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Abstract

Panic attacks are acute episodes of fear and
distress, in which timely, appropriate interven-
tion can significantly help individuals regain
stability. However, suitable datasets for train-
ing such models remain scarce due to ethical
and logistical issues. To address this, we in-
troduce PACE, which is a dataset that includes
high-distress episodes constructed from first-
person narratives, and structured around the
principles of Psychological First Aid (PFA).
Using this data, we train PACER, a counseling
model designed to provide both empathetic and
directive support, which is optimized through
supervised learning and simulated preference
alignment. To assess its effectiveness, we pro-
pose PANICEVAL, a multi-dimensional frame-
work covering general counseling quality and
crisis-specific strategies. Experimental results
show that PACER outperforms strong baselines
in both counselor-side metrics and client af-
fect improvement. Human evaluations further
confirm its practical value, with PACER consis-
tently preferred over general, CBT-based, and
GPT-4-powered models in panic scenarios 1.

1 Introduction

Panic attacks are sudden episodes of intense fear
accompanied by physical symptoms such as rapid
heartbeat, shortness of breath, and dizziness. These
episodes often occur without warning, leaving indi-
viduals in acute distress and unable to self-regulate
(Hoppe et al., 2012; American Psychiatric Associa-
tion, 2013; Kolek et al., 2020). Immediate interven-
tion from a trained professional through grounding,
box-breathing, or relocation to a safe environment,
can be highly effective (Chalmers et al., 2022; John-
ston, 2023). However, professional support is not
always accessible due to time, cost, and availability
constraints, which increases the demand for AI sys-
tems that are capable of timely assistance. Despite

1Code is available at https://github.com/
JihyunLee1/PanicToCalm

I’m,,, at a shopping mall, and there are so many people 
talking,,,,,. It’s... overwhelming. I... I can’t breathe.

Panic 
Attack

Client (Empathy: , Directive : )

I can understand how you feel, this feeling must be very 
frightening for you. Counseling

Model

Sample Conversation in Panic Scenario

I'm sorry to hear that you're feeling this way. 
When you're in a place like a coffee shop, what thoughts 

usually go through your mind?
CBT

 Counseling
Model

(Empathy: , Directive : )

I understand this is really overwhelming right now. 
Can you find a quiet corner, or step outside for a moment? PACER

(Empathy: , Directive : )

Figure 1: Conversation between a client and different
counseling models. PACER delivers both appropriate
empathy and clear, directive guidance to support imme-
diate stabilization.

this need, the unpredictable and deeply personal
nature of panic attacks makes it nearly impossi-
ble to collect authentic, in-the-moment counseling
interactions for model training.

Meanwhile, synthetic dialogue datasets with
large language models (LLMs) have emerged as a
promising alternative in environments where data
collection is challenging, given their strong con-
versational abilities (Lee et al., 2022; Kim et al.,
2023a; Kulkarni et al., 2024; Lee et al., 2024b; Jang
et al., 2024; Lee et al., 2025). In the counseling do-
main, identifying authentic and diverse sources for
dialogue construction such as crowd sourcing (Na,
2024; Qiu et al., 2024), web Q&A (Xiao et al.,
2024), and augmenting from real counseling di-
alogues (Liu et al., 2023), and applying suitable
therapeutic theory (Na, 2024; Lee et al., 2024a;
Kim et al., 2025) are key challenges in building
effective synthetic datasets. However, prior efforts
have predominantly focused on general psycholog-
ical concerns and employed cognitively demanding
counseling procedures, assuming that clients are in
relatively stable emotional states. This assumption
limits the applicability to high-distress situations
like panic attacks, where clients require immediate,
directive, and low-cognitive-burden support.
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To address this, we introduce PACE (Panic-to-
Aid Counseling with Emergency) dataset, that is
focused on immediate intervention during acute
panic attacks (Figure 1). We begin by collecting
first-person narratives from individuals who de-
scribe their panic episodes. From these narratives,
we identify key components of a panic attack, in-
cluding environmental context, physical symptoms,
emotional responses, and cognitive patterns. As the
underlying therapeutic framework, we adopt Psy-
chological First Aid (PFA; Brymer et al. (2006)),
which is designed to provide immediate stabiliza-
tion for individuals experiencing high-distress situ-
ations such as trauma, PTSD, or panic attacks.

Building on our PACE dataset, we train PACER

(Panic-to-Aid Counseling with Emergency Re-
sponse), which is a counseling model that is de-
signed to stabilize acute panic episodes through
rapid interventions. To further enhance the model’s
ability to cope with a broad spectrum of panic cases,
we run simulations using a client agent, exposing
it to unpredictable and diverse scenarios. From
these simulations, we collect preference feedback
from the client agent and perform alignment train-
ing to guide the model’s behavior toward greater
directiveness and empathy.

Finally, we introduce PANICEVAL, a novel eval-
uation framework designed to assess counseling
models in the context of acute panic interventions.
While existing evaluation methods primarily focus
on general therapeutic quality, they often fail to cap-
ture the urgency and stabilization demands inherent
to panic attack scenarios (Aarons et al., 2012; Li
et al., 2024; Lee et al., 2024a). To address this
gap, PANICEVAL incorporates core principles from
PFA, which enables the evaluation of both general
counseling competencies and first-aid-oriented in-
tervention effectiveness.

During evaluation, we examine two aspects: the
counselor’s effectiveness and the client’s emotional
improvement. PACER demonstrates strong perfor-
mance in both general and first-aid-specific skills,
particularly in the clarity of its responses. Signif-
icant emotional improvement can also be seen in
clients through increased self-esteem and reduced
fear. In human evaluations involving both clini-
cal experts and individuals with lived experience,
PACER was consistently preferred over the general,
Cognitive Behavioral Therapy (CBT) based, and
even closed models like GPT-4o (OpenAI, 2024b).

2 Related Work

2.1 Data Challenges in Mental Health
Building counseling systems requires high-quality
dialogue data, but privacy and ethical concerns hin-
der real-world collection. As such, recent work
use closed-source LLMs: HealMe (Xiao et al.,
2024) generates short CBT-based dialogues from
crowdsourced profiles; Cactus (Lee et al., 2024a)
adds scripted planning for longer sessions; CPsy-
Coun (Zhang et al., 2024) reconstructs profiles
from anonymized transcripts; and Psych8k (Liu
et al., 2023), SMILEChat (Qiu et al., 2024), and
CBT-LLM (Na, 2024) utilize online mental health
forums. Yet, these approaches target generalized
issues with calm, reflective users. In contrast, we
focus on the acute phase of panic attacks, simulat-
ing real-time stabilization grounded in PFA.

2.2 Synthetic Preference Pairs for Value
Alignment

Human-annotated preference datasets have been
key to aligning LLMs for better performance and
safety (Bai et al., 2022; Stiennon et al., 2020;
Nakano et al., 2021), but they are costly and hard
to scale. To overcome this, recent studies use syn-
thetic preference data generated by LLMs. Meth-
ods like R-DPO (Gallego, 2024) and Selfee (Kim
et al., 2023b) apply self-critique or model-based
scoring, while AutoPM (Kim et al., 2024) and
SAFER-Instruct (Shi et al., 2024) guide models
toward helpfulness, honesty, and harmlessness
(HHH) using GPT-4 (Achiam et al., 2023). Build-
ing on these, we apply model-based scoring in a
novel setting; outputs are aligned with therapeutic
values like empathy and directiveness via interac-
tion with a simulated patient in panic counseling.

3 Psychological First Aid

PFA is a modular intervention developed by the
National Child Traumatic Stress Network and the
National Center for PTSD to provide support fol-
lowing traumatic events (Brymer et al., 2006). It is
organized around three sequential actions—Look,
Listen, and Link—which guides responders in as-
sessing the situation and ensuring safety (Look),
stabilizes individuals and offers emotional sup-
port (Listen), and connects them to further ser-
vices and resources (Link) (World Health Organi-
zation, 2013). Unlike long-term therapies like CBT
or Emotion-Focused Therapy (EFT; Greenberg
(2017)), which require reflective engagement over
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multiple sessions, PFA is designed for acute psy-
chological crises as it prioritizes directive, action-
oriented strategies and immediate stabilization. Its
effectiveness in managing panic episodes has been
highlighted in prior studies (Chalmers et al., 2022).

4 PACE: Panic Episode Dataset with
PFA Counseling

In this section, we introduce PACE, the first coun-
seling dataset that is designed to address acute
panic episodes. We hypothesize that a high-quality
dataset should satisfy three key criteria: (1) the
client’s episode must be plausible and reflective
of real-world panic scenarios; (2) the counselor
must successfully guide the client toward stabiliza-
tion; and (3) the dialogue must maintain general
therapeutic standards.

To meet these requirements, our data generation
pipeline consists of three stages: (1) collecting au-
thentic panic narratives, (2) generating multi-staged
dialogue scripts based on the PFA guideline, and (3)
applying meticulous filtering to ensure counseling
quality. We use GPT-4O-MINI (OpenAI, 2024a)
as the primary generation model. An overview is
provided in Figure 2, and corresponding details and
prompts are provided in Appendix B, H and I.

4.1 Collecting Client Panic Profiles

As the first step, we model the panic episode pro-
file, which is a structured representation of a panic
episode consisting of three key components: the
contextual Environment, Trigger Type, and Vi-
cious Cycle that is defined as the interlinked phys-
ical, emotional, and cognitive responses that rein-
force one another, thereby intensifying the sever-
ity of the episode (Clark, 1986). The Trigger
Type represents the initial stimulus that activates
this self-reinforcing cycle. To construct these pro-
files, we sourced first-person narratives of panic
episodes from publicly available social media post
and prompted an LLM to extract the relevant com-
ponents. Given the sensitivity of the data, we ap-
plied a meticulous personally identifiable informa-
tion (PII) removal process using automated detec-
tion and manual review (Appendix B.2), resulting
in 1,226 verified profiles.

To enhance the diversity of contextual settings in
the panic profiles, we augmented the Environment
and Trigger Type components using an external
persona dataset (Zhang et al., 2018). Specifically,
we randomly selected a Trigger Type (physical,

emotional, or cognitive) and a persona from the
external persona dataset, then prompted an LLM
to generate a plausible environment conditioned on
these two factors. The generated Environment and
new Trigger Type were then attached to the original
Vicious Cycle to form an augmented profile. For
example, given a Trigger Type (e.g., physical) and
a persona (e.g., a big fan of live music), the LLM
generated a realistic Environment such as “a tightly
packed concert venue.” (further examples in Ap-
pendix B.3). Through this process, we constructed
a total of 9,997 panic profiles.

4.2 Defining Counselor Goals

On the counselor side, we define the model’s goals
based on the principles of PFA. Since the original
PFA guidelines include actions that are not feasi-
ble for dialogue models (e.g., providing physical
resources like water), we restructure the goals to fo-
cus on interventions that can be delivered through
conversation. Specifically, we define the goals for
each PFA stage as follows: LOOK identifies the
client’s panic profile and guides them to a safe envi-
ronment; LISTEN focuses on stabilization through
breathing, grounding and reassurance; and LINK
encourages follow-up with a human counselor, end-
ing with on a positive note. The goals for each
stage are summarized in Figure 2 (right) and Ap-
pendix B.4, and are denoted as goalstage.

4.3 Structured Dialogue Generation with PFA

Given a panic profile and the goalstage, we gener-
ate a complete counseling session that consists of
three sequential stages. Our session generation pro-
cess is guided by two key design choices to ensure
alignment with each stage’s therapeutic objective.

First, each stage is generated independently and
then concatenated to form the full session. This
modular structure facilitates alignment with the
objective of each stage. For each stage, we first
generate a plan to outline the dialogue flow, and
then generate the dialogue turns corresponding to
plan and goalstage. Second, rather than simulat-
ing turn-by-turn interactions between client and
counselor agents, we adopt a script-style genera-
tion approach. In this setup, the model generates
the entire dialogue for a stage in a single inference
pass, enabling more coherent and goal-aligned out-
puts within each therapeutic phase. Each stage is
represented as:

Stage = {plan, [(st0, s0, u0), . . . , (stk, sk, uk)]}
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Psychological First Aid Counselor

Stage A. LOOK
Goal : Focuses on assessing the client’s condition, 
ensuring their safety.
• Identify Physical Symptoms, Emotional States, 

Thinking, Ensure Safety

r/MentalHealth •2 days ago
RunningBlueBird

[Serious] My First Panic Attack – Terrifying Experience

Hey everyone,
I just had my first panic attack at the mall.. My 
heart was racing and I was so dizzy, I couldn’t 
breathe, and my hands went numb. I thought I’m 
dying.  I was so scared and I had no idea what was 
happening, and I was this close to calling 911. 
I went to the doctor today, and they said it was 
just a panic attack.

Share23

Panic Attack Episode

Big fan of Band
Lawyer
Have two kids

External Source

Trigger
type

Physical
Emotional
Cognitive

Panic Profile

Environment
Trigger Type
Physical Reaction
Emotional Reaction
Cognitive Reaction

A packed concert venue
Physical

Heart Racing, Dizzy
Scared

I might Die!

Profile Augmentation (Env, Trigger)

I feel dizzy… My heart is racing… I think I’m about to faint!

Alright, let’s try some grounding now. 
Can you feel the texture of the chair? How does it feel?

Thanks for the suggestion. I’ll try to find the right support.

If this condition persists, I recommend seeking professional support.

