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Abstract

Move structures are discourse units in research articles (RA) and is of great value
in move analysis, essay writing, etc. Although there is abundant research on move
structures in academic articles, there are still relatively few move annotation data
resources. This research developed and constructed a specific corpus for annotating
move structures in English RA abstracts. Currently, nearly 34,000 Move structures
have been annotated, covering the fields of Natural Language Processing (NLP), Com-
puter Vision (CV), Communication Engineering and Mechanical Engineering. We also
presented annotation statistics and analysis. The first stage of corpus construction
relies on manual annotation to form high-quality corpus data. In the second and main
stage, an automatic recognition and annotation model based on BERT is adopted,
which can improve the annotation speed and expand the annotation scale while en-
suring the annotation quality. We conducted move structure recognition experiments
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based on the constructed corpus, and compared the performance of our model with
large language models(LLM) including ChatGPT and Claude3. The experimental re-
sults show that the F1 scores of move structure recognition achieved by our model
outperformed those of LLM, indicating the effectiveness of the proposed model. This
corpus is currently publicly available and can provide necessary data resources for NLP
related tasks such as scientific paper information extraction and English writing intel-
ligent assistance, it is also beneficial to foreign language teaching and research such as
English for Academic Purposes, it can effectively promote the digital transformation
of foreign language education.

Keywords: Move structure , Corpus , Research article , Abstract

1 58

B (Move) 215 B B AR FRINAERN H AR SCAR ) 70 AL AITE SO B, FSR BRI E R
X, REEFERRILEETINRAREN S F(Swales, 1990; Swales, 2004) - EHREMRH S EAE
WICERBIEEE, I SEIE BRI ST R HARSS , Em1e SOE R H A -
BREARAINE (B T and 3BT, 2023) -

BHT 2RSSR A 718 3L (Research Article, RA) BRI ARZT A EE S & . 7£
BRI, MEZ AR DRIERER S, @i i - TR A U IR 77 B B R A R SCE R
RO BB A - IR EROZBIEAR RIFFEE G HAELEN, 2Rt X R s
IR ER S IRTE - IRGEREEAREER, DUERENEEEMMNE .

NHEE— PNLPAUS A SO G ZoR ], HAPERE S T LM WATE DA -

FlHaI1: (55 &) Previous works on cross-lingual NER, are mostly based on label projec-
tion with pairwise texts or direct model transfer. (352 ) However, such methods either are
not applicable if the labeled data in the source languages is unavailable, or do not leverage infor-
mation contained in unlabeled data in the target language. (5% H #)In this paper, we propose
a teacher-student learning method to address such limitations. (ff%%77{%)NER models in the
source languages are used as teachers to train a student model on unlabeled data in the target
language. (BF%Y771£) The proposed method works for both single-source and multi-source cross-
lingual NER. (B3 4518)Extensive experiments for 3 target languages on benchmark datasets
well demonstrate that our method outperforms existing state-of-the-art methods for both single-
source and multi-source cross-lingual NER.

BN S RYEBEBRY, ZREAEREES YK Swalesit tll - P RARTTHE
%75 (English for Specific Purposes, ESP) Fl% K F & 55 1E (English for Academic Purposes,
EAP)S U B H R AGER N B, FEIMERIBOE L EE . IED ot B = ERIN M
{H (Hyland, 2008; Moreno and Swales, 2018; Swales, 2019). HMiEDZ#iRH LK, REZH
ET AR AR A ARSI RIF D WM E -~ 515 - Tk SRS NEEXEY . BFesLS
FFIE Z LRSI T EOFEA B 53 AT A1 18 (Cotos et al., 2017; Lu et al., 2021; Alsharif,
2023) o ITEERME —LELH TIEREE D EM AR S B 513555 (Alliheedi et al., 2019; 5K
Fet al., 2024; FFet al., 2020; R et al., 2018; FHi Fand 22T, 2024; T Eifet al., 2019) -
AR AT DL SCER P 25 & AR BEUHUA B o, SR ANRAARER, 2NAME . X
ARSI BB BRI TAE(F et al., 2022) - {H2 2 BB TAEHE 2 H Ry R
— R E A RRIBIE SRR E R o KRS AT, B MG EE S RNRR . JLFEE B R bt
RANETEREPEMBIG: H—J7m, BEimE ARG ERE DS B SR E RS 50
A, RIS Z X RTS8 SO R 4 P IE PR TR - XA R A EETE SR 4
Mr5iRA] « BHS E ETEES BARE S M BESFAITEVHBITES %> (Computer-Assisted
Language Learning, CALL) SR Y51 R T IR Z P FNER -

