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Abstract

The proliferation of telecom internet fraud cases has brought huge security threats to
society, so it is urgent to classify and detect telecom Internet fraud accurately and
efficiently. The purpose of this study is to explore a series of optimization strategies for
the classification of telecom Internet fraud cases, and rank first in the technical evalu-
ation contest of ”telecom Internet fraud case classification evaluation”. This study is
based on a text classification model and employs techniques such as BERT’s continuous
pre training, FreeLB’s adversarial training, and model fusion. Through the continu-
ous pre training of BERT, the model has better semantic understanding and feature
extraction capabilities. Through FreeLB’s adversarial training, the robustness of the
model is enhanced, enabling it to better cope with noise and interference. In addition,
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this article adopts the method of model fusion to fuse the prediction results of multi-
ple models, further improving the accuracy of classification. The experimental results
show that the optimization strategy in this paper has made significant achievements
in the competition, which proves its effectiveness and superiority in the classification
of telecom Internet fraud cases. The results of this study are of great significance for
improving the classification performance of telecom Internet fraud cases, and provide
a useful reference for research and practice in related fields.
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KA 2 Wilss A
Mask probabity 0.15 -
YIZREREL 5 3

E S 5e-5 2e-5

P R AR EL 0.01 0.01
batch size 128 64
BEHLRR T 42 42
BINFFIRARKEE  1024/512  1024/512
Rt AdamW  AdamW
Warm up ratio 0.1 0.1

Lr schedule 0.1 0.1
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(Dchinese-roberta-wwm-ext-large(TIIZ5AT) 9: 1 512 0.846889077
(2chinese-roberta-wwm-ext-large(TIZRF) 2EiHiE 512 0.8589623748
(3nezha-base-wwm (T ZRH]) 9: 1 1024 0.8582825466
(Dnezha-base-wwm (THIIZRHT) eEHEIE 1024 0.8596631322
(®nezha-base-wwm (TIZ5)F) 2EidE 1024 0.8619108232
(DErlangshen-DeBERTa-v2-320M-Chinese (T ZRF7)  9: 1 512 0.8582825466
®FErlangshen-DeBERTa-v2-320M-Chinese(TiII%5/5) 2E%#IE 512 0.8595019184
(@Erlangshen-DeBERTa-v2-710M-Chinese( Tl ZRF1) ®E2#HIE 512 0.8611721092
@O+ - - 0.8621353191
®+® - - 0.864710651
B+®+©® - - 0.8660677395
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