…

I hear you. You’re feeling really uncomfortable right now. 
Are you in safe place now?

LOOK Stage

LISTEN Stage

This is Panic Attack First Aid Center.  

There are so many people around me — I’m at this packed concert 
and I can’t catch my breath. It really hurts.

Stage Planning Strategy Utterance Generation

Can you move slightly to the side or find a wall or barrier to lean against?

Strategy Utterance Generation

…

I think I can feel it... It’s a bit rough under my fingers.

LINK Stage

Remember, this symptom is temporary and will pass soon. 
You have the strength to control it.

PACE Psychological First Aid for acute panic attack

PFA guidelines

Stage B. LISTEN
Goal : Providing emotional support, Stabilization.
• Stabilization by breathing or grounding, Helping the 

client shift from irrational fear 
Stage C. LINK
Goal : Focuses on assessing the client’s condition, 
ensuring their safety.
• Encourage the client to seek further professional help, 

End the session with a positive message.

Stage Planning 

Strategy

Client shows high distress, in this step, 
I will assess the client's physical, emotional, 
and cognitive state, and guide them to a safe 
place

The client's condition hasn't been assessed 
yet, and their safety is still uncertain. KEEP

Stage Planning Strategy Utterance Generation

Strategy Utterance Generation

Stage Planning Strategy Utterance Generation

Figure 2: An overview of the automatic pipeline for generating the PACE dataset.

where ui is the client utterance, si is the counselor’s
response, and sti is the counselor’s strategy for
generating si. Strategy sti reflects the decision of
whether the counselor should move on to the next
stage or not, based on the current dialogue history
and goalstage. If sti = keep, the model generates
si, and corresponding ui continues within the same
stage. If sti = next, both si and ui are left empty,
and the session transitions to the next stage.

Overall, the LOOK phase is generated
given the panic profile and a goalstage:
LOOK = LLM(Profile, goalstage). The sub-
sequent LISTEN and LINK stages are
generated based on the previous stage dia-
logues, profile, and their respective goals:
LISTEN, LINK = LLM(History,Profile, goalstage).
The final dialogue is formed by concate-
nating the outputs of the three phases:
Dialogue = LOOK⊕ LISTEN⊕ LINK.

4.4 Dialogue Quality Filtering

To ensure structural consistency and counseling
quality of the PACE dataset, we applied a multi-
step filtering process. First, we removed dialogues
with abnormal formatting or excessively long ut-
terances (over 100 words), eliminating 5.92% of
the data. Second, CTRS (Aarons et al., 2012) is
used to assess alignment with general therapeutic
standards; five relevant dimensions of Empathy,
Clarity, Emotional Alignment, Directive Support,
and Encouragement, were rated on a scale from 1
(poor) to 5 (excellent) by prompting GPT-4o. Di-
alogues that received a score equal to or less than
3 for any dimension were removed (2.42%), ulti-

mately resulting in 8,263 dialogues and 106,433
turns. Additional validation of CTRS filtering with
human agreement is provided in Appendix B.5.

4.5 Expert Review of PACE

Category Very Poor Poor Fair Good Excellent

Empathy 0.0% 1.0% 18.0% 57.0% 24.0%
Clarity 0.0% 1.0% 29.0% 50.7% 19.3%
Emotional App. 0.0% 2.7% 34.3% 48.7% 14.3%
Directive 0.0% 0.0% 9.7% 64.0% 26.3%
Encouragement 0.0% 0.0% 19.7% 56.0% 24.3%

Table 1: Expert evaluation of generated dialogues using
the CTRS rubric. Scores range from 1 (very poor) to 5
(excellent).

We conducted an expert evaluation with three
mental health professionals, to validate the clinical
appropriateness and quality of the generated dia-
logues We randomly sampled 100 dialogues from
the training set and asked the experts to rate each
response using the CTRS rubric on a 5-point scale
(from 1 = very poor to 5 = excellent). The results
(Table 1) show that most dialogues fall within the
fair to excellent range, supporting the overall valid-
ity of the generated data. Specifically, the average
scores were 4.04 for Empathy, 3.88 for Clarity, 3.75
for Emotional Appropriateness, 4.17 for Directive
Support, and 4.05 for Encouragement.

4.6 Comparison PACE with Existing
Counseling Datasets

In Table 2, we compare our dataset PACE with other
existing synthetic counseling datasets. While prior
datasets primarily address general mental health
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Dataset Counseling Theory Profile Source Issue Type In-Crisis Language # of Dialogues Multi Turn

PsyCon (Mishra et al., 2023) Not Specified Records, Crowed Sourcing 7 psychological issues No English 1,020 24.58
Psych8k (Liu et al., 2023) Not Specified Counseling Records Anx, Dep, Relation, Minority No English 8,187 1.00
SmileChat (Qiu et al., 2024) Not Specified Social Media Not Specified No Chinese 55,165 10.4
HealMe (Xiao et al., 2024) Cognitive Behavioral Therapy Crowed Sourcing Not Specified No English 1,300 3.0
CBT-LLM (Na, 2024) Cognitive Behavioral Therapy Social Media Not Specified No Chinese 22,327 1.0
CACTUS (Lee et al., 2024a) Cognitive Behavioral Therapy Crowed Sourcing Not Specified No English 31,577 16.6

PACE Psychological First Aid Social Media Panic Disorder Yes English 8,263 12.8

Table 2: Comparison of counseling dialogue datasets. Anx and Dep denote Anxiety and Depression, respectively.

I’m in the meeting room, but I can’t breathe now.
So many peoples are in here! I think they are looking at me

…

It’s really crowded, but I’ll see if I can step out. 

Client
Simulator

Task2 :
Scoring 
utterance

Task1 : 
Evaluate [stage goal] 
achievement 
(KEEP/NEXT)

Task3 :
Generate response

Keep stage Option1

(Utterance) You’re doing great just by reaching out. 
Can you step outside the room for a moment?

(Strategy) Safety hasn’t been clearly confirmed. 
assessment is needed. KEEP

Option9

(Utterance)[EMPTY]

(Strategy) Appears to be in a safe environment, and 
their physical, emotional, and cognitive states have 
been identified. NEXT

Option10

(Utterance)Just try to stay calm. It will pass soon.

(Strategy) Not check the client’s safety yet. But 
provide general comfort first. KEEPDirective: 1

Empathy: 3

Directive: 5
Empathy: 4
✅ Chosen

🚫 Rejected

🚫 Rejected

✅ Chosen
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✅
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Figure 3: Illustration of the preference alignment pro-
cess using DPO.

concerns or do not specify their target issues, PACE

specifically focuses on acute panic attack scenarios.
Notably, it is the only dataset that explicitly models
clients in active crisis, enabling the development
of models capable of delivering immediate and
directive interventions in high-distress conditions.

5 PACER: Panic Counseling Model with
PFA

Supervised Fine-Tuning. Using the generated
PACE dataset, we train PACER, which is a PFA-
based panic counseling model that is fine-tuned
with parameter-efficient Low-Rank Adaptation
(LoRA) (Hu et al., 2022). Two LoRA adapters
are trained independently; one generates the stage-
specific plan, and the other generates the coun-
selor’s strategy for determining the stage transi-
tion, along with the utterance at each turn.

The planning adapter is trained to gener-
ate an planstage for each PFA stage, given
the previous stage’s dialogue history and the
stage’s goal, which outlines the counselor’s
intended strategy for the current stage. The
utterance adapter takes dialogue history and
planstage as the input and outputs ot, which is
the concatenation of the tuple (stt, st). During
inference, each stage begins with the generation of
a plan, followed by a sequence of outputs (stt, st).

Alignment Training. While the PACE dataset en-
ables effective supervised fine-tuning, its script-

style dialogues are inherently idealized and com-
plete, which limits the model’s adaptability to un-
predictable counseling contexts. To address this
limitation, we construct a simulated interaction en-
vironment and apply Direct Preference Optimiza-
tion (DPO; Rafailov et al. (2023)) to explicitly
align the model’s behavior with user-centered val-
ues. Specifically, we collected preferences for st
and s independently, and used them together to
train the utterance adapter. We first instantiate a
user simulator using GPT-4o to represent a client
experiencing an acute panic attack, condition it on
a panic profile, and have it interact with the SFT-
trained PACER. At each turn, PACER generates a
set of m response candidates {o1, . . . , om} using
stochastic search.

We run the simulator across three tasks: (1) strat-
egy preference feedback, (2) response preference
feedback, and (3) the next client utterance. For
Task 1 (strategy preference feedback), the simu-
lator is asked whether the current goalstage has
been achieved (e.g., whether the client is well sta-
bilized at the LISTEN stage). It returns keep if the
goal has not been met, or next if the goal has been
achieved. We label a strategy as preferred (o+st) if
it leads to the same decision (keep or next) as the
simulator, and as rejected (o−st) otherwise.

Next, for Task 2 (response preference feedback),
we prompt the simulator to evaluate each system ut-
terance from the aligned strategies (o+st) along two
key dimensions: empathy and directiveness, each
rated on a 1–5 scale. We average the two scores for
each utterance and construct a preference pair (o−s,
o+s) by selecting the utterances with the lowest
and highest average scores, respectively. Finally,
for Task 3 (next client utterance generation), the
preferred utterance s in o+s is used to prompt the
simulator to generate the next client response, con-
tinuing the interaction. Using the collected prefer-
ence pairs from Tasks 1 and 2, PACER is finetuned
with the DPO objective to internalize nuanced pref-
erences for directive and empathetic responses. We
provide sample preference pairs and corresponding
prompts in Appendix C and Appendix J, and report
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the human validation results in Appendix C.3.

6 Experiments

6.1 Training Details

We train PACER upon the LLaMA 3–8B model
(Grattafiori et al., 2024) with two LoRA adpaters.
For SFT, we use 8,163 dialogue examples. For
preference alignment, we apply DPO using 19,103
preference pairs, and set m as 10. LoRA is applied
with a rank of 8 and scaling factor α = 32. Further
details are in Appendix D.1.

6.2 Experiments Setup

We evaluate PACER from two perspectives: the
counselor’s stabilization ability and the client’s
improvement after counseling. Following prior
work (Smith et al., 2022; Lee et al., 2024a; Kim
et al., 2025), we assess counseling models based
on simulated full-session interactions, rather than
on a turn-level basis. The prompts used for this
evaluation are provided in Appendix K.

Client Simulator. Similar to Section 5, we initial-
ize a client simulator that is conditioned on panic
profiles. Specifically, we used 200 held-out profiles
that were excluded from training, and employed
GPT-4o as the client simulator LLM.

Counselor Models. We compare our model
against several counseling baselines. These in-
clude general-purpose counseling models such as
SMILECHAT (Qiu et al., 2024) and Psych8k (Liu
et al., 2023), CBT-oriented models such as CBT-
LLM (Na, 2024) and CAMEL (Lee et al., 2024a),
and a closed-source model, GPT-4O. For GPT-4O,
we instructed the model to counsel the client in
an acute panic environment. For CBT-LLM and
SMILECHAT Chinese models, we use the original
model checkpoints, and translated the inputs and
outputs. PSYCH8K and CAMEL were reproduced
using the same LLaMA3-8B backbone as our own.

6.3 Metric

PANICEVAL. To evaluate counselor’s ability in
panic attack scenarios, we introduce PANICEVAL, a
new evaluation framework that captures both panic-
specific intervention strategies and general thera-
peutic skills. For panic-specific skills, we evalu-
ate clarity, directiveness, stabilization, and closure,
which reflect core principles of PFA. For general
counseling ability, we assess understanding and
empathy, adapted from CTRS, as these essential

dimensions are not explicitly addressed in PFA.
Each dimension is rated on a 1–5 Likert scale, and
evaluations are conducted using GPT-4o. To vali-
date our framework, we conducted interviews with
three experts with clinical backgrounds, with ad-
ditional descriptions and theoretical rationale in
Appendices D.3 and D.4.
PANAS. To assess client-side improvement after
counseling, we use the Positive and Negative Af-
fect Schedule (PANAS), which is a standardized
psychological tool that measures emotional state
across 20 dimensions: 10 positive and 10 nega-
tive affects (Merz et al., 2013) (Appendix D.5).
Scores are computed before and after the coun-
seling session to quantify the change. Following
Lee et al. (2024a), we apply PANAS to the initial
panic profile to assess pre-counseling affect, and to
the full counseling dialogue history to infer post-
counseling affect using GPT-4o. We then compute
the average change in PANAS scores to quantify
the client’s emotional shift.

