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Abstract
We present our system submitted to the Ara-
GenEval Shared Task at ArabicNLP 2025,
which addresses the tasks of Authorship Style
Transfer and Authorship Identification. For
Subtask 1 (Style Transfer), we fine-tuned
instruction-following Arabic large language
models using Low-Rank Adaptation (LoRA).
Among the evaluated models, Qwen2.5-7B-
Instruct achieved a BLEU score of 20.30 and a
chrF score of 52.56, ranking 3rd on the official
leaderboard. For Subtask 2 (Authorship Iden-
tification), AraBERTv2 attained an accuracy
of 86.49% and a macro-F1 score of 82.82%,
demonstrating robust performance in multi-
class author classification across 21 categories.
Our approach integrates Arabic-specific pre-
processing, task-oriented prompt design, and
transformer-based architectures, which enables
effective handling of both generative and dis-
criminative aspects of authorship analysis. We
have made experimental scripts publicly avail-
able for the community.1

1 Introduction

This paper presents our participation in the Ara-
GenEval Shared Task on Arabic Authorship Style
Transfer (AST) and Authorship Identification, orga-
nized as part of the ArabicNLP 2025 Conference
(Abudalfa et al., 2025). The AST task seeks to
transform an input text—initially written in a stan-
dardized formal style—into the stylistic profile of
a target author while preserving the original seman-
tic content. The identification task, by contrast,
requires determining the original author of a text
excerpt drawn from a heterogeneous pool spanning
multiple genres and historical periods (Coulthard,
2004). These problems are especially challenging
in Arabic due to linguistic diversity manifesting
as diglossia, rich and productive morphology, and
context-dependent variation (Alqahtani and Dohler,
2023; AlZahrani and Al-Yahya, 2023a).

1https://github.com/rafiulbiswas/AraGenEval

Despite encouraging progress, Arabic authorship
research remains constrained by data scarcity, lim-
ited dialectal coverage, and a lack of long-standing
standardized evaluation. Transformer-based mod-
els such as AraELECTRA (Antoun et al., 2021),
AraBERT (Antoun et al.), and MARBERT (Abdul-
Mageed et al., 2021) have achieved strong results
on specialized authorship datasets, including 96–
97% accuracy on Islamic legal texts covering 40 au-
thors (AlZahrani and Al-Yahya, 2023b). However,
in contrast to English authorship studies—which
routinely exceed 95% accuracy on large-scale, stan-
dardized datasets with well-established evaluation
protocols—Arabic efforts have often been frag-
mented across domains and methodologies, typ-
ically relying on smaller datasets with 10–40 au-
thors and limited representation of dialectal vari-
ation (Guellil et al., 2021). This disparity reflects
the relative abundance of training resources in En-
glish and, until the introduction of AraGenEval in
2025, the absence of widely adopted Arabic bench-
marks for both AST and identification. Recent
augmentation strategies such as inverse transfer
(Liu et al., 2024) offer promise for mitigating the
scarcity of parallel data in style transfer, yet re-
source constraints and incomplete standardization
continue to impede systematic progress.

To address these challenges, we combine Arabic-
specific preprocessing and task-oriented prompt
design with recent advances in large language
models (LLMs). In particular, we leverage
Qwen2.5L (Team, 2024; Yang et al., 2024), Fa-
nar (Team et al.), Jais (Sengupta et al., 2023), and
AraBERTv2 (Antoun et al.), applying parameter-
efficient fine-tuning (e.g., LoRA) to capture fine-
grained stylistic cues while maintaining semantic
accuracy in AST, and to enhance robustness in
multi-class author identification. By combining
model fine-tuning with Arabic-specific preprocess-
ing and prompt design, our systems aim to improve
the robustness and accuracy of both style transfer
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and author classification. The main contributions
of this paper are:
• We formulate Arabic authorship style transfer

as instruction-following generation and replace
conventional encoder–decoder pipelines with
parameter-efficiently fine-tuned LLMs (LoRA).

• We present a cost-effective recipe that leverages
open-source LLMs and adapter-based tuning, en-
abling competitive performance under modest
GPU budgets.

• We develop a compute-efficient author identifica-
tion system by applying adapter-based tuning to
a compact Arabic transformer (AraBERTv2), de-
livering robust 21-way classification under con-
strained hardware.

2 Background

Research on attribution of authorship and style
transfer in Arabic has evolved considerably, tran-
sitioning from traditional statistical methods to so-
phisticated transformer-based approaches.

Authorship Style Transfer. This task has been
explored extensively in English (e.g. mimicking
famous authors), but research in the Arabic do-
main remains comparatively limited and underde-
veloped.(Abudalfa et al., 2025). Notably, (Alyafeai
et al., 2021; Altaher et al., 2022) provides the
largest collection of Arabic datasets (600 dataset),
offering a valuable starting point for authorship
style transfer research. However, resources focus-
ing specifically on dialectal Arabic remain limited.

