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Abstract

With the widespread commercialization of
smart devices, research on environmental
sound classification has gained more and
more attention in recent years. In this paper,
we set out to make effective use of large-
scale audio pretrained model and semi-
supervised model training paradigm for
environmental sound classification. To this
end, an environmental sound classification
method is first put forward, whose
component model is built on top a large-
scale audio pretrained model. Further, to
simulate a low-resource sound classifica-
tion setting where only limited supervised
examples are made available, we instanti-
ate the notion of transfer learning with a
recently proposed training algorithm
(namely, FixMatch) and a data augmenta-
tion method (namely, SpecAugment) to
achieve the goal of semi-supervised model
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training. Experiments conducted on bench-
mark dataset UrbanSound8K reveal that
our classification method can lead to an
accuracy improvement of 2.4% in relation
to a current baseline method.
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