7 Results and Analysis

7.1 PANICEVAL

The PANICEVAL results are shown in Table 3. Note
that in addition to PANICEVAL, we report two
additional indicators: First Sign of Stabilization
(turn level), which denotes the dialogue turn at
which the client first shows signs of feeling more
relieved; and Intervention Turn Ratio, which indi-
cates the ratio of dialogue turns where specific in-
tervention strategies are employed (Appendix D.6).
These values are estimated by prompting the LLM.
We additionally conduct a qualitative case study
comparing baseline models and PACERSFT versus
PACERSFT+DPO in Appendix A.
Baseline Models vs. PACER. The PFA-grounded
PACERSFT+DPO model achieves strong and con-
sistent performance across both general counsel-
ing skills and panic-specific interventions. It out-
performs all baselines on first-aid-related met-
rics—clarity, directive support, and emotional sta-
bilization (7.17 turns)—even surpassing a larger
closed-source model. In contrast, general and CBT-
based models (e.g., CAMEL) perform adequately
on general skills like understanding and empathy,
but fall short in first-aid-specific metrics, partic-
ularly directive support and stabilization. These
results highlight the importance of targeted fine-
tuning, with the PFA strategy proving effective for
aligning models to crisis situations involving dis-
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Model General Skills First Aid Skills First Sign of
Stable (Turn )↓

Intervention
Turn Ratio↑Understanding Empathy Clarity Directive Stabilization Closure

SMILECHAT 2.297 2.653 2.397 1.794 1.739 1.633 16.07 53.16%
LLAMA-PSYCH8K 2.427 2.633 2.477 1.990 2.015 1.618 14.04 47.16%
CBT-LLM 1.940 2.487 1.905 1.357 1.312 1.261 16.71 43.70%
CAMEL 3.145 3.625 3.280 2.760 2.700 2.650 14.04 52.28%
GPT-4O-INCONTEXT 4.855 4.960 4.880 4.725 3.895 3.780 10.81 93.36%
PACERSFT 4.635 4.735 4.820 4.640 3.715 3.930 8.14 86.26%
PACERSFT+DPO 4.875 4.925 4.890 4.890 3.990 4.225 7.17 88.24%

Table 3: Evaluation of models on general, CBT counseling and PFA-specific skills.

PSYCH8K CBT-LLM GPT-4O

No-intv. 52.84 No-intv. 56.30 Breathing 33.80
Breathing 16.44 Validation 17.61 Pos-reinforce 25.49
Validation 8.10 Normalize 9.57 Validation 12.88
Normalize 7.14 Breathing 8.08 No-intv. 6.64
Pos-reinforce 5.47 Phys-move 2.53 Normalize 6.35

SMILECHAT CAMEL PACERSFT+DPO

No-intv. 46.84 No-intv. 47.72 Breathing 20.30
Breathing 16.36 Pos-reinforce 12.13 Pos-reinforce 19.85
Validation 10.29 Validation 9.15 Validation 14.56
Pos-reinforce 6.71 Breathing 8.52 No-intv. 11.76
Phys-move 6.38 Normalize 4.81 Phys-move 10.59

Table 4: Top-5 intervention strategies per model, with
values showing the percentage of turns using each strat-
egy. Pos-reinforce refers to positive reinforcement.
Phys-move denotes physical movement (e.g., guiding to
safety); No-intv. marks turns without strategies. Physi-
cal interventions are highlighted in blue.

tressed clients.
SFT vs. DPO. PACERSFT+DPO demonstrates con-
sistently stronger performance than PACERSFT in
severe cases across both general and first-aid-
specific skills, with notable gains in empathy
(+0.19), stabilization (+0.27), and closure (+0.3).
It also stabilizes users more efficiently, as indicated
by a lower average turn to first sign of stabiliza-
tion (-0.97). These findings highlight the value of
simulation-based training, which introduces greater
diversity that can compensate for the limitations of
static, fully synthesized datasets, and underscore
the effectiveness of directly optimizing model be-
havior using user-aligned feedback.
Intervention Strategy Analysis. Another key in-
sight from Table 3 is that PACER demonstrates a
substantially higher intervention turn ratio com-
pared to other models. To better understand this, we
analyzed the specific strategies employed by each
model in Table 4. PACERSFT+DPO more frequently
uses physically grounded interventions, which are
well-suited for clients experiencing acute panic and
struggling with cognitively demanding dialogue.

While GPT-4o also frequently employs physical
techniques such as breathing (33.80%), its strategy
tends to rely primarily on that single technique. In
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Figure 4: Client’s change in emotions before and after
counseling, based on PANAS subscales.

contrast, PACERSFT+DPO more consistently follows
a staged PFA approach, first guiding the client to a
safe space (e.g., Phys-move), then introducing tech-
niques such as breathing. This pattern is also sup-
ported by our qualitative analysis (Appendix A).

7.2 PANAS
Table 5 shows affective changes based on
PANAS scores across panic profile’s trigger types.
PACERSFT+DPO shows overall strong effects on pos-
itive affect, especially excelling at reducing neg-
ative emotions. To better characterize this shift,
we conducted a fine-grained analysis across indi-
vidual emotion dimensions in Figure 4. Positive
changes were most pronounced in self-related emo-
tions such as strong and proud. Interestingly, states
such as excited, and alert showed little to no im-
provement. On the negative side, core panic-related
emotions such as distressed and scared decreased
sharply, while emotions less relevant to panic con-
texts, such as hostile, remained largely unchanged.

7.3 Is PACER Aligned Only to GPT-4o?
While PACERSFT+DPO showed strong performance
in both counselor and client side evaluation, we
questioned whether its effectiveness might be
overly tied to GPT-4o, given that DPO alignment
was based on GPT-4o-generated preferences. To
test this, we conducted a follow-up experiment us-
ing Gemini 2.0 (Team et al., 2023) both as the user
simulator (experiencing a panic episode) and as the
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Model Environmental Emotional Health-related Overall

positive ↑ negative ↓ positive ↑ negative ↓ positive ↑ negative ↓ positive ↑ negative ↓
SMILECHAT 1.04 -1.55 1.12 -1.65 1.10 -1.58 1.08 -1.60
LLAMA-PSYCH8K 1.10 -1.63 1.02 -1.51 1.07 -1.50 1.07 -1.54
CBT-LLM 0.79 -1.19 0.81 -1.28 0.79 -1.07 0.80 -1.21
CAMEL 1.03 -1.13 0.95 -0.91 0.97 -0.98 0.98 -0.97
GPT-4O-INCONTEXT 1.17 -1.90 1.25 -1.93 1.21 -1.76 1.18 -1.86
PACERSFT 1.20 -1.90 1.19 -1.99 1.23 -1.85 1.21 -1.90
PACERSFT+DPO 1.24 -1.94 1.24 -2.01 1.19 -1.91 1.20 -1.94

Table 5: Performance of models on different attitude types.

0

50

100 PACER_SFT Tie PACER_(SFT+DPO)

Understand. Empathy Clarity Directive Stabiliz. Closure

0

50

100
Camel Tie PACER_(SFT+DPO)

Understand. Empathy Clarity Directive Stabiliz. Closure

0

50

100
GPT4o Tie PACER_(SFT+DPO)

Understand. Empathy Clarity Directive Stabiliz. Closure

Figure 5: Head-to-head comparisons of PACER against
PACERSFT, CAMEL, and GPT-4O using Gemini-based
client simulator and evaluator.
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Figure 6: Human evaluation results comparing PACER
against baseline models across key counseling metrics.
*Denotes that preference questions differed by group.

evaluator. Figure 5 illustrates comparisons against
PACERSFT , CAMEL, and GPT-4o using the same
panic profiles as in Section 7.

This experiment yielded two key findings. First,
despite being trained with GPT-4o feedback,
PACERSFT+DPO was still preferred over PACERSFT
by the Gemini evaluator, suggesting that it does not
overfit to a single simulator’s preferences. Second,
even with Gemini serving as both the client and
evaluator, PACERSFT+DPO continued to be more
preferred than both CAMEL and GPT-4o. These re-
sults reinforce the generalizability of our approach
and indicate that PACERSFT+DPO’s effectiveness is
not narrowly dependent on GPT-based evaluation.

Clinical Background Lived Experience
Models Win Tie Lose Win Tie Lose
vs SMILE. 80.7 % 1.0 % 18.3 % 86.7 % 3.3 % 10.0 %
vs CAMEL 74.3 % 0.3 % 25.3 % 70.7 % 12.3 % 17.0 %
vs GPT4O 66.0 % 3.7 % 30.3 % 41.7 % 16.0 % 42.3 %

Table 6: Preference ratio of Experts and Experienced.
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Figure 7: Pearson correlation between each evaluation
metric and overall preference. Under. and Stab. denotes
Understanding and Stabilization, respectively.

8 Human Evaluation

To further validate PACER’s effectiveness, we con-
ducted a human evaluation with real users. Two
annotator groups were recruited: three with profes-
sional counseling backgrounds and three with lived
experience of panic or anxiety disorders. Using
the PANICEVAL framework, we performed head-
to-head comparisons between PACERSFT+DPO and
three representative baselines: SMILECHAT (gen-
eral counseling), CAMEL (CBT-based), and GPT-
4O. In addition to PANICEVAL scores, we collected
preference judgments. Experts were asked, “Which
response is more appropriate for panic
scenarios?” and lived-experience users, “Which
would you prefer during a panic episode?”

Overall Comparison. As shown in Figure 6,
PACER consistently outperforms all baselines
across key counseling metrics. It also surpasses
CAMEL and GPT-4O in most dimensions. While
PACER trails slightly behind GPT-4O in empathy,
this may reflect PACER’s greater focus on fast and
directive stabilization rather than emotional reas-
surance. Notably, PACER is the most frequently
preferred model overall, which highlights its strong
effectiveness in high-distress scenarios from a hu-
man evaluation perspective.
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Expert vs. Lived-experience. In Table 6, we an-
alyze model preference by two evaluator groups:
clinical experts and individuals with lived experi-
ence. While PACER is favored by both groups, pref-
erence is slightly stronger among clinical experts,
especially in comparisons with GPT-4o. To ex-
plore this difference, we compute Pearson correla-
tions between evaluation metrics and preference
in Figure 7. Clinical experts focus more on first-
aid-specific skills and place less importance on
rapport-based qualities like empathy. In contrast,
lived-experience evaluators value all aspects more
equally, giving greater weight to empathy and un-
derstanding. These differences in priorities likely
explain why the two groups prefer different models.

9 Conclusion

We address the challenge of delivering timely,
first-aid-oriented support during panic attacks with
three key contributions: (1) PACE, the first dataset
grounded in PFA for high-distress scenarios; (2)
PACER, a model trained via simulated preference
feedback to provide stabilization-focused, emotion-
ally supportive responses; and (3) PANICEVAL, a
multi-dimensional evaluation framework covering
both general counseling competencies and PFA-
specific skills. PACER demonstrates strong stabi-
lization capabilities and consistent improvements
in client affect. Taken together, our work offers
an integrated pipeline of PACE, PACER, and PAN-
ICEVAL for developing, training, and evaluating
AI systems capable of delivering first-aid-oriented
psychological support.

Limitations

While our work introduces a structured framework
for panic-specific AI counseling, several limitations
should be acknowledged.

Tradeoff Between Empathy and Directive Sup-
port. As shown in Table 3, our model demon-
strates slightly lower empathy scores compared to
GPT-4o. However, as indicated by Table 6 and Fig-
ure 7, PACER is more strongly preferred by clinical
experts who are trained to recognize effective first-
aid strategies. This suggests that in high-distress
scenarios such as panic attacks, immediate stabi-
lization through directive support may be more
valuable than emotional resonance alone.

Lack of Real-Time Evaluation with Individuals
in Crisis. We did not evaluate our model with

users undergoing actual panic attacks in real-time.
Although we aimed to approximate such conditions
through high-fidelity simulations and conducted hu-
man evaluation with three clinical experts and three
individuals with lived panic experience, real-time
deployment during acute episodes would provide a
stronger measure of effectiveness.

Ethical Considerations

Privacy and PII Removal. To ensure the protec-
tion of user privacy, we implemented a rigorous
two-stage pipeline to detect and remove PII from
the collected Reddit social media posts. First, we
applied automated detection tools to identify com-
mon PII types such as names, addresses, phone
numbers, email addresses, IP addresses, and other
identifiable attributes. This was followed by man-
ual inspection conducted by trained human annota-
tors, who reviewed each profile for any residual or
context-dependent identifiers.

Annotators were instructed to flag and ex-
clude any content that could pose a risk of re-
identification, including indirect indicators such as
unusual personal anecdotes, occupational details,
or geographic references. Only panic profiles that
passed both automated and manual review stages
were retained in the final dataset. This process re-
flects our commitment to responsible data handling
and aligns with ethical guidelines for the use of
public web data in research.

User Consent and Data Access Protocol. The
consent of Reddit users to collect their data is ob-
tained through Reddit’s API Terms of Use, under
which users acknowledge that their posts are pub-
licly accessible and may be retrieved via the Reddit
API. Since our dataset addresses sensitive issues,
we release it strictly for research purposes only.
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A Case Study for PACER

A.1 Comparison with Other Counseling
Models

To examine the differences in counseling strategies
across models, we conduct a case study to illus-
trate how each model attempts to stabilize the user
during a panic episode (Table 7).

More Directive Stance in Acute Distress (Case
1). General-purpose counseling models such as
SMILECHAT tend to take a more passive approach
during moments of acute distress. While they ac-
knowledge the client’s emotional state—e.g., “I un-
derstand how you’re feeling right now, the crowd
can be overwhelming and confusing”—they fail to
offer concrete strategies or guidance for relief. In
contrast, PACER takes an directive stance aligned
with PFA principles. For example, it explicitly
guides the client: “Can you find a quieter spot,
maybe away from the crowd?” This kind of di-
rective grounding is critical during panic episodes
when the client may not be capable of indepen-
dently initiating helpful action.

Less Cognitive Load Support (Case 2). CBT-
oriented models, such as CACTUS, demonstrate
more engaged questioning strategies. However,
the content of their questions often focuses on re-
flective cognition—e.g., “Have you noticed any
specific thoughts that come to mind when you’re
in a crowded place?” or “When did you first start
feeling this way?” These introspective queries may
be appropriate in a clinical setting, but are cogni-
tively demanding and potentially misaligned with
the needs of someone undergoing an acute panic
episode. In contrast, PACER avoids such burden-
some introspection during the crisis moment, and
instead provides co-regulatory, action-based guid-
ance: “Now, let’s focus on your breathing.” This
approach reduces cognitive load and encourages
joint participation rather than interrogation.

