The 35th Conference on Computational Linguistics and Speech Processing (ROCLING 2023)
Taipei City, Taiwan, October 20-21, 2023. The Association for Computational Linguistics and Chinese Language Processing

The DMS-ASR System for the Formosa Speech
Recognition Challenge 2023

Hsiu-Jui Chang, Wei-Yuan Chen
Delta Management System, Delta Electronics, Inc., Taiwan
{ryan.hj.chang weiyuan.wy.chen}@deltaww.com

Abstract

This report primarily describes the techniques employed
in the Formosa Speech Recognition Challenge 2023 (FSR-
2023). In the context of this Hakka language speech
recognition competition, we compared two methods for
training speech recognition models. Specifically, we
employed both fine-tuning of pretrained speech recognition
models and direct training of end-to-end (E2E) models.
Furthermore, we utilized data augmentation techniques, such
as Multi-style Training (MTR) and spectrum augmentation
(SpecAugment), to mitigate the impact of noise on
recognition accuracy. Additionally, model weight averaging
was employed to achieve improved results.

Keywords—Hakka automatic speech recognition, end-to-
end speech recognition, pretrained asr model, finetune, model
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1 INTRODUCTION
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2 METHODS

2.1 Model Architecture
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2.1.1 Connectionist Temporal Classification (CTC)
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2.1.2 Sequence to Sequence Attention
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2.1.3 Transducer
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2.1.4 Hybrid CTC/Attention
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2.2 pretrained model
2.2.1 WavLM
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2.2.2 Whisper
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3 EXPERIMENTS

3.1 Experiment Settings
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3.2 Experiment Results
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3.2.1 Trackl Results
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TABLE Il RESULT - TRACK1
Setting CER
A Whisper-small+AdaLoRA 16.78
BSL-1 Espnet+wavim 17.11
TABLE III. RESULT - TRACK1 FINAL
Averaged Reading Spontaneous
39.79 21.15 42.67

3.2.2 Track2 Results
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TABLE IV. RESULT - TRACK2
Setting TER
A branchformer+ctc-attention 16.45
B zipformer transducer 9.98
C wavlm-large+conformer ctc-attention 5.9

TABLE V. RESULT - TRACK2 FINAL
Averaged Reading Spontaneous
35.99 10.9 39.68
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4 CONCLUSION
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