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Abstract

Reading comprehension question answering system uses natural language processing
technologies such as semantic understanding to analyze unstructured documents and
generate answers, which has important theory value and vast application prospect.
However, the costs of obtaining training samples for reading comprehension model are
expensive and the user questions are complex and diverse in the vertical field, which
leads to the poor accuracy and robustness. In response to the problem, this paper
proposes a data enhancement method for reading comprehension question answering
in the vertical field, which constructs training samples based on real user questions. So
that it can reduce the cost of annotation and increase the diversity of training data.
The experiments are carried out with the data in the automobile field and the results
show that the method can effectively improve the accuracy and robustness of reading
comprehension model in the vertical field.

Keywords: Reading comprehension , Data enhancement , Question answering
System
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T S PRAR ) AR Y o (BRI BRI 4 w10 THE AU E B RR, AT, N EE
I E R FIR A, R, TE] A 2 AT A S B S R R AR A N R 2 T
3,
FEFEG P R AR B R T R, FRUE A SR A IRIREZ 5 H BRI BRI =01
HERXATRBE— ZHERE, WM SETER A H 38 SOss f s & s s . SR
T R AR — (R R, ER IR TR E . R B A T B TR S B I SR
A, SRR AIIGEIR AT 7, HINNGEIRRE RSN, WM AR f RS
e . FENLARRSEAR S, L AER R R LUT LR

(1) ZBRWEAE, FIRHIMSAIAE B shxhHERETIRE (H et al., 2019), &Y%
|, WINEGRRIER - R, XMAESSIARRIIERS , IR AE R, L, 20
AR BN E—B T ZREEHIN, ERMIRNEMENERTOTFE, HFawmiiEil
ORI TE S FRAR

(2) [REARLTTEE, FI R AR BRI ZE R [R] U GA (Kim et al., 2019; Zhao et
al., 2018), SEIMIEINAERIAMZHEN: - 2, HEIFIERBE AN GG K2 Bk =&Y
FIVEIFE AT, AE AR PR E M DA ], SR SR E IR R E R, P R AR
=,

(3) FEAERITE, HERMER, BEMABREM U REGE A 1ENE R E,
FRRYE SURS N A ANZ A B AE AR R (R, X N TR 2 8 B33 B PR 2508 RN AT 44 3E 44
i, BEM KPR AMESIR MR R MERZEE - (HR2ZFESIAMRERKR, BT REEREL
THNRRE, HEERFBOERCAT « REME RS T EHSTINRE, EERIRENER,
I ERIR R E -

bR T AR R BN E AR R, AR T ARG SR S SE RN R IS A &R
SRR S N HEGE 2 R PE R ZE, BTN AR . A5, EEESET, SEAIEL,
MR R, MTAEHRATAESHEN, FmfR e sl A m oy S0 s rEdE, R
RN, Ao N R R . BtE.

e R EMEEE N

[ \
=7tAh (£m, Ex, 8%)
#J¥5 [5)E0 ERRERHIERMN?

B RS T1933 4 4 B ARSI SRt B/ EReaE_+1
ERABRE (BFEL) gHAEHESD. FELRIOZMERMDLR
E R R~ SRS . FEAFALS) (ToyotaMotorCorporation) , EI#RFH

S (TOYOTA) , B—RREBREAAZNE:ARARSHBXTRNAAR

LHIEAS), BT=HMisu)Hil. FEEZEREHFHEE—NSELS

AE), 20120 EBBHRE, 03FEMHE10100FAE, 25—
\ BIEFETHENLNE . MEATEESRFY. HESRENELT )
\ RETETIWNEAKRE. 2016EE (ME) HR5002E04. /

B 1. AR B T ARSI SRR

©2020 FEFTEBEFT¥ERS
RHE (Creative Commons Attribution 4.0 International License) ¥FA] AR

256 - 265 2020 10 30 1 1
(c) 2020



HEESY
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BESE | OEH | MEEH | REKE | ERKE | XEKE
Train 610 1998 19 8 832
Test 295 748 20 12 920
Robust_test 2312 1998 20 11 920
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4.2 XTHSEE

R T B UE A SCER BB SR T AR U, A SCHBERT baset R E Sy FE VR 31T 50
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T BB 1458 7 TAED A (Wei and Zou, 2019): W JRIAYIZREESE A 0 i @ AT 0 3 ([H]
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BRI (PG) - A CHTREGEE R IE .

DL =M B AR SR AT S A PR 5 A SE90 25 SN B4R EISFT7 o TEAANR Ny g RN
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HJAlbert xlargef& B 17505, EHHBatch_size 6, Epoch 4, HAMSEUREE .
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