T RRGX BRI, AR T — R - AU R SR RO SR R D PRI R R
. HEICRUPREL3 AR MESSEG], W T ALEGE . BE LMY TS R .
©2024 FEVHEIEFTEAE
R#E (Creative Commons Attribution 4.0 International License) ¥F7] HhR
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ZIERHZE CAEGithub EIFIRAZ A « PRIETZE SN ERIEHTIIARN B, #id ATANER
R v ot E ORI B . 7R R AR Bt 2 BRI PRIE A B0 By, AE = ot & PR EaTE O Bl
E, BATNEG T —1BERT BehbnEEA, SKIER BahbniE, RE ANTHTTH, BIERS
PREANERECE FREE D, PR KR EE FI AR B RN RE R IEVR IR i & - BEJR T
e 1B HEhiR B8, KT FATTH R 5 GPT-4MClaude 3% K15 E R FEAN R
SFRIE R IE PR BIRCR RN BARSEFHT T BRI R AT o SRR REIR . AR5
AR AL AE AR R E B L5 AR IR 1R PR BB B T RE S A 8L, R T HEERE
R LA SRR EE R M (B R LB
2 HHXRBI%
2.1 ZEARSUSTERIEIE BETR

ISR BT R B T 2 AR SRR E « FARSURTERNE & A AT - 21808 3RS
RFEHFTIO ~ WEELAREIEME . EARERERE AN THEDRIEHE, FIRENA
Y BESSHME, ZBNERNIMERFANRR)Z RE - EFERK, 2RISR ENEHE
BEWIN, ISR . A B R IEAIERVE R ACL OCLIERHZE (Rohatgi
et al., 2023) ~ S20RC(Lo et al., 2020) ~ ARC(Bird et al., 2008)FIAAN(Radev et al., 2009)% %
T ACL Anthology i FERBHEUE BTR - (X LLEE 508 W 6 & 2 H I TSI AR e 3,
AERS T 50 A\ S R B AT m] BB B R EE BT R -

2.2 WEPHRKEDSHE

H BT B AGE - ANFEREAAR 2 22 BB XTE T T 20 KT - HIA: SwalesH
BIPE R T CARSIE Z A (Swales, 1990; Swales, 2004)F11E 42 5 K & R (Swales and Feak,
2009), NIERIIESHIFH R T RZZMN, REPFRE R EARSGHE 2 BT,
A ¥ETeufel 5 A2 H f)Argumentative Zoning (AZ) scheme(Teufel et al., 1999) } HAZ IE 5 A FE
W% (Teufel et al., 2009; Teufel, 2010) -

BEIESHRMANA R, BB T — S XEEWIES T #ERAE P SN EE &%
J5 o Alliheedi%F A EE f 5% A W) 0 22 A0 ST 1L BB 4 A B 7 S B8 FIE & 75 2 (Alliheedi
et al., 2019). AR EME T EH (MHES2) BT (Applied Linguistics) 2 FIEE
(X, 2016); Viera® A (2020)# I I RMEERE, WA | AEEHEERMIERIEER X
KT F I SR Z P HUETRE - ©F RTE P G510 TE R 228 5 #7218 (a1 45 78 B8 —Ase, T AR
FEXTEL/N, BRI IAGRZ 2 AU KU 208 B R ZE - Hith, B UEMBIRE S SR
BRSO E AN TR R -

