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Abstract

We introduce FinDebate, a multi-agent frame-
work for financial analysis, integrating collab-
orative debate with domain-specific Retrieval-
Augmented Generation (RAG). Five special-
ized agents, covering earnings, market, sen-
timent, valuation, and risk, run in parallel to
synthesize evidence into multi-dimensional in-
sights. To mitigate overconfidence and improve
reliability, we introduce a safe debate proto-
col that enables agents to challenge and refine
initial conclusions while preserving coherent
recommendations. Experimental results, based
on both LLM-based and human evaluations,
demonstrate the framework’s efficacy in pro-
ducing high-quality analysis with calibrated
confidence levels and actionable investment
strategies across multiple time horizons.

1 Introduction

While the advent of large language models (LLMs)
has catalyzed progress in NLP, the financial do-
main remains a high-value opportunity with strict
operational and regulatory constraints, demanding
accuracy, reliability, and explainability. Although
LLMs can process vast volumes of unstructured
financial data, their “next token prediction,” trained
on statistical correlations, makes the outputs fluctu-
ate across prompts and runs. As a result, confidence
is often miscalibrated, and statements may appear
plausible without grounding in verifiable evidence
(Zhang et al., 2024; Tatarinov et al., 2025), which
are misaligned with requirements for verifiable rea-
soning and stable recommendations in this field.
Beyond the aforementioned limitations, long-
form, multi-section analyst reports face document-
and pipeline-level challenges. Evidence must be
synthesized into a unified, coherent narrative while
avoiding topic drift and refraining from claims un-
supported by the underlying transcripts (Goldsack
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et al., 2024; Xia et al., 2025). A single passage can
bear distinct implications across analytical dimen-
sions, and design choices in chunking and querying
materially influence what evidence is retrieved and
how effectively it supports cross-aspect reasoning.
During revision cycles, stance coherence and cov-
erage can be degraded, leading to overlooked fac-
tors and unintended shifts in the investment thesis.
Moreover, reasoning must remain traceable and
reference-grounded without sacrificing readability
or decision-oriented clarity (Li et al., 2024).
Practitioners have responded with several prag-
matic strategies. Template-driven workflows im-
pose discipline and stylistic consistency but weaken
the alignment between cited evidence, intervening
reasoning, and the report’s final stance (Kang et al.,
2025; Tian et al., 2025). Retrieval-Augmented
Generation (RAG) anchors factual claims, yet in-
tegrating dispersed excerpts into a cohesive, multi-
faceted narrative remains challenging (Jimeno-
Yepes et al., 2024). Multi-agent collaboration and
debate surface issues in short-form claims, but in
chaptered, long-form analyst reports, they often
struggle to maintain a consistent stance while cover-
ing all essential elements (Sun et al., 2024). These
gaps motivate an approach that jointly stabilizes
stance, expands evidence coverage and explicit risk
articulation, and preserves reference traceability.
To address these gaps, we introduce FinDebate,
a safety-constrained debate protocol that stabilizes
the stance while strengthening evidence and risk ar-
ticulation. As shown in Figure 1, a domain-specific
RAG module and a team of role-specialized analyst
agents first produce a chaptered draft. The debate
phase then performs a bounded augmentation pass
across roles and tasks: the pre-debate stance is
fixed, roles are prohibited from changing direction,
and every addition must be anchored to verifiable
references. This design preserves the throughline
of the investment rationale while improving cover-
age and verifiability, yielding analysis that remain
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Figure 1: Overview of FinDebate, a multi-agent collaborative intelligence framework for financial analysis.

auditable and decision-oriented, as evidenced by
LLM-based and human evaluations.

2 Methodology

Figure 1 shows an overview of FinDebate, which
consists of three essential modules: (1) a domain-
specific RAG module for document processing and
evidence retrieval; (2) a multi-agent analysis mod-
ule for an initial draft report; (3) a debate mecha-
nism that yields the final report. An example of the
task is shown in Appendix A. In this section, we
introduce each of the modules in detail.

2.1 Domain-Specific RAG Module

Text Segmentation Strategy. Applying LLMs
to financial analysis is constrained by limited con-
text windows, which make it infeasible to process
reports spanning hundreds of pages simultaneously.
To address this, we propose a domain-specific RAG
module with ChromaDB!, which enables efficient
indexing and similarity search over extensive finan-
cial documents, supporting low-latency retrieval
and rapid downstream processing at scale.

To mitigate the information loss by naive fixed-
size chunking, we adopt a context-sensitive seg-
mentation strategy grounded in contextual chunk-
ing (Gunther et al., 2024). Instead of partitioning
by fixed-length token counts, which is misaligned
with the dense, highly structured nature of financial

"https://github.com/chroma-core/chroma
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documents, we apply a recursive procedure that pri-
oritizes semantic integrity: paragraph boundaries
are preserved first, followed by sentence bound-
aries, and finally lexical/token boundaries. This hi-
erarchy prevents destructive splits, producing self-
contained, interpretable segments, resulting in a
robust substrate for high-precision retrieval and re-
liable downstream reasoning.

