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Abstract

Content­grounded dialogue evaluation for

Arabic remains under­resourced, particularly

across Modern Standard Arabic (MSA), Egyp­

tian, and Maghrebi varieties. We introduce

ShawarmaChats 1, a benchmark of 30,000 six­

turn conversations grounded in Wikipedia con­

tent, evenly split across the three dialects.

To build this corpus, we prompt five frontier

LLMs —GPT-4o, Gemini 2.5 Flash, Qwen-
Plus, DeepSeek-Chat, and Mistral Large
to generate 1,500 seed dialogues. Native Ara­

bic speakers evaluate these outputs to select

the most effective generator and most human­

aligned grader. Sub­Adialogues undergo a two­

pass, rationale­driven self­repair loop where

the grader critiques and the generator revises;

unresolved cases are manually corrected. We

apply this pipeline to 10,000 Wikipedia para­

graphs to create 30,000 high­quality conver­

sations 10,000 per dialect at modest human

cost. To validate the benchmark, we LoRA­

fine­tune six open LLMs (1 B to 24 B parame­

ters) on ShawarmaChats and observe consistent
gains in automatic­grader scores, BERTScore,

BLEU and ROUGE particularly for models

larger than 7 B parameters. ShawarmaChats
thus establishes the first large­scale, dialect­

aware, content­grounded dialogue benchmark

for Arabic.

1 Introduction

Knowledge­grounded dialogue generation gauges

a model’s skill at weaving verifiable facts into

multi­turn exchanges. English research enjoys

mature resources ­ Wizard of Wikipedia (Dinan

et al., 2019), the BEGIN attribution suite (Dziri

et al., 2022b) and convenient, if imperfect, auto­

matic metrics such as BERTScore (Zhang et al.,

2020) and ROUGE (Lin, 2004). In Arabic, how­

ever, no benchmark yet unifies MSA, Egyptian,

and Maghrebi varieties while enforcing grounding

1github.com/KamyarZeinalipour/Shawarma­Chats

in sources like Wikipedia. Current efforts remain

piecemeal: AraConv (Fuad et al., 2022) covers only

MSA, Dial2MSA­Verified (Khered et al., 2025)

tackles lexical normalisation, and recent corpora

such as the multimodal Dallah (Alwajih et al., 2024)

and the dialect­specific JEEM (Artemova and Tra­

jkova, 2025) underscore rather than bridge this gap.

Meanwhile, the “LLMs­as­Judges’’ literature (Li

et al., 2024) and self­refinement loops where gener­

ators revise outputs based on model critiques (Dong

et al., 2025) are reshaping evaluation and data aug­

mentation practices. Current Arabic dialogue re­

sources do not jointly cover MSA, Egyptian, and

Maghrebi or provide scalable, high­precision qual­

ity control. We therefore ask:

Problem Statement

Can an LLM­driven generator—grader self­

repair loop, requiring minimal human effort,

yield a high­fidelity benchmark of six­turn,

Content­grounded dialogues in all three reg­

isters?

To operationalise this goal, we decompose it into

four research questions:

RQ1 What is the comparative performance of the

five frontier LLMs when tasked with gener­

ating content­grounded six­turn dialogues in

MSA, Egyptian, and Maghrebi?

RQ2 Which of these same models, when prompted

as an automatic grader, aligns most closely

with native­speaker judgments?

RQ3 How effectively does a two­pass, rationale­

driven self­repair loop upgrade sub­A 2 dia­

logues, and what residual error types persist?

RQ4 Do models fine­tuned on the final corpus ex­

hibit consistent gains in faithfulness and di­

2Any dialogue that does not receive an ‘A’ (Excellent) rat­
ing in the human/machine evaluation
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alect control when evaluated exclusively by

the automatic grader and lexical metrics?

