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Abstract

Anxiety and depression have become prevalent psychological disorders, and moderate
counselling plays a critical role in alleviating mental and psychological stress. However,
due to reasons such as the sense of shame, many individuals do not receive timely coun-
seling and treatment. With the advancement of artificial intelligence, large language
models (LLMs) with their superior abilities in knowledge integration and cognitive
chaining have become effective tools for psychological counseling. Nevertheless, existing
psychological health LLMs are primarily focused on resource-rich languages like English
and Chinese, with limited research on their application in low-resource languages. This
paper focuses on Tibetan, a representative low-resource language, to explore the con-
struction of Tibetan psychological counseling datasets and Tibetan psychological health
LLMs. Initially, we collect high-quality Chinese psychological counseling dialogue data,
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process it, and create a multi-turn dialogue dataset for mental health; subsequently,
we develop a Chinese-Tibetan translation tool to translate this into Tibetan, using
multiple mechanisms to filter and produce high-quality Tibetan psychological health
multi-turn dialogue data. Utilizing the constructed data, we fine-tune existing gen-
eral LLMs, Baichuan2 and LLaMAZ2, to develop a Tibetan psychological health LLM,
which will be open-sourced for scientific research. Finally, experiments validate the
effectiveness of the released Tibetan psychological health multi-turn dialogue dataset
and the Tibetan psychological health counseling LLM.

Keywords: Psychological health support , Tibetan , Large language model
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ELT, OIERECH— M EOEBEZRE (Liu et al., 2023a) o 75 BT 2270 5B M I
K, B ABEIEERSZ I OIEERPPE - h T HROEMER, KNWEHOE T M2
WrEKREZE . AW, HTRENEH . BERMNESEFMERNEE, 2O E T
DAFRHE KBSt 2 B

RIEFEA (Large Language Models, LLMs) BJHIURME T —aliT IR TR - B
%ChatGPT «~ LLaMASRAI )& AT, LLMsE/RH T 3K S EEAE - ZHEESERE), TR
Z 1S5 LRSS T P RRCR - (BEVE RS R OEE AU e — L EREE: (D)
WA RES B EARE, St OB ERAUS T AR . DEERERRENER, &
OB E I E FE FE SR, EAEEAERNOEERN, BTz RLEmR, F1E
H IR AN RECE AEFT RIBIIE oL (2) A KBS REEE OB E RSN, 8% S TR
AR, 45 T KSR, SRANBRIEEST o TR A OB I 8 H 20 e B He
PR THEAFERE, SHT - FEEREE . N T ERXSEE, DERME T RITHTL
T { RS M AT AR 48, WISMILEAUE 48 (Qiu et al., 2023)FIAUGESCEIE £ (Zheng et al.,
2022)%, H A TIER A GLMS A E R F Be s Ay A A @2 R R R B AT RO, SCall
PREFRAUH A RIE S (Chen et al., 2023b) -

SR, B D IR RS R ROE S RALE X HIE « DOESRIEFEMER, IRKEFEDN
FFIREHE AT DAA3E = o & /O3B R S TR F T LLMsHOTE &0 - (BiX LELLMsXE DAR I Hy
ZHEMRTIRIES o ST IOREIR e iER, IRBCOKIEEIR AN A S - AT, E2
BK7000ZMEE T, WRFEERIESNEDE, REMESHIMSRIFEREZ, T2 IRER
B 5 B MR S A 20.1% (Liu, 2022), X RARHGHN T8 X s SHOR R - 1tHh, H
TE AR IRIE S B P AR D, WX E & AT 8R pRE i TAE A5 5 N M - FRiEEk
IR ERFNE 5 H B L Z R EWELLMSTE R TIFE T LN A7 TR B -
e, FEIREIRIES b, i sy OB g RS EEE - a0 B RS AR —
AR AR R ]