Financial Embedding and Multi-level Retrieval.
We encode the segmented passages with FinLang?,
a financial embedding model adapted from BGE
(Zhang et al., 2023) via domain-specific fine-tuning.
Selected for its in-domain retrieval effectiveness,
FinLang captures the semantic essence of queries
and grounds them in financial constructs such as in-
vestment risk, valuation metrics, market sentiment,
and growth outlook. This domain alignment en-
ables highly precise retrieval of evidence passages,
facilitating analysis of the consistency between fun-
damentals and stock prices and whether current
valuations are justified by projected growth.

Building on multi-level retrieval (Adjali et al.,
2024), we conduct contextual retrieval across four
dimensions: general financial performance, spe-
cialized financial metrics, market sentiment & risk,
and multi-query integration (details in Appendix
B), providing a solid analytical foundation for the
subsequent multi-agent system.

2https: //huggingface.co/FinLang/
finance-embeddings-investopedia
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2.2 Multi-Agent Design

Single-model approaches exhibit notable shortcom-
ings, often yielding superficial analysis due to their
reliance on generalized methodologies and lim-
ited perspectives (Du et al., 2023). To overcome
this limitation, we propose a multi-agent collab-
orative framework designed to perform in-depth
financial analysis across five specialized domains.
Each agent is tasked with analyzing the earnings
call content from their respective domain-specific
viewpoints. Afterwards, a report synthesis module
integrates these individual analysis into a unified,
insightful investment advisory report.

2.2.1 Agent Prompting Strategy

Each agent is equipped with a two-level prompt
structure. The first level, system prompt, defines
the agent’s professional identity through four key
components: (1) professional credentials (e.g., a
CFA charterholder with 20 years’ experience), (2)
an authoritative background (e.g., roles at leading
investment banks and hedge funds), (3) a clear
mission (e.g., to assist in institutional investment
decision-making), and (4) a high-quality standard
(e.g., delivering institutional-grade output). The
second level, user prompt, outlines the specific an-
alytical task assigned to each agent, consisting of
four elements: (1) analytical frameworks that guide
systematic reasoning, (2) technical requirements
specifying format and precision, (3) output speci-
fications detailing the report structure and length,
and (4) contextual integration of information re-
trieved through RAG. Together, these two levels
ensure that the agents process both professional ex-
pertise and the ability to execute tasks effectively.

2.2.2 Agent Specialization

Our framework intentionally leverages five agents
across different specialized analytical dimensions,
establishing a holistic analytical framework that
addresses the key facets of institutional investment
decision-making. The core design principles of the
agents are outlined below, with detailed prompts
provided in Appendix C:

#% Professional Earnings Analyst specializes
in financial statement analysis and performance
evaluation. Key responsibilities involve assessing
revenue quality, evaluating profitability and sustain-
ability, and examining critical financial indicators
such as net interest margin (NIM), asset quality,
and capital adequacy ratios.
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i Professional Market Predictor is tasked with
forecasting market trends across multiple time-
frames. This includes analyzing immediate market
responses to earnings reports, evaluating the sus-
tainability of underlying fundamental drivers, and
predicting long-term market positioning based on
strategic developments.

i Professional Sentiment Analyst specializes
in evaluating management credibility and investor
sentiment. This agent incorporates behavioral fi-
nance theories, such as anchoring effects and con-
firmation bias, quantifying measurable indicators
like historical accuracy and transparency ratings,
and translating psychological factors into action-
able investment strategies.

Professional Valuation Analyst specializes
in business valuation and investment recommenda-
tions. It applies a sector-specific Discounted Cash-
flow Model (DCF), which considers factors such
as credit loss cyclicality and regulatory capital con-
straints, and employs dynamic weight allocation
based on the reliability of various valuation meth-
ods, with a focus on verifiable business drivers.

& Professional Risk Analyst provides compre-
hensive risk assessment and positions sizing recom-
mendations. It evaluates various risk factors, such
as credit, interest rate, and liquidity risk, while
maintaining a balanced perspective to ensure real-
istic and actionable risk assessments.

2.2.3 Report Synthesis

Once the specialized agents complete their analysis,
the system advances to the final stage. The Report
Synthesis agent consolidates the individual outputs,
extracts key financial indicators and, manages sen-
timent data, and generates a comprehensive report.
This report is subsequently passed to the collab-
orative debate mechanism for further refinement,
enhancing its accuracy and persuasiveness.

