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Abstract

In the learning process of primary and secondary school students, rhetorical devices
are at the core of reading and writing skills, and are key elements of excellent literary
works. However, identifying and understanding the use of rhetoric in students’ essays
requires a lot of manual effort, posing a challenge for teachers in essay evaluation and
instruction. Recent research has begun to use computer technology to automatically
evaluate essays, where the use of rhetoric is an important part of the assessment. This
paper introduces our methods used in the evaluation of rhetorical recognition and un-
derstanding in primary and secondary school essays at the 23rd Chinese Computational
Linguistics Conference. In this evaluation, we employed both traditional classification
models and large models for different tasks, and further enhanced model performance
through pseudo-labeling and data augmentation. Experimental results indicate that
our methods achieved relatively advanced performance.
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"paragraphId": 2,
"sentenceId": 13, {
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"componentList": [ {
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"conjunctionEndIdx": null, i
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B, R, BN LRI B T BRI A R« X — 55 R R B R A T
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Thttps://github.com/QwenL.M/Qwen1.5

B = Jm P E RIS F RIS, %%2332%—%2&3?% KIE, HE, 20244E7H25H228H.
s PPN
(c) 2024 HEPXBERFRWHIBF FRINEL L 237



HEESY

5 B

B RESES AT, SN TARESEIESE, RSN ML R oE8MEE, HHEBETARME
SEGRERIE LN, H S BRI 58 7 AR 7 VAR AT OGN B SR AR, 3R A R
FIF1 &, FEMRR Pz et . RS RS FiEE, BEmiEE HMhiRE L EAESH
i, SRR EANEERA . XELCRHEMEE AR, WEFRRMZ MER, 5
A2EIIAFREIA, #1522 MR B2 AR REARNR, X152 T AT DU I fO &l
&, ’EtEae . #A—S A, IR EFEERS LA RIS, 7L RER S IIGENE
UEERR AT R IR I8 « (R A T, BT DUESRAH A3 XIS UEE R 2 MR, RIEH
X 25 T 45 SR B4 .

22 SCHR

Bao Guo, Chunxia Zhang, Junmin Liu, and Xiaoyi ma. 2019. Improving text classification with weighted
word embeddings via a multi-channel textcnn model. Neurocomputing,363:366 — 374.

Chenyang Li, Long Zhang, Qiusheng Zheng, Zhongjie Zhao, and Ziwei Chen. User preference prediction
for online dialogue systems based on pre-trained large model. In CCF International Conference on
Natural Language Processing and Chinese Computing, pages 349-357. Springer, 2023.

Jinze Bai, Shuai Bai, Yunfei Chu, Zeyu Cui, Kai Dang, Xiaodong Deng, Yang Fan, Wenbin Ge, Yu Han,
Fei Huang, et al. Qwen technical report. arXiv preprint arXiv:2309.16609, 2023.

Jiang Cheng. 2020. Research and implementation of Chinese long text classification algorithm based on
deep learning. University of the Chinese Academy of Sciences (Institute of artificial intelligence,
Chinese Academy of Sciences).

Le, H. T., Cerisara, C., and Denis, A. 2017. Do convolutional networks need to be deep for text
classification? arXiv preprint arXiv:1707.04108.

Lei Huang, Weijiang Yu, Weitao Ma, Weihong Zhong, Zhangyin Feng, Haotian Wang, Qianglong Chen,
Weihua Peng, Xiaocheng Feng, Bing Qin, et al. A survey on hallucination in large language models:
Principles, taxonomy, challenges, and open questions. arXiv preprint arXiv:2511.05232, 2023

Xiao Liu, Kaixuan Ji, Yicheng Fu, Weng Tam, Zhengxiao Du, Zhilin Yang, and Jie Tang. P-tuning:
Prompt tuning can be comparable to fine-tuning across scales and tasks. In Proceedings of the 60th
Annual Meeting of the Association for Computational Linguistics (Volume 2: Short Papers), pages
61-68, 2022.

Minaee, S., Kalchbrenner, N., Cambria, E., Nikzad, N., Chenaghlu, M., and Gao, J. 2021. Deep learning
based text classification: a comprehensive review. ACM computing surveys (CSUR),54(3), 1-40.

Rizve, M. N., Duarte, K., Rawat, Y. S., and Shah, M. 2021. In defense of pseudo-labeling:an
uncertainty-aware pseudo-label selection framework for semi-supervised learning. arXiv preprint
arXiv:2101.06329.

Seonhoon Kim, Jin Hyun Hong, inho Kang, and nojun kwak. 2019. Semantic sense matching with
densely connected recurrent and co-attentive information. Proceedings of the AAAI Conference on
Artificial Intelligence,33(01), 6586-6593.

Tim Dettmers, Artidoro Pagnoni, Ari Holtzman, and Luke Zettlemoyer. Qlora: Efficient finetuning of
quantized llms. Advances in Neural Information Processing Systems, 36, 2024.

Wan, S., Lan, Y., Guo, J., Xu, J., Pang, L., and Cheng, X. 2016. A deep architecture for semantic
matching with multiple positive sense representations. Proceedings of the AAAI Conference on
Artificial Intelligence,30(1). https://doi.org/10.1609/aaai.v30i1.10342.

Wang, Z., Hamza, W., and Florian, R. 2017. Bilateral multi-perspective matching for natural language
sentences. In procedures of the twenty Sixth International Joint Conference on artistic intelligence,
ijcai-17, pages 4144 — 4150.

Yao, L., Mao, C., and Luo, Y. 2019. Graph revolutionary networks for text classification. In Proceedings
of the AAAI conference on artificial intelligence,Vol. 33, No. 01, pp. 7370-7377

B =R EEIE S ERS R E, %%2332%—%2&3?% K, E, 20244E7H25H%E28H .
H :L‘/‘;)\l /l:l
(c) 2024 HEPLEFELEESNHIBEFTELWRELL 238

pain



HEESY

Yu Sun, Shuohuan Wang, Yukun Li, Shikun Feng, Xuyi Chen, Han Zhang, Xin Tian, danxiang Zhu,
Hao Tian, and Hua wuErnie. 2019. Enhanced representation through knowledge. arXiv preprint
arXiv:1904.09223.

Zhi-Hua Zhou. Machine learning. Springer nature, 2021.

B =R EEIE S ERS R E, %%2332%—%2&3?% K, E, 20244E7H25H%E28H .
H :L‘/j)\l /l:l
(c) 2024 HEPLEFELEESNHIBEFTELWRELL 239



