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Abstract

The study of automatic poetry writing is an important area of study in natural language
generation and is considered one of the most challenging and interesting tasks. In this
paper, a method for generating Tibetan poems based on pre-training and control code
methods is proposed. The quality of the generation was significantly improved after
fine-tuning on the Tibetan pre-trained language model. However, the introduction
of the control code method has largely ensured the degree of deduction, that is, the
average coverage of keywords in the generated poems is high. In addition, the richness
of vocabulary is not only improved in generative poetry, but also the diversity of
generative results is significantly improved. Tests have shown that the generation
method based on pre-training and control code methods is significantly better than the
baseline method.

Keywords: Tibetan poems automatically generated , Tibetan pre training model ,
Control code method
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