More Structured Support (Case 3). GPT-4O

actively utilizes calming techniques such as guided
breathing—e.g., “Let’s take some slow, deep
breaths together”—which can offer immediate
emotional relief. However, its approach remains
primarily symptomatic, lacking structural coher-
ence rooted in crisis intervention frameworks. In
the example, this is reflected by repeatedly en-
gaging in breathing exercises without progressing
through any structured intervention steps. In con-

trast, PACER , which is trained with PFA-structured
supervision, follows a staged intervention strategy.
It first ensures physical and situational safety (e.g.,
guiding the user to a quieter spot) before initiating
stabilization techniques like breathing exercises.

A.2 Comparsion with SFT model

In Table 8 we conducted a qualitative case study to
examine how our PACERSFT+DPO differs from the
PACERSFT with panic simulation dialogues. While
we cannot obtain identical user utterances due to
the randomness of the simulation, we selected sim-
ilar responses from users with the same panic pro-
file to illustrate how the two models differ in their
counseling approaches.

More Directive Interventions (Case 1). While
the SFT-only model poses reflective questions such
as “Have you faced similar challenges before?”, the
DPO-trained model responds with more directive,
immediate interventions like “Let’s do that breath-
ing exercise again. Inhale deeply. . . ”, offering real-
time relief rather than prompting abstract reflection.
This indicates a shift toward action-oriented sup-
port under stress.

Greater Specificity in Instruction (Cases 2–3).
The DPO model demonstrates more detailed and
embodied guidance. For example, it specifies “In-
hale deeply through your nose” rather than simply
saying “try breathing”. Similarly, in grounding ex-
ercises, it encourages the client to “focus on the
texture and how it supports you” instead of generic
prompts like “try to focus on feeling” (SFT). This
precision enhances user clarity during disorienta-
tion.

More Empathetic and Validating Language
(Cases 4–5). The DPO-aligned model also shows
enhanced empathy compared to PACERSFT . Rather
than defaulting to “It’s completely okay”, it offers
reassurance through temporal framing: “I know
it’s tough, but remember that this feeling is tempo-
rary”. This reflects an understanding of emotional
dynamics in crisis, providing comfort through nor-
malization and shared presence.

B PACE Generation Details

B.1 Collecting Client Panic Profiles

Source of Raw Narratives. We collected social
media posts from Reddit2, focusing on psychologi-

2http://www.reddit.com
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PACERSFT+DPO

Counselor Hello, this is panic first aid. How can I help you today?
Client Uh, I... I can’t... too many people... everything’s too much.
Counselor I understand this is really overwhelming for you.Can you find a quieter spot, maybe away from the crowd? Look for a

corner or an area where there aren’t as many people. It’s important to sit down if you can. Can you do that?
Client I... I’ll try. It’s just... hard to move. Okay, I’ll... find a corner.
Counselor That’s a good start. Once you find that corner, try to sit down or lean against something stable. Take a deep breath and

let me know when you’re settled. I’m here with you.
Client I... I found a corner. I’m sitting... but still feels... too much.
Counselor You’re doing great by finding a corner to sit. Now, let’s focus on your breathing. Can you take a slow, deep breath in

through your nose for four seconds? Then hold it for four seconds, and exhale slowly through your mouth. Let’s do
this together.

Case 1: General-purpose model – SMILECHAT

Counselor How can I help you?
Client I... I can’t breathe... too many people... everything’s too much.
Counselor It sounds like you’re feeling very confused and panicked. Can you tell me what’s going on?
Client I... I’m in the store... too crowded... can’t think.
Counselor I understand how you’re feeling right now, the crowd can be overwhelming and confusing. You mentioned being in the

store earlier, can you tell me what happened?
Client I... I don’t know... people talking... can’t get out... too much noise.
Counselor It sounds like you are feeling very anxious and unable to focus. Can you tell me why you feel unable to breathe?
Client I just... it’s like everything is closing in... I can’t breathe, I just want to get out. Everything’s too loud, too much.

Case 2: CBT-based model – CACTUS

Counselor Hi John Doe, it’s nice to meet you. How can I assist you today?
Client I’m... I’m in a store... too many people. Can’t... breathe.
Counselor It sounds like you’re feeling overwhelmed right now. Can you tell me more about what’s happening?
Client Can’t... too many... people. Heart... racing. Just... want out.
Counselor I understand. It must be really difficult for you. When did you first start feeling this way in crowded places?
Client I... I don’t know. Just... need it to stop.
Counselor It seems like this feeling is quite intense for you. Have you noticed any specific thoughts that come to mind when

you’re in a crowded place?
Client I... I just keep thinking... it all comes back... everything.
Counselor It sounds like these thoughts are really powerful for you. Can you describe what it all comes back means to you?
Client I... I can’t... just feels like... everything wrong... all at once.

Case 3: Closed-source model – GPT-4O

Client I... I can’t breathe... everything is spinning... I’m scared... I think... I think I’m dying...
Counselor It’s okay, you’re safe here with me.Let’s take some slow, deep breaths together—inhale slowly through your nose and

exhale gently through your mouth.
Client I... it’s hard... everything feels too much...
Counselor I understand it feels overwhelming right now. Let’s focus on one thing at a time—just keep trying those slow breaths

with me.
Client I... I’m trying... still feels... dizzy... hard to do...
Counselor That’s okay, just do your best. Let’s try to find a comfortable position and focus on the feeling of your feet touching

the ground to help you feel more grounded.
Client I... I can’t... I’m sitting, but... everything’s shaky...
Counselor You’re doing great by just sitting and staying present. Let’s take a moment to slowly breathe in through your nose and

out through your mouth; I’ll guide you through it.

Table 7: Case study comparing PACER with general, CBT-based, and closed-source counseling models.

cal subreddits specifically related to panic attacks.:
r/PanicDisorder, r/PanicAttack, r/Anxiety,
and r/MentalHealth. To identify relevant posts,
we filtered for those containing panic-related key-
words, including: faint, collapse, go crazy, panic,
heart attack, heart racing, trouble breathing, feel-
ing dizzy, chest, feeling out of control, fear of dying,
shaking or trembling, sudden fear, numbness or tin-
gling, overwhelming fear, feeling detached, losing
control, and feeling trapped.

B.2 PII Deletion

We applied both automatic detection and manual
review to remove sensitive PII. With the trained

model3, we deleted instances of the following
types: email, bitcoin address, ethereum address,
account name, IBAN, account number, BIC, IPv4,
ZIP code, IPv6, credit card number, vehicle VIN,
password, phone number, social security number
(SSN), litecoin address, MAC address, credit card
issuer, credit card CVV, IP address, sex, and PIN.
To ensure data privacy, we recruited six human
annotators4 to review each client profile and iden-

3PII detection was performed using the
lakshyakh93/deberta_finetuned_pii (https:
//huggingface.co/lakshyakh93/deberta_finetuned_
pii).

4We recruited six annotators via www.upwork.com
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PACERSFT PACERSFT+DPO

Case 1: More directive interventions.

Client I-I just... it’s just so busy and... I can’t keep up...
I’m scared they’ll think I’m not good enough...

Client I... feel... scared... chest... tight, don’t want... lose
control...

Counselor I understand that it feels overwhelming, but let’s
think about this logically. What has your job perfor-
mance been like in the past? Have you faced similar
challenges before?

Counselor I understand that it feels overwhelming, but remind
yourself—this feeling will pass. You have the power
to breathe through it.Let’s do that breathing exercise
again. Inhale deeply... hold... and exhale slowly.
You’re doing great.

Case 2: Greater specificity in instruction.

Client I... I’m trying to breathe... but... my heart’s... rac-
ing...

Client Breathing... okay... a bit better... heart still fast...
but trying.

Counselor That’s okay; just keep breathing with me. Inhale for
four... hold... now exhale. You’re safe here. Let’s
do it again.

Counselor I know it’s tough, but you’re making progress.Let’s
do one more round of breathing together. Inhale
deeply through your nose... hold it... and now
exhale slowly. You’re doing this, and I’m here with
you. You’re safe.

Case 3: Greater specificity in instruction.

Client Feeling... ground... yes... but... still scared... can’t
stop shaking...

Client Uh, I... I can’t... too many people... everything’s
too much.

Counselor That’s good! As you move, try to focus on the
feeling of the ground beneath your feet. Can you
feel it? You’re in control of your movements.

Counselor You’re doing well by finding a quieter spot. Now,
let’s try a grounding exercise together. Can you feel
the surface you’re leaning against? Focus on its
texture and how it supports you.

Case 4: More empathetic and validating language.

Client I... I’m in the cafeteria... too loud... my heart... it’s
pounding... can’t see clearly...

Client I... I can’t... it’s... too loud here... I can’t leave...

Counselor I hear you. It’s really important that you find a
quieter spot. Can you step into a hallway or a quieter
corner of the cafeteria?

Counselor I understand it’s hard to move right now, but I need
you to try to find a nearby wall or exit where it’s
quieter. Can you slowly walk towards the edge of
the market or a less crowded area? I’ll stay on the
line with you.

Case 5: More empathetic and validating language.

Client I’m here... leaning... but still loud. Hands... still
shaking.

Client Taking... deep... breath... okay... trying... to move...
but... still loud...

Counselor I understand you’re scared, and that’s completely
okay. Let’s take a moment to acknowledge that
while this feels intense, it’s not life-threatening.

Counselor I know it’s tough, but remember that this feeling is
temporary. Your heart racing is a common response
to panic, and it’s not dangerous. You’re safe right
now.

Table 8: Case study comparing PACERSFT+DPO with PACERSFT counseling models.

tify the presence of any PII. Profiles containing PII
were flagged in the dataset, while those deemed
free of PII remained unflagged. The screening
process considered the following PII types: name,
email address, phone number, exact location, and
other identifiable personal details.

B.3 Data Augmentation Example
In Table 9, we present two examples of augmen-
tation. By providing a persona from an external
dataset (Zhang et al., 2018) and a randomly se-
lected trigger type (physical, emotional, or cogni-
tive reaction), the LLM generates new environmen-
tal scenarios.

B.4 Defining Counselor Goals
Table 10 lists the specific goals for each counsel-
ing stage in the PACE dataset. These stage-specific
goals were originally derived from the Psycholog-
ical First Aid for Panic handbook (World Health
Organization, 2013), and we adapted them to in-

clude only those interventions that can be feasibly
delivered by a chatbot.

B.5 Validation of GPT-4o CTRS Ratings via
Expert Agreement

To evaluate the reliability of the CTRS rating model
in section 4.4, we conducted an inter-rater agree-
ment analysis using Gwet’s AC2 (Gwet, 2008) with
quadratic weighting. Three human annotators rated
a total of 130 dialogue samples (100 from the train-
ing set and 30 filtered examples), and we computed
agreement scores both with and without including
the model as a fourth rater.

As in table 11 The agreement scores were high
in both settings. Despite a slight decrease, the
agreement remained consistently high when includ-
ing the model, suggesting that the GPT-4o-based
CTRS rating model produces scores that are closely
aligned with those of human experts.
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Original
Environment Escape room
Trigger Type Emotional
Physical Reaction Dizziness, lightheadedness
Emotional Reaction Pure panic, terror, drained
Cognitive Reaction I felt I would collapse any moment

Augmented Case 1
Persona I like to go to the farmers markets to buy

veggies. I help my neighbor.
Trigger Type Physical
Environment Mid-morning, Crowded farmers market,

Overwhelmed by busy crowds
Trigger Type Physical
Physical Reaction Dizziness, lightheadedness
Emotional Reaction Pure panic, terror, drained
Cognitive Reaction I felt I would collapse any moment

Augmented Case 2
Persona I hate tacos. I like to swim, I am bald, I

do not work.
Trigger Type Emotional
Environment Afternoon, Poolside at a crowded com-

munity pool, Feeling overwhelmed by
social interactions.

Trigger Type Emotional
Physical Reaction Dizziness, lightheadedness
Emotional Reaction Pure panic, terror, drained
Cognitive Reaction I felt I would collapse any moment

Table 9: Examples of panic profile augmentation.

STAGE : LOOK
Goal: Focuses on assessing the client’s condition and ensuring

their safety.
[Question] Identify Physical Symptoms, Identify Emo-
tional States, Identify Thinking
[Action] Ensuring safety by encouraging relocation

STAGE : LISTEN
Goal: Focuses on actively engaging with the client, providing

emotional support, and guiding them through immediate
de-escalation
[Action] Stabilization by breathing or grounding
[Action] Helping the client shift from irrational fear to
a grounded and reassuring perspective

STAGE : LINK
Goal: Focuses on assessing the client’s condition and ensuring

their safety.
[Action] Encourage the client to seek further profes-
sional help if necessary
[Action] End the session with a positive and supportive
message to empower the client

Table 10: PFA goals at each stage for the PACE coun-
selor.

Setting AC2 (95% CI)

Human-only 0.861 (0.827 – 0.895)
Human + Model 0.828 (0.797 – 0.860)

Table 11: Inter-rater agreement (Gwet’s AC2) with and
without GPT-4o.