AR LEGEE IR B IRE S IR AT - ATE, BuERRESEZMES IFZ—,
WLEARRE T RGN RESUEE R, RS Er S LR, RERES 35
THAE T AR EEEN - R, BOEES ®BFEMENEZ, 5% BEOMEHEN-F
frrp, BIERCH T HILEOELLMs N L R B R BERIAR o NS OB (R KIE S A AR ROE T
N A, FTEM RO @RS REIRE, AMAEEE ORI . Bk, NTH#
REGEM A R, G SR RO B R B AR SR, FEN R AT B LB
AR IR EZREEIRE, NE ., RAMERDORENE TR SRS HITEIE, HXK
A Z B gL SR S R E OO HEER S R ERIES, &E, ETHEFERNRES
T, LLaMA-2FBaichuan-2, 7EFIEVELTEEE D748 S RORIIZR, M EEM0E DI {E R A
A0 @ T RIE BRI AR ) A SR R R SRR AR R -
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(1) WEEREF OO BRALINERIESE, ETGPT 4F P T B E 5 K
TR Z R IE AR SR ;

(2) ETZEIMENHERE SR ERCCODHE BRSO IERIEE, HHTHE-

(3) HEFELLaMA-2f1Baichuan 2 K15 SR AME R EE R R MR SO0 @RS
B0 I E R R 0 A AR T AR AT HE A ROUR A S T e /O B R R A A e K B AR A Mind L-
TiFfIMindB-Ti, HHTHIR -

(4) 387 SL56 93 BT AN SR 3E FOTECC O FE R B 2 e X ERUR R RV ERUE, DLUIGE T 5 &
BISEATRT b, S00E T RUE OFRERE B SRR E 3t .

2 HRBIE

R . IIERSE Rt SO B A LR OB FERT . ELERM oA ARV R I (R A T OB 8 B SCFF
HUBTEs . FEE IR SR (LLMs) AR MO8 B 2 R, ELe OB e FR AU i B . 1E
FEZ R BERRE D) « SRS TAERRE, LLMs AT LUBOR S5t A TR LR RS R i -
R, HEE RIFIIEMEITET - MAXEF, &5 /OB R O3
FRESERCREE 2 REEMEM o NERD O {E RAE R @M LLMs 7 OB (2 R Sy
U AT -

2.1 DHEEREIRENE

TR, RTOBEMER TP RAER KRR FBURT A FFBIEERFTHME (Qiu et al,
2023) o RIALE O {2 FE 2 TE BRSO TR A OB E FRARDL (Liu et al., 2023c; Srivastava et
al., 2022) ~ REMEL T TS (Golden et al., 2024)5 EHEEHE XL -

TR /O3 ¥ ) AU A B8 9 B o R N T S - AR OCEETE M . PR SCEUR T, Liu et al.
(2021)38 53 AR AR T AT T IR RGCRF 2 TR EEE £ ESconv, & & 1053 MG RGNS « T %
JT AR IR R AN BE /=, Zheng et al. (2022)if 1 K8 S BRADEY FESConvETEEE, B L
ETESConvEIE LN GPT-J 6BIRALHT IR NWIIaX & el e BTG IRE 1, e, K
BRI EN FIERWIIaX1E, BT RAE R AERGEEE, B WE T 85102K1
STIEIAUGESCEIESE: Crisis Text Line (Althoff et al., 2016)#& (T — 1 = B & O HE R
WHIEE, TESHZNFENSEEWIMATR AR B& &g, EXMEEETE
NIFViRl e R SCEERSE S, DB E AU T AR B EHE (Hai Liang Wang, 2020),
IE200005% DEEHEIR, ZERERANEHNEHROHPRE, IEREEESH, KE
BRI K BRI HIEST - Sun et al. (2021)7E AT OBRERSHFF & LICECT X &7, T
i i E F O IR R AT IEEUE £ PsyQA - Qiu et al. (2023) 2 PsyQAH FI I IHENE W&
POXE, W TXERFEEEMEENE . Chen et al. (2023b)i#id AVE HI T UCEE T X 1EETE
%, HETChatGPTHITES , JEAL T #2007 ) OHE R ZRAHERIEEE -

