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Abstract

This thesis studies and implements the real time Chinese speech synthesis system. This

system uses a conversion model of the text sequence to the Mel spectrum sequence, and then
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concatenates a vocoder from the Mel spectrum to the synthesized speech. We use Tacotron2
to implement a sequence-to-sequence conversion model with several different vocoders,
including Griffin-Lim, World-Vocoder, and WaveGlow. The WaveGlow neural network
vocoder, which implements the reversible codec function, is the most prominent, and is
impressive in terms of synthesis speed or speech quality. We use a single speaker with
12-hour corpus implementation system. In terms of voice quality, the MOS of the synthesized
system voice using the WaveGlow vocoder is 4.08, which is slightly lower than the 4.41 of
the real voice, and far better than the other two vocoders (average 2.93). In terms of
processing speed, if the GeForce RTX 2080 Tl GPU is used, the synthesis system using the
WaveGlow vocoder produces a voice of 10 seconds and 48 kHz in 1.4 seconds, so it is a real

time system.
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