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Abstract

Named entity recognition (NER) aims to automatically detect specific entity spans with
predefined categories (e.g., person, location), and classical named entity recognition is
the important premise to explore and organize classical Chinese humanistic knowledge
by recognizing person, book and official position entity. Most existing Chinese named
entity recognition methods focus on modern literature, but classical NER possesses
significant challenges in entity ambiguity and boundary fuzziness. Due to the concise
writing style in classical text, single word expression exacerbates the ambiguity prob-
lem, and the increased difficulty of sentences and phrases makes the entity boundaries
more challenging. To solve above challenges, this paper proposes the information the-
ory constraint and paragraph based classical NER framework. Specifically, we retrieve
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the source information of classical text to inject the paragraph prior knowledge, and
perform the data augmentation via sliding window on text from the same paragraph,
introducing background knowledge and alleviating the entity ambiguity issue. In ad-
dition, we constrain the feature encoding of entity context and surface name from the
perspective of information theory to maximize the general features and reduce redun-
dant information, mitigating the entity boundary fuzziness. Experimental results show
that our method based on token-wise and span-level aware NER framework achieves
the best performance in classical NER.

Keywords: Classical Named Entity Recognition , Entity Ambiguity , Entity
Boundary Fuzziness , Information Theory , Paragraph Information
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1 [ENREE A R ] 94.34 81.99 85.34 72.11
5 FIREE A R 94.72 84.78 87.39 75.67
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FATVRAG o FEE RIJERFIREAIE NN, ROUGE-2+ ROUGE-L « BLEUFEFRERREZ 8500, X th
PUE T EATZ BT IEAE; (HROUGE-1ENH I 1 FARANREN, ATseimai RA, gL E=
SERRE RS ROIEREIAZ, &R RETEPRI SRR - 2

4 MXRIAE

C2H Z MR R S T 6 4 SR BIES - RN T/AEETFIIRE
e, R AT RS B tokenbRE N — M HA RS, NTIRAE HAFRIFREMRTT,
WIBIOEBIOES, %A S RAIRE, JEHIEWB-PER ~ [-PERMSEAIRE - Z J5 R fiv 44 52
AR AR S5 T Htokenfl) 43 KAESS, T4 A W EWLE %S P IIMERT - [E 5 /R A R
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FRAFEHPER ~ BOOK - OFTHRIR « ANELj HARRE , HANZR BRGSO, Uk SR G RANA], R T
M2 o [FIVRAEASR B L “an* iR B85 3R+ (7 20N g “H 2K 5] FHPER « BOOK « OFTHRIRZ J5”
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