Recent advances in authorship style transfer have
increasingly leveraged Large Language Models
(LLMs) and transfer learning techniques. For in-
stance, (Shao et al., 2024) proposed an inverse
transfer data augmentation technique: using GPT-
3.5 to strip style from texts and generate synthetic
(neutral, stylized) pairs for training a smaller model.
Likewise, Horvitz et al. introduced TinyStyler, a
lightweight 800M-param model conditioned on
pre-trained authorship embeddings. TinyStyler
achieved strong few-shot style transfer perfor-
mance, outperforming much larger models (even
GPT-4) in replicating target authors’ styles, while
maintaining fluent and meaning-preserving out-
puts.

Author Identification. Over the past five
years, Arabic pretrained language models
(PLMs)—including AraBERT, ARBERT, Ara-
ELECTRA, and MARBERT—have substantially

advanced authorship identification via task-specific
fine-tuning, as surveyed in (Alqahtani and Dohler,
2023). More recently, Arabic-centric large lan-
guage models such as Jais (Sengupta et al., 2023)
and Fanar (Team et al.), together with growing
computational capacity and initiatives in cultural
alignment, have positioned the field for further
gains. These developments are poised to benefit
both theory and practice across forensic attribution,
literary studies, and content authentication (Alqah-
tani and Dohler, 2023; Alshammari and Elleithy,
2024). Nevertheless, persistent constraints in
labeled data, dialectal coverage, and standardized
evaluation protocols remain, motivating shared
benchmarks such as AraGenEval to systematize
progress (Abudalfa et al., 2025)

3 Dataset

Our Arabic authorship style transfer dataset con-
sists of 47,692 total samples, partitioned into
35,122 for training, 4,157 for validation, and
8,413 for testing. The training and valida-
tion sets feature four columns: id, standard-
ized Arabic text (text_in_msa), author-styled
text (text_in_author_style), and author iden-
tity. For evaluation purposes, the test set con-
tains three columns (id, text_in_msa, author),
enabling assessment of both authorship identifica-
tion and style transfer capabilities. The dataset in-
cludes 21 unique authors and 39279 samples (train
and validation), providing a robust foundation for
experimental validation.

Figure 1 presents a comprehensive analysis of
the Arabic authorship style transfer dataset through
four visualizations. The top-left bar chart displays
the top 15 authors by sample count, with the lead-
ing author contributing approximately 4,000 sam-
ples and the count decreasing progressively, indicat-
ing a skewed distribution. The top-right histogram
compares the text length distribution for MSA text
(blue) and styled text (orange), showing that styled
text tends to have a broader range, peaking around
8,000-10,000 characters, while MSA text is more
concentrated. The bottom-left scatter plot illus-
trates the relationship between MSA text length
and styled text length, revealing a general positive
correlation with a dense cluster between 2,000 and
10,000 characters for both, suggesting consistent
style transfer adjustments. Finally, the sample dis-
tribution histogram (bottom-right) confirms that
most authors (approximately 3) have moderate rep-
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Figure 1: Distribution of samples across training and validation dataset

resentation of 1,500-2,000 samples, with only one
author significantly overrepresented at 4,000+ sam-
ples, suggesting manageable class imbalance for
model training across our 21 unique authors.

4 System Overview

4.1 Task 1: Authorship Style Transfer

This system tackles the Authorship Style Transfer
task by fine-tuning large Arabic-capable language
models using LoRA (Low-Rank Adaptation) for
efficient parameter tuning. The model architec-
ture centers around the Qwen2.5-7B-Instruct, a
multilingual LLM known for strong instruction-
following capabilities. Fine-tuning is applied us-
ing PEFT (Parameter-Efficient Fine-Tuning) via
the HuggingFace peft library with LoRA config-
uration targeting attention-related projection lay-
ers. The model is optimized for causal language
modeling (TaskType.CAUSAL_LM), with LoRA
rank r = 16, α = 32, and dropout = 0.1.

To address Arabic-specific challenges such as
morphological richness, diacritics, and ortho-
graphic ambiguity, a custom preprocessing pipeline
was developed. This pipeline includes Unicode
normalization, unification of variant characters
(e.g., different forms of Alef and Yeh), and clean-

ing of punctuation, diacritics, and Latin script
artifacts. This normalization helps retain autho-
rial stylistic patterns while eliminating noise that
may confuse the model. During inference, a sim-
ilar prompt without the target output guides the
model to generate stylized text, using top_p = 0.9,
temperature = 0.7, and repetition penalties to bal-
ance creativity and fluency. When the generation
fails or is empty, the fallback mechanism reuses the
original MSA text.

