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Abstract

Recent advances in Natural Language Process-
ing (NLP) have underscored the crucial role
of high-quality datasets in building large lan-
guage models (LLMs). However, while exten-
sive resources and analyses exist for English,
the landscape for East Asian languages, partic-
ularly Chinese, Japanese, and Korean (CJK),
remains fragmented and underexplored, despite
these languages serving over 1.6 billion speak-
ers. To address this gap, we investigate the
HuggingFace ecosystem from a cross-linguistic
perspective, focusing on how cultural norms, re-
search environments, and institutional practices
shape dataset availability and quality. Draw-
ing on more than 3,300 datasets, we employ
quantitative and qualitative methods to exam-
ine how these factors drive distinct creation
and curation patterns across Chinese, Japanese,
and Korean NLP communities. Our findings
highlight the large-scale and often institution-
driven nature of Chinese datasets, grassroots
community-led development in Korean NLP,
and an entertainment and subculture-focused
emphasis on Japanese collections. By uncover-
ing these patterns, we reveal practical strategies
for enhancing dataset documentation, licensing
clarity, and cross-lingual resource sharing, guid-
ing more effective and culturally attuned LLM
development in East Asia. We conclude by dis-
cussing best practices for future dataset cura-
tion and collaboration, aiming to strengthen re-
source development across all three languages.

1 Introduction

With the emergence of Large Language Models
(LLMs) transforming the field of Natural Language
Processing (NLP)(Kenton and Toutanova, 2019;
Brown et al., 2020; Achiam et al., 2023), the im-
portance of high-quality datasets in model develop-
ment has become increasingly critical. For datasets
to be valuable in this context, they must meet both

∗Work done during internship at SAIONIC AI.
†Corresponding author.

quantitative requirements (sufficient size and cover-
age) and qualitative standards (reliability and repre-
sentativeness). While English-language resources
have been extensively studied, the landscape of
datasets for East Asian languages—particularly
Chinese, Japanese, and Korean (CJK)—remains
comparatively underexplored(Joshi et al., 2020;
Bender, 2019). This gap is especially noteworthy
given that these languages collectively serve over
1.6 billion speakers and originate from major hubs
of technological innovation.

In recent years, platforms such as Hugging-
Face have emerged as central repositories for dis-
tributing and accessing NLP datasets, making
these resources widely accessible while introduc-
ing new challenges in dataset discovery, quality as-
sessment, and cross-lingual collaboration(Hugging
Face, 2023; Lhoest et al., 2021). These challenges
are particularly pronounced for CJK languages due
to their unique linguistic features, distinct cultural
contexts, and varying approaches to data sharing
and documentation.

While CJK languages play an increasingly im-
portant role in global NLP research, several critical
issues need to be addressed. First, there is a lim-
ited understanding of how dataset creation patterns
differ across these language communities—and
how those differences reflect their respective NLP
ecosystems. Second, although cultural and insti-
tutional factors evidently influence dataset gener-
ation, their specific impacts on dataset character-
istics and quality have yet to be systematically in-
vestigated. Third, the potential for cross-lingual
synergies among CJK languages remains largely
untapped, despite their many shared cultural and
linguistic foundations. For instance, while bench-
marks like MMLU(Hendrycks et al., 2020) are be-
ing generated in multiple languages, insufficient
comparative analysis exists regarding how these
variants differ from traditional parallel corpora or
how download patterns across regions reflect dis-
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tinct cultural preferences. To address these chal-
lenges, this study investigates the HuggingFace
ecosystem for Chinese, Japanese, and Korean NLP
resources, focusing on dataset development and us-
age patterns. The specific objectives of this work
are to:

• Examine the current landscape of CJK
datasets on HuggingFace, including key meta-
data such as domain, dataset size, documenta-
tion practices, and usage statistics.

• Analyze the cultural characteristics and devel-
opment patterns underlying dataset creation in
each language community, highlighting com-
monalities and differences in curation and doc-
umentation.

