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Abstract

In this paper, the Mandarin-English code-
switching speech synthesis system has been
proposed. To focus on learning the con-
tent information between two languages,
the training dataset is multilingual artifi-
cial dataset whose speaker style is unified.
Adding language embedding into the sys-
tem helps it be more adaptive to multilin-
gual dataset. Besides, text preprocessing is
applied and be used in different way which
depends on the languages. Word segmen-
tation and text-to-pinyin are the text pre-
processing for Mandarin, which not only
improves the fluency but also reduces the
learning complexity. Number normaliza-
tion decides whether the arabic numerals
in sentence needs to add the digits. The
preprocessing for English is acronym con-
version which decides the pronunciation of
acronym.
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