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Abstract 

We use the MacBERT transformers and 
fine-tune them to ROCLING-2021 shared 
tasks using the CVAT and CVAS data. We 
compare the performance of MacBERT 
with the other two transformers BERT and 
RoBERTa in the valence and arousal 
dimensions, respectively.  MAE and 
correlation coefficient (r)  were used as 
evaluation metrics. On ROCLING-2021 
test set, our used MacBERT model 
achieves 0.611 of MAE and 0.904 of r in 
the valence dimensions; and 0.938 of  MAE 
and 0.549 of r in the arousal dimension.  
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 (Chinese words) (Yu et al; 
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1

9 1
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 (Wang et al., 2020)  

(Yu et al., 
2018)  

3 NCU-NLP  

 MacBERT (MLM as 
correction BERT) (Cui et al., 2020)

MacBERT BERT
 BERT 

 (Masked Language Model, MLM)
n-gram

1-gram  
4-gram 40% 30% 20% 10%  

MacBERT  [MASK] 

 [MASK] 
 (synonyms toolkit) 

Word2vec (Mikolov et al., 2013)
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4  

4.1  

 (Chinese 
Valence-Arousal Text, CVAT) (Yu et al., 2016b) 
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2,969 (Yu et al., 2016a)
CVAS 2582
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4.2  
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4.5  

3 Valence CVAT+CVAS
MacBERT MAE

CVAT 0.014 r
0.004 Arousal CVAT

MAE  CVAT+CVAS 
0.051  CVAT+CVAS  r 

CVAT
0.033  

r
CVAT+CVAS Valence
Arousal CVAT MAE 

Valence CVAT+CVAS
Arousal CVAT  

5  

CVAT
MacBERT Valence MAE r

0.625 0.9 Arousal MAE r
0.938 0.549 CVAT+CVAS

 MacBERT Valence MAE r
0.611 0.904 Arousal MAE r
0.989 0.582 r
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