• Identify potential synergies and cross-lingual
opportunities among the three languages, and
propose strategies for more effective, collabo-
rative dataset development.

2 Related Work

Documentation efforts for CJK language resources
have expanded over time. For Chinese, Tao et al.
(2009) introduce systematic approaches for con-
structing and evaluating linguistic data resources,
while Li et al. (2023a) compile a comprehensive
repository emphasizing accessibility and classifi-
cation frameworks. In the Korean context, Cho
et al. (2020) survey existing NLP resources, and
Cho et al. (2023) examine how local research cul-
tures influence resource development. However,
these studies largely predate large generative mod-
els and rely on GitHub as the primary hub, while
systematic analyses of CJK datasets within newer
ecosystems like HuggingFace remain rare.

Major multilingual projects including Big-
Science(Le Scao et al., 2023), CC100 (Wenzek
et al., 2019), and LAION (Schuhmann et al., 2022)
expand non-English data availability, yet don’t in-
vestigate cultural factors affecting dataset usage
within communities. The movement toward im-
proved dataset documentation (Gebru et al., 2021)
highlights ethical considerations, though adoption
varies across languages and platforms.

HuggingFace has emerged as a central reposi-
tory for NLP resources, but studies flag challenges
including inconsistent documentation (Yang et al.,
2024), limited transparency (Pepe et al., 2024), and
ambiguous licensing. These issues underscore the

need to examine dataset curation in cultural con-
texts (Lhoest et al., 2021). Recent work by Darg̀is
et al. (2024) offers insights for building evalua-
tion frameworks for languages with particular traits,
yet no study comprehensively analyzes how CJK
dataset ecosystems are shaped by local research cul-
tures, licensing preferences, and community-driven
development.

Building on these perspectives, our research pro-
vides the first large-scale, comparative analysis of
CJK datasets within the HuggingFace ecosystem,
investigating how cultural contexts and documenta-
tion standards influence dataset usage patterns and
resource quality.
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Figure 1: Datasets of each language sorted by number of
downloads in descending order. Based on the decreasing
pattern of downloads, we set the cutoff point at 700.

3 Method

3.1 Data Collection
We systematically collected dataset informa-
tion from the HuggingFace platform using their
Datasets API. Our data collection strategy focused
on identifying actively used datasets for each target
language (Chinese, Japanese, Korean, and English
as a reference).

To determine a cutoff point for dataset inclusion,
we analyzed the download frequency distribution
for each language (Figure 1). The download counts
follow a power-law distribution, with all languages
showing consistent patterns. The distributions con-
verge around the 700th dataset, where download
counts fall below 100. Beyond this point, we ob-
serve minimal engagement and declining documen-
tation quality. This natural boundary led us to set
our cutoff at 700 datasets per language, ensuring
both coverage and quality.

Datasets were retrieved from https://huggingface.co
/datasets using language filters and download frequency
sorting. All statistics were recorded on January 28, 2025.
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Category Evaluation Metrics

Scale & Composition
Dataset Size: Distribution across size categories (small, medium, large, extra-large)
Language Makeup: Distribution of monolingual, English-paired, and multilingual datasets
Task Types: Distribution of major NLP tasks (text generation, QA, classification, etc.)

Development Patterns
Ownership Structure: Proportions of corporate, institutional, and individual contributions
License Types: Distribution of permissive, copyleft, unknown, and other licenses
Community Activity: Dataset creation trends and instruction tuning development

Documentation Quality
Academic Validation: Presence of associated arXiv papers and research citations
Documentation Standards: Adherence to HuggingFace dataset card templates
Documentation Depth: Comprehensiveness of dataset descriptions and README files

Cultural Characteristics
Domain Focus: Specialized fields (e.g., medical, entertainment, content moderation)
Resource Development: Approaches to dataset creation and curation
Community Priorities: Language-specific preferences and development patterns

Table 1: Analysis framework for CJK datasets, organized by category.