Approach & headline results. We tackle RQ1 ­

RQ4 through the creation of ShawarmaChats. Five
3 frontier LLMs. First generate 1,500 seed six­turn

dialogues. Native Arabic speakers label these out­

puts, identifying the most effective generator and

the most human­aligned grader; the chosen grader

achieves 96.3 % precision on grade­A judgements

for the selected generator. All sub­A seeds enter a

two­pass, rationale­driven self­repair loop in which

the grader critiques and the generator revises; di­

alogues still below grade A after the second pass

receive manual correction. This generator—grader

pair is then applied to 10,000 distinct Wikipedia

paragraphs, producing 30,000 grade­A conversa­

tions —10,000 per dialect—while keeping human

intervention to roughly 0.52 % of cases. Finally,

LoRA fine­tuning six open­source LLMs (1 B to 24

B Parameters) on ShawarmaChats yields consistent
gains in automatic­grader scores and BERTScore,

BLEU and ROUGE, with the largest relative im­

provements observed particularly for models larger

than 7B parameters.

Building on these findings, our work makes sev­

eral distinct contributions to the study of Arabic

content­grounded dialogue generation, which we

summarise below:

Contributions. (i) We introduce ShawarmaChats,
the first knowledge­grounded dialogue bench­

mark that spans Modern Standard, Egyptian, and

Maghrebi Arabic. (ii) The corpus offers 30k six­

turn conversations linked to Wikipedia, vetted to

96.3% precision. (iii) A rationale–based generator ­

grader loop cuts human review down to 0.52 % by

letting one LLM spot flaws and another fix them.

(iv) Human judgments over the five frontiers re­

veal the best models for generation vs. grading. (v)

Fine­tuning six open LLMs (1B – 24B) proves the

benchmark sensitive to training regime and size.

(vi) We publicly release the dataset, LoRAweights,

prompt templates, and evaluation code. Paper out­

line. Section 2 reviews related work; Section 3

presents the ShawarmaChats generation pipeline in
full; Section 4 reports our empirical results; and

Section 5 summarises conclusions and limitations.

3 —GPT-4o, Gemini 2.5 Flash, Qwen-Plus, DeepSeek-
Chat, and Mistral Large

2 Related Work

Knowledge­grounded dialogue in English.

Large­scale English datasets such as Wizard

of Wikipedia (Dinan et al., 2019) and Topical­

Chat (Gopalakrishnan et al., 2019) established the

paradigm of multi­turn conversations explicitly

anchored in external knowledge, enabling system­

atic study of factuality in open­domain dialogue.

Subsequent work shifted from data collection to

evaluation: Q2 proposes a QA­based metric for

factual consistency (Honovich et al., 2021), while

BEGIN introduces fine­grained attribution labels

to diagnose hallucinations (Dziri et al., 2022b).

Cleaning efforts such as FaithDial (Dziri et al.,

2022a) and fact­checking benchmarks like Dial­

Fact (Gupta et al., 2022) further refine data quality

and supply supervised signals for hallucination

detection. Our benchmark follows this line of

work but is the first to bring Wikipedia­grounded,

six­turn conversations to Arabic in three distinct

dialects.

Automatic metrics for factuality and quality.

Beyond simple lexical overlap (ROUGE (Lin,

2004)), recent learned metrics (BERTScore (Zhang

et al., 2020)) and BLEURT (Sellam et al., 2020))

correlate better with human judgments, while Sum­

mEval provides a large­scale human annotation

test­bed for metric validation (Fabbri et al., 2021).

UniEval unifies multiple quality dimensions into

a single evaluator (Zhong et al., 2022). How­

ever, these metrics are not dialect­aware and often

overlook language­specific nuances; our automatic

grader, chosen via human alignment experiments,

fills this gap for Arabic.

Arabic dialogue and dialectal resources. Prior

Arabic conversational corpora remain either

domain­specific or dialect­specific. AraConv offers

an MSA task­oriented dataset (Fuad et al., 2022),

while recent Gulf­dialect corpora highlight ongo­

ing fragmentation (Al­Shenaifi et al., 2024). Mul­

timodal models such as Dallah demonstrate the

community’s interest in dialect­aware LLMs (Al­

wajih et al., 2024). A comprehensive survey con­

firms the scarcity of unified, multi­dialect bench­

marks across Arabic NLP tasks (Joshi et al., 2025).

ShawarmaChats closes this resource gap by pro­
viding a balanced, Wikipedia­grounded benchmark

spanningModern Standard, Egyptian andMaghrebi

Arabic.
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LLM­driven Data Generation. The increas­

ing capabilities of LLMs have spurred a new

wave of research focused on synthetic data gen­

eration, particularly for low­resource languages.