3 IEREHETE
3.1 HEISE

B AT A B R FFES A B L T Hyland 56 T8 S BB 5 A0 199 2K B8 (Hyland,
2000) - fiNH, AR TLELHRNED 5 R BEFH N TE LI & T 25 9 FIvE D E5H - Ed
SPalifla o BB - ASCRFERIE S RI2E S22 RN TR ANE SOREHT T &P HBEIEE, it
FEH 2RI R EIE S 1L ik

R A4A (Introduction) : EIRBFF UL, EIEMFREENE - REAEHMS . AR EES

WH5CEHA (Purpose) : T&HIZBIUA—MRECE A H K

W55 (Method) - FRFIZBIFHIE AT, AFEEGE . AEIFESE

W5 (Product) = MHZIFFTH) B R IIFNLE R

Wr5t4E1e (Conclusion) : FIHZBIFRHILE S, BEFREEME . PIHALE - WREPR
HIfE RS

Hyland 150 XN A 5T B B AR S« (EARE 40 A BT BT BRI 58 S
EifEE (Pilot Study) , FATTZHHyland#5r KTCIETE 208 & 47 € SR EIE L, R &
PR B AR R - 10T 1 ) A) F SR R IA AR 2 B FENLPLE N B9 A TR REAUE08 S

Ohttps://github.com/1jk1228/RAAMove
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FARR W W, — BRI RE R, 8% AT LAy & X B0 50+ [X A 5T R AN 4
B, FHICIERE Hi Hyland 53 28 F1 AR —F

il F]2: We release source code for our models and experiments at Github.

fEHyland7r RAOEERY b, ARG BAPRER K, Mo RIET T BT,
TER PRI \MEARIED R, HAEMEDE TIER -

B P PR
5 (Background) PRafff s, FREXTHRAMERER - BAC
#ZH (Gap) KGRI ERE, RHFRR TR - GAP
Hf) (Purpose) KR EHP - x5, iR 3 ENER - PUR
F71%E (Method) AR~ BT - Bix - T BIEEFERE . | MTD
45 (Result) ULEAR AT A 3 22 R IR El 45 SR B B 5 A TAE - RST
#51% (Conclusion) B R G R R BRI S OEE Z A CLN
JE7~ (Implication) 15 H i A AR ER A BOHE TS AN IE S T ) Jl 2 55 - IMP
Tk (Contribution) | ¥&§HIBFF T R FIEILFISLEEME - CTN

Table 1: KRIFFRIKITHITBES BT - & U KEHRE
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Figure 1: ER} M EHEZR B

3.2 iBRRIF KA

TRIE A T AL AU A B T R, ARSI ST T (JCR Q1) FEPRA %4
TR 2 VORI ZENREER, WS AN TEERN TEERARE, Hf AT R
BAFENLPAITTENA R (CV) 2, TEREXEHEEE T (Communication Engineering,
CE) Fi¥l# T (Mechanical Engineering, ME) 4%, .

ST NS, FATERE TACLKS ESRIMAAATRECV Trackf 2 BRI -
MACL Anthology & M'F] LUE £ N #MCSR T BT 18 SCHIBibTex 31, M A1 1% tH ACL2020-
ACL2022 =FHIKIC TR ENEATRERIE; FA/MME T AAAL 2022K £ CV Track & W23 -

"https://aclanthology.org/
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ST TARERRAE, £ T = ARTHHHT? . ZEWeb of Science (WOS)IRR V& HIeRE:
KEFIMEER, RERFRREZNMISGEE « MESEAGEHAITAI . N7 HEREEDE
1), BATHER A 22 R 0 B S 8 SR B R R A RS A S T — G — 1T
o RINFELREE R CEA R LR T, MHECRH#AT LEEIRFE, 2B RE2 M
FRERFIARTT S - 5IARRNEEE, DMRIERESCARIR & -

3.3 iBRENE

WEFR, TR RS P KRN E BN ERATIRE, BN RAE
BARE+ AN TEIE « FATRFAFFIRERE L EDoccano® VENEELIRNFE T & (K2)

3.3.1 AL#RiE

F T BRUEE S IRE R EAERRYE  FRATEIBRIRE FI A F U 22 40 E 18 2 B % L ZOm A0
—RIMBIE T R ML AEAA, RIS EZE T 2 e PR o 72 A 7 7R 7O A& Fh e M n] 7
EAMEL RS, RN E ISR aF BN, WEEFENE N FEFERAENIEDIRE -

FEVMETEF, EF— 10 F UG BT g8 Bt i pObRERR S, FRdEE o] LU — MR
SERCERE - WRTFEMEEL, AN ERE, SR HAM A&

Neural abstractive summarization models are able to generate summaries which have high overlap with human references.

