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Abstract

For professional technical text keyword extraction problems, relevance and specificity
are crucial, in order to achieve keyword extraction with relevance and specificity, we
take semantic information, sequence relations and syntactic structure into account.
Extraction of text semantic information using pre-trained language model BERT; We
construct semantic association graph using sequence relation and syntactic structure,
in order to capture long-distance semantic dependencies between words; We calculate
keyword weights based on random walk algorithm and lexical knowledge, in order
to take into account the relevance and specificity of keywords. Experimental results
on professional text datasets show that keyword extracted by our model have better
relevance and specificity.

Keywords: Keyword extraction , Syntactic structure , Semantic information ,
Profesional text
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e TPR (Liu et al., 2010): $&H 1 ReAE B 1A B L REALIE 7 fF 9 7E 2 AR £ R_EFELIF
EREE, EARTE- N 23T B EEREFENE, e KESCREERS IR E
TR RAHRS 5L
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. . TOP5 TOP10

LEEES Tk Precision% Recall% F1% | Precision% Recall% W%
TripleRank 11.9 14.5 12.5 9.2 19.8 11.8

ISKE 12.0 14.3 12.3 9.1 22.0 12.2

GTCRank 8.7 11.1 9.4 7.9 20.1 11.2

KDD PositionRank 11.7 14.2 12.2 9.0 19.9 11.7
YAKE 3.1 4.0 3.4 3.5 8.8 4.8

TPR 8.1 9.7 8.5 7.4 16.4 9.7
RSKeyRank 13.9 15.6 14.7 11.3 25.3 15.6
TripleRank 12.9 14.2 12.9 10.1 19.6 12.5

ISKE 12.8 13.9 12.7 10.2 19.8 12.6

GTCRank 9.9 11.3 10.1 8.8 19.4 11.6

WWW | PositionRank 12.4 13.6 12.3 9.9 19.7 12.3
YAKE 4.4 5.0 4.5 3.9 8.6 5.1

TPR 94 10.2 9.3 8.5 16.7 10.5
RSKeyRank 15.5 17.6 16.5 12.2 26.7 16.7
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