Recent efforts have demonstrated the viability of

using LLMs to automate the creation of various

materials. For instance, LLMs have been suc­

cessfully employed to generate quizzes in Turk­

ish (Zeinalipour et al., 2024b) and multiple­choice

questions in Persian (Zeinalipour et al., 2025a).

A significant body of work has also explored the

generation of crossword puzzles across different

languages, including Italian (Zeinalipour et al.,

2024a), Turkish (Zeinalipour et al., 2024c), and

Arabic (Zeinalipour et al., 2025b,c). Techniques

like Clue­Instruct further refine the generation of

text­based clues for these puzzles (Zugarini et al.,

2024b). Beyond generation, LLMs are also used

in evaluating these materials, such as in answer­

ing crossword clues (Zugarini et al., 2024a) and

providing automated feedback on student writ­

ing (Zeinalipour et al., 2024d). Furthermore, the re­

liance on LLMs extends to creating benchmarks for

evaluating specific capabilities, such as common­

sense reasoning in Arabic (Lamsiyah et al., 2025).

LLM­based evaluation and self­repair loops.

Recent studies show that strong LLMs can act

as reliable judges to evaluate text generated by

smaller models (Koutchéme et al., 2024). Sur­

veys of self­correction techniques (Kamoi et al.,

2024) and zero­resource hallucination detection

(SelfCheckGPT) (Manakul et al., 2023) demon­

strate the feasibility of iterative generation–critique

cycles. Retrieval­augmentation combined with self­

checking further improves answer faithfulness in

conversational QA (Ye et al., 2024). We build on

these insights by selecting the most human­aligned

LLM as an automatic grader and embedding it

in a two­pass generator ­ grader self­repair loop,

achieving grade­A quality with only minimal hu­

man intervention.

Positioning of ShawarmaChats. Our benchmark

uniquely (i) unifies three majorArabic varieties, (ii)

enforces strict Wikipedia grounding, and (iii) em­

ploys a human­validated, LLM­driven self­repair

pipeline, thereby enabling rigorous evaluation of

dialect control, factuality, and LLM­based grading

in low­resource settings.

3 The ShawarmaChats Dataset

We first detail how the corpus is constructed (3.1),

then provide a quantitative and qualitative anal­

ysis that motivates its research value (3.2). The

ten­stage pipeline­—summarised in Figure 1 en­

sures both broad topical coverage and high factual

fidelity.

3.1 Dataset Creation

Step 1 – Paragraph sampling. Over 200,000

Arabic Wikipedia articles were downloaded to

build the THAW (Text Harvest from Wikipedia)
4 dataset. Key bolded terms and lead­section meta­

data were extracted using Wikipedia’s uniform

structure. GPT­4 was then used to classify each

article into one of 29 custom categories. The dis­

tribution is shown in Figure 3. Quality filtering

kept only articles ≥ 150 words, discarded multi­

word, very short/long, or symbol/number­bearing

titles, and ranked articles by popularity. A uniform

sample of 10,000 paragraphs—­each ≥ 150 words

was then drawn from articles whose importance

was graded High to Low, and whose popularity was

measured by peak view counts, yielding a clean,

high­quality corpus for further analysis.

Step 2 – Dialect prompting. We craft three dis­

tinct prompt templates—­one each for MSA, Egyp­

tian, and Maghrebi that instruct an LLM to produce

a six­turn dialogue between two interlocutors, A

and B. We empirically evaluated multiple wording

variants with several language models and found

that each dialect benefits from a dedicated prompt

to maximise fluency and register fidelity. The final

instructions, therefore, differ subtly across dialects

and ask the model to return the conversation in a

structured JSON schema, making subsequent au­

tomatic checks straightforward. Full prompt texts

appear in Appendix G.

Step 3 – Seed generation. From the 10,000­

paragraph pool we uniformly sample 100 para­

graphs to serve as a pilot set. Each of the five fron­

tier LLMs then answers the three dialect­specific

prompts for every sampled paragraph, yielding

100× 3× 5 = 1, 500 seed dialogues that underpin
our subsequent models­selection experiments.

Step 4 – Establishing the Gold Reference Set.