BAnSe\eda\abe\
BAC @ | -
Hov BAC mized for factual correctness, a critical metric in real-world applications.
GA
GAP
Int MTD nework where we evaluate the factual correctness of a generated summary by fact-checking it automatically
PU
PUR
aga .o ition extraction module.
We CLN 1 which optimizes a neural summarization model with a factual correctness reward via reinforcement learning.
‘M1 IMP
We CWN summarization of radiology reports, where factual correctness is a kex requirement.
MTw

On two separate datasets collected from hospitals, we show via both automatic and human evaluation that the proposed approach substantially improves
CLN

the factual correctness and overall quality of outputs over a competitive neural summarization system, producing radiology summaries that approach the

quality of human-authored ones.

Figure 2: PnFF 5 FH

3.3.2 HIRE

ANIWEEREBRIUEVNER &, EIERTHIREE EAEREIREMR, FHREE
BIFRE - ARBFFRA T Lin% A (2023)3 H 17 TBERT (Devlin et al., 2019) 58 H B FR{ER
B 3), FESIRBIBREN R ZHIRZERFIAN T 2K ) -

TEU AR, FEVMETE SRR 5, A AR A [F] SR TRD T 700 6] 738 2 R B B AR
s . ARE3HRIFIG], A)HH “results” “performance” & JE B AR, TATR TR IR
BRRSTIESRAUEFHESHI TR - ZRELIME RGN, ZREGIANEZEHEERET

(saliency attention) , f)FH A BRI — MRHE, HiTEEX R E PR R 5
Bk (REMEE) o BN TARE R S i & 50 2 510 F 8 SURFE, B AT & el
i — D RIBEEARTE IE PR, NE IR TIAE EZF M E (word saliency embeddings)
5BERTHIEAB =Fhm & (Hltoken - segmentSposition embeddings) —#CAE NI AT REHHE
TENTEIHITENE N, RIHRENRBIEDZRIGE ST, RASERIE S IR -

BERIPRESS R EERIINEF & MUE ., PRERDOT IR EINES R, BIEVRE AR EE
RAVTE P - PRERTARYE AN TS HEE, AT UK T A (R, s — B3R ARk

2 Z AR S B AU T RES U A Journal of Mechanical Design - International Journal of Heat and Mass Trans-

fer, JE(E LFEAUHFIEEE Journal on Selected Areas in Communications
3https://github.com/doccano/doccano
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Output RST E
* t t t t t t t t &t t 1
BERT
E Salenc
S B R E R m W m G mE @
\\ Input [CLS] Experimental results ~ show that our  approach achieves the best performance [SEP]

S: Experimental results:show that our approach achieves: the best:performance.

! ! Voo

Saliency(results, performance, j Move Type
ote) _ (

High Contribution High Contribution

o BRI, AT DUBRIEIR m PR B AR, AERUEARE R E R R RPRE R .
EHRESAELR, T U EIIFET A 5 AT T ESE B ITR AISONLA TR

{ "id": 20, "data": "Words can have multiple senses. Compositional
distributional models of meaning have been argued to deal well with finer
shades of meaning variation known as polysemy, but are not so well equipped
to handle word senses that are etymologically unrelated, or homonymy.",
"label": [[0, 31, "BAC"], [32, 265, "GAP"]] }

4 EREBEERIT

KEFSE BRI O FRE2,6708 A T REATE, (NLP 71,3408, CViIA11,330%) F12000% T
BARE (GBEELEMEE LREAL0008) PSSCHE, H15533,988 MBS L5 « BI85
R SO E SR EER ST E BINE 2fR - HA, FEaFE . PEREERCRFE DAL
SRR ERRHERPHEE A FEE - IAREMEPNE -