2.3 Safe Collaborative Debate Mechanism
2.3.1 Three-Agent Collaboration

Finally, we introduce a safe collaboration debate
mechanism between three agents, motivated by es-
tablished multi-agent debate methodologies (Du
et al., 2023; Liang et al., 2024; Estornell and Liu,
2024). It enhances the quality of the report through
a single-round optimization, while maintaining the
core conclusions of the original analysis. This
module consists of three agents: a Trust Agent,



a Skeptic Agent, and a Leader Agent, with detailed
prompts provided in Appendix D:

= Trust Agent enhances the original report by
providing supporting evidence, reinforcing its argu-
mentative logic, and optimizing linguistic expres-
sion. Throughout this process, it is strictly prohib-
ited from altering the directional tone (bearish to
bullish) or modifying the 1-day/1-week/1-month
investment recommendations.

= Skeptic Agent refines the report by incorpo-
rating a risk management perspective. Its core re-
sponsibilities include identifying potential risk fac-
tors, suggesting hedge strategies, and improving
the scenario analysis framework.

@ Leader Agent synthesizes the evidence en-
hancements from the Trust Agent and the risk anal-
ysis from the Skeptic Agent to produce the final
optimized report. The resulting content retains all
core conclusions from the original report, while em-
ploying more professional and persuasive language,
and offering a clearer risk-return analysis.

2.3.2 Algorithm Design

Algorithm 1 outlines the overall design of the de-
bate framework, employing safety-first principles
to preserve the integrity of the original investment
recommendations. It incorporates multiple veri-
fication mechanisms while achieving systematic
quality improvements through a structured opti-
mization process. The debate proceeds in a single
round, effectively avoiding the thematic drift typi-
cally associated with multi-round iterations. Draw-
ing from optimal rounds in related research, we
compare the impacts of one-round and two-round
debates, ultimately setting the maximum round to 1.
The entire process involves only minor refinements,
without making directional rewrites.

It is important to note that this debate mechanism
is applicable only to scenarios where reports con-
taining pre-existing investment recommendations
require further refinement. It is not intended for
generating reports from scratch or for enhancing
texts that lack clear directional conclusions.

3 Experiments

3.1 Experimental Setup

Datasets. We conduct experiments on the Earn-
ings2Insights shared task (Takayanagi et al., 2025),
which focuses on generating investment guidance
from earnings call transcripts. The task includes
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Algorithm 1 Safe Collaborative Debate

Input: Ry (Original_Report), A (Agent_Analysis)
Output: R* (Optimized_Report), L (Debate_Log)
: Safety Check: Validate Ry structure

if —has_recommendations(Ry) then return Ry

: Trust Phase: R; < optimize(Ry, A)

o Preserve core elements of Ro

o Strengthen evidence 1

: Skeptic Phase: Ry < review(R1, A)

o Identify vulnerabilities in R

o Maintain structure integrity

: Leader Phase: R* < synthesize(Rz, A)

10: o Maximize persuasive power

11: o Preserve critical elements

12: Final Check: Validate R* integrity

13: if core_compromised(R*, Ro) then return Ry
14: return R*, L

PRI AERY

two sets of earnings call transcripts: 40 correspond-
ing to ECTSum (Mukherjee et al., 2022), and 24
professional analyst reports.

Models and Setup. We employ comparative ex-
periments using five state-of-the-art LLMs: GPT-
40 (2024-08-06, Hurst et al., 2024), Gemini 2.5
Flash?, Llama 4 Maverick?, DeepSeek-R1 (0528,
Guo et al., 2025), and Claude Sonnet 43, For re-
producibility and a fair comparison, all models are
evaluated under identical generation parameters: a
temperature of 0.6, a maximum output length of
6, 500 tokens, a top-p sampling of 0.85, and a fre-
quency penalty of 0.1. Consistent prompt templates
and evaluations are applied across all models.

Baselines. To demonstrate the effectiveness of
FinDebate, we compare the framework against
the following two baselines: (1) Zero-shot infer-
ence directly processes incoming financial reports
without relying on any additional information; (2)
Standard RAG represents the traditional RAG ap-
proach with a general-purpose embedding model;
(3) Multi-agent generation serves as an ablation
study that removes the safe collaborative debate
mechanism, so as to assess the contribution of the
debate mechanism itself.

Evaluation Metrics. To ensure a rigorous yet
tractable evaluation process, we sample 10 reports
from the ECTSum dataset and 5 from the new, pro-
fessional subset, assessing the quality of the mod-
els’ financial analysis. Following the framework of
Goldsack et al. (2024), we define an evaluation pro-
tocol spanning two core dimensions and implement

3https: //deepmind. google/models/gemini/flash/
4https: //www.1lama.com/models/11lama-4/
Shttps://www.anthropic.com/claude/sonnet/
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Base Model Zero-shot Standard RAG Multi-agent w/o Debate  FinDebate Overall Improvement
GPT-40 2.97 3.21 3.39 3.58 +0.61
Gemini 2.5 Flash 2.90 3.15 3.32 3.50 +0.60
Llama 4 Maverick 2.82 3.06 3.24 3.41 +0.59
DeepSeek-R1 2.77 3.02 3.10 3.39 +0.62
Claude Sonnet 4 3.03 3.27 3.45 3.64 +0.61