For each dataset, we extracted metadata across
four categories: Scale & Composition (dataset
size, language combinations, task types, tempo-
ral patterns), Development Patterns (ownership,
licensing, community metrics), Documentation
Quality (dataset cards, citations, README files,
metadata completeness), and Cultural Charac-
teristics (domain focus, development approaches,
community patterns).

In addition, we collected the complete dataset
cards to analyze documentation practices and cul-
tural characteristics in depth. We will release the
full metadata and dataset card contents as a public
resource upon publication.

3.2 Analysis Framework

Our analysis framework combines quantitative and
qualitative approaches to examine CJK language
datasets. Table 1 presents our analysis metrics
across four main categories. For quantitative analy-
sis, we focus on measuring dataset sizes, language
distributions, task type proportions, ownership ra-
tios, and documentation completeness. Our qual-
itative analysis examines domain preferences, re-
source development approaches, and community
characteristics. This mixed-method approach helps
us understand how dataset development patterns
reflect each language community’s unique charac-
teristics, particularly in terms of instruction tuning
trends, domain preferences, and resource develop-
ment strategies.

4 Results and Analysis

4.1 Overview of CJK Datasets

The stacked bar chart (Figure 2b) provides a view
of the top 700 most downloaded datasets for
each language, categorizing them into monolin-

gual, English-paired (bilingual with English), and
multilingual (three or more languages) resources.
In this broader analysis, Chinese datasets show
the highest proportion of English-paired resources
(148 datasets), notably higher than Korean (57) or
Japanese (67), suggesting a greater emphasis on
cross-lingual applications. The multilingual cat-
egory shows substantial representation across all
three languages, with similar proportions (Korean:
272, Japanese: 299, Chinese: 291), indicating ac-
tive participation in multilingual resource develop-
ment. While multilingual resources reflect diverse
aspects of CJK datasets, we focus our subsequent
analyses on monolingual datasets to better under-
stand language-specific characteristics.

Dataset Size Distribution. Table 2 presents the
size distribution of monolingual datasets across lan-
guages, categorized as Small (<10MB), Medium
(10MB–100MB), Large (100MB–1GB), and Extra-
Large (>1GB). Chinese datasets show a relatively
balanced distribution across size categories, with a
notable presence in large (10) and extra-large (12)
categories. Japanese datasets demonstrate strong
representation in small-scale resources (123) but
notably lack extra-large datasets. Korean shows
similar concentration in small datasets (137) and
limited presence in medium and large categories,
yet maintains a notable presence in the extra-large
category (7). English datasets maintain the highest
counts across all categories, providing a reference
point for resource availability.

4.2 Comparative Characteristics of CJK
Datasets

Task Distribution Figure 3 presents the distribu-
tion of task categories across languages through a
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Figure 2: Distribution and Composition Analysis of CJK Language Datasets. (a) Illustrates the intersections among
CJK language datasets, showing unique and overlapping dataset counts. (b) Shows the composition of the top 700
downloaded datasets for each language, categorized into monolingual, English-paired, and multilingual resources.

Size English Chinese Japanese Korean

S (<10M) 258 144 123 137
M (10M–100M) 21 11 3 3
L (100M–1B) 14 10 4 3
XL (>1B) 22 12 - 7

Table 2: Dataset size distribution across languages.

English Chinese Japanese Korean

Text Generation
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Classification
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Figure 3: Task distribution across different languages.
The heatmap illustrates the proportion of datasets be-
longing to the top 7 most frequent task categories across
English, Chinese, Japanese, and Korean datasets.

heatmap visualization. Text Generation emerges
as the dominant task across all languages, with
particularly high proportions in Chinese (39.3%),

Task categories group related NLP tasks based on their
functionality (e.g., Text Generation includes text-generation,
language-modeling, fill-mask; Question Answering includes
question-answering, multiple-choice, extractive-qa).