2.2  LLMs7E/CoE {5 ATE ) B

PAChatGPTHARRKIAIE S HA M HILEHE XL T BRES HEMTE, LLMsMUE
BT RS S ANINE RS, T HEMAELLBERET AT ETXERESLEYE, B
BT B4, SFEANERERERES - R MESENHER T - BRI EER R
7145 (Zhao et al., 2023; Wan et al., 2023) - FEELLMsHIIGER B, H N HTLEBOR, £
AR (Liebrenz et al., 2023) « EJT (Jeblick et al., 2023) ~ Hl#s A\ (Vemprala et al., 2023) «
YRISHERN (Liu et al., 2023b)&4T#H 12 BN A -

BE&E LLMsR B B4 K, DILLMsBOR SCHE IR LA A FE O FE (i R 15 1) 473 52 31 ik
RML HIFRTE - Wang et al. (2023a) %R T LLMs7E$R 0B (8 5 & 100 7 T AN B - A1 %
UILLMsRE KRB — @R ENEBRMFEEL, REMEIZEETHPROEER IR - Qn
et al. (2023)FIFHLLMsH & T —Fa] R A 2e B =CIIARRR I R ST, il OB @RI IAT
—MFHOTES;  Chen et al. (2023a)%R K T ChatGPTER U 1R 4= F1 38 W6 08 77,
R B E T EREMHEH I E Chat GPTIK B FIWI RALES AR RTATHE, HIEAR R T ##niit
WHLES AT RMHAFZ 5 ERRM . Ayers et al. (2023)E3 T — 2T ChatGPTHIWI R L &5
N, HCEREE RN R A B8 AR AT AR v BB BB, & A 78.6% H v B DA R W R AL
PR . HEREAE . Chen et al. (2023b)%E T ChatGLM-6BYE fy R JERERL oLy FH {43
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S ) 22 R N B SR AT O, A SR O B R S ) R T SoulChat, (SRR 1R
T2 BRE 1158 T EERS - Yang et al. (2024)E T RKIESHEEMWEZ ARG, A
— A RIHIE A OB BT PsychoGAT, S5 GRIETAAFNE, SR NELSE5EE
HAL A R — DRI AC B AR R B, 3 I % R A /O BRAF BT - Mental-LLM (Xu et
al., 2024) 7> 5IET AlpacaFIFLAN-TSEE M T E 15 038 {8 Fe ATUs 00 1 K 7 5 #8 Mental-
AlpachaffiMental-FLAN-T5, F38iE T B F)HRME - ChatCounselor (Liu et al., 2023a)5&—
PMRALOHEERE SRR SR, 5HAMBRILEG AAFAE, HE AR5 L
IR O 2 A ) 2 M IR A R RCRE - 1R (5 FH )1 B R 26 0 TGV B D7 1R ) 7
MR, SEREIE T i E AR S A SR FIME - Psy-LLM (Lai et al., 2023)& & T & &
B AART, R/ i T R e SR X B AT TR 15 B A o (B R S Fp ) A S

X BB T 00t e A B LL M s 72/ B (g PR AU . FHVE D IEBOR PRI, aX 2 VR it
ELEPOH R T TSR AL TR E e (HX AR AT EE RIS, I
BRTOIRERSCR I RE S RELE R BEHNPOE - JUEFRIREENEM, mx TR IEE
M, BT IR O R U ER R A B =, T A R B R VA R OB R ST ORI S I e R
DHFF -

3 THI[A] OB R R SRR HBUE B R A

3.1 BERIE

TENRBIRIES, BUBEUBIEMSL, ASOEFERENH OO BREIEPsyQA (Sun
et al., 2021)#F1T 2 EAHE, A REOE OH @R SZRHEIEE - PsyQABURINE B3 0B BIE,
BIZR— N OHEEBRERS &, WEER RO P#EEME LS amER - Eiizd, B
2 P & A A THE B 8 AETE R RN AN A, SRS R SIS AR EE - PsyQAR
ET SR — A O TR RS R, BT TN EM, A BREAK . B ZERE . ABR
KE TR~ KEE~ BIT ~ IBRAIER L, HA, — RIS 2 2B R - FIGEIRES T
FKIFR -