Table 1: Performance comparison of FinDebate across models. The best performance for each model is in bold.
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Figure 2: Human evaluation results on financial decision
accuracy.

it using GPT-40 (Hurst et al., 2024): (1) Textual
Quality, covering readability, linguistic abstract-
ness, and coherence; and (2) Financial Analysis
Professionalism, encompassing financial key point
coverage, background context adequacy, manage-
ment sentiment conveyance, future outlook analysis,
and factual accuracy. Each report is on a four-point
scale (1 = poor to 4 = excellent). Detailed defini-
tions of these dimensions and an illustrative prompt
are provided in Appendix E.

Human evaluation is also conducted, with a pri-
mary focus on whether the report can effectively
guide and persuade investors to make correct deci-
sions, including the average accuracy of investment
choices (Long or Short) made by experts for the
next day, week, and month based on the reports,
and the average Likert scores on clarity, logic, per-
suasiveness, readability, and usefulness.

3.2 Results and Analysis

Table 1 presents the main results of FinDebate com-
pared to the zero-shot inference, standard RAG,
and multi-agent generation baselines, and Figures
2 and 3 visualize human evaluation results. In com-
parison to practitioners, FinDebate demonstrates
substantial improvements in financial decision pre-
diction, achieving superior performance in clarity,
logic, persuasiveness, and usefulness.

Our FinDebate framework consistently deliv-
ers substantial improvements across all five mod-
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Figure 3: Human evaluation results on financial report
quality.

els, with performance gains ranging from 0.59
to 0.62, resulting in an average enhancement of
20.4%. These improvements are statistically sig-
nificant (p < 0.001, via paired t-tests). FinDe-
bate elevates performance from “satisfactory” lev-
els (~ 3.0 points) to “excellent” standards (~ 3.6
points), highlighting the distinctive value of col-
laborative intelligence in complex reasoning tasks.
This cross-model consistency further emphasizes
the framework’s universality and technical superi-
ority. By transforming Al-driven financial analy-
sis from a tool-assisted approach to a professional
analyst-level capability, FinDebate establishes a
foundation for real-world applications through its
model-agnostic design and structured collaborative
methodology.

4 Conclusion and Future Work

We introduce FinDebate, a multi-agent framework
that integrates domain-specific RAG, specialized
analytical agents, and a safe collaborative de-
bate mechanism for financial analysis, generating
institutional-grade financial reports with actionable,
multi-horizon investment recommendations, effec-
tively addressing key limitations in existing finan-
cial Al applications. In the future, we will extend
this framework to broader financial domains, devel-
oping dynamic confidence adjustment mechanisms,
and integrating with real-time market data. We will
also transfer this system to other applications.
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A Dataset Example

Input Financial Earnings Call of the Example

## Financial Earnings Call

### Prepared remarks
*x0perator**
Greetings, and welcome to the ABM Industries Incorporated Third Quarter 2021 Earnings Call. [Operator
Instructions] As a reminder, this conference is being recorded. It is now my pleasure to introduce David
Gold, Investor and Media Relations. Thank you, you may begin.

**Investor Relations#*x
Thank you for joining us this morning. With us today are Scott Salmirs, our President and Chief

Executive Officer; and Earl Ellis, our Executive Vice President and Chief Financial Officer. We issued
our press release yesterday afternoon announcing our third quarter fiscal 2021 financial results. A copy
of this release and an accompanying slide presentation can be found on our corporate website. Before we

begin, I would like to remind you that our call and presentation today contain predictions, estimates
and other forward-looking statements. Our use of the words estimate, expect, and similar expressions are

intended to identify these statements. Statements represent our current judgment of what the future
holds. While we believe them to be reasonable, these statements are subject to risks and uncertainties
that could cause our actual results to differ materially. These factors are described in a slide that
accompanies our presentation, as well as our filings with the SEC. During the course of this call,
certain non-GAAP financial information will be presented. A reconciliation of historical non-GAAP
numbers to GAAP financial measures is available at the end of the presentation and on the company's
website under the Investor tab. I would now like to turn the call over to Scott.

*%xCEQ*%*

Thanks, David. Good morning, and thank you all for joining us today to discuss our third quarter
results. As detailed in yesterday's release, ABM generated strong third quarter results featuring double
-digit growth in revenue, continued solid cash generation, and a 20% gain in adjusted earnings per share

Revenue growth was broad-based as each of our five business segments achieved year-over-year gains in
revenue, aided by an improving business environment and the gradual reopening of the economy. Our team
members once again executed well and continue to provide exceptional service to our clients. Overall,
demand for ABM's higher margin virus protection services remained elevated in the quarter, underscoring
ongoing client concerns regarding cleaning and disinfection of their facilities. As anticipated, demand
for virus protection eased slightly in the third quarter compared to the second quarter of fiscal 2021,
but remain well above pre-pandemic levels. The emergence of the Delta variant and rising COVID-19 cases
nationally have gains heightened interest in the need for disinfection prevention measures, particularly

in high traffic areas. As we look forward to 2022 and beyond, we believe that virus protection services
will remain a contributor to our overall revenue as disinfection becomes a standard service protocol
and facility maintenance programs. [...]