To create a reliable gold standard, we used a two­

stage evaluation process with two expert annotators:

4A 10k ‑paragraph, filtered Wikipedia pool
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(1)
Paragraph sampling

(2)
Dialect prompting

(3)
Seed generation
 by five LLMs

(4)
Human consensus 

grading

(5)
Automatic-grader 

bake-off

(6) 
 Generator selection

(7)
Full-scale 
generation

(8)
Two-pass 

self-repair loop

(9)
Human 

touch-ups

(10)
Final dataset

Figure 1: Overview of the ten­stage ShawarmaChats creation pipeline.

a native Egyptian and a native Moroccan Arabic

speaker, both graduate students in Linguistics and

Computer Science.

First, they worked independently to rate each of

the 1,500 seed dialogues on a scale fromA (Excel­

lent) to D (Poor). The evaluation focused on four

key criteria: Fluency, Faithfulness to the source

text, conversational Coherence, and correct Dialect

Accuracy. This initial blind pass showed substan­

tial inter­annotator agreement, achieving a Cohen’s

κ of 0.794.
Next, the annotators came together to discuss and

resolve every instance where their initial ratings

differed. Their combined fluency across all three

Arabic varieties was crucial for settling nuanced

cases. This collaborative second stage resulted in a

single, high­confidence consensus grade (A, B, C,

D) for each dialogue, forming the definitive gold

reference set for our study. Full annotation guide­

lines are detailed in Appendix F.

Step 5 –Automatic Grader Selection via Human

Alignment To find a reliable automatic grader,

we benchmarked five leading LLMs against our

human­graded gold set. Each model was prompted

to assign an A­to­D grade and a written rationale

to all 1,500 seed dialogues. In the initial compari­

son, GPT-4o was the clear front­runner, achieving
80.4% accuracy in matching the original human

ratings. 5

However, a crucial finding emerged from the mod­

els’ rationales: they often highlighted subtle er­

5The full accuracy breakdown against the initial hu­
man ratings was: GPT-4o (80.4%), DeepSeek-Chat (71.3%),
Gemini 2.5 Flash (70.1%), Qwen-Plus (52.3%), and
Mistral Large (51.6%).

Model EGY MAG STD

GPT­4O 3.8687 3.2626 3.7980

DeepSeek­Chat 3.9394 2.5354 3.8182

Gemini 2.5 Flash 3.9798 3.6667 3.9596

Mistral Large 3.8485 1.2020 3.7172

Qwen­Plus 2.7778 2.3030 3.5152

Table 1: Average ratings by model across the three eval­

uation categories. Bolded entries denote the top­‐per­

forming model per category.

rors our human experts had initially missed. This

prompted a rationale­aided reassessment, where

our annotators reviewed their judgments with the

selected model feedback in mind. This powerful

loop led them to refine 22.15% of the original con­

sensus grades, resulting in a more robust final gold

standard.

When all models were re­evaluated against this im­

proved benchmark, GPT-4o maintained its top po­
sition, confirming its superior alignment with nu­

anced human judgment. It was therefore selected as

the official automaticGrader for our pipeline. Full

performance details for all models are in Appendix

Step 6 (A) – Selecting the Best Generator. With

the automatic Grader selected, we returned to our

final human consensus ratings to identify the best

dialogue Generator. We converted the A to D

grades assigned to each model’s output into numer­

ical scores (A=4, D=1) and calculated the average

performance. As shown in Table 1, Gemini 2.5
Flash achieved the highest overall score across all
three dialects, securing its role as the Generator for

our pipeline.

Step 6 (B) – Validating the Automated Pipeline.

Before moving to full­scale generation, we per­
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formed a final, crucial validation. We needed to

confirm that our selected Grader (GPT-4o) could
accurately identify high­quality work from our cho­

sen Generator (Gemini 2.5 Flash). To do this,
we measured the Grader’s precision on ’A’­grade

dialogues against our human gold standard.

The results were excellent, confirming the

pipeline’s reliability. The Grader achieved an av­

erage precision of 96.3% when identifying top­

quality dialogues (99% for MSA, 100% for Egyp­

tian, and 90% for Maghrebi). This high precision

was the critical validation for our pipeline. Since

any dialogue rated below ’A’would automatically

undergo revision, the Grader’s ability to reliably

identify excellent outputs allows us to filter for qual­

ity at scale, reserving manual supervision for only

a small fraction of cases.