=M | MERE | St | EREE
RN 4148 18.56% | 10585
T2 3037 13.59% 6804
W 2956 13.23% 8312
NI 2923 13.08% 6911
ThH 2490 11.14% 5404
KIE 2466 11.04% | 6370
1877 2304 10.31% 5479
T 1234 5.52% 3962
Ak 788 3.53% 2236
TR | 22346 100% 56063

Table 1: PsyQAJRIA%HE

HTEROHEE R RS, ERMEEEE SR RIAMEE RGP R, Fit, &
FeXTIEEERE LI R B RIFR, ASCE o HAHA Z R s, IR B AROE O
B R SCRF 2 RN IEEE, O RE AT TR DL 55 A0 B AL Rl S50 R o B B S 2 R X
HHELE -

3.2 ZRINERH
HTRGEIR R IR R BRI, NIER A RANERN, FEEE L RIHEH
AN HBIFINE, WN9EE"% (Qiu et al., 2023), B4b, HTFBMICIHNESR, TFEMBRMEET
POER—ERIE, (mBESE « ASCE TN G EE RN, HATHTRESEIE .
H TPsyQAT BN FE I ERE 2 WD, A KIESELF-INSTRUCT T ¥ (Wang et al.,
2023b)§" TR ITEEIE - e EEARRIEE NIRRT, 38V GPT-44 B B X
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WA

KEFH: WBAEEAANGRIKE, RELIBLE G AT E?

TR BEMRTRNE SRS G, M2, BEAMEXNFHEEREZEE ML, HEE
RBAMENMESZ . BEFRHLCEME TR, 0 RRHMESZ, AT AERFT N AMEZ? 2N
HOKRAEBA? REAXRIEKH R 38255 5 O8O 22 BIFREE R0 2 IR 5 240X B 5¢ R B
B, KB E CEZIRIE, RESE . BETUERIE R, MEI230, SE R H AR,
FLSRE A DX P FE BOORE, B S e, RERME S, THE R SHEEMN 4, BFH
PR FHOX — 1, A7 mae R, .

S

KEE: REGAEH, WAASNRIKE, REAI ARG HHITFIE?

CFEE: ARGF D A GG RS SLARMESZ, K NEB S XFEMIEZ .. IROLE RS TEIAE
ArRgE—NERE, XO&E— MRS, R, BT 20D, of A4 0] S BRIk
RV RE I 2 T 2

REIE: ARG BUNRE A IRt B3R % ) )7k, B R TN IR BRI N A R

THEE XRRE RSO B IR 0 R R o] DA Bh IR AT R A s e )@ . X TR ik, RS
ARG Ty T P ACSGEE IR 2 [RIISE, ) T D B IRR 7, A A RS AL H Bl RS VR v S 4 N 2

KRB R RO, (X IR ) T R A, BT DU IS4 R

XFEE: IR — MBI IR T o T ARLEHE R 7, BRATTAT AR — Lo AN [ 1) B R Bl VoK
i%ﬁ;ﬁﬁ@o IS, fRFEX H CBEMGEB I H AE IR E ., (RE 2 M E 2 —R S, sERE
D% [[_“?

K B LR, ARG BCRA IR

YR MWFRATA DL — L F A SRS, L -3k — S FE LR IR AR BN, A IS R B R 5 =X
ﬁﬂ%ﬁﬂ‘]ﬁﬁo A, ik E AR IR RN R B 2, R i@ i2ah . W R SO A S Bl Sk ik
NLENS

KRN A RIS R R -

SCRER s IBARLF, RFFOIE P T2 I RCR R A B . W R % SRR B Z R B — AN & &
P, AERIEEHCD. RELRILTRZ BRREMEE N, RMGERERIESGH AW EI TR, IF
RS RS . i !