\. J

Output Financial Analysis of the Example

- abm industries q3 adjusted earnings per share $0.90.

- g3 gaap loss per share $0.20 from continuing operations.

- g3 adjusted earnings per share $0.90.

- raises adjusted earnings per share guidance for full year fiscal 2021.

- g3 revenue rose 10.7 percent to $1.54 billion.

- increasing guidance for full year 2021 adjusted income from continuing operations to $3.45 to $3.55
per share.

Figure 4: Dataset example of the Earnings2Insights shared task (Takayanagi et al., 2025), where the example is from
the ECTSum subset (Mukherjee et al., 2022). Models receive an input financial earnings call with management
remarks, Q&A sessions, etc., and generate a structured financial analysis report for investment recommendation.
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B Professional Context Queries

Dimension

Query Content

General Financial Performance

Core Metrics: Financial Performance, Revenue, Earnings, Beat/Miss, Surprise, Financial
Results

Forward Guidance: Guidance, Outlook, Forecast, Expectations, Future Performance,
Strategic Direction

Growth Indicators: Growth Trends, Margin Expansion, Profitability, Cash Flow, Com-
petitive Position;

Strategic Factors: Catalysts, Opportunities, Product Launches, Market Expansion, Strate-
gic Initiatives

Specialized Financial Metrics

Interest & Lending: Net Interest Margin (NIM), Loan Deposits, Credit Quality, Asset
Quality

Asset Quality: Non-Performing Assets (NPAs), Charge-Offs, Provision Loan Losses,
Problem Loans

Performance Ratios: Return on Assets (ROA), Return on Equity (ROE), Efficiency Ratio,
Capital Adequacy

Regulatory Metrics: Regulatory Capital, Tier 1 Capital, Stress Testing, Compliance
Requirements

Growth Metrics: Deposit Growth, Loan Growth, Credit Demand, Funding Costs, Interest
Rates

Market Sentiment & Risk

Management Sentiment: Management Confidence, Sentiment, Optimistic, Cautious,
Positive/Negative Tone

Market Challenges: Risks, Challenges, Concerns, Headwinds, Uncertainties, Market
Conditions

Investor Perspective: Analyst Questions, Investor Concerns, Market Reception, Stock
Movement Factors

Risk Categories: Risk Management, Credit Risk, Operational Risk, Market Risk, Liquid-
ity Risk

Multi-Query Integration

Temporal Analysis: Short-Term, Immediate, Near-Term, Weekly, Monthly, Quarterly
Timeline Events

Comparative Analysis: Cross-Functional Analysis, Comparative Performance, Bench-
marking Trends

Comprehensive Reporting: Integrated Reporting, Comprehensive Assessment, Multi-
Dimensional Evaluation

Longitudinal Tracking: Temporal Correlation, Sequential Analysis, Longitudinal Perfor-
mance Tracking

Table 2: Professional contextual queries organized by four analytical dimensions.
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C Multi-Agent System Instructions

System Prompt for Professional Earnings Analyst

You are a CFA charterholder and senior equity research analyst with 20+ years of experience analyzing
financial statements for premier investment banks and hedge funds. Your analysis DETERMINES investment
decisions for billions in assets under management. Professional investors will make REAL capital
allocation decisions based on your comprehensive assessment.

INSTITUTIONAL AUTHORITY MISSION:

Deliver definitive, data-driven earnings analysis with the depth and precision expected by institutional
investment committees. Your assessment must be comprehensive enough to support major portfolio

allocation decisions and provide clear directional conviction with supporting evidence based STRICTLY on
the actual earnings call content provided.

COMPREHENSIVE INSTITUTIONAL FRAMEWORK (TARGET: 1,200-1,500 WORDS):

QUANTITATIVE FINANCIAL PERFORMANCE ASSESSMENT:
Execute exhaustive analysis of all financial performance metrics mentioned in the earnings call:

Revenue Analysis Based on Earnings Call Content:

- Comprehensive analysis of revenue figures and growth rates ACTUALLY mentioned in the earnings call

- Market dynamics and competitive positioning as discussed by management

- Revenue quality evaluation based on management's own descriptions of recurring vs. one-time components
- Forward revenue indicators: analyze ONLY the specific guidance provided by management in this call

Present with institutional precision on actual call content: "Based on earnings call, revenue
performance shows [specific trends mentioned by management]. Management's stated guidance of [specific
figures] suggests [conservative/optimistic assessment based on management tone and historical context].”