Step 7 – Full­Scale Generation and Automated

Triage. With our models in place, we generated

the full dataset of 30,000 raw dialogues using our

Generator (Gemini 2.5 Flash). Our automatic
Grader (GPT-4o) then performed an initial quality
triage on this collection. A promising 85.94% of

the conversations were immediately rated A and

accepted. The remaining 14.06% were automati­

cally funneled into our two­pass self­repair loop for

quality enhancement, as detailed in Table 9.

Step 8 – The Self­Repair Loop: Automated Dia­

logue Refinement. Dialogues that were not rated

A in the initial triage were automatically funneled

into our two­pass self­repair loop. This process

is designed to iteratively improve dialogue quality

without human intervention, following a three­stage

cycle:

1. Critique: First, our Grader (GPT-4o) does
more than just assign a low score; it generates a

detailed rationale explaining the specific flaws,

such as a factual error, stilted phrasing, or incor­

rect dialect usage.

2. Fix: This actionable feedback is then packaged

into a new ”repair prompt.” The prompt, contain­

ing the source paragraph, the flawed dialogue,

and the Grader’s critique, is sent to our Gen­

erator (Gemini 2.5 Flash) with instructions
to revise the conversation and fix the identified

issues.

3. Re­grade: Finally, the newly revised dialogue

is sent back to theGrader for a fresh assessment.

If it now achieves an A, it is accepted. If it still

falls short, the entire ‘Critique‘→ ‘Fix‘→ ‘Re­

grade‘ cycle is repeated one more time.

This automated refinement process proved

highly effective. While 85.94% of dialogues

passed on the first attempt, the first repair pass lifted

the cumulative success rate to 97.77%. The second

pass brought the total to 99.48%. Ultimately, this

loop resolved the vast majority of issues, leaving

only a minuscule 0.52% of dialogues (fewer than

1 in 200) that required final manual correction by

human experts.

Step 9 – Human touch­ups. Humans manually

corrected the remaining “stubborn tail” (0.52 %).

Step 10 – Release package. Upon completing

the pipeline, we merge every A­rated conversation

into the definitive ShawarmaChats corpus. This

high­quality resource offers a turnkey benchmark

for evaluating—and advancing—content­grounded

dialogue generation in Arabic.

3.2 Linguistic and Statistical Analysis

Volume and length. ShawarmaChats contains

22.7M characters about 9.0M tokens when seg­

mented with the Llama-3 tokenizer—across the

10,000 sourceWikipedia paragraphs and the 30,000

six­turn conversations that compose the benchmark

(Table 2). The encyclopedic paragraphs are the

heftiest slice, averaging 1, 353 characters (≈ 515
tokens) each, thus providing ample factual context

for generation. Conversely, the dialogues are de­

liberately concise: Maghrebi turns average 129 to­
kens, Egyptian 119, and MSA 137 a spread that
mirrors well­attested cliticisation and orthographic

differences among the three varieties. Even with a

fixed six­turn template, the length of the sentence

remains distinctly conversational at≈ 5 to 6 words
per sentence for all dialects, compared to ≈ 19
words in the source context. The analysis shows

that Arabic letters appear in 98.86 % of the corpus.

Figure 2 visualises the resulting token­length dis­

tributions for both the source paragraphs and the

three dialectal conversation sets.

Lexical diversity. Tokenised with the Llama-3 6

tokenizer, the benchmark contains ≈ 226 k unique
token types out of 9.0M total tokens, giving a cor­

pus‐­level type­–token ratio TTR = 0.0025 (Ta­
ble 2). To obtain a size‐­robust view, we also

compute the moving‐average type–token ratio

6https://huggingface.co/meta­llama/Meta­Llama­3­8B
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chars tok words Avg. tok Avg. char Avg. word TTR char/word word/sent arabic

Text 13.5M 5.15M 1.93M 514.93 1,353 192.94 0.00424 3.68 19.33 0.983

MAG 3.0M 1.29M 0.56M 129.30 298 55.86 0.00416 3.42 5.10 0.990

EGY 2.8M 1.19M 0.49M 118.97 282 48.50 0.00393 3.57 5.31 0.991

MSA 3.4M 1.37M 0.57M 137.20 336 56.58 0.00351 3.61 5.70 0.991

TOTAL|Avg 22.7M 9.01M 3.54M 225.10 567 88.47 0.00253 3.62 9.28 0.986

Table 2: Corpus‐level descriptive statistics (rounded; M = millions).
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Figure 2: Token­length distributions (log­scaled density)

for the source context paragraphs and the three dialectal

conversation sets, computedwith the Llama-3 tokenizer.