Japanese (37.8%), and Korean (36.0%) datasets
compared to English (23.2%). Question Answer-
ing follows as the second most common task, with
moderate variations: Korean (30.9%) and English
(29.7%) show higher proportions than Chinese
(21.7%) and Japanese (26.9%).

The analysis reveals distinctive task preferences
across languages beyond these two categories.
Classification tasks appear between 11.8% and
16.3% of datasets, with Korean (16.3%) having
the highest ratio and Japanese (11.8%) the lowest.
Token & Feature tasks are more prominent in Chi-
nese (11.6%) and Korean (8.0%) than in English
(3.8%) or Japanese (2.9%). Video & Audio tasks
show varied representation, with Japanese leading
at 10.9%, followed by Chinese (8.1%), English
(4.8%), and Korean (3.7%). Lastly, Vision & Image
tasks exhibit particularly striking differences: En-
glish leads at 12.5%, followed by Japanese (5.9%)
and Chinese (2.6%), while Korean shows no repre-
sentation (0.0%). Retrieval tasks also show notable
variation, with English (11.0%) significantly ahead
of other languages (3.5-5.1%).

These distinctive patterns reflect differing re-
search priorities and technological needs across
language communities. The Japanese emphasis
on Video & Audio may correspond to its strong
anime and entertainment industry, while Korean’s
focus on Classification and Chinese’s on Token &
Feature tasks suggest prioritization of fundamental
NLP infrastructure development tailored to their
respective linguistic complexities.
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Figure 4: License distribution across CJK and English datasets, showing the proportion of Permissive + PublicDo-
main, Copyleft + NonCommercial/ND, Unknown, and Other licenses for each language community.
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Figure 5: Instruction Datasets Over Time by Language
(English and CJK), from late 2022 to 2024.

Evolution of Instruction Tuning Analysis of
instruction-tuning datasets reveals distinct patterns
across languages. Among the top 700 most down-
loaded datasets for each language, instruction-
tuning datasets show notable presence: Korean
(13.3%), Japanese (12.6%), Chinese (12.3%), and
English (7.0%). This higher proportion in CJK
languages compared to English suggests particu-
larly active instruction-tuning development in these
communities.

Analysis of temporal patterns (Figure 5) reveals
distinct characteristics across languages. Chinese
datasets show notable early activity in 2023, peak-
ing around 7 releases. Korean datasets demon-
strate dramatic fluctuations in 2024, reaching high-
est peaks of 12-14 releases mid-2024. Japanese
datasets show moderate initial activity but in-
creased activity during 2024, reaching peaks of 7-9
releases. English datasets maintain stable patterns
throughout, typically with 1-4 releases monthly.

These patterns reflect different community ap-
proaches to instruction dataset development:

• Chinese: Early adoption with moderate peaks

We identify instruction datasets through ‘instruct’ key-
words and common dataset names in metadata.

(around 7 releases) followed by decreased ac-
tivity

• Korean: Shows the highest peaks (up to 14
releases) with considerable volatility

• Japanese: Late but substantial increase in
development activity

• English: Consistent but moderate release pat-
terns throughout

License Distribution Patterns Figure 4 shows
how each language community approaches data
licensing. Two major observations emerge. First,
Chinese (53.1%) and English (51.8%) exhibit the
highest proportions of Permissive or Public Do-
main licenses, indicating a shared culture of open
access. Both also include moderate segments of
Unknown (Chinese 20.3%, English 23.5%) and
Copyleft/NonCommercial (19.6% and 13.0% re-
spectively), suggesting a balance between openness
and controlled usage.

