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;}ﬁ §:i4 dysarthria. However, this type of assistive

devices demands a large amount of voice

GER SR R A R % data . from patients t(? incr.ease.: .the
Frocns k2 - o Ra inkE WELTE R efféctlveqess. In the meantlme., this will s%nk
;ﬁ Rl kR A HacE oA gatlgnts 1]1;‘[0 an ov}::rwhelimgg 1r.ecordlhnlg
Fder 2 nmige 3 E0 0 0 AR urden. Due totose.llcutles, t.1s
i research proposes a voice augmentation
LA D R R SR R é, ik system to conquer the aforementioned
BEBEIRSRLY R SRR E Mp concern. Furthermore, the system can
T EEEP TR 517~T§ et 2 improve the recognition efficiency. The
2k B A4 ﬂ ER RN S S results of this research reveal that the
B EAFE 2 a0 plob s g Jﬁ proposeq speech generator system for
Freetalk i T ch3 2042 2 & 7 E; dysarthria can launch corpus to be more

similarities to the patient's speech. Moreover,
the recognition rate, in duplicate sentences,
has been improved and promoted to the

64.42%'% 2 439% - @ gt = & F
*‘;é\UQﬁﬂ 2 /Z%‘é‘f/iiﬁﬁ-f—%?ﬂﬁ

“rfles o higher level. The word error rate can be

reduced from 64.42% to 4.39% in the case of

Abstract patients with Free-talk. According to these

results, our proposed system can provide

Voice-driven communication aids are one of more reliable and helpful technique for the
the methods commonly used by patients with development of communication aids.
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Dysarthirc Speech Generator: StarGAN
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