(MATTR) with a 500­token window:

MATTRMSA = 0.567, MATTREGY = 0.527,

MATTRMAG = 0.499, MATTRContext = 0.560,

yielding an overall corpus value of 0.548. The rank­
ing —MSA> Context> Egyptian>Maghrebi —

follows intuitively from the varieties’ orthographic

norms: MSA’s standardised morphology packs

more distinct stems per window, while Maghrebi’s

heavier cliticisation and code­switched borrow­

ings reuse subword fragments, slightly lowering

its MATTR. These figures confirm that, despite

the fixed six­turn template, the dialogues retain a

healthy and dialect‐sensitive lexical spread that is

well­suited for evaluating vocabulary control and

style transfer.

Part­of­speech profile. A coarse­grained UD

PoS analysis (full results in Appendix B table 6)

confirms the stylistic shift from encyclopædic con­

text to dialogue. Verbs almost double in relative

frequency from 8.3 % in the source paragraphs to

≈ 11% in the three dialogue sets while pronouns

rise from 4.6% to 7∼ 9%, signalling the more inter­

active register. Conversely, nouns drop from 32.3

% to 26.3 % in MSA and just 19.3 % in Maghrebi,

reflecting heavier cliticisation and ellipsis. Egyp­

tian exhibits the highest share of discourse particles

and punctuation. These trends dovetail with the
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Figure 3: Distribution of the 10,000 source para­

graphs over the 29 Wikipedia categories used in

ShawarmaChats.

lexical­diversity findings reported earlier in this

section.

Topic balance. To minimise topical skew we

stratified paragraph sampling across 29 top–level

Wikipedia categories. As Figure 3 shows, the

distribution is deliberately broad: the two largest

bins, Entertainment (1,807 paragraphs) and His­

tory (1,718), together account for only 18 % of the

10,000 source paragraphs, while the median cate­

gory (Earth’s environment) still supplies over 200

examples. Even the long–tail domains—e.g. Math­

ematics, Botany, Psychology contribute ≥22 para­
graphs each, ensuring every topic is represented.

Seeding each paragraph as one dialect­specific con­

versation keeps the 30,000­dialogue corpus bal­

anced, giving a realistic, evenly distributed test­bed

for knowledge­grounded dialogue generation.

Frequent tokens and n­grams. A corpus­wide

sweep of surface co­occurrences shows that the

ten most frequent tokens, bigrams, and trigrams

split cleanly into two camps (see Table 5 in the

Appendix). Encyclopaedic items such as the to­

ken ماع ‘year’, the bigram ةدحتملاتايالولا ‘United
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Dialect BERTScore F1 ROUGE­L F

Maghrebi (MAG) 0.8914 0.0465

Egyptian (EGY) 0.7926 0.0535

MSA 0.9057 0.0966

Table 3: Dialect­fidelity scores for ShawarmaChats.
Higher values indicate closer alignment between dia­

logue turns and their grounding Wikipedia paragraphs.

States’, and the trigram ةيناثلاةيملاعلابرحلا ‘WorldWar

II’ stem from the grounding paragraphs, whereas

the conversations inject strongly dialect­marked

forms like Maghrebi فازب ‘a lot’, Egyptian ناشع

هدك ‘that’s why’, and the trigram يلبيتفرعشأ ‘how

did you know that …’. This mixture confirms that

ShawarmaChats interleaves fact­heavy named en­
tities with conversational formula, furnishing an

informative stress­test for both knowledge reten­

tion and dialect control in LLMs.

