¢  C, do

I} Increment count of candidate ¢ ;

8) end

9) [, ={ceC,| count of candidate is large than support threshold }
10) end

11) Answer = J L, ;
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WordSeq = Y confidence =c%  suppport =s% & £ I 7 5 7|
WordSeq 1= %7 3 c%ersf ¢ IR Y » @ 5 s% 72 TR PFe 77 WordSeq
BY NTLiflrgArFF-gLt o oL AagNFAFF gL =L
- LR hrcip AT TREE L ahd BEREEE PIEE B 0 % - BERE IR PR B G
Z o R iEakmpL =
()lzid = *K
confidence = 90% support = 6.25%
Q)+ Kz > &

confidence = 100% support =2.25%

b p@ g MR 2@ ATEE T 90% s F e g IR A e
FoOBBRMEERET R e 6.25% Aok R ETECL W R D IRE  ATH

igE-'
AL T 100 %E 4 £ IIRSE AT A R EE R0 BT 9 2.25%

4.2 MBHE P53 3 2 n-gram A ¥
SR BT RN F PR T RO A - A R R R Y e
B0 AR Y ART TR S AT 0 G 4Pl A - R - M9

WordSeq = B » NP3 E B ApS T L * Hifick 1 2

P(WordSeq, B)
P(WordSeq)P(B) 2D
4oid * B EE P G R R W B eh n-gram BRI S 0 507 2 i A T

¥
*

MI — Association(WordSeq; B) = log

log P(S) = ilog PW,)+ ZT:M[ — Association(WW,....W,_, = W,) (22)
#2d PW)* £ unigfi:m A2 1‘?&52‘1 o MI-Association(W,Wr.. Wi, =W, 4 @
IR A W Wl Wiy 45 A2 B K a2 BEBE B WordSeq = W ihip 3 F
Mo hefe fEE B H- Sows & window size » fizi# AP - window size E

LR R 4 :j‘yia{;fu;\' P enbd Bz B 22 ok & aoBE B2 R (sentence-level
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association rule) o 4ol ff 25 B ¥ — 4% > VB AR B E P2 B 5L n-gram oA A
& Ark (20)5% > P

1 PS) = Prgran(S) 5 negram %% 0 S #7242 g 3

2. Py(S) = Purassociation(S) % BB PIHA| ¥ = & S Bl 2 8 5 o

4.3 MR EFE B E2 R
CIRA B PER RO R £ S S S RN e R AR A= R B P I
g S @ e (multi-word) 2. FF BB > A IR R H T AR PE LT

(word pair)erf B+ » T 4pit 2 T AP S 2 e e Bl- S M IR E
fA RY 21 LB Bl REEA T MBS o d Bl AT A 'Jp—:".@“fuﬁﬂ
bigram #-4] T it d oo AT IILARP RE P B AT AP A 5% 0 T n-gram

3l = ?’F'a*ﬁ?f’aéﬁiﬁ'ﬁﬂm?/ﬁﬁﬁ?’ B R4 n-gram R F 2 4] o A fRE R HAT

Bt B N R - B o d TR IR G AT R B g Ao

F B B R U] G R R PR B 2 [ enbd o @ A erd 2 B

@bigram@bigram@bigl’am bigram bigl'am@bigram@

bigram

trigger pair
@» bigram @ bigram @ bigram

bigram ¥ Trigger pair

assogiation
bigram M bigram 4,’7 bigram 4,‘7 bigram @ bigram @

association

bigra 1mg>.@* igre 1m@

trigger pair

bigram ¥ Association rule

Bl- ~ bigram #i-3] ~ Trigger pair ¥¥ Association rule 2. +* #&
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PEAL PRI T FATH R B EATH - ETtoday ¥ 4R T e 3 ek ondT
Be s 3118 % » ¢ 3 A4~ ALg ~ kP~ F% 8T - B s 2 MY
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