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Abstract

Chinese handwritten address recognition of
consignment note is an important challenge
of smart logistics automation. Chinese
handwritten characters detection and
recognition is the key technology for this
application. Since the writing mode of
handwritten characters is more complex
and diverse than printed characters, it is
easy misjudgment for recognition.
Moreover, the address text occupies a small
proportion in the image of the consignment
note and arranged closely, which is easy to
cause difficulties in detection. Therefore,
how to detect the address text on the
consignment note accurately is a focus of
this paper. The consignment note address
automatic detection and recognition system
proposed in this paper detects and
recognizes address characters, reduces the
probability of misjudgment of Chinese
handwriting recognition through language
model, and improves the accuracy.
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