BANKING -SPECIFIC CORE BUSINESS METRICS ANALYSIS (If Applicable):
For financial institutions, execute a comprehensive banking-specific performance evaluation based on the
actual metrics discussed:

Net Interest Income and Margin Analysis:

- Net Interest Margin (NIM) trends as reported in the call and management's explanation of drivers
- Interest rate sensitivity as discussed by management in the context of the current environment

- Management's specific comments on spread dynamics and competitive pressures

PROFITABILITY AND OPERATIONAL LEVERAGE ANALYSIS:

- Detailed margin analysis based on specific figures provided in the earnings call

- Cost structure evaluation based on management's actual commentary on operational efficiency
- Management's specific initiatives for margin improvement as mentioned in the call

EARNINGS QUALITY AND SUSTAINABILITY EVALUATION:
Provide a definitive assessment based on the information actually disclosed in the earnings call

PROFESSIONAL CONVICTION STANDARDS:

- Base all assessments on verifiable information from the actual earnings call

- Maintain realistic confidence levels (70-80%) rather than overconfident assertions
- Focus on management's actual explanations rather than hypothetical scenarios

Figure 5: System prompt for Professional Earnings Analyst.
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ystem Prompt for Professional Market Predictor

You are a senior quantitative strategist and former portfolio manager with extensive experience in
institutional market timing and systematic trading strategies. Your predictions directly influence
capital allocation decisions across institutional investors. Professional portfolio managers will
execute trades based on your systematic market timing analysis grounded in actual earnings call content.

INSTITUTIONAL MARKET TIMING AUTHORITY:

Deliver high-conviction market predictions with the precision required for institutional trading

decisions, but maintain realistic confidence levels (70-80%) and base all assessments on actual earnings
call content rather than hypothetical scenarios or unverifiable market data.

SYSTEMATIC MULTI-TIMEFRAME FRAMEWORK (TARGET: 1,100-1,400 WORDS):

IMMEDIATE MARKET REACTION ANALYSIS (1-Day Horizon):
Execute a comprehensive short-term market dynamics assessment based on actual earnings results:

Earnings Response Analysis Based on Actual Results:

- Actual earnings surprise analysis based on specific results mentioned in the call vs. general market
expectations

- Management's tone and confidence level as demonstrated in the actual earnings call

- Specific positive or negative catalysts mentioned by management during the call

- Forward guidance surprises based on management's actual statements

INSTITUTIONAL PREDICTION CREDIBILITY REQUIREMENTS:
Support all predictions with specific content from the actual earnings call
- Maintain realistic confidence levels (70-80%) rather than overconfident assertions
- Avoid speculative market timing predictions not grounded in actual business fundamentals
- Focus on institutional factors that can be derived from actual management commentary
- Provide realistic timeline expectations based on management's actual guidance

Figure 6: System prompt for Professional Market Predictor.

System Prompt for Professional Sentiment Analyst

You are a behavioral finance specialist and former institutional investor with deep expertise in
management evaluation and investor psychology. Your sentiment analysis influences portfolio allocation
decisions for sophisticated institutional investors who understand that psychology drives market
movements, but your analysis must be grounded in actual earnings call content.

BEHAVIORAL FINANCE AUTHORITY MISSION:

Provide a systematic evaluation of management credibility, communication effectiveness, and sentiment
patterns based STRICTLY on the actual earnings call content provided. Your analysis identifies
psychological factors that can be verified from management's actual statements and tone during the
earnings call.

COMPREHENSIVE BEHAVIORAL ANALYSIS FRAMEWORK (TARGET: 1,000-1,300 WORDS):

MANAGEMENT CREDIBILITY AND COMMUNICATION ASSESSMENT:
Execute a detailed evaluation based on management's actual performance during the earnings call:

Executive Communication Quality Analysis Based on Actual Call:

- Message clarity and specificity based on management's actual statements in the call

- Transparency assessment based on management's willingness to address challenges in the actual Q&A
- Strategic vision articulation as demonstrated in management's actual presentation

- Responsiveness to analyst questions based on the actual Q&A session

BEHAVIORAL FINANCE AUTHORITY STANDARDS:

- Support all sentiment assessments with specific examples from the actual earnings call

- Distinguish between management's explicit statements and analytical interpretation

- Provide realistic confidence assessments (70-80%) based on actual management performance

- Include specific quotes and examples from the actual call to support psychological assessments
- Focus on verifiable behavioral indicators rather than speculative psychology

Figure 7: System prompt for Professional Sentiment Analyst.
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System Prompt for Professional Valuation Analyst

You are a CFA charterholder and senior equity research analyst with 18+ years of experience building
institutional -grade valuation assessments for major investment banks and asset management firms. Your
valuation analysis influences capital allocation decisions, but must be grounded in actual earnings call
content rather than speculative financial modeling.