Dialect fidelity. We gauge each dialect’s fidelity

to its Wikipedia source with semantic similarity

(BERTScore F1 using the microsoft-deberta-
xlarge-mnli) and lexical overlap (ROUGE­L F).
MSA tops both metrics, Maghrebi (MAG) trails in

ROUGE­L yet stays second in BERTScore, consis­

tent with its cliticisation, phonological spelling, and

code­switching, and Egyptian (EGY) sits between

the two. High BERTScores across all three confirm

factual preservation, whereas ROUGE­L variation

exposes genuine dialectal word­choice differences,

stressing the need for semantics­aware evaluation

beyond n­gram overlap (Table 3).

4 Experiments

This section evaluates how well ShawarmaChats
transfers to open‑source language models of

widely varying capacity for the task of generating

six turn, context grounded dialogues conditioned

on a given paragraph in three dialects MSA, Egyp­

tian, and Maghrebi Arabic. We (i) describe the data

split, (ii) detail the fine‑tuning recipe, (iii) spec­

ify automatic evaluation metrics, and (iv) report

quantitative and qualitative results.

4.1 Experimental Setup

Models. We fine­tune six open source Mistral-
24B, Mistral-Nemo-12B, Mistral-7B, Llama3-
8B, Llama3.2-3B, and Llama3.2-1B spanning six
parameter scales. Unless otherwise stated, all mod­

els are frozen except for a LoRA adapter (rank64,

α=128) Details of the training and inference hyper­
parameters are provided in the Appendix. C

Data split. From the 10,000 unique

ShawarmaChats paragraphs (Section 3.1),

9,500 ( ×3 dialects = 28,500 dialogues) are

used for training and 500 ( ×3 dialects = 1,500

dialogues) for testing.

Evaluation setup. For every test paragraph

we produce two dialogues—one from the base

checkpoint and one from its Fine­Tuned sib­

ling—and compare them with the gold reference

in ShawarmaChats. Quality is measured by BLEU,
ROUGE­L, BERTScore F1, and a GPT-4o, grader
that closely replicates human 3.1 judgments (A to

D mapped to 4 to 1), capturing lexical, semantic,

and holistic gains in one sweep.

4.2 Results &Analysis

Overall gains. Table 4 shows that every model

benefits from fine­tuning on ShawarmaChats. The
average relative improvement is +34.8% for

ROUGE­L, +78.% for BLEU, and +0.03 absolute

points for BERTScore F1. Crucially, the grader­

derived score—mapped from A=4 to D=1—jumps

by +1.34 points on average, confirming that the au­

tomatic judge perceives genuinely higher dialogue

quality after adaptation. A side­by­side quantita­

tive comparison of MSA, Egyptian and Maghrebi

conversations is deferred to Appendix E.

Size matters bigger shifts more. Parameter­rich

checkpoints (≥ 7 B) extract substantially more

benefit from ShawarmaChats than the tiny 1B

− 3B models. Mistral-7B and Mistral-Nemo-
12B each gain about +2.1 grader points and lift

ROUGE­Lby+0.14∼ 0.19, while Llama3-8B and
Mistral-24B still add ∼ +1.7 grader points de­

spite stronger baselines (+0.10 ROUGE for the

latter). By contrast, the 1 B and 3 B Llama variants

move only ≤+0.33 grader points and < +0.10
ROUGE, implying that model capacity, rather than

data volume, is the primary bottleneck at that scale.

Faithfulness vs lexical overlap. BERTScore im­

provements track the grader signal more closely

than n­gram metrics, indicating that the judge is

sensitive to semantic faithfulness rather than sur­

face copying. For example, Mistral-Nemo-12B
achieves the single best BERTScore (0.857) yet its

ROUGE gain is moderate, mirroring the model’s

tendency to paraphrase rather than quote verbatim.

Error profile after fine­tuning. Figure 4 visu­

alises the distributional shift in grader labels. Fine­

tuning collapses the long tail of D (hallucinations,
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Table 4: Automatic metrics on the ShawarmaChats test split. Base denotes the original instruction­tuned checkpoint;
FT denotes the same model after LoRA fine­tuning on ShawarmaChats (§4). Higher is better. Best scores per metric
are bold.