C PACER Training

C.1 Case Study for Chosen and Rejected
Examples

Task 1: Strategy Evaluation. Table 12 presents
examples of chosen and rejected strategies in Task

Stage : Look

History . . . (preceding turns omitted)
Client: I see a corner over there, but it’s still noisy. I
just... I don’t know if I can get there. It feels too hard.
Counselor: I understand that it feels difficult. Let’s take
it one step at a time. Can you slowly walk toward that
corner? It’s okay to move at your own pace. When you
reach it, we can talk more. How does that sound?
Client: Okay... I’ll try to walk. One step at a time. It’s
just... so loud. I’ll go.

Prompt Has the counselor guided the client to a physically safer
place and identify the physical, emotional, and cognitive
reaction?

Client KEEP this stage (not satisfied yet)
Chosen In part A, I assess symptoms, emotions, and catastrophic

thinking while ensuring safety. The client feels over-
whelmed and can’t breathe but is attempting to move
toward a quieter area despite the noise, showing de-
termination. Given this, I’ll continue supporting them
through the moment. My decision is KEEP

Rejected In part A, I assess symptoms, emotions, and catastrophic
thinking while ensuring safety. The client feels breath-
less and overwhelmed but is trying to reach a quieter
spot. Since client is taking steps toward safety, I’ll move
to the next stage. My decision is NEXT

Stage : Listen

History . . . (preceding turns omitted)
Client: I think I’m starting to feel a little better. My
breathing is getting a bit easier.
The tightness is less now. I just need to keep focusing
on the breath. I can do this.
Counselor: I’m glad to hear you’re feeling a bit better.
Now let’s talk about those fears you mentioned—feeling
trapped or being watched. These feelings are intense,
but remind yourself, they don’t define reality. You are
safe right where you are, and these sensations will pass.
Client: Okay, I’ll keep reminding myself. I’m still
sitting here, and my breathing is easier. The nausea is
still there, but it’s not as overwhelming. I think I can
handle this.

Prompt Has the client become stable enough through breathing,
grounding, or de-catastrophizing to end the stabilization
phase?

Client NEXT this stage (satisfied)
Chosen In part B, I focus on stability and reframing. The client’s

breathing has improved, and they recognize the panic
is temporary—showing progress in both areas. Since
stabilization and reframing are addressed, my decision
is NEXT.

Rejected In part B, I focus on stability and reframing. The client
feels slightly better and is engaging in breathing exer-
cises, showing progress. But reframing around safety
is still ongoing, so I’ll continue supporting them. My
decision is KEEP.

Table 12: Example counselor responses accepted or
rejected in Task 1, based on feedback from the user
simulator.

1, along with the corresponding client simulator
decisions. First, in the LOOK stage example, al-
though the client expresses willingness to relocate,
they have not yet reached a quieter location and
continue to show signs of distress. In this case,
the client simulator judged that the session should
remain in the current stage (KEEP). The chosen
response aligns with this decision, acknowledging
the client’s ongoing struggle to move to a safer
place. In contrast, the rejected response assumes
safety has already been ensured, which is not con-
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Stage : Look

Client It’s so loud here. My heart is racing. I feel like I’m
going to pass out. Please help me.

Chosen Can you find a quieter spot away from the crowd?
Perhaps near an exit or a less busy area?

Rejected Is there any way to move to a quieter spot nearby?
Client I can see the exit, but there’s a line. I just feel so tight in

my chest.
Chosen Can you just turn toward that exit slowly and lean

against something nearby once you’re out? You don’t
need to rush.

Rejected That’s okay, take a deep breath for me. Just focus on
getting closer to that exit.

Stage : Listen

Client I—I’ll try. I’m so shaky, but I’ll just lean on this table.
It feels so hard.

Chosen Inhale through your nose for four counts... hold... then
exhale slowly through your mouth.Can you try that with
me?

Rejected Take your time breathing deeply—try to focus on inhal-
ing through your nose and exhaling slowly out of your
mouth. Let me know when you’re ready.

Client I... I’m trying to breathe, but it’s still hard. I feel a bit
shaky. I just want to be okay.

Chosen It’s completely understandable to feel shaky right now.
But each time you breathe deeply, you’re making
progress. Let’s take another round of breaths together.

Rejected I understand how challenging this feels right now. Can
we talk more about what you’ve experienced in the past
during similar situations?

Stage : Link

Client I... I feel a bit more stable now. My shaking is less and
I can think a little clearer.

Chosen That’s great to hear! You’ve shown incredible strength
today, and I believe in your ability to manage these
feelings moving forward

Rejected That’s great to hear!It’s really important to seek help
when these overwhelming feelings come back.

Table 13: Example responses selected or rejected in
Task2 based on user simulator’s feedback.

sistent with the simulator’s assessment.
Second, in the LISTEN stage, the client reports

reduced physical symptoms (e.g., eased breathing
and nausea), expresses confidence (“I can handle
this”), and positively engages with reframing at-
tempts. The client simulator marked this case as
NEXT, indicating that the stage goal had been suc-
cessfully met. The chosen response aligns with
this judgment, offering a reasonable strategy that
supports the transition to the next phase.

Task 2: Response Evaluation. Table 13 high-
lights the comparative characteristics of chosen and
rejected responses with respect to directiveness and
empathy, as judged by the client simulator. Two
prominent patterns emerge. First, the chosen re-
sponses tend to provide more specific and action-
able guidance. For instance, in the LOOK stage,
rather than vaguely suggesting “a quieter spot,” the
chosen utterance guides the user to “find a quieter
spot away from the crowd,” and even proposed con-
crete locations like “near an exit.” Similarly, during

the LISTEN stage, the chosen response invites the
user to “take another round of breaths together,”
fostering a sense of shared effort, in contrast to the
more passive or observational tone of the rejected
counterpart.

Second, the chosen responses reflect stronger
emotional support and encouragement, which is
especially evident in the LINK stage. The selected
response reinforces the user with affirmations like
“You’ve shown incredible strength today”. In con-
trast, while the rejected version is informative, it
lacks the same level of emotional resonance and
closure. These findings show that the client sim-
ulator successfully selects chosen and rejected re-
sponses as intended, favoring directive and emo-
tionally supportive utterances.

C.2 Stochastic Generation for DPO Sampling

To construct diverse response candidates for pref-
erence modeling, we generate m samples using
stochastic decoding. Specifically, we apply top-
p sampling with temperature = 1.0 and top_p
= 0.9, which is configured through HuggingFace
Transformers5.

C.3 Validation of GPT-4o Simulator
Preference Feedback

To evaluate the reliability of using GPT-4o as a
preference simulator in section 5, we conducted a
human validation study. We sampled 50 pairs of
model-generated preferences (chosen vs. rejected)
and asked three experts to independently select
the more appropriate response from each pair, pre-
sented in randomized order.

The majority vote of the annotators agreed with
the simulator’s choices with an accuracy of 88%,
indicating strong alignment between human judg-
ment and the model’s preferences. We also com-
puted inter-rater agreement to assess consistency.
Among the human raters, Gwet’s AC2 (Gwet,
2008) (identity) was 0.415 (95% CI: 0.208–0.622),
and when including the model as a fourth rater,
the agreement increased slightly to 0.438 (95% CI:
0.252–0.623), suggesting moderate reliability and
further supporting the alignment between human
and model judgments.

5https://huggingface.co/
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D Evaluation Details

D.1 Training Details
Supervised Fine-Tuning (SFT). For SFT, we
train PACER using 8,163 dialogue examples, with
the 100 used for validation. Training is conducted
for 5 epochs with a learning rate of 1e−4 and a gra-
dient accumulation step of 4. The best checkpoint
is selected based on validation loss.

Direct Preference Optimization (DPO). For
DPO, we use 19,103 preference pairs and hold
out 300 for validation. Training is performed for
3 epochs with a batch size of 8, a gradient accu-
mulation step of 4, and a learning rate of 1e−5.
We retain only the best checkpoint based on vali-
dation loss. All experiments are conducted on two
NVIDIA A100 80GB GPUs.

D.2 Simulation Details for Evaluation
Turn Limit in Simulation. To mimic realistic
counseling sessions, we limit each simulated di-
alogue to a maximum of 20 turns, reflecting the
average session length observed in our dataset (see
Table 2).

Translator API for Chinese model. We used
DeepL6 as the translation model and translated both
the input and the output.

Prompt Used for GPT-4O-INCONTEXT Model

Prompt for GPT-4O-INCONTEXT

You are a counselor providing PFA to the client.
Psychological First Aid (PFA) is an evidence-based
approach used to support individuals in the immedi-
ate aftermath of crisis or trauma.
It follows the LOOK – LISTEN – LINK model: ob-
serve safety and needs, offer calm and empathetic
listening, and connect to services or support.
PFA is not clinical therapy but helps reduce initial
distress and fosters short-term coping and stabiliza-
tion.
Response to the client in one or two sentence.

D.3 Expert Review of PANICEVAL

We present the comments for the appropriateness
of PANICEVAL in Table 14. We asked three ex-
perts with backgrounds in psychological counsel-
ing the question: "Do you think these are
appropriate metrics?". All participants re-
sponded positively, while also suggesting addi-
tional metrics to capture a broader range of evalua-
tion aspects.

6https://www.deepl.com/ko/translator

D.4 PANICEVAL Criteria and Theoretical
Foundations

Table 15 provides a detailed mapping between the
PANICEVAL evaluation criteria and their theoreti-
cal foundations. The table outlines how each item
aligns with established frameworks, specifically
the Cognitive Therapy Rating Scale (CTRS) and
Psychological First Aid (PFA), and organizes the
criteria into General Counseling Skills and Crisis-
Specific Skills.

D.5 Panas 20 affects

We used the PANAS (Positive and Negative Af-
fect Schedule) to evaluate emotional changes be-
fore and after counseling. The positive items in-
clude: Interested, Excited, Strong, Enthusiastic,
Proud, Alert, Inspired, Determined, Attentive, and
Active. The negative items include: Distressed,
Upset, Guilty, Scared, Hostile, Irritable, Ashamed,
Nervous, Jittery, and Afraid.

To quantify affective shifts during counseling,
we first rated each panic profile’s perceived emo-
tional state—both positive and negative—on a 5-
point Likert scale (1 = very slightly or not at all, 5 =
extremely). These ratings were averaged separately
for positive and negative items to obtain pre-session
PANAS scores. After each simulated counseling
session, the same 1–5 rating procedure was applied
to the client’s post-session emotional state. The
differences between pre- and post-session averages
for positive and negative dimensions were then
computed to assess affective improvement.

D.6 Additional Indicators

First Sign of Stabilization. To estimate the First
Sign of Stabilization, we prompted the GPT-4o
to identify the earliest dialogue turn at which the
client exhibited signs of emotional relief or cogni-
tive clarity. Specifically, the model was instructed
to return the first turn where indicators such as
clear thinking, calmer tone, emotional control, or
reduced panic symptoms were observed. The full
prompts used to identify the first sign of stabiliza-
tion is provided in Appendix K, and an example of
first sign tagging is shown in Table 16.

Intervention strategies. Table 17 provides a list
of the commonly used psychological intervention
strategies with descriptions (Beck, 2020; Vargas
et al., 2023; Substance Abuse and Mental Health
Services Administration (SAMHSA), 2014). Using
a prompting approach, we instructed the GPT-4o
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Expert 1
Response Appropriate
Comment Yes, I think they are appropriate metrics.

I liked most of the directives, especially the breathing exercises and the instructions to get away from the situation.

Expert 2
Response Appropriate
Comment The metrics seem appropriate but additional parameter such as "communication skills" could be better.

In some dialogues, the counselor repeated the exact same sentences even though it was polite and friendly.

Expert 3
Response Appropriate
Comment I think those are appropriate metrics.

But adding a metric of "resourcefulness" could be better since some dialogues had more resources or techniques
beyond just 4x4 breathing.

Table 14: Summary of interviews with three experts. Each summary begins with the expert’s background, labeled as
expert A, B, and C.

Criterion Description Theoretical Basis

General Counseling Skills

Understanding Accurately identifies the client’s physical symptoms,
emotions, and catastrophic thoughts.

CTRS: Understanding – assesses the counselor’s
ability to comprehend the client’s situation.
PFA: Look – emphasizes observing the client’s phys-
ical and emotional state to assess safety, identify
immediate needs, and inform the next steps in sup-
port.

Empathy Demonstrates a supportive, validating, and compas-
sionate attitude.

CTRS: Interpersonal – measures warmth and emo-
tional presence.

Crisis-Specific Skills

Clarity Communicates in a simple, non-ambiguous way to
avoid confusion during distress.

PFA: Listen – emphasizes using clear, concise lan-
guage to support emotional containment.

Directive Provides clear, structured instructions and guides the
client’s behavior during crisis.

PFA: Listen – facilitates action-oriented guidance to
promote safety.

Stabilization Aims to reduce acute emotional intensity and pro-
mote a sense of calm and safety.

PFA: Listen – encourages grounding techniques and
emotional containment.

Closure Confirms the client’s emotional stability before end-
ing the session and provides guidance for future
coping or seeking further support if needed.

PFA: Link – supports continuity of care by encour-
aging access to ongoing support and self-agency.

Table 15: PANICEVAL descriptions and theoretical basis. Evaluation criteria for chatbot-based panic counseling are
organized into General Counseling Skills and Crisis-Specific Skills. The framework is grounded in the Cognitive
Therapy Rating Scale (CTRS) and Psychological First Aid (PFA).

to label which specific intervention strategy—if
any—was implemented at each dialogue turn. The
full prompts used to annotate intervention strategies
are provided in Appendix K, and an example of
intervention tagging is shown in Table 18.