Second, Japanese (44.6%) and Korean (39.4%)
have lower shares of Permissive/Public Domain
compared to Chinese and English but differ sub-
stantially in other categories. Japanese devotes
24.0% to Copyleft/NonCommercial—more than
any other language—while also having a rela-
tively high Other category (15.3%). In contrast,
Korean stands out for its large Unknown portion
(35.3%), underscoring possible gaps in documenta-
tion practices despite still having a notable Copy-
left/NonCommercial share (20.8%). Taken together,

Licenses were classified into five categories: Permis-
sive (e.g., Apache, MIT, CC-BY), Public Domain (e.g., CC0,
PDDL), Copyleft/ShareAlike (e.g., GPL, CC-BY-SA), Non-
Commercial/ND (CC-BY-NC, CC-BY-ND), and Other. For
visualization, Permissive and Public Domain categories were
combined, as were Copyleft/ShareAlike and NonCommer-
cial/ND.
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Figure 6: Comparison of Documentation Quality Across Languages. (a) Shows the percentage of datasets associated
with academic publications, (b) presents the percentage of dataset cards containing all five structured sections, and
(c) displays the average word count in dataset documentation.

these variations reflect distinct cultural, institu-
tional, and legal factors influencing dataset license
norms across CJK and English communities.

Documentation Quality Patterns Figure 6 il-
lustrates three key metrics related to dataset docu-
mentation. For academic grounding, measured by
the presence of associated arXiv papers, English
datasets lead with 39.20%, followed by Chinese
(16.97%), while Japanese (10.48%) and Korean
(8.89%) trail behind. Regarding structural com-
pleteness, measured by the presence of all five rec-
ommended Hugging Face dataset card sections, En-
glish again leads (18.41%), with Chinese (7.67%),
Japanese (1.64%), and Korean (2.46%) showing
lower completeness . In terms of documentation
depth, measured by average word count, English
maintains the highest average (678 words), Chi-
nese stands at 354, and Japanese and Korean re-
main lower at 168 and 182 respectively. Taken to-
gether, these figures indicate a consistent trend: En-
glish datasets demonstrate the most thorough and
standardized documentation practices, Chinese re-
sources show moderate completeness and Japanese
and Korean documentation remains comparatively
succinct or under-documented.

Dataset Ownership Patterns Figure 7 illustrates
the proportions of datasets contributed by individ-
ual and community contributors, research insti-
tutes, and companies in the Korean, Chinese, and
Japanese communities. Individual and community
contributors dominate across all three languages:
Korean datasets lead with 79.2%, followed by
Japanese at 71.9% and Chinese at 61.6%. Research
institutes play a stronger role in China (27.3%)

HuggingFace dataset card sections: Description, Struc-
ture, Creation, Usage, and Additional Info

Analysis limited to CJK datasets with verifiable institu-
tional affiliations.

than in Korea (11.1%) or Japan (21.0%), suggest-
ing more prominent institutional involvement in
Chinese NLP resource development. Company
contributions remain the smallest category across
all three, though slightly higher in Chinese (11.1%)
compared to Korean (9.7%) and Japanese (7.2%).
This highlights the key role of grassroots efforts as
primary drivers of dataset creation.

4.3 Language-Specific Characteristics

4.3.1 Chinese Dataset Ecosystem
Comprehensive Evaluation Frameworks Chi-
nese NLP resources on Hugging Face frequently
feature large-scale, well-structured evaluation
suites. For example, ceval/ceval-exam (Huang
et al., 2023) provides 13,948 multiple-choice ques-
tions across 52 domains, and haonan-li/cmmlu
(Li et al., 2023b) covers 67 subject areas spanning
elementary to advanced professional levels. These
broad assessments facilitate detailed benchmarking
of model performance across diverse knowledge
domains.

Specialized Medical Domain Resources Chi-
nese datasets also demonstrate significant depth in
specialized fields. The FreedomIntelligence/CM
B (Wang et al., 2023) collection features a hierarchi-
cal structure (6 main categories, 28 subcategories)
spanning 11,200 medical questions, thus enabling
targeted evaluations in clinical question-answering.
Similarly, TCMLM/TCM_Humanities (Kang, 2024)
focuses on Traditional Chinese Medicine, integrat-
ing resources from professional certification mate-
rials and historical texts.