Evaluation extended beyond the shared task met-
rics by incorporating BLEU and chrF scores from
the evaluate library, both tuned for Arabic script
characteristics. Although only Qwen2.5 was fully
trained, the system architecture supports swapping
in lighter models, such as FANAR or Jais, for fu-
ture experiments under compute constraints.

4.2 Task 2: Authorship Identification
Our Arabic author classification leverages the dis-
criminative capabilities of the AraBERT-v2 trans-
former, specifically optimized for authorship attri-
bution. We fine-tuned the AraBERTv2 model 2 us-
ing the HuggingFace Transformers framework with
a sequence classification head. Texts were prepro-
cessed using a lightweight Arabic-aware pipeline

2aubmindlab/bert-base-arabertv2
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that removed non-Arabic noise while preserving
stylistic cues. Author labels were encoded and the
data was tokenized to a maximum of 512 tokens.
Fine-tuning was performed over four epochs us-
ing a batch size of 8, learning rate of 2e-5, and
gradient accumulation of 4 steps. Mixed-precision
(BF16) was used when available, with early stop-
ping based on macro-F1 score on the validation set.
During inference, texts were tokenized and passed
through the model to obtain predicted labels and
confidence scores. Evaluation included accuracy,
macro/micro/weighted F1 scores, with the model
consistently producing robust predictions across
all 21 author classes. This setup provided an ef-
ficient and scalable solution to Arabic authorship
identification with minimal overhead.

Configuration A (QWEN2.5L-LoRA) uses
generative pre-training with sequence-to-sequence
objectives, 4-bit quantization, LoRA rank-8 adap-
tation, batch size 16-32, max length 256, train-
ing time ∼8-12 hours, memory usage ∼16-22GB
VRAM, achieving macro-F1 ∼0.82-0.87;

Configuration B (AraBERT-Full) employs dis-
criminative pre-training with masked language
modeling, full parameter fine-tuning, FP32 preci-
sion for stability, batch size 8-16, max length 512,
training time ∼2-3 hours, memory usage ∼6-8GB
VRAM, achieving macro-F1 ∼0.85-0.92.

5 Results

5.1 Task 1: Authorship Style Transfer Results

Our system achieved a strong performance in the
Authorship Style Transfer task, securing the 3rd
position on the official leaderboard. The best-
performing model, Qwen2.5-7B-Instruct, achieved
a BLEU score of 20.30 and a chrF score of
52.56, which were competitive compared to the
top scorer’s 24.58 BLEU and 59.01 chrF. Despite
its smaller size relative to other models like Fanar-
1.9B and Jais-13B, Qwen2.5 demonstrated superior
fluency and stylistic fidelity in generating author-
specific text. Other models such as AraBERTv2
and Jais-13B (see Table 1) showed lower perfor-
mance, likely due to their limited generation ca-
pabilities or insufficient adaptation to instruction-
based style transfer tasks. These results highlight
the effectiveness of instruction-tuned LLMs, such
as Qwen2.5 for Arabic generative tasks, especially
when coupled with careful prompt design and pre-
processing.

Model BLEU chrF

Jais-13B 15.17 47.32
AraBERTv2 17.78 46.72
Fanar-1.9B 18.39 48.32
Qwen2.5-7B 20.30 52.56

Table 1: Performance of our models on Task 1 (Leader-
board Position: 3rd)

Model Accuracy Precision Recall Macro F1

AraBERTv2 0.865 0.865 0.785 0.828
MARBERT 0.762 0.722 0.691 0.727
Qwen2.5-7B 0.745 0.789 0.732 0.701

Table 2: Comparison of the performance of our Models
on Task 2

5.2 Task 2: Authorship Identification Results

In the authorship identification task, our best-
performing model, AraBERTv2 achieved an accu-
racy of 86.49% and a macro F1 score of 82.82%, ap-
proaching the top system’s performance of 92.42%
accuracy and 89.89% macro F1. AraBERTv2 out-
performed other tested models such as MARBERT
and Qwen2.5, as shown in Table 2. This indi-
cates the suitability of AraBERTv2 for fine-grained
classification tasks in Arabic. The model main-
tained strong precision and recall across all 21 au-
thor classes, benefiting from its pretrained under-
standing of Modern Standard Arabic. In contrast,
Qwen2.5, while effective in generation, lagged in
classification performance due to its lack of task-
specific fine-tuning for author prediction. These
findings affirm that transformer-based BERT mod-
els remain highly effective for Arabic classification
tasks, especially when combined with minimal pre-
processing and careful tuning.

6 Conclusion

Despite the promising results, several limitations
remain. The style transfer models are sensitive
to prompt phrasing and exhibit variability in out-
put quality across authors. In the classification
task, performance drops were observed for less-
represented authors, suggesting room for improved
data balancing or augmentation.

Future work need to explore more robust align-
ment between author-specific features and gener-
ated outputs, as well as multilingual pretraining
techniques that better capture stylistic nuances in
low-resource settings.
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