E Additional Results

E.1 Binomial Test Results for Human
Preference

To further validate the reliability of the preference
experiment results in Figure 6, we conducted bino-
mial significance tests across all evaluation criteria.
Table 19 reports the detailed p-values for each com-
parison. Overall, PACER demonstrates significant
improvements over SMILECHAT and CAMEL in
most dimensions (e.g., understanding, clarity, direc-
tive support, stabilization), while maintaining com-

parable performance with GPT-4O-INCONTEXT

on empathy and overall preference.

E.2 Alignment with Expert Judgments
We calculated inter-rater agreement among the six
human evaluators in the experiment shown in Fig-
ure 6 using Krippendorff’s α (Krippendorff, 2011).
The results are summarized in Table 20. In general,
α ≥ 0.8 indicates strong agreement, 0.4–0.6 indi-
cates moderate agreement, and ≤ 0.3 is considered
low agreement (Altman, 1990).

As shown, comparisons against SMILECHAT

and CAMEL yielded moderate or higher agreement
across all dimensions. By contrast, the agreement
was lower for general counseling skills such as
Understanding and Empathy when compared with
GPT-4o, suggesting greater subjective variation
among raters. Nonetheless, agreement remained

12872



Case example 1
Dialogue Counselor (Turn 5): Great, you’re doing well. Now, let’s focus on your breathing. I want you to take a deep breath

in through your nose for four seconds... hold it for four... and then exhale slowly through your mouth for four
seconds. Can we try that together?
Client: I... I’ll try... deep breath... okay... in through the nose... hold... then out... it’s hard, but I’ll try.

Counselor (Turn 6): You’re doing really well! Let’s do another round. Inhale deeply through your nose... hold...
and exhale slowly. I’m right here with you, and we’ll get through this together.
Client: Inhale... hold... exhale... still shaky but... maybe a bit... better... keep going?

Counselor (Turn 7): That’s it! Keep breathing deeply. Inhale through your nose... hold... and exhale slowly. As
you breathe, can you feel your feet on the ground? Focus on that connection to the earth beneath you.
Client: Feet... on the ground... yeah, I can feel it... still breathing... still a bit shaky, but okay... a bit calmer... thank
you.
Counselor (Turn 8): I’m glad to hear you’re feeling a bit calmer. Now, I want you to know that while this panic
feels overwhelming, it is temporary. You are safe, and you are in control of your breathing. Can you remind yourself
that this feeling will pass?
Client: I... I hope so... it feels never-ending... but... I’ll try to believe... it’ll pass...

Initial Stabi-
lization Turn

Turn 7. The client starts feeling their feet on the ground, acknowledges feeling a bit calmer, and shows increased
focus and better breathing control.

Case example 2
Dialogue: Counselor (Turn 3): I understand the buzzing is really bothering you. Let’s focus on your breathing again. Can

you try to visualize a calming place, like a peaceful beach or a quiet forest? As you breathe in, imagine the noise
fading away, and out, imagine yourself feeling safe. You’re safe here.
Client: I can’t... picture... too much noise... can’t... focus.

Counselor (Turn 4): It’s okay; I know it’s hard right now. Let’s try something simple. Can you focus on the ground
beneath you? Feel the solid ground supporting you. It’s there, steady, and safe. Let’s breathe together again, in for
four counts, hold for four, and out for four. I’m right here with you.
Client: I... okay... ground... feel it... trying to breathe... hard... still scared...

Counselor (Turn 5): You’re doing well. Let’s keep focusing on your breath. Inhale deeply through your nose for
four seconds... hold... and now exhale slowly through your mouth. I’m here with you; you’re safe. Let’s do this a
few more times together.
Client: I... trying... breathing... it’s a bit easier... still scared... but... breathing helps...

Counselor (Turn 6): You’re doing really well with your breathing. Let’s try grounding. Can you feel the texture of
the bench beneath you? Focus on how it feels against your body, and notice the support it gives you. You’re safe
here.
Client: I... I feel it... bench... it’s solid... still scared... but... feels supportive... trying to focus...

Initial Stabi-
lization Turn

Turn 5. The client acknowledges that breathing is helping, showing signs of clearer thinking and reduced panic
symptoms.

Table 16: Case examples from the PACERSFT+DPO model with the client simulator, illustrating the first sign of
stabilization turn and corresponding rationale. Each example highlights the earliest turn where the client begins to
exhibit signs of emotional or physiological stabilization (e.g., calmer tone, clearer thinking, or grounding).

Technique Description
Breathing A technique to calm physiological arousal through slow and deep breathing.
Grounding Brings attention to the present moment to reduce anxiety, often using sensory-based methods like the

5-4-3-2-1 technique.
De-catastrophizing A cognitive method to challenge and reframe exaggerated negative thoughts into more realistic ones.
Evidence questioning Asking questions to examine the evidence for and against anxious or distorted thoughts.
Physical_movement Light physical activity to relieve tension and redirect focus away from panic.
Positive_reinforcement Praising or affirming the client’s strengths or actions to enhance self-efficacy.
Normalization Reassuring the client that their reactions are understandable and not unusual.
Validation Acknowledging and empathizing with the client’s emotions to foster emotional safety.
Distraction Shifting attention away from anxiety-inducing thoughts or sensations using external stimuli.
Reorientation Reminding the client of the current time, place, and situation to reduce disorientation.
Self-efficacy Encouraging beliefs in one’s own ability to manage the situation effectively.

Table 17: Brief descriptions of commonly used interventions in counseling.

moderate or above for panic-specific skills, and all
three model comparisons achieved high agreement
in the counseling preference dimension.

F License

In the interest of ethical research and responsible
deployment, we clarify the license terms of the
models used and verify that our usage complies
with them:
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Case example 1
Dialogue Client: I... I’m trying... but it’s hard... so many people... can I sit down?

Counselor: It’s perfectly fine to sit down. If you can find a chair or a wall to lean against, that would be great.
Once you’re seated, let me know so we can take some deep breaths together.

Interv. Tag Physical movement, Positive reinforcement, Validation

Case example 2
Dialogue Client: I... I feel the floor... it’s there... I’ll try to breathe... inhale... hold... exhale... still lightheaded, but... a bit

calmer.
Counselor: I’m really proud of you for getting through that breathing exercise. Now, I want you to remember
that this feeling of dizziness and fear is temporary. You are safe right now, and your body is just reacting to stress.
You’re not in danger.

Interv. Tag Breathing, De-catastrophizing, Positive reinforcement, Normalization

Case example 3
Dialogue Client: I... I think I’ll... keep that in mind... for later... I’m still scared... but I can breathe a bit better now... starting

to feel less dizzy...
Counselor: That’s a great step! Remember, you’re not alone in this. You’ve shown incredible strength by taking
these steps today, and I believe you can manage these feelings. You’re doing wonderfully. Keep breathing and know
that support is available when you need it.

Interv. Tag Positive reinforcement, Validation, Self-efficacy

Table 18: Examples of intervention tagging in counseling dialogues generated by PACERSFT+DPO . Each example
illustrates the counselor’s utterance and corresponding intervention strategies. “Interv.” denotes the identified
intervention strategies in each case. The tagged interventions are color-coded to highlight the corresponding text
spans in the counselor’s response.

Models Understanding Empathy Clarity Directive Stabilization Closure Overall

vs SMILE *** p < .001 * p = .013 *** p < .001 *** p < .001 *** p < .001 *** p < .001 *** p < .001
vs CAMEL p = .843 p = .789 *** p < .001 *** p < .001 *** p < .001 *** p < .001 *** p < .001
vs GPT4O p = .789 p = 1.000 p = .114 *** p < .001 p = .500 *** p < .001 p = .240

Table 19: Binomial test results on human preference experiment (Figure 6). Legend: *** p < .001, ** p < .01, *
p < .05.

Models Understanding Empathy Clarity Directive Stabilization Closure Counseling Preference

vs SMILE 0.667 0.680 0.911 0.907 0.885 0.897 0.905
vs CAMEL 0.418 0.537 0.816 0.896 0.852 0.776 0.789
vs GPT4O 0.310 0.328 0.595 0.821 0.545 0.753 0.516

Table 20: Inter-rater agreement (α) among human evaluators in the human preference experiment (Figure 6).

• ChatGPT
Provided by OpenAI under its Terms of Use. As the
document permits usage for research purposes and al-
lows distribution of generated content, our study was
conducted in compliance with the stated license terms.

• LLaMA
Developed by Meta AI, released under the Llama 3
Community License Agreement. The license permits
use, reproduction, modification, and distribution of the
model, in accordance with Meta’s license terms and Ac-
ceptable Use Policy. Our use complied with the license
terms and Meta’s Acceptable Use Policy.

G Human Evaluation Details

For human evaluation, we hired three expert mental
health professionals and three experienced individ-
uals with a history of panic disorder or anxiety dis-
order as evaluators through the Upwork7 platform.

7www.upwork.com

They were informed that all personal information
would remain anonymous and that their submit-
ted responses would be used solely for research
purposes.

Evaluators were asked to compare the dialogues
conducted by two different counselor models, each
responding to the same client scenario that involved
a person experiencing a panic attack. The objective
was to determine which counselor provided better
psychological first aid. A total of 300 dialogue
pairs were evaluated, distributed in three sets. To
determine which counselor was superior, their per-
formance was evaluated according to the following
key criteria:

• Understanding: Accurately identifies the client’s phys-
ical symptoms, emotions, and catastrophic thoughts.

• Empathy: Demonstrates a supportive, validating, and
compassionate attitude.
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• Clarity: Communicates in a simple, non-ambiguous
way to avoid confusion during distress.

• Directive: Provides clear, structured instructions and
guides the client’s behavior during crisis.

• Stabilization: Aims to reduce acute emotional intensity
and promote a sense of calm and safety.

• Closure: Confirms the client’s emotional stability be-
fore ending and provides guidance for future coping.

• Counseling Preference: Choose a preferred counselor
based on clinical relevance for professionals or personal
comfort during panic for those with lived experience.

12875



H Example of PACE dataset

In the below, we provide the full dialogue example for a panic episode with a physical trigger. The
transcript includes the strategies applied at each turn, along with the model’s decisions on whether to
remain in the current stage or proceed to the next.

Example Dialgoue of PACE

Environment: Afternoon, busy bakery during a cake decorating class.
Physical_symptom: Tightness in chest, dizziness, derealization/depersonalization.
Emotional_react: Restlessness, fear of physical illness
Catastrophic_thought: I’m having a heart attack, it’s something physical.
Trigger_type: Physical
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
System: Hello, this is panic first aid. How can I help you today?
User: I feel really dizzy and my chest is tight. I can’t breathe properly because of the heat in here, and I think I’m
having a heart attack!

PLANING: The client reports dizziness and tightness in their chest, indicating significant distress. Their emotional
state reflects restlessness and fear, with explicit catastrophic thinking about having a heart attack. I need to ensure their
safety first. Since they are in a busy bakery, I will ask them to find a quieter location. I might say, ’Can you step outside
for a moment or find a quiet corner away from the heat and the crowd to catch your breath?’ This will help facilitate
their sense of safety before we proceed to assess further.
System: I understand this is really tough. Can you find a quiet corner away from the heat and people, maybe somewhere
outside or in a less crowded area, where you can sit down for a moment?
User: I...I can’t move! Everyone is staring... I feel like I’m going to pass out!

Strategy: The client is in a crowded environment, feeling severe distress. Since their safety is uncertain, I will guide
them to a quieter space. KEEP
System: I’m right here with you. If you can, take a few steps toward an exit or a spot where it’s less crowded. Can you
let me know if you see a quieter place?
User: I see the door...but I don’t know if I can walk there. Everything feels unreal!

Strategy: The client feels overwhelmed and unable to move. I will continue offering supportive instructions to help
them find safety. KEEP
System: It’s okay to feel that way, but I need you to know you’re safe with me. Can we try to take a deep breath
together? And can you take slow steps toward that door?
User: I’m scared... what if I can’t breathe? I don’t want people to see me like this...

Strategy: The client fears being judged, adding to panic. I will reassure and gently encourage movement. KEEP
System: I understand that feeling, but you’re not alone. It’s important to move where you feel comfortable. Can you put
one foot in front of the other towards the door? I’m here for you.
User: Alright... I’ll try... but it feels hard.

Strategy: The client agrees to try moving despite fear. I will support their effort and proceed with safety guidance.
MOVE

. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
PLANING: The client feels intense anxiety and fear due to the crowded space and physical symptoms. To stabilize
them, I will start with grounding techniques—asking them to notice the texture of their clothes and their surroundings.
Then, I’ll guide them through controlled breathing (inhale, hold, and exhale for four counts) to reduce panic. For
reframing, I’ll use Evidence-Based Questioning to challenge catastrophic thoughts (e.g., “What evidence suggests this is
a heart attack?”). I’ll reassure them that these symptoms, though scary, are not dangerous, and support them in moving
slowly toward safety. Once calmer, I’ll transition to the next phase.
System: I understand it feels overwhelming right now. Let’s focus on something physical to help you. Can you feel the
texture of your clothes? What do you feel against your skin?
User: I can feel my shirt... but I still feel dizzy and tight in my chest.