Dialectal and Cultural Diversity In addition to
specialized domains, Chinese datasets often em-
phasize linguistic diversity and cultural preserva-
tion. The Nexdata/chinese_dialect (Nex-
data, 2025) corpus contains 25,000 hours of dialect
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Figure 7: Dataset ownership across Korean, Chinese, and Japanese datasets, illustrating the proportions of individual
and community contributors, research institutes, and companies.

speech data, facilitating fine-grained dialect mod-
eling. Likewise, raptorkwok/cantonese-tra
ditional-chinese-parallel-corpus (raptork-
wok, 2025) offers over 130k aligned sentence pairs
for Cantonese–Mandarin translation. Future efforts
could enrich such dialectal resources by detailing
speaker demographics, annotation workflows, and
language-specific quirks—thereby promoting more
equitable research coverage across China’s diverse
linguistic communities.

4.3.2 Korean Dataset Ecosystem

Community-Driven Development and Its Im-
pact Korean datasets on Hugging Face frequently
emerge from grassroots, community-led efforts,
rather than purely institutional or corporate projects.
Prominent examples include contributions from
open-source communities like HAERAE, which de-
veloped the widely-used HAERAE-HUB/KMMLU
benchmark (Son et al., 2024), as well as indi-
vidual developers such as beomi, maywell, and
taeminlee, who have created highly-downloaded
resources. Even widely-used benchmarks like
klue/klue (Park et al., 2021) represent collabora-
tive efforts between academia, industry, and indi-
vidual researchers rather than single-entity projects.
The broader ecosystem is dominated by individ-
ual and community contributors who account for
79.2% of Korean datasets. This community-driven
approach has accelerated the proliferation of new
resources but also contributed to inconsistencies in
documentation and licensing. For instance, Korean
has the highest proportion of “Unknown” licenses
among CJK languages (35.3%), indicating gaps in
legal clarity and potential challenges for commer-
cial or cross-institutional usage. Moreover, only
8.89% of Korean datasets are linked to an arXiv
publication—lower than both Chinese (16.97%)

and Japanese (10.48%). These factors may hinder
collaborative research or reproducibility, underscor-
ing the need for more standardized dataset cards
(Gebru et al., 2021) and explicit licensing.

Content Moderation Focus A unique strength
of the Korean dataset ecosystem is its empha-
sis on content moderation, encompassing hate-
speech detection, toxicity filtering, and profan-
ity masking. Popular resources such as jean
lee/kmhas-korean-hate-speech (Lee et al.,
2022), humane-lab/K-HATERS (Lab, 2025) and
Dasool/KoMultiText (Choi et al., 2023) re-
flect heightened community and research interest
in combating harmful or discriminatory language
online. However, these moderation-oriented re-
sources raise broader ethical and regulatory ques-
tions, such as defining thresholds for hate speech
or handling user privacy. Although the Hugging
Face platform provides general community guide-
lines, more detailed policies—particularly for age-
restricted or sensitive data—would help standardize
safe usage of these potentially sensitive resources.

4.3.3 Japanese Dataset Ecosystem
Strong focus on subcultural content Japanese
NLP datasets often integrate subcultural or
entertainment-related material, an approach that
distinguishes them from other CJK resources. For
instance, joujiboi/japanese-anime-speech
(joujiboi, 2024) targets automatic speech recogni-
tion in anime content, attracting high download
counts and demonstrating direct utility for real-
world applications such as subtitle generation. Ad-
ditionally, YANS-official/ogiri-test-wit
h-references (YANS-official, 2023) captures
the distinctive Ogiri comedy tradition, illustrating

As of January 2025, based on Hugging Face’s publicly
available platform policies and community guidelines.
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Japan’s unique comedy culture through multimodal
data (text and images). While such resources en-
rich models’ ability to handle colloquial or creative
contexts, they also require careful documentation
of stylistic nuances and potential copyright con-
straints. Many subcultural datasets involve fan
works or licensed content, which often preclude
fully open licenses. Researchers must therefore
verify these constraints to avoid unintended usage
restrictions or downstream complications.