Figure 1: ZRXEFEHIRF]

TEIMARIESRFEIRES - RE, KB Qiu et al. (2023)F9771%, BT RGP T-44 S 583115y
R ZENE, SRARIR RN 2R -

BRALRIERN— N UAETE - BNIZETEXEER: 1. B FOHLSREIE: 83X
Fe&E A E: o 2XNERLMLSKBIE . AIFG; 3. CFRFEBIRBE & ERE RS
5 4. BRIEARGEREMF S ES R, FETK-

PR B 4 5 W B B S XA IS OB R SO X1, STIEN S A KB E 5 3FFE Z [
10K B B 2251 -

BIBRFIE N XXX

BN =P —PHAHTHTEETE

WEENZ EENTER"

Table 2: AR CHR{EBR £ P0G FIAR IR R

P Ll — M R T e Z Bl B R E AR e 2 R W 2 RN, sl TR LUE
LA AT UE R B R B il 22 B X 1

3.3 ZHWXIERFE

FHT B B e s f# i TR s, IUE RIRNIE T B S = T TR0 O3 (8 B A 1 &
BEES), NESECHE O BRIEARIES T - AL, ASTNGR—T 15O PR R A )
DR R AR T S o P i R AU 1) AR ORI A A TR - SR, T O B R AT ) DO AT B
BHEEFER S, LI ERIE AT ER B PO EIFEEAL o« MXRUL, FREUOIE B R AT H
HIEERILR A S, RHt, ASCRARAEIFE (Sennrich et al., 2016) 77 15 & & 5 & F)/0
P (g B AT DO B 1 T B R IRAE = T & BECC D IR R 2 R EUR 4 -
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N TR EEFEEA ) AR SR T SRS = A DGE AT RHRICCMT 20204478 DRI 1E £ IR
£, ETOpenNMTH Transformert& | ZrEIIFEMEAL, A4 % — D E Al A0E FH DORENF AL - 4R
Je R FZARETY T W B 30 A 00 TR {5 AR ) e S B TR AR SR AT R, R EER R O, W
FhEIRE, LR E ETRIFRARIEES, EPPh XS FERES, DUIER A
SRR TN, AT LR Rt - BB EIESE ., BESRBIIDGH
PATEERNR A, TERCE KR AIZREdE, TSR & B DR BN R o Gl e g8 st &
B, 38R DO RS R A A O PR R S R AT AU BLUEE N41.86, TN “Oh &R 87 511128 BIIX
SR AR A A O (R S T AT R 22 YR i S 45 443,39,

) B 25 07 B0 B AR T S A0 B S B R SO O (i R AR SR AT B, RS O FR R
R, A N TRIERARIERE -

3.4 BUETH%®

H AR TRNE R T TR OO DI B RS RAERIR S, #EE N8R AR RRE
HINZS « AICES & 2 FbLHI EAR AT A AT 2 -

B, ETN-gramifi 5 AN SRR, BRI R A ANE - AR SCRAICEE R R
SCAERE 7 N-gram/F51], EFN =3, JHiIBERT-BASEVIZEEFIN-gramiE FRAL . T
VAR B JE B0 O S B R 22 0 6T o R B AT N-gram P A H0PES) - ETXFEA 25
K, HEMEA P ITE N-gram F5 70 FIEE KT BEE, WREARRRENE - 7
AR, JE SRS T A B (EE K, A S iE i KRR IEH UK, MEER N, (IREE N
BIEHOLIER, PAESIERRER, FEERE0.85.

Hix, ETIRARMEMERE (Instruction-Following Difficulty, IFD) (Li et al., 2023)%f £
SERIR AT, REIRETE S WA ERUE - T T4 IR f E AR CIE S AL
EZFEAT I, VA E A KE S R RS OB (R A = FR S IRbERE ), oMb, K
SR A/ &R E EE AL TR VR UINGR, R A LS R R B e &
IRFEXMERE - HTASUEMBEER ST, h T RIEREMEENE, W& T ALk
HEERIVEE, MA100055m mERIEE - ERBEIERE, FAZEIEEN LLaMA- 218! #
eI, RBTNEEART o B FZRR I B3 5 10 O F (8 R &2 B 5o 1l BUE it 47
T, ESFESHNAEMNER, HFIRBRMNEREELERZANESR, KHAFEREE
(Conditioned Answer Score, CAS) RfiE1%Z& R, CASHREAMT R I8 NHkL - &£
WIS, GEMEN(Q, A), HIERITENR:

1 N
Lo(A]Q) = 5 D_log P(wi|Q,wil, .., wil 1;0) (1)
i=1

EA o ERNSE, NHEZAT 2R E, R R B AT F AN
. PAQ, wh, ..., wA ;)R 7 17 QR [F % ¥ Flud, . wA | 1 4 P F 18 F] oAt 1
Fo CASERI RN TRBETIESERERESREE, (BHETREZ IR LR A
SGFEERIR - N, REABHEZEZR D% (Direct Answer Score, DAS) R & A A il ZH)
MG

1 N
s0(4) =+ Y log P(wfur, . wik ;0) (2)
=1

e PwAlwd, . wh O RIEEE T, . wh H5 T EEAwA MR . DASE 5
B, FRETE AR TSRS ERESR . b T RRE RIS HIE. BEERERASH
W, LR FITFD A HORE M5 4 SR B (AR, 30T F

CAS
DAS (3)
BEIFD O EEREEE LI ER S5 A E RSN FITXFT, FRIBLHIMEETE S, iR
TR E NER] - BB BN FIIFDIEPR, 1955 950 & EdRVE s O PR R £
BXNERIESE, REEIEEWNEIFR-

IFD =

PP ET SO E AR, 53260033900, AR, P, 20244725 H %28H
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F3 | AE (FE g
BN 9296 18.592%
1545 8074 16.148%
& 6912 13.824%
NN 6846 13.69%
1h 4980 9.96%
KIE 4932 9.86%
aling 4608 9.22%
TS HH 2468 4.94%
iAR4 1884 3.77%
CE 50000 100%

Table 3: JIE OB R ZRAAEEIESE iR
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0. 25

Exy
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®
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7 8
SHER

Figure 2: JECE/OFE g FRZ ¥ B A A1

2T D7 SR EIE R T 500001 58 iE O PR BR 2 e 0P 1 K, B 2 R RHE AR AES-
12002 18], BRU A anE2 . B 3R E A — A ZERIHEIREY - X He2 (50 D E (@ R 2 FeXt i
AR50, Z*%ZIDEEZLF)T? EIﬁF‘ PR EERER SKBYE M SCRFE 2 5 ORI

TR HRIRKE, XA Tl RO SRR T EIEE .
MIERH | FHRE | CFEKE | CFEKE CREE) | CFEKE GHREE)
50000 | 6.34926 | 57.493 41.298 73.688

Table 4: FIESITEER

4 IR RS KIE SRR
4.1  FEEERIGEEE

AR IS B AN B K S B LLaMA-2f1Baichuan-21E Jy B R H i LLaMA-
2 (Large Language Model Meta AI) (Touvron et al., 2023)/& HiMeta AIZ&%E’] A

R R BB S (BN 52 FRURAORIE 2 FFEATHER! AT A 5B Baichuan
2 (Yang et al., 2023)2E N B I RER M — NIFIRRESEEL, 2 7L EI NSRS 8 i

B ot =EPEIAEES SRS E, %ﬁ&%%%%ﬁ‘tE,¢E,ZMMWH%Eé%EG
: 2R
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Q: mxagas sl Az HraE e iy Pa s af gue S §aRau g an qes s RR xe g Jsr s auags g s fa A ax alREE §R S us AR
Fo T RRR= A= Foras B guAR Py arsnerasx aqR A5E g=s| (&Eai A SRS, S = EIRER T R T RVA,
WAt E AR EZ R, A AR, WKL, AR, IREEZIR—Ledi g ? )