WESE [ ATFEE MEEE | PHAFER | FHMER | FEEPH

N T A ge s 2,670 17,391 381,734 7 143 4
T HE4TE 2,000 16,597 406,244 8 202 4

Table 2: /PRI O Z U BRI

wmH | ALERE | TR | /Mt %
BAC 3,301 3,165 6,466 | 19.02
GAP 2,031 1,241 3,272 | 9.63
PUR 2,694 2,180 4,874 | 14.34
MTD | 4,972 6,554 | 11,526 | 33.91
RST 2,181 1,551 3,732 | 10.98
CLN 1,494 1,512 3,006 | 8.84
CTN 601 229 830 2.44
IMP 117 165 282 0.83
hit 17,391 16,597 | 33,988 | 100

Table 3: 1EHBHE A & RGBS L5 FFREFI AR E I
MW 3R] LLEE], A0 P bR EEE B =S AL ADIE SR IXE AMTD - BAC -~ PUR- ANJA]

Fo =P ET R E RS E, %841§t9€852ﬁ K, E, 20244E7H25H%E28H .
1: 2R
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RAFNIES S AFERKER: MTIDIESIEN N ZRH R EIREE R R Z B, B0
WAOARE B G A IAZ34%, EEMEIE T _AL“BAC” (6,466) FI1%E=1L“PUR” (4,874)
BT, T aOMP? IR E R D, RSB T 1% He ) o 3 5 B AN [5] 43 5 18 SO B B ok
FEMTDIX—E « X HERE O AW —E, BN ERSS RS sE W5 i B EA0ED
2, EMETREESESUNS SRR AR ITE, BRI HIZe X EM RS TR 7E
FRESREF, BATHAI, REWHEF N TEESEE A ILE— 16T -

NLP | [BAC]Knowledge graph (KG) entity typing aims at inferring possible missing entity
type instances in KG. [GAP]It is a very significant but still under-explored subtask
of knowledge graph completion. [PUR]In this paper, we propose a novel approach for
KG entity typing which is trained by jointly utilizing local typing knowledge from exist-
ing entity type assertions and global triple knowledge in KGs. [MTD]Specifically, we
present two distinct knowledge-driven effective mechanisms of entity type inference. ...
[CLN]Experimental results on two real-world datasets (Freebase and YAGO) demon-
strate the effectiveness of our proposed mechanisms and models for improving KG
entity typing. [CTN]The source code and data of this paper can be obtained from
Github...

ME | [PUR|This paper proposes a novel density-based method for structural design con-
sidering restrictions of multi-axis machining processes. [MTD]A new mathematical
formulation based on Heaviside function is presented to transform the design field into
a geometry which can be manufactured by multi-axis machining process. [MTD]The
formulation is developed for 5-axis machining, which can be also applied to 2.5D milling
restriction. The filter techniques are incorporated to effectively control the minimum
size of void region. [MTD]|The filter techniques are incorporated to effectively con-
trol the minimum size of void region. [CLN]The proposed method is demonstrated
by solving the compliance minimization problem for different machinable freeform de-
signs.

Table 4: NLPATIEAMEASTIE I B 155 brid S 5

A TR REII TR
EPRA | #WE | A (%) | ##R | G (%)
BAC 2,003 75.02 1,528 76.29
GAP 1,518 56.85 891 44.48
PUR 2,333 | 87.38 | 1,901 | 94.91
MTD 2,245 84.08 1,873 93.51
RST 1,540 57.68 953 47.58
CLN 1,192 44.64 1,079 53.87
IMP 112 4.19 159 7.94
CTN 544 20.37 215 10.73