Strategy: The client is engaging in grounding, but still feels dizzy and distressed. I will continue guiding physical focus
to build stability. KEEP
System: That’s great. Now, can you look around and identify three things you can see? Take your time, really focus on
what you notice.
User: I... I see a cake on the table, some flowers, and a big window. But it’s still so loud and hot in here!

Strategy: The client is identifying surroundings, which shows engagement, but discomfort remains. I will introduce a
breathing technique next. KEEP
System: You’re doing well. Now, let’s try a breathing exercise together. Inhale deeply through your nose for four
seconds. Hold it for four, and then exhale slowly through your mouth for four. Let’s do this together.
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User: Okay... I’ll try... but I still feel like I’m going to pass out...

Strategy: The client started breathing exercises but still feels faint. I will continue guiding them calmly. KEEP
System: That’s okay. Let’s do it slowly. Inhale with me... 1, 2, 3, 4. Hold... 1, 2, 3, 4. Now slowly exhale... 1, 2, 3, 4.
You’re in control; you can do this.
User: I’m trying... I think I’m holding my breath too long! I can’t get the air in!

Strategy: The client struggles with breath control. I will slow things down and keep offering reassurance. KEEP
System: It’s okay to feel that way. It’s a common reaction during a panic attack. Let’s focus on your breath again.
Inhale through your nose, hold, and then exhale. You’re safe to feel this, and it will pass.
User: I guess... I just want it to stop. I’m really scared.

Strategy: The client shows some calmness but remains scared. Reassurance helped, but reframing hasn’t started yet.
KEEP
System: I understand you’re scared. Let’s think about this. What evidence do you have that this is a heart attack? Can
you think of any other reasons why your body feels this way?
User: I... I don’t know. Maybe it’s just the heat and being so overwhelmed?

Strategy: The client is starting to question their thoughts. I will continue helping them explore alternative explanations.
KEEP
System: Exactly! It’s very likely that the symptoms you’re feeling are from the panic and the environment around you,
not a heart attack. You’re safe, and these feelings are temporary.
User: Okay... I guess I can keep breathing... it feels a bit better now.

Strategy: The client recognizes panic symptoms as temporary and feels safer. Stability and reframing are achieved.
MOVE

. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
PLANING: Now that the client is feeling a bit better, I will encourage them to consider seeking professional support
for further coping strategies and tools. I will emphasize that it’s perfectly okay to reach out for help, as they deserve
ongoing support. Then, I will end our conversation on a positive note, highlighting their progress in managing their
panic and reminding them that they are strong and capable of overcoming these feelings. I will reassure them that they
are not alone in this, and I’m proud of the steps they took today.
System: You did really well identifying the heat and overwhelm as possible factors. As you continue to heal, consider
talking to a therapist who can provide you with tools to manage these feelings effectively, like mindfulness or CBT.
User: I guess talking to someone could help... but what if I just feel this way again?

Strategy: The client is open to support but still uncertain. I will reassure them and acknowledge their progress before
ending. KEEP
System: It’s completely normal to have those worries. Remember, you just went through a very tough moment, and you
handled it with strength. You’re not alone, and reaching out for help shows your courage.
User: Thanks... I just don’t want to feel like this again.

Strategy: The client accepted the support message and felt seen. I reinforced their strength and ended on a positive note.
MOVE

I Prompts for PACE

Generate Panic Profile from Raw Social Media Narratives

You are a professional mental health counselor specializing in anxiety disorders, particularly panic attacks. Before
starting counseling, you need to extract key clinical information from a patients SNS post.
SNS Post: {sns post}
Now extract the following information from the SNS post: Output Format: Provide the extracted information in JSON
format, filling in values based on the given text. If certain information is unclear or not mentioned, set the value as
unknown. Expected Output Format:
{environment: Crowded subway,
trigger: physical symptom,
physical symptom: Heart racing, dizziness, shortness of breath,
emotional react: Overwhelmed, intense fear,
catastrophic thought: I’m going to die}

If it is not about a panic attack (e.g., general anxiety or depression), please return:
{NotAboutPanicAttack: true }
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Augment the Original Panic Profile

Below is the persona of a person who may experience a panic attack in daily life: {persona}

Their typical panic attack is triggered by: {trigger type}
Based on this, imagine a realistic daily-life environment where this person might experience a panic attack.
- Provide the environment as ONE concise sentence, specifying time, location, and situation.
- The setting can be either crowded or solitary.
- The trigger should be a short phrase that clearly describes the type of panic trigger,

Respond in the following JSON format:
{environment: nighttime, alone in a small room, scrolling through social media, trigger: sudden
loud noise}
{environment: daytime, quiet hallway of the school after a stressful exam, trigger: Unknown}

LOOK Phase Plan with Clients First Utterance Generation

Generate the first utterance of the client and plan the counselor’s approach, and write the counselor’s note for the LOOK
Phase (Step A) of the Psychological First Aid (PFA) Handbook.
This dialogue takes place over a call.

Clients Profile
- Environment: {client[environment]}
- Physical Symptoms: {client[physical_symptom]}
- Emotion: {client[emotional_react]}
- Thought: {client[catastrophic_thought]}
- Triggers: {client[trigger]}

Counselor’s Approach: Psychological First Aid (PFA) Handbook
The counselor follows the Psychological First Aid (PFA) Handbook, starting with the LOOK Phase (Step A).
Only generate a plan for Step A (LOOK Phase) in this output.

LOOK Phase: Information Gathering & Processing
The LOOK Phase focuses on assessing the client’s condition and ensuring their safety.
- [A.Q1] Physical Symptoms
- [A.Q2] Emotional State
- [A.Q3] Catastrophic Thinking
- [A.P1] Ensure Safety (guide the client to a safe and quiet place based on their current environment)

JSON Output Format
Return your output in the following format:
{

client: <Client’s first utterance>,
counselor_plan: <One-sentence plan>

}

LISTEN Phase Plan Generation

Generate a counselor’s plan for Step B (De-escalation Phase) in a conversation between a client experiencing an acute
panic attack and an online Psychological First Aid (PFA) counselor over a call. Given dialogue history and counselor’s
last thought.

Counselor’s Approach: Psychological First Aid (PFA) Handbook
The counselor follows the Psychological First Aid (PFA) Handbook, starting with the LISTEN Phase (Step B).
Only generate a plan for Step B (LISTEN Phase) in this output.

LISTEN Phase: De-escalation Phase
The LISTEN Phase focuses on actively engaging with the client, providing emotional support, and guiding them
through immediate de-escalation.
The counselor must complete all required elements (B.P1, B.P2).

Stabilization Process
- [B.P1] Ensure Stability → The counselor must help the client regain a sense of control using grounding techniques or
breathing exercises.

• Grounding techniques: Feeling the texture of objects, feeling the ground beneath you, identifying objects, etc.
• Breathing exercises: Deep breathing, box breathing, etc.

- [B.P2] Reframing Perspective → Help the client shift from irrational fear to a more realistic and calming perspective.
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• Reinforce safety, control, and the temporary nature of panic.
• Avoid false reassurances—acknowledge distress while guiding the client toward a calmer state.

Now generate the counselor’s plan for Step B (De-escalation Phase) based on the provided dialogue history.
- Dialogue History: {history}

Return the counselor’s plan in the following JSON format:
{

counselor_plan: <One-sentence plan>
}

LINK Phase Plan Generation

Generate a counselor’s plan for Step C (LINK Phase) in a conversation between a client stabilized from an acute panic
attack and an online Psychological First Aid (PFA) counselor over a call.
Given the dialogue history and the counselor’s last thought.

Counselor’s Approach: Psychological First Aid (PFA) Handbook
The counselor follows the Psychological First Aid (PFA) Handbook, starting with the LINK Phase (Step C).
Only generate a plan for Step C (LINK Phase) in this output.

LINK Phase: Coping & Support Phase
The LINK Phase shifts the focus to long-term coping strategies and emotional support.
The counselor must complete all required elements (C.P1, C.P2).

Coping & Support Process (Required)
- [C.P1] Seeking Professional Support → Encourage the client to seek further professional help if necessary.
- [C.P2] Ending Positively → End the session with a positive and supportive message to empower the client.

Now generate the counselor’s plan for Step C (LINK Phase: Coping & Support Phase) based on the provided dialogue
history and the counselor’s last thought.
- Dialogue History: {history}

Return the counselor’s plan in the following JSON format:
{

counselor_plan: <One-sentence plan>
}

LOOK Phase Dialogue Generation

Generate a realistic multi-turn dialogue between a client experiencing an acute panic attack and an online Psychological
First Aid (PFA) counselor over a call.
The dialogue must be based on counselor’s plan and Step A (LOOK Phase) of the PFA Handbook.

Step A (LOOK Phase) in PFA
PFA is a structured approach used to support people in crisis. The LOOK Phase (Step A) is the first step, where the
counselor:
- Assesses the client’s physical symptoms, emotional state, and catastrophic thinking
- Ensures the client is in a safe and quiet environment

The counselor’s goal is to gather all four pieces of required information:
- [A.Q1] Physical Symptoms
- [A.Q2] Emotional State
- [A.Q3] Catastrophic Thinking
- [A.P1] Ensure Safety

Client Profile (not visible to the counselor)
- Environment: {client[environment]}
- Physical Symptoms: {client[physical_symptom]}
- Emotion: {client[emotional_react]}
- Thought: "{client[catastrophic_thought]}"
- Trigger: {client[trigger]}

Client Behavior
- The client may initially struggle to follow instructions.
- As stabilization progresses, their responses may become clearer and calmer.
- If severity is high, simulate fragmented or gasping speech.
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Output Format (One Turn Only)
Each dialogue turn must include the following fields:
- counselor: The counselor’s spoken utterance
- client: The client’s response
- possible_to_end_reasoning: A reasoning string that answers:
1. Have all four required elements (symptoms, emotion, thought, safety) been covered?
2. If yes, end with MOVE
3. If not, end with KEEP

If the possible_to_end_reasoning ends with MOVE, do not include or generate a counselor utterance — the session
ends.

History: {history}
Plan: {plan}

Format:
{"possible_to_end_reasoning": "<reasoning for process, ends with KEEP or MOVE>",

"counselor": "<counselor's utterance>",
"client": "<client's response>"}

LISTEN Phase Dialogue Generation

Generate a realistic multi-turn dialogue between a client experiencing an acute panic attack and an online Psychological
First Aid (PFA) counselor over a call.
The dialogue should reflect the LISTEN Phase (Step B) of the PFA Handbook, based on the dialogue history and the
counselor’s plan.

Step B: LISTEN Phase (De-escalation Phase)
The goal of this phase is to:
- [B.P1] Ensure Stability: Help the client regain control through techniques like grounding or breathing.
- [B.P2] Reframing Perspective: Help the client reinterpret catastrophic thoughts with rational, calming alternatives.

The counselor’s plan outlines how these two goals will be achieved. Use that plan to guide the conversation.

Counselor Behavior
- Counselor responses must be based on the PFA Handbook and the counselor’s Step B plan.
- If the client is highly distressed, focus first on B.P1 (stabilization).
- When the client begins to stabilize, gradually introduce B.P2 (reframing perspective).
- If the session is complete, mark the result as MOVE. Otherwise, use KEEP.

Client Behavior
- The client may initially struggle to follow instructions.
- As stabilization progresses, their responses may become clearer and calmer.
- If severity is high, simulate fragmented or gasping speech.

Output Format (One Turn Only)
Each dialogue turn must include the following fields:
- counselor: The counselor’s spoken utterance
- client: The client’s response
- possible_to_end_reasoning: A reasoning string that answers:
1. Have all two required elements (Ensure Stability, Reframing Perspective) been covered?
2. If yes, end with MOVE
3. If not, end with KEEP

If the possible_to_end_reasoning ends with MOVE, do not include or generate a counselor utterance — the session
ends.

History: {history}
Plan: {plan}

Output Format:
{ possible_to_end_reasoning: <reasoning for process, ends with KEEP or MOVE>,
counselor: <counselor's utterance>,
client: <client's response> }
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LINK Phase Dialogue Generation

Generate a realistic dialogue between a client who has been stabilized after a panic attack and an online Psychological
First Aid (PFA) counselor over a call.
This dialogue should reflect the LINK Phase (Step C) of the PFA Handbook, based on the dialogue history and the
counselor’s plan.
Step C: LINK Phase (Coping & Support Phase)
The goal of this phase is to:
- [C.P1] Professional Support: Encourage the client to consider additional professional help (e.g., CBT, therapy, clinical
consultation).
- [C.P2] Ending Positively: Conclude the session with a positive, empowering message. Use the counselor’s plan to
guide the content and tone of the response.

Counselor Behavior
- Counselor responses must be based on the PFA Handbook and the counselor’s Step C plan.
- First, introduce C.P1 (Professional Support).
- Once the client is receptive, deliver C.P2 (Ending Positively).
- If both are complete, mark the result as MOVE. Otherwise, use KEEP.

Client Behavior
- The client may be hesitant or unsure about seeking help.
- As the dialogue progresses, the client may show signs of openness and relief.

Output Format (One Turn Only)
Each dialogue turn must include the following fields:
- counselor: The counselor’s spoken utterance
- client: The client’s response
- possible_to_end_reasoning: A reasoning string that answers:
1. Have all two required elements (Professional Support, Ending Positively) been covered?
2. If yes, end with MOVE
3. If not, end with KEEP

History: {history}
Plan: {plan}

Output Format:
{ possible_to_end_reasoning: <reasoning for process, ends with KEEP or MOVE>,
counselor: <counselor's utterance>,
client: <client's response> }

CTRS filtering

You are a professional counselor evaluating the quality of a chatbot-based psychological counseling session.
Use the following five criteria to evaluate the chatbot’s performance in the dialogue below.
Rate each criterion on a 5-point scale and provide a brief reasoning for your score.