Diverse Methods in Dataset Processing and Re-
finement Japanese datasets exhibit a reliance
on translation-based pipelines and synthetic data
generation rather than building new corpora from
scratch. For example, the Magpie series (Xu et al.,
2024) has been adapted into multiple Japanese re-
sources—e.g., Aratako/Synthetic-JP-EN-Tra
nslation-Dataset-Magpie-Nemotron-4-20k
and Aratako/Magpie-Tanuki-8B-annotated
-96k (Aratako, 2024b,a)—highlighting how trans-
lations and AI-generated text can expand train-
ing data. While these strategies improve dataset
availability, they raise concerns about translation
errors, cultural misalignment, and potential bi-
ases introduced by synthetic text. Efforts such as
neody/oscar-ja-cleaned (neody, 2023) and
saillabalpaca-japanese-cleaned (Upad-
hayay and Behzadan, 2024) illustrate attempts to
mitigate these issues through dataset cleaning and
quality control. Systematic documentation of trans-
lation processes and validation protocols would
help researchers assess dataset reliability. This lo-
calization approach may serve as a model for other
languages seeking rapid resource expansion.

5 Discussion

Our analysis reveals distinct characteristics across
CJK dataset ecosystems: Chinese datasets
show strong institutional backing but inconsis-
tent documentation; Korean datasets demonstrate
community-driven development but face licensing
gaps; and Japanese datasets emphasize subcultural
content while dealing with copyright constraints.

Three practical issues warrant attention. First,
licensing diversity (particularly "Unknown" li-
censes in Korean datasets and restricted licenses
in Japanese resources) complicates collaborative
projects. More consistent adherence to guidelines
like "Datasheets for Datasets" (Gebru et al., 2021)
could enhance reusability. Second, domain cluster-
ing (medical for Chinese, subcultural for Japanese,

and moderation for Korean) may underserve other
areas needed for general-purpose LLM develop-
ment. Third, culturally specific content requires
transparent documentation, as simple translations
miss nuanced cultural meanings.

Despite these differences, strong synergy poten-
tial exists. Joint benchmarks could facilitate cross-
lingual comparisons, while unified documentation
frameworks could standardize metadata and licens-
ing. Our findings underscore both the richness and
fragmentation of CJK resources, suggesting that
clearer practices and cross-lingual collaboration
can foster a robust ecosystem for East Asian LLM
development.

6 Limitations

Our analysis primarily focused on datasets with
relatively high download counts, which may have
led us to overlook smaller or emerging resources
that could shed light on niche trends or specialized
applications. Furthermore, we limited our scope
to the Hugging Face platform; investigating addi-
tional repositories (e.g., GitHub, Kaggle, or Papers
with Code) could reveal a broader range of dataset
characteristics and host factors. Although we man-
ually requested permission to access certain private
or restricted datasets, some ultimately remained
inaccessible, thereby constraining the representa-
tiveness of our findings.

In addition, while Korean and Japanese datasets
were examined with input from language experts,
our review of Chinese data relied solely on docu-
mentation, potentially affecting the depth of our
analysis. Finally, we chose to focus on three ma-
jor East Asian languages, excluding many low-
resource languages and dialects, whose inclusion
could further expand and enrich our findings.

7 Conclusion

This study presents a comparative analysis of over
3,300 Chinese, Japanese, and Korean datasets
on HuggingFace, revealing distinct ecosystem
characteristics—Chinese datasets show strong in-
stitutional involvement, Korean resources are
community-driven, and Japanese datasets empha-
size subcultural content—highlighting that docu-
mentation, licensing, and ownership must be ad-
dressed in cultural context to guide inclusive East
Asian language technologies.
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