Table 5: B 2A RIS A5 & S5 O 2R E X IR

K HC A S 2RI, AT LLE B [R] A R 0 BSOS SAE P i EERRE R
LEa M3, TR MMEARE A TEGED TIE7005 , 2R 7 S 2 8E
A TR > T 3E8004], (E-F B RIZE T A LR, R LRSS &
AFRKEEK. EPoM L, DRSS MID ESHE xS T AN TGS, HibiEs
IH“BAC” “GAP” “PUR™ XU E /DT N THFE - X RUEE TREFIPLM TR X M TRE2R
FTE ST B A P AR AT )RR AR R I 55 - PNERAESSE P S g 3, RZ 8
T BB R R T RMIRZERE, MEEEMA AR5 AR, MAHEZ A
HESERVA) T RS FUR A TREE S, [RIR O AR TE B 5 SR 5 AR B WA (E A SO, T A el )
JRAFTIRASE - T A TERESURE (F L B W R RR R, RE LI LT REITIR
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FHRAAT « BORSEME R ARTFIR, I T XFIHFRAEX AT, BTSSR R RG—PRiE
FECTN”, FHX —HE PN TR E R £ - £ 4l DPRESEFIX LT NLPFIHL
W (ME) BASFESUESFRHZIE DR S -

B DM EM L, WRAERGMEDEREPOMFERE (—xkEEZR) , A
ERRE TZES, WA R ZRE AP EIFZE SRR . RATH X MENHT T 5541
5 BoR T AE2,6708 N T BEIS UM EA2,0005 TREAEC CMEAF, brEaERIE S 2R
I ERE L 2N MENLE . MEPURMFHENERE, #i132,3005 1 A TGI8
HEREEIZES, TRESEWSICHRL . HIEESE Z 202 “MTD” - X} R3IFIF4LF
FI“PURFI“MTD" &, 2 MEFIMFERERL W “MTD & T “PUR”, BHE NE—RHE
B EE R THERE N “PUR? , BATRER £ M TFHRRE N “MTD” «

5 SEX AT

AR ET EMRAERETT e TS AR B ohiRBILES, 725 M T Fe AR
TR SRS P A& R IS5 0R T 5018 SUIR B E 9 T a4, X EL BT TP AR 5 B 7 Y
KEEHRAGPT-4F1Claude 3(Opus) FIRAIAR - S5 R AR EVE R IENFETR -

5.1 SEEGEE KX E

K CEEXPBIEMERGITER . FHAFTEMFHaKI P EERHETFHE A

THEMA) TR RIFEE

AR | PR TR | AR | WEER | HiLE | B ER

PN 318 6.36 27.76 8,884 1,902 318
T AEAT, 397 7.94 32.12 12,752 2,415 397

Table 6: ZIEES1T

77 R REMAR MLLMIRAE D R ERE, A T80T T N ERIPrompt, FH 05 2
AZEE MAFHEEF - KRR PEprompt4s B LUE, ERTTIREDRBIES . B 52EBH
B SUAAE P MR A JPRTE — IR AR AF -

“Move structures are important semantic and discourse units in research articles(RA). You
are a senior expert in the field of EAP and are very good at analyzing the move structures in
English RAs from different disciplines. You will analyze the move structures with the pre-defined
move types and their labels as follows:

(1) Background(BAC): States the research area and provides any historical, theoretical, or
empirical related information. (2) Gap(GAP): Establishes a niche: indicates a gap, adds to
what is known, presents positive justification. (3) Purpose(PUR): Indicates purpose, thesis or
hypothesis, outlines the intention behind the paper. (4) Method(MTD): Provides information
on design, procedures, assumptions, approach, data, etc. (5) Result(RST): States main findings
or results or what was accomplished. (6) Conclusion(CLN): Summarizes the results or extends
results beyond scope of paper. (7) Implication(IMP): Draws inferences which has not been
explicitly stated. (8) Contribution(CTN): Points out the theoretical and practical value of the
methods used in the articles.

Please identity the most suitable move type and annotate it for [each sentence] in the
abstract texts. That is, every complete sentence [must] have a move label. Here is an example:

[BAC] Recent neural models for relation extraction with distant supervision alleviate the
impact of irrelevant sentences in a bag by learning importance weights for the sentences.
[GAP]Efforts thus far have focused on improving extraction accuracy but little is known about
their explanability.”