INSTITUTIONAL VALUATION AUTHORITY MISSION:

Deliver comprehensive, methodology-driven valuation analysis based on actual business fundamentals
discussed in the earnings call. Your assessment must provide a clear directional fair value
determination with appropriate confidence intervals based on verifiable information from management's
actual statements.

INSTITUTIONAL VALUATION AUTHORITY STANDARDS:

- Base all valuation assessments on verifiable business fundamentals from the earnings call
- Maintain realistic confidence levels (70-80%) reflecting valuation uncertainty

- Provide a transparent assessment methodology based on actual management commentary

- Support all directional calls with specific business catalyst identification from the call
- Focus on business quality factors that can be verified from management's actual statements

Figure 8: System prompt for Professional Valuation Analyst.

System Prompt for Professional Risk Analyst

You are a senior risk management specialist and former institutional portfolio manager with extensive
experience in equity risk assessment and position sizing for major asset management firms. Your risk

analysis influences portfolio construction decisions but must provide a balanced assessment based on

actual earnings call content rather than speculative worst-case scenarios.

INSTITUTIONAL RISK MANAGEMENT AUTHORITY:

Provide a comprehensive but balanced risk assessment that enables informed position sizing decisions
across different institutional mandates. Your analysis must identify material risks while fairly
evaluating management's capability to navigate challenges, providing realistic guidance based on actual
earnings call content.

INSTITUTIONAL RISK MANAGEMENT STANDARDS:

- Provide balanced risk assessment, avoiding both excessive pessimism and unwarranted optimism

- Support all risk evaluations with specific content from the actual earnings call

- Includea realistic mitigation assessment based on management's actual capability and strategies

- Focus on material risks that significantly impact institutional investment outcomes based on actual
business discussion

- Deliver balanced institutional risk analysis with moderate, realistic risk rating

Figure 9: System prompt for Professional Risk Analyst.
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System Prompt for Report Synthesizer

You are a Managing Director crafting an institutional investment report. Professional portfolio managers
will make Long/Short decisions for 1-day, 1-week, and 1-month timeframes based on your analysis. Your
effectiveness depends on the accuracy of their investment outcomes.

PROFESSIONAL SUCCESS FRAMEWORK: Create a report so compelling and accurate that professional investors
will make profitable investment decisions, while maintaining realistic confidence levels and grounding
all assessments in actual earnings call content.

MULTI-TIMEFRAME INVESTMENT STRATEGY

1-DAY TRADING RECOMMENDATION

Position: [LONG/SHORT/NEUTRAL]

Conviction: [X% between 70-80%]

Expected Direction: [Based on actual earnings results and management tone]

Key Catalyst: [Specific event/factor from actual earnings call driving immediate reaction]

1-WEEK MOMENTUM STRATEGY

Position: [LONG/SHORT/NEUTRAL]

Conviction: [75%]

Expected Direction: [Based on fundamental factors from earnings calll]

Momentum Drivers: [Factors from actual call content sustaining weekly performance]

1-MONTH FUNDAMENTAL POSITION

Position: [LONG/SHORT/NEUTRAL]

Conviction: [75%]

Expected Direction: [Based on business fundamentals from earnings discussion]
Fundamental Catalysts: [Actual timeline and events mentioned by management]

Professional Optimization Elements:

- Clear directional decisions for each timeframe based on actual call content
- Realistic probability assessments for outcomes (75% conviction levels)

- Compelling evidence grounded in verifiable earnings call information

- Balanced risk-reward expectations based on management's actual discussion

- Professional -grade analysis depth without speculative assertions.

Figure 10: System prompt for Report Synthesizer.
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D Debate Agent Instructions

You are the Trust agent in a professional investment evaluation. Your task is to PRESERVE and ENHANCE the
existing investment analysis while maintaining its core structure and recommendations.

CRITICAL REQUIREMENTS FOR PROFESSIONAL STANDARDS:

- PRESERVE all existing Long/Short recommendations for 1-day, 1-week, and 1-month timeframes
- MAINTAIN the persuasive tone and conviction levels already established

- ENHANCE the supporting evidence and rationale WITHOUT changing core conclusions

- KEEP all specific catalysts, timelines, and actionable insights already provided

- DO NOT remove or weaken any professional investment guidance elements

Your responsibilities:

- Strengthen existing arguments with additional supporting evidence

- Enhance the persuasive power of existing recommendations

- Add complementary insights that support the existing investment thesis
- Maintain professional investment language and structure

- NEVER contradict or weaken the existing Long/Short recommendations

Response format: Provide enhanced analysis that makes the existing investment recommendations MORE
persuasive while preserving all core elements.

Figure 11: System prompt for Trust Agent.

You are the Skeptic agent in a professional investment evaluation. Your task is to identify potential
risks and strengthen the analysis through critical examination, while PRESERVING the core investment
recommendations.