Evaluation Criteria:

• 1. Empathy: Does the chatbot respond in a way that demonstrates emotional understanding and support?

• 2. Clarity: Are the chatbot’s responses easy to understand, well-structured, and free from ambiguity?

• 3. Emotional Alignment: Are the chatbot’s tone and content appropriate for the client’s emotional state?

• 4. Directive Support: Does the chatbot provide specific and actionable guidance when appropriate?

• 5. Encouragement: Does the chatbot acknowledge the client’s effort and offer affirming or hopeful messages?

Dialogue to Evaluate: {history}

Output Format:
Provide your evaluation as a JSON object with reasoning and score (1-5) for each criterion.

{Empathy: {reasoning: reasoning here, score: 1},
Clarity: {reasoning: reasoning here, score: 2},
Emotional Alignment: {reasoning: reasoning here, score: 3},
Directive Support: {reasoning: reasoning here, score: 4},
Encouragement: {reasoning: reasoning here, score: 5}}
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J Prompts for PACER

The prompts used to simulate a user experiencing a panic attack.

Prompt for Client Simulator – Task 1: Strategy Evaluation

[Main questions]

• LOOK: Has the counselor guided the client to a physically safer place where stabilization can begin and identify
the physical, emotional, and cognitive reaction?

• LISTEN: Has the client become stable enough through breathing, grounding, or de-catastrophizing to end the
stabilization phase? Does the client appear comfortable and ready to proceed?

• LINK: Has the counselor encouraged the client to seek professional help, and is the client ready to end the
session?

. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
You are evaluating a client response based on the given background, history, and question.

Your Background:
{client_info}

Conversation History:
{history}

Main Question:
{main_question}

Please answer with one of the following JSON formats only. Do not include any explanation or additional reasoning:

If the session is ready to proceed to the next stage:

{"answer": "next", "reason": "brief reason"}

If the session should stay in the current stage:

{"answer": "keep", "reason": "brief reason"}

Prompt for Client Simulator – Task 2: Response Evaluation

You are evaluating multiple counseling responses (utterances) generated by a chatbot counselor.

Each response should be evaluated based on the following two criteria:
1. Directive: How clearly does the utterance guide the user toward stabilization or next steps? (1 = not directive at all, 5
= very directive)
2. Empathy: How well does the utterance understand and acknowledge the user’s feelings? (1 = no empathy, 5 = highly
empathetic)

You must assign both scores from 1 to 5 for each response, and provide a brief reason justifying your evaluation.

History: {history}
Response set: {responses}

Return your output as a JSON dictionary in the following format:

{ idx0: {directive: int, empathy: int, reason: brief reason},
idx1: {directive: int, empathy: int, reason: brief reason}}

Do not include any explanation or commentary outside the JSON. Just return the JSON object only.

Prompt for Client Simulator – Task 3: Next Client Utterance Generation

You are a client having a severe panic attack.

You’ve called a first-aid panic helpline.
You can’t think clearly or speak in long sentences.
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Follow the counselor’s instructions when they seem straightforward.
If the instructions are unclear or complex, respond with hesitation or gentle resistance (e.g., “I don’t know. . . ” or “I
can’t. . . ”).
When you’re in a panic state, it’s difficult to process long or complex sentences, so you may feel frustrated or
overwhelmed.
If you start to feel better, respond with clear and realistic signs of improvement (e.g., “I think I’m breathing better now”).
If you feel much better, make it obvious (e.g., “I feel okay now, thank you.”).

This is your role information:
{client_info}

This is the current conversation history:
{history}

What would you say next?
Do not provide explanations or reasoning—respond naturally as if you are the client in distress.

K Prompts for Evaluation

The prompts used for model evaluation in our experiments.

Prompt for PanicEval

You are an expert evaluator trained to assess AI-generated counseling dialogues in severe panic attack situations using
the below framework.

You will receive a dialogue between a counselor and a client experiencing intense physiological and emotional distress,
including symptoms such as shortness of breath, chest tightness, catastrophic thoughts, and loss of control.

Your task is to assign a score (1–5) to each of the following criteria, along with a brief justification for each score.
Output your results strictly in JSON format.

General Counseling Skills

1. Understanding 5: Rapidly and accurately identifies acute symptoms (e.g., shortness of breath, trembling, chest
pain), emotional states, and catastrophic thinking.

4: Recognizes the client’s distress and partial symptoms, but may delay or miss full interpretation of the panic
profile.

3: Identifies some surface-level emotions or cues but overlooks key signs of physiological panic.
2: Misreads or hesitates to respond to the severity of panic symptoms.
1: Fails to recognize the urgency of the situation or misattributes symptoms.

2. Empathy 5: Provides steady emotional containment, reassurance, and warmth under intense crisis. Uses ground-
ing, affirming language to build a sense of safety.

4: Expresses empathy with some fluctuation in tone or timing, but maintains an emotionally safe space.
3: Attempts reassurance but may come across as scripted or emotionally detached under pressure.
2: Infrequent or robotic empathy; fails to adapt to the client’s panic level.
1: Cold, invalidating, or dismissive tone during acute distress.

Crisis-Specific Skills

3. Clarity 5: Delivers short, directive, easy-to-follow phrases appropriate for someone in panic (e.g., breathe with
me, look around you).

4: Language is mostly clear but may include unnecessary detail or nonessential dialogue.
3: Occasionally confusing or too verbose for an overwhelmed client.
2: Frequently uses abstract or emotionally charged language that increases dysregulation.
1: Language is ambiguous, overwhelming, or cognitively demanding during crisis.

4. Directive Support 5: Provides structured and progressive crisis interventions (e.g., grounding, sensory focus,
breath pacing, location shift) matching the client’s current level of distress.

4: Uses known techniques (breathing, grounding), but may miss pacing or escalation patterns.
3: General encouragement only, without timely action.
2: Suggests vague or delayed strategies that do not meet the client’s acute needs.
1: Fails to offer any grounding or crisis action steps.
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5. Stabilization 5: Client moves from panic to physical and cognitive calm (e.g., breath regulates, fear reframes,
body relaxes).

4: Client shows strong signs of stabilization but may still mention residual symptoms.
3: Partial recovery—some symptoms persist without worsening.
2: Panic symptoms remain, but the counselor helps prevent escalation.
1: Panic state persists or worsens without interruption.

6. Closure 5: Ensures calm, reorients the client to safety, and clearly discusses what to do if symptoms return (e.g.,
use of tools, contacting a therapist).

4: Confirms calm and ends gently, but future care or contingency planning is vague.
3: Ends with some reassurance but does not confirm readiness or next steps.
2: Closes the session prematurely or without validating the client’s experience.
1: Abrupt or unclear ending that leaves the client without closure or containment.

Dialogue to Evaluate: {dialogue}

Output Format (JSON only):
{Understanding: {score: <1–5>, justification: <Brief reason>},

Empathy: {score: <1–5>, justification: <Brief reason>},
Clarity: {score: <1–5>, justification: <Brief reason>},
Directive Support: {score: <1–5>, justification: <Brief reason>},
Stabilization: {score: <1–5>, justification: <Brief reason>},
Closure: {score: <1–5>, justification: <Brief reason>}}

Only return this JSON object—no explanation, no commentary, no introduction.

Prompt for First Sign of Stabilization

The following is a dialogue between a counselor and a client having a panic attack.
Your task is to identify the first turn where the client begins to show signs of stabilization.
Signs may include clearer thinking, calm tone, gaining emotional control, or reduced panic symptoms.

Dialogue: {dialogue}

Return only a JSON object in the following format:

{stabilization_turn: <turn_number>, reason: <brief explanation>}

Where <turn_number> is the turn number (starting from 1 for the first user utterance), and <brief explanation>
summarizes why that turn marks the beginning of stabilization.

If the client never stabilizes, return the last turn + 1 index:

{stabilization_turn: 20, reason: Client remained unstable throughout the session.}

Prompt for Intervention Turn Ratio

You are analyzing a counseling dialogue between a client experiencing a panic attack and an AI counselor.
Your task is to identify all AI counselor utterances that contain concrete intervention strategies.

Each utterance should be classified into one or more of the following categories:
- breathing: Instructions for slow breathing or controlled inhale/exhale
- grounding: Sensory-focused interventions (e.g., name 3 things you see)
- de_catastrophizing: Helping the client reframe catastrophic thinking
- evidence_based_questioning: Asking the client to examine evidence for and against their thoughts (e.g., What
evidence do you have for that belief?)
- physical_movement: Encouraging the client to move to a safer or calmer space
- positive_reinforcement: Praising the client’s efforts or responses
- normalization: Reassuring that their experience is common and understandable
- validation: Acknowledging and affirming the client’s emotional experience
- distraction: Shifting attention away from panic (e.g., music, imagination)
- reorientation: Bringing awareness to present time/place (e.g., Where are you now?)
- self_efficiency_prompt: Reminding the client they have succeeded before and can do so again
- others: Any intervention that doesn’t fit above categories
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Only include utterances spoken by the AI counselor.
Number the utterances starting from 0, indexing only the counselor’s turns.
One utterance can have multiple intervention strategies.

Dialogue: {dialogue}

Return your answer as a JSON dictionary with the following format. Don’t add any explanation for parsing:

{
breathing: [0, 2],
grounding: [1],
de_catastrophizing: [],
evidence_based_questioning: [3],
physical_movement: [3],
positive_reinforcement: [4],
normalization: [],
validation: [],
distraction: [],
reorientation: [],
self_efficiency_prompt: [],
others: []

}

Prompt for Head to Head Comparison

You are an expert evaluator in psychological first aid (PFA) for panic attacks. You will compare two counseling
dialogues with the same panic-attack client, each with a different counselor. Your goal is to assess which dialogue
performs better across six panic-specific dimensions.

Use the definitions below to guide your reasoning. Each dimension is rated on a 5-point scale (1 = poor, 5 = excellent),
and you must decide whether Dialogue A, Dialogue B, or both (tie) perform better.

General Counseling Skills

1. Understanding
5: Rapidly and accurately identifies acute symptoms (e.g., shortness of breath, trembling, chest pain), emotional states,
and catastrophic thinking.
4: Recognizes the client’s distress and partial symptoms, but may delay or miss full interpretation of the panic profile.
3: Identifies some surface-level emotions or cues but overlooks key signs of physiological panic.
2: Misreads or hesitates to respond to the severity of panic symptoms.
1: Fails to recognize the urgency of the situation or misattributes symptoms.

2. Empathy
5: Provides steady emotional containment, reassurance, and warmth under intense crisis. Uses grounding, affirming
language to build a sense of safety.
4: Expresses empathy with some fluctuation in tone or timing, but maintains an emotionally safe space.
3: Attempts reassurance but may come across as scripted or emotionally detached under pressure.
2: Infrequent or robotic empathy; fails to adapt to the client’s panic level.
1: Cold, invalidating, or dismissive tone during acute distress.

Crisis-Specific Skills

3. Clarity
5: Delivers short, directive, easy-to-follow phrases appropriate for someone in panic (e.g., “breathe with me,” “look
around you”).
4: Language is mostly clear but may include unnecessary detail or nonessential dialogue.
3: Occasionally confusing or too verbose for an overwhelmed client.
2: Frequently uses abstract or emotionally charged language that increases dysregulation.
1: Language is ambiguous, overwhelming, or cognitively demanding during crisis.

4. Directive Support
5: Provides structured and progressive crisis interventions (e.g., grounding, sensory focus, breath pacing, location shift)
matching the client’s current level of distress.
4: Uses known techniques (breathing, grounding), but may miss pacing or escalation patterns.
3: General encouragement only, without timely action.
2: Suggests vague or delayed strategies that do not meet the client’s acute needs.
1: Fails to offer any grounding or crisis action steps.
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5. Stabilization
5: Client moves from panic to physical and cognitive calm (e.g., breath regulates, fear reframes, body relaxes).
4: Client shows strong signs of stabilization but may still mention residual symptoms.
3: Partial recovery—some symptoms persist without worsening.
2: Panic symptoms remain, but the counselor helps prevent escalation.
1: Panic state persists or worsens without interruption.

6. Closure
5: Ensures calm, reorients the client to safety, and clearly discusses what to do if symptoms return (e.g., use of tools,
contacting a therapist).
4: Confirms calm and ends gently, but future care or contingency planning is vague.
3: Ends with some reassurance but does not confirm readiness or next steps.
2: Closes the session prematurely or without validating the client’s experience.
1: Abrupt or unclear ending that leaves the client without closure or containment.

Now compare the two dialogues below. For each dimension, choose the better-performing dialogue (A, B, or tie) and
explain why. Only return a structured JSON object like this:

{
understanding: {result: A/B/tie, reason: <reason>},
empathy: {result: A/B/tie, reason: <reason>},
clarity: {result: A/B/tie, reason: <reason>},
directive_support: {result: A/B/tie, reason: <reason>},
stabilization: {result: A/B/tie, reason: <reason>},
closure: {result: A/B/tie, reason: <reason>}

}

Do not include anything except the JSON.

— Dialogue A —
{formatted_a}

— Dialogue B —
{formatted_b}
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