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Abstract

In Prose, the author’s emotions evolve within passages or sentences,transitioning from
sadness to happiness, or from joy to anger. To this end, this paper constructs a
dataset of prose emotion changes and proposes emotion analysis method based on
multi-knowledge fusion utilizing Dual-Graph Attention Network. Firstly, this paper
incorporates image knowledge to get the deep representation of sentence. Secondly,
the context-weighted dependency graph and the discourse-weighted dependency graph
are constructed, and the sentence representation is established by integrating context
knowledge and discourse structure. Additionally, a pleasure valence recognition layer
is designed to integrate pleasure valence information into the sentence representation.
Experimental results indicate the method is effective for identifying emotion changes,
which can provide help for understanding the ideological and emotional changes in
prose comprehension.
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B0 H-Cot GAT; CEEA 2 BB BRI B0 J9-DepGAT; B 2 [ 1 2 7 W 4% [A] A A8 A%
POt - B, R ERE S AINEILN-E S RHRA R B B R mR AR L -t
RMIRAN - ERFRATR o

’https://github.com/PaddlePaddle/ERNIE
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TG4 (%) TR (%)

S |

[ Acc  MacF1 Acc  MacF1
Ours 52.61 51.60 77.57 T77.27
-CotGAT 51.12 50.84  76.25 76.00
-DepGAT 50.66 51.01  76.42 76.45
A R 51.41 50.70  75.62 75.38
BE 50.37 50.09  77.40 77.02

ARG 51.04 5043 76.49  76.47

% 4: JHRERSEREE R

R4 LIE H

(1) AXHIHE (Ours) BFTEMHEEREER . MFEEAER AR XFEEAER . &
SHNE < AR B R R —, HEREELS T . H A B SR SRR £ 105 i
K, AREEHTRHREUEZ AR, HEERFTIEF-

(2) -DepGAT{X LER LN X RAFAITER, MECCEESEMARMES, EREE
AIFFRRELEIRE -

(3) -CotGAT AN L ERIE RN RFHITEE, H BEBUS T lLDepGAT R S HMEFE,
UiEE R K sE A B TIREUR Z A RIE B,
5.4.3 DualGATEEHIZM

N T R DualGATZEH N, FATERCUBE AT EIEE X —3 75 ZHIDual GATH T
Al . e R, EEM N DualGATZEAI RN RE. —HH, EEER OHERT, b
T E BAER KT E BB L IEBR R IRI . B—H, YEHEELZH, METRURE
EHRAMER, SEUERIFIERE T4

52

F1135) (%)
= ”n
3 o

IS
©

N
3

—K— O

Sy
S

1 2 3 4 5 6
DualGAT/ZH(

6: DualGAT/ZEL 50w

5.4.4 HHESHT
FEARTI AR B T AT o 58] H — BB R SRR SR B8 IE AR A1) H 28 28 51 BB 7

(ES %) WS BRI
T2 B H BRI W7 4 AT T, 500 3
12 HOERKCMRERG . FATE, FElEE B i
TRRBR .
225 SR, R T IR T - i o

* 5: HRMBEEE RAR AR R

RIERS, EXERT NN —DA)TH, B 5 HETREELS, EREERENR
W& S, TR R E WA XA, SEGERAR . AXERT 2250 — M7, S
RHRHRZE IR O <8, FIRERM T MR - “ToRr i &5 A MR B IIAE, Rimss
& LPXER, A B RB R ELE B -
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6 5w

AXFABRIAE, RE—DETWEEE T MENEERBCUEEZ T, [
BT AT IR AR, AT LB It e BB S8 2t AT i« HoAon TR ROHAC B B R X
KA E SRR Z R OEE, EAMEERR XERILH . ERCCIESE LR RE LR RN,
AR LUE RO L EEE, IRAFEE L ONTIIRE S, BRI b i B AR TE
AR AR E R B SCHF -
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