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Abstract

Social media networks provide rich and diverse information, making opinion analysis and
network volume analysis a new method to investigate and understand the market. Sentiment
analysis aims to determine the emotional category in a given text. Since there might be several
targets being commented on in the text, Aspect-base sentiment analysis (ABSA) has been
proposed to explore the sentiment categories of a target in different aspects. In this paper, we

explore the idea of ABSA for sentiment analysis of singers on social networks. We utilize
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BERT as the embedding layer method for characters and words to explore the relationship
between a given sentence and a mentioned target. We consider two attention mechanisms to
enhance the performance. The experimental results show that adding the attention layer on top
of BERT outperforms the basic BERT-CLS model.

BRSEE SRR RO > BRE BIRERET
Keywords: Deep Learning, Sentiment Analysis, Aspect-based Sentiment Analysis.
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PE

Z% 1~ Aspect-Based EFRIEELGET
Dataset # of Sent. Class # Distinct
Negative Positive Neutral Targets
Training 1,238 30 426 782 247
Testing 705 17 313 375 189
AP Kappa {E2Ma1R 3 40 A BHYIE RS0 BLA 8 2 B S RS Y — 24

#%4H Kappa {E77 4 £ 0.66 ~ 0.66 ~ 0.70 - #B2EEF] 0.6 DAL » #R¥E Kappa {HAVIEAE -

AP — SO T B -

i~ EEREER e RS
(—)Bert HAIHE

AP EL B Bk A BERT 1Y pooler output Ay tHHY 34 H SR & CLS Z T
&ERAHURy Baseline - fE[LRETE BERT CLS - Bttt ] BERT iR A J50% » (5
2% FRSTCA R ER JI1E5 AOA ~ DA DL R DAOA - #f¢s St )+ H 12

Z BRI RE - S5 800y > RIS AR I HE - 1A CLS mEK

PRET B RESENIIRAE - STAEIIANER 2 FiR @ RIPHVEEFARIARGEE - #
RISATT 10 I PHIHIEESR -
7 2~ BERT I 7 58

Model F1-Score Accuracy
Negative | Positive | Neutral | W. Avg (%)
BERT CLS 0.428 0.705 0.758 0.726 72.81
BERT-AOA 0.334 0.715 0.759 0.728 73.16
BERT-DA 0.289 0.689 0.746 0.710 71.49
BERT-DAOA 0.107 0.703 0.758 0.719 72.40
BERT-CLS-AOA 0.321 0.711 0.756 0.726 72.65
BERT-CLS-DA 0.250 0.698 0.753 0.718 72.10
BERT-CLS-DAOA 0.208 0.700 0.760 0.721 72.70
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