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Abstract

Named Entity Recognition (NER) tools have been
in development for years, yet few have been aimed at
medical documents. The increasing needs for
analyzing medical data makes it crucial to build a
sophisticated NER model for this missing area. In this
paper, W2NER, the state-of-the-art NER model, which
has excelled in English and Chinese tasks, is run
through selected inputs, several pretrained language
models, and training strategies. The objective was to
build an NER model suitable for healthcare corpora in
Chinese. The best model managed to achieve an F1
score at 81.93%, which ranked first in the ROCLING
2022 shared task.
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Figure 3: Overall NER architecture. CLN and MLP represent conditional layer normalization and multi-layer perceptron. §3
and @ represent elemeni-wise addition and concalenation operations
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