




(a) Heatmap for Q2 and Q3. (b) Heatmap for Q2 and Q4.

(c) Heatmap for Q2 and Q5. (d) Heatmap for Q3 and Q4.

(e) Heatmap for Q3 and Q5. (f) Heatmap for Q4 and Q5.

(g) Heatmap for Q6 and Q7. YES, X/R/P/HS – YES, xenophobic, racist,
prejudices or hate speech

Figure 9: Contingency and correlation heatmaps for the Bulgarian tweets for different question pairs.
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(a) Heatmap for Q2 and Q3. (b) Heatmap for Q2 and Q4.

(c) Heatmap for Q2 and Q5. (d) Heatmap for Q3 and Q4.

(e) Heatmap for Q3 and Q5. (f) Heatmap for Q4 and Q5.

(g) Heatmap for Q6 and Q7. YES, X/R/P/HS – YES, xenophobic, racist,
prejudices or hate speech

Figure 10: Contingency and correlation heatmaps for the Dutch tweets for different question pairs.
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H Geographical Distribution: English
and Arabic

Figure 11 shows the geographical distribution of
the annotated tweets for English and Arabic. We
consider the country of the tweet author or the
original author in case of a retweet. We can see that
most English tweets come from USA, UK, Canada,
and India, while most Arabic tweets come from the
Gulf region (KSA, UAE, Qatar, and Kuwait). Yet,
for both languages, we have tweets from multiple
countries, which means that there is good diversity
of interests, topics, style, etc.

We did not perform this analysis for Bulgarian
and Dutch, as these are less international languages,
and their speakers are mostly concentrated in Bul-
garia and the Netherlands, respectively.

(a) English dataset

(b) Arabic dataset

Figure 11: Distribution by country for English and Ara-
bic tweets.
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I Verified and Unverified Accounts:
English and Arabic

We study the correlation between tweet labels and
whether or not the original author of a tweet has
a verified account. Verified accounts include such
by government entities, public figures, celebrities,
etc., which have a large number of followers, and
thus their tweets typically have higher impact.

Figure 12 shows that verified accounts tend to
post more tweets that contain factual claims than
unverified accounts (Q1), and their tweets are less
likely to contain false information (Q2), are more
likely to be of interest to the general public (Q3),
and are less likely to be harmful (Q4 and Q6).

Based on this study, we have added correspond-
ing features for our models.
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Figure 12: Verified vs. non-verified account distribution for English and Arabic across the different questions. NA
refers to tweets that have not been labeled for those questions, they are identical to the tweets categorized with the
label NO in Q1.
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J Multimedia in Tweets: English and
Arabic

In this subsection, we study the correlation between
whether a tweet contains multimedia (image or
video) and the annotation labels. Generally, people
trust videos more than images or plain texts, which
suggests that tweets with video could have a higher
impact. Figure 13 shows the distribution of media
types for English and Arabic.

We can see that if a tweet contains multimedia
content, it is likely to contain a factual claim (Q1),
to have a higher impact to the general public (Q3),
but it is less likely to contain false information
(Q2) or to be harmful to the society (Q4). These
observations in part motivated us to model the use
of multimedia as part of our features.
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Figure 13: Distribution of media types in English and Arabic tweets.


