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Abstract 

1 Introduction1 

1 Preprocessing, tokenization, models’ architecture, training 

procedure and results are available at: 
https://github.com/cristianochesi/babylm-2024 

2 This is a prudential threshold obtained from the average 

human performance reported on BLiMP (~88%, Warstadt et 

al., 2020) minus 1 or 2 standard deviations (~8%). 
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2 Training data, benchmarks, and RNN 

architectures 

2.1 Corpus preprocessing 
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2.2 The BLiMP dataset 

2.3 Models’ architecture: RNNs strike back 
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2.3.1 LSTM 

⁀

⊙

⊙

3 On our limited capacity to process tokens “in parallel” one 

might be interested in the rapid parallel visual presentation 

(RPVP) task (Snell and Grainger, 2017) and on the relevant 

o
⊙) by 

o

restrictions observed during this task (Fallon and 

Pylkkänen, 2024). 
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2.3.2 GRU 
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3 Core linguistic constraints and gates 

 

 

 

 

⁀

⊙
rt 

 

⊙

⊙ut 
 

nt 
 

110



6 

 

 

3.1 Computational Considerations on C-

command and Locality 
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4 Methodology 
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4.1 Two ways of forgetting 
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5 Results 

0

0.5

1

1.5

2

2.5

3

3.5

4

4.5

0

0.1

0.2

0.3

0.4

0.5

0.6

0.7

0.8

L
o

ss

A
cc

u
ra

cy

Training performance

Accuracy Loss

113



9 

  eMG-RNN 

 LSTM 1 2 3  F-M F-N 

Ana. agr 0.67 0.82 0.76 0.77 0.88 0.81 

Arg. str 0.56 0.65 0.64 0.63 0.64 0.66 

Binding 0.54 0.69 0.66 0.63 0.57 0.65 

Ctrl. / 

Rais. 0.59 0.58 0.59 0.60 0.58 0.60 

D-N agr 0.57 0.67 0.63 0.67 0.68 0.68 

Ellipsis 0.41 0.24 0.30 0.21 0.42 0.39 

Filler. gap 0.55 0.64 0.60 0.47 0.48 0.65 

Irregular 0.54 0.58 0.69 0.60 0.60 0.58 

Island 0.54 0.58 0.54 0.53 0.50 0.62 

Npi 0.45 0.33 0.50 0.55 0.32 0.31 

Quantifiers 0.57 0.55 0.53 0.53 0.53 0.57 

S-V agr 0.50 0.52 0.52 0.52 0.55 0.53 

Overall 0.54 0.58 0.58 0.57 0.55 0.59 

6 Discussion 
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