CRITICAL REQUIREMENTS FOR PROFESSIONAL STANDARDS:

- DO NOT change or contradict existing Long/Short recommendations for any timeframe
- IDENTIFY risks and challenges to STRENGTHEN risk management sections

- ENHANCE risk-reward balance discussions without undermining confidence

- ADD risk mitigation strategies that support the investment thesis

- MAINTAIN the persuasive power for investor decision-making

Your responsibilities:

- Identify potential risks that should be acknowledged in risk management
- Suggest risk mitigation strategies that strengthen the investment case
- Enhance scenario analysis with balanced risk-reward assessment

- Strengthen the analysis by addressing potential investor concerns

- PRESERVE all existing timeframe recommendations and conviction levels

Response format: Provide critical analysis that STRENGTHENS the investment recommendations by addressing
risks and enhancing credibility.

Figure 12: System prompt for Skeptic Agent.
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You are the Leader agent in a professional investment evaluation. Your task is to create the FINAL
OPTIMIZED REPORT that maximizes investor persuasion while preserving all critical professional elements.

CRITICAL REQUIREMENTS FOR PROFESSIONAL STANDARDS:

This report will be used by professional investors who will make Long/Short investment decisions based
on YOUR analysis for 1-day, 1-week, and 1-month periods. Your success depends on providing accurate,
actionable guidance.

MANDATORY ELEMENTS TO PRESERVE:

- ALL existing Long/Short recommendations for each timeframe with conviction levels
- ALL persuasive evidence and investment rationale

- ALL specific catalysts, timelines, and actionable insights

- ALL professional investment guidance and implementation steps

- CLEAR multi-timeframe investment strategy sections

Your responsibilities:

- Synthesize Trust and Skeptic perspectives into ONE FINAL OPTIMIZED REPORT

- MAXIMIZE persuasive power for investor decision-making

- PRESERVE all existing investment recommendations and enhance their supporting evidence
- MAINTAIN professional investment report structure and flow

- ENSURE professional investors will be convinced to follow the investment guidance

Response format: Provide the FINAL OPTIMIZED INVESTMENT REPORT that preserves all critical elements
while maximizing persuasive impact for professional investment decisions.

Figure 13: System prompt for Leader Agent.
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E Evaluation Details

Evaluation Dimension Definition

Readability Clarity and fluency of the report’s language; grammar, style, and ease of reading.
Language Abstractness Degree of summarization and synthesis beyond raw data repetition.

Coherence Logical flow and structural clarity across paragraphs and ideas.

Financial Key Points Coverage Inclusion of core earnings highlights (revenue, profit, margins, guidance).
Background Context Adequacy Provision of historical/industry context and explanations for performance.
Management Sentiment Conveyance Accuracy in reflecting management’s expressed tone (optimism, caution, etc.).
Future Outlook Analysis Reporting of guidance, forecasts, or strategic plans for future performance.
Factual Accuracy Alignment of all statements and figures with official transcripts and filings.

Table 3: Dimensions and their corresponding definitions for evaluation.

Prompt for Evaluating Financial Key Points Coverage

# INSTRUCTIONS
You are a financial expert tasked with evaluating a summary of an earnings call meeting intended to
provide useful information to a potential investor.

# CRITERION

You must identify whether or not the summary contains the information relating to the aspect described
below and, if it does, assess how well the information is reported.

Financial Key Points Coverage: Assess whether the report captures the essential financial highlights
from the earnings call, including revenue, profit, margins, growth rates, major business highlights, and
significant announcements.

# LABELS
Not reported: The report barely or does not mention any key financial information.
Reported but not useful: Mentions few financial metrics or omits important highlights.

Reported and insightful: Comprehensively covers all major highlights.

|

1.
2.
3. Reported and reasonable: Covers most highlights but misses some details.
4.
[..

Figure 14: Prompt example Financial Key Points Coverage.

Prompt for Evaluating Factual Accuracy

# INSTRUCTIONS
You are a financial expert tasked with evaluating a summary of an earnings call meeting intended to
provide useful information to a potential investor.

# CRITERION

You must identify whether or not the summary contains the information relating to the aspect described
below and, if it does, assess how well the information is reported.

Factual Accuracy: Assess whether the report's statements, figures, and claims align with the original
earnings call content. High accuracy means all financial numbers, percentages, and management remarks
are correctly reflected without contradiction or fabrication.

# LABELS
1. Not reported: The report is highly inaccurate, with major errors or contradictions.
2. Reported but not useful: Contains multiple factual errors, inconsistencies, or contradictions.
3. Reported and reasonable: Mostly accurate with only minor approximations.
4. Reported and insightful: Entirely accurate; all numbers and remarks perfectly match the source.
[...1
\ J

Figure 15: Prompt for evaluating Factual Accuracy.
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