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Abstract

In recent years, speech synthesis system
can generate speech with high speech qual-
ity. However, multi-speaker text-to-speech
(TTS) system still require large amount of
speech data for each target speaker. In
this study, we would like to construct a
multi-speaker TTS system by incorporat-
ing two sub modules into artificial neu-
ral network-based speech synthesis system
to alleviate this problem. First module
is to add speaker embedding into encod-
ing module for generating speech while a
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large amount of the speech data from tar-
get speaker is not necessary. For speaker
embedding method, in our study, two
main speaker embedding methods, namely
speaker verification embedding and voice
conversion embedding, are compared to de-
ciding which one is suitable for our person-
alized T'TS system. Second, we substituted
the conventional post-net module, which is
adopted to enhance the output spectrum
sequence, to further improving the speech
quality of the generated speech utterance.
Here, a post-filter network is used. Finally,
experiment results showed that the speaker
embedding is useful by adding it into en-
coding module and the resultant speech
utterance indeed perceived as the target
speaker. Also, the post-filter network not
only improving the speech quality and also
enhancing the speaker similarity of the gen-
erated speech utterances. The constructed
TTS system can generate a speech utter-
ance of the target speaker in fewer than 2
seconds. In the future, we would like to fur-
ther investigate the controllability of the
speaking rate or perceived emotion state
of the generated speech.
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Tacotron 2 64 99k
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Model MCD
VC-Post-Filter  9.6240.42
VC-Post-Net 10.16+0.53
SV-Post-Filter 9.29+0.85
SV-Post-Net 10.2940.72
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Model Similarity
VC-Post-Net 2.70+0.41
VC-Post-Filter  3.75+0.71
SV-Post-Net 2.31+0.18
SV-Post-Filter  3.51+0.32

Table 4: MOS E£#FFA] » VC F» SV 8935 404
B

Model Parameters
Baseline 29M
Our propose 45M
Post-Net 4M
Diffwave Post-Filter 2M
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Tacotron 2 # Post-net » &M FEREH » 242
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