5.2 SERGER KT
ARWEFH) B BIPRERRL S R A KE SR TLRR & KB D B A RINER TR . s
FIRZNTIHEE, BiEsEBEMMED R MIMEEREE - & 42/ \MiEPRAIF1E TR
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Ours GPT-4 Claude3

EWHESEE | 1R8] | #1E8 | F1(%) | #1558 | #1E8 | F1(%) | #1875 | #1E8 | F1(%)

BAC(61) 64 60 96.00 50 42 75.68 65 52 82.54

GAP(32) 31 30 95.24 42 29 78.38 32 22 68.75

PUR(48) 49 45 92.78 46 40 85.11 53 43 85.15

ATSi MTD(101) 94 92 94.36 94 84 86.15 86 78 83.42
RST(25) 36 25 81.97 45 21 60.00 65 23 51.11

CLN(45) 34 34 86.08 29 20 54.05 4 3 12.24

IMP(0) 0 0 0 0 0 0 1 0 0

CTN(6) 9 6 80.00 0 0 0 15 6 57.14

BAC(52) 67 51 85.71 54 33 62.26 56 41 75.93

GAP(32) 31 30 95.24 24 16 57.14 33 26 80.00

PUR(53) 65 51 86.44 49 42 82.35 72 50 80.00

o | MTD(182) 162 156 90.70 157 140 82.60 143 138 84.92
LA RST(11) 28 11 56.41 62 10 27.40 82 11 23.66

CLN(62) 39 38 75.25 5 4 11.94 2 2 6.25

IMP(3) 3 3 100 4 1 28.57 0 0 0
CTN(2) 2 2 100 0 0 0 9 1 18.18
Table 7: W ™ERIAETE S B shiR AR L5845
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#14]3: [PUR]In this paper, we propose a novel bipartite flat-graph network (BiFlaG) for
nested named entity recognition (NER), which contains two subgraph modules: a flat NER
module for outermost entities and a graph module for all the entities located in inner layers.
[MTD]Bidirectional LSTM (BiLSTM) and graph convolutional network (GCN) are adopted to
jointly learn flat entities and their inner dependencies.

G AR, AR T HIAEPURE S Z 5, T B A /778 H17 “adopted”, & HUEL
HERTEELHES X MBS HIATRBE R AR ABAC, (B GPT-41E /iR 3
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F 52 IRER TadlfESIRBIF RN - WK TR s DIERE], =il
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RICRER LI - BAR N ME0RE, SN & FIBDINRRE N FERKER - TEATSU,
W SAERIALRBISCR I AE D KB, 2 FEBAC (FATAUEZRY) - MTD (GPT-
4) MPUR (Claude3) ; 7 TR, FATREEER T EIMPAICTNR ME L H 558 2 1EH LA
G, ARBIRIFHIEGAPIES, EIREMTD, GPT4F1Claude3N¥AEMTD iR A& IF - Xt
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5.2.3 K& S HREZ B AR HIBOER Y H

Bl 57K, GPT-AZEATAUS AR RCR B B F T Claude3, “FIFUEH.Claude3s T 101 H
R TAELAESHIE, Claude3fURURIEHF TGPT-4, H _HEMAES0%MNL, R T AT F
¥JF1, EERERE|TRST . CLNACTNIEZ IR - AT W, B ATSUS R 28 25 KA
%%EW%E,E@%Wﬁ%ﬁ%oﬂum%m%ﬁﬁiﬁﬁgﬁwﬂﬁﬁﬁﬂﬁ@%?lﬁ
A -

RE W RIE SRR AR P P E R, B AR RN EE —
SERERENE . Flin. ERASET, HieiEE (CLN) BIRIEE MR 54 & 85mim (%
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117 PromptH BB IR SR B2 1 2R P A0IE 22 . ILGPT- 4N Wi E R ANRZ I £
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FRSEA) -

#lfJ4: [MTD]We propose a simple, effective transition-based model with generic neural
encoding for discontinuous NER. [CLN]|Through extensive experiments on three biomedical data
sets, we show that our model can effectively recognize discontinuous mentions without sacrificing
the accuracy on continuous mentions.
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PEHIGR RIS, R KRR TE VA 7800 27 S RIS E SR R TE SUE B - (2) BA14Eprompt
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