A @i@'ﬁﬁ'ﬁ'&ﬁR'ENV:N'@R‘N'QNN'EN‘%%‘&@N@R‘\G%‘%'@ﬁ'&ﬁ:‘ﬁ'Ng'ﬂ@’('O\%Qagﬂ'N‘iﬁ\ﬁﬂ'54?'Qﬂﬁ'ﬂlﬁﬁ'Q‘%\:N‘@i'@'gﬁ'aaw'Nﬁﬂ'%ﬁ'\ﬂ%‘%%\l'
ai:'ﬁ'aq'ru'ag‘u'iglméng@'%nl'qm'%’q'%'Q&N'maﬂ\riﬂ@qm'@m'm'E@uﬁ'&m'mmgﬁmu'iﬂ (% F 'J ﬁi M1, &ﬁ R ?E L 1ﬁ§ , X 'MI%L'
DL R AR TEIRES, EORAE LR, AR TR, RXRIREZ NHEEN, S5 R E RO
&, RERRIPOE. )

QC @5@&'ﬁm'al'sN'KR'Q’qf’-{'gai'%WRN'rifk\l'qail\!'ﬁﬁ'ﬂ@:‘@ﬁ'@ﬁﬁﬁa\'@?XR'%R@R@:WN'G@a"ﬁa'g&l‘ﬂqkﬂ'ﬁxaszﬂiaﬁﬂ (lﬁj ﬁﬂ//ﬁ E‘J _%ZWJ ,
WERAETSRS, (HIAS H CA R Z Bzl 1y, )
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5.2 BT

PR ROUGE-1 | ROUGE-2 | ROUGE-L | BLUE-4
Baichuan2-7B-base 55.07 28.55 21.64 2.94
Baichuan2-7B-chat 48.57 28.34 19.78 8.14

Llama2-7B-base 40.55 23.99 27.76 10.96
Llama2-7B-chat 25.99 15.63 7.38 5.76
MindB-Ti 83.14 41.54 44.58 28.27
MindL-Ti 65.04 34.14 40.42 27.36
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T E & AT, R AR SO IE B0 PR R 2 R 6 iE B iR SR FE AT HE S R A I gR A
FIMindB-TifIMindL-Ti5 &} B {3 B A Baichuan2-7B-base ~ Baichuan2-7B-chat ~ LLaMA2-
7B-baseFILLaMA2-7B-chat £ 5 b FISCEG 45 SR UNER 5FR - MIBEH LRI LIEE, &
SCRE AR SO D R M R 2 e AR SN TR A R E SR PR B EE N, @ EW
ANFELEERER FE AR, BE AT Mind B-TiFIMind L-TikH b2 BT 7 £ 45 68 F#E
BRIEEF, £ (ROUGE-1- ROUGE-2- GOUGE-L- BLUE-4) [ basetEAYHE T (1 F 14
B4R (28.07, 12.99, 22.94, 25.33) -~ (24.49, 10.15, 12.66, 16.4) , #HH.chati&HY3R )
SEEES I (34.57, 13.2, 24.84, 20.13) - (39.05, 18.51, 33.04, 21.6) .
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A:This is a Tibetan text that contains a list of 108 different types ofatial beings or "lower realms" that are said to exist in
Buddhist teachings. These beings are believed to inhabit various planes of existence, including hells, hungry ghosts,
animals, and humans, and are said to be trapped in a cycle of suffering and rebirth due to their negative actions in past
lives. The text provides detailed descriptions of each of the 108 types of beings, including their physical characteristics,
their suffering, and the causes of their suffering. The text also includes advice on how to help these beings through the
practice of Buddhism and the performance of rituals and offerings.

Q: A PR AN PR BN SEEEE] LR aﬁﬁ'qm':m'q%'q@x'R'@q’qx'aswrgx@ﬂ

A:This is a Tibetan sentence, which can be translated to English as: "The one who has the power to do something, but
does not do it, is like a person who has a treasure but does not use it.“ In this sentence, the word "=«" (ngas) means
"power" or "ability", and "s=&v=«" (ngyang bgyis pa) means "to have the power to do something". The word "==z=55%5"
(ngag zhabs ngan mi) means "a treasure”, and "¥=<y=%35=<<" (rtsis bkuur mi byed pa) means "to use it". The sentence is
using a metaphor to compare the person who has the power to do something but does not do it, to someone who has a
treasure but does not use it.
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