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Abstract

As the crystallization of human wisdom and civilization, Language is a complex system
formed after a long evolution. Language concurrency network utilizes complex network
techniques to study the linguistic features and reveal the internal structure of languages.
In this work, we analyze the modular structure co-occurrence network and proposes
a similarity-based method for constructing Tibetan word co-occurrence networks, in

which Tibetan words serve as the nodes, and the similarity metrics among words serve

509 - 517 2020 10 30 1 1
(c) 2020



HE S

as the edges. We established of similarity-based word co-occurrence network on three
types of documents in terms of size, namely, large, medium and small. and analyzed
their statistical features. The experimental data indicated that the Tibetan word co-

occurrence networks have small-world effects and scale-free features.

Keywords: Natural Language Processing , Tibetan , Word Embedding ,

Similarity , Co-occurrence Network
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1. fori=1—|V|do

2: for j=1—|V]| do

3: if v; == v; then

4: stmilarity list[j — 1] =0 v; Fl vj AE—EE, FHLEE N 0
5: else

6: x < By,m B x N vy Wi &, By, A v B9 one-hot [n] &

7: y < By,n Hy R vy BYiEIEL, By, 4 v; 1Y one-hot [f] &t

8: similarity_list]j — 1] < similarity(z,y) VFEAE H A7 B4
9: end if

10: WE n

11: while j < n do
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13 uj < V]index]
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21: end if
22: end while
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24: end for
25: end for
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