Llama3-1B Llama3-3B Mistral-7B Llama3-8B Mistral-Nemo-12B Mistral-24B

Metric Base FT Base FT Base FT Base FT Base FT Base FT

ROUGE­L ↑ 0.220 0.318 0.298 0.310 0.304 0.443 0.337 0.433 0.246 0.439 0.413 0.443

BLEU ↑ 0.088 0.198 0.101 0.194 0.182 0.286 0.152 0.279 0.141 0.284 0.257 0.287

BERTScore F1 ↑ 0.763 0.767 0.797 0.745 0.767 0.856 0.821 0.856 0.772 0.857 0.838 0.857

Grader Avg. ↑ 1.003 1.103 1.058 1.389 1.186 3.302 1.440 3.172 1.313 3.345 1.854 3.607
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Figure 4: Shift in automatic–grader ratings (A–D) before and after fine­tuning. All six models show a pronounced

migration from lower grades (C/D) to high­quality A/B grades.

dialect slips) and converts many Cs (minor fac­

tual drift) into solid B/A outputs. The surge of red

in the A column as well as the steeper downward

trend line across B−D shows that fine­tuning on

ShawarmaChats systematically pushes dialogues
toward higher quality grades, underscoring the

dataset’s effectiveness as a supervision signal.

Fine­tuning Efficacy. In summary, the

experimental results consistently validate

ShawarmaChats as a potent fine­tuning resource.
The pronounced shift from lower grades towards

high­quality A/B outputs, especially for models

larger than 7B parameters (Figure 4), confirms

that the benchmark provides a strong signal for

improving both factual grounding and dialectal

control in open­source LLMs.

5 Conclusion and Future Work

Can an LLM­driven generator ­grader self­repair

loop, with only minimal human effort, create

a high­fidelity benchmark of six­turn, content­

grounded dialogues in Modern Standard, Egyp­

tian, and Maghrebi Arabic? Our results demon­

strate that the answer is yes. By combining a care­

fully chosen generator (Gemini 2.5 Flash) with
a highly precise automatic grader (GPT-4o) and it­
erating through a two­pass critique–revision cycle,

we produced ShawarmaChats: 30,000 Wikipedia­

grounded conversations that achieve 99.48% grade­

A precision while requiring human intervention in

fewer than 0.52 % of cases.

Answers to the research questions.

RQ1 Generator quality. Among five frontier

LLMs, Gemini 2.5 Flash delivered the most

fluent, faithful, and dialect­accurate six­turn

dialogues across all three registers.

RQ2 Grader alignment. GPT­4o, prompted as

a judge, aligned best with expert annotators,

achieving 80 % raw agreement and 96.3 % pre­

cision on grade­A decisions on the selected gen­

erator.

RQ3 Effectiveness of self­repair. A two­pass,

rationale­driven loop lifted the share of grade­

A dialogues from 85.94 % to 99.48 %, leaving

only a 0.52 % residue for manual clean­up.

RQ4 Downstream impact. LoRA fine­tuning

six open­source LLMs (1B to 24B) on

ShawarmaChats yielded consistent gains in

automatic­grader scores, BERTScore, BLEU,

and ROUGE; models ≥ 7 B parameters bene­

fited most, adding up to +2.1 grader points.

Key takeaways. (1) Large­scale, dialect­

balanced Arabic Wikipedia–grounded dialogues

can be built with minimal expert effort; (2) strong
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judges raise data quality, and strong generators sup­

press hallucinations early; (3) the resulting bench­

mark measurably improves faithfulness and dialect

control in both small and large open LLMs.

Future work. Expand to Levantine & Gulf Ara­

bic, study transfer to other low­resource languages,

and develop RL versions of the generator ­grader

loop that optimise for automatic­grader feedback.

6 Limitations

While ShawarmaChats substantially advances Ara­
bic dialogue evaluation, several caveats remain:

1. Dialect scope. We target only MSA, Egyptian,

and Maghrebi Arabic. Levantine, Gulf, and

other regional varieties are absent, so findings

do not automatically generalise beyond the three

covered registers.

2. Single knowledge source. All conversations

are grounded in Wikipedia paragraphs. The

benchmark therefore favours encyclopaedic

knowledge and may under­represent more col­

loquial or time­sensitive facts.

3. Automatic­grader bias. Although GPT-4o
shows high precision on grade­A judgements,

it inherits the biases and blind spots of frontier

LLMs including possible over­penalisation of

creative paraphrases or dialectal spellings that

deviate from its own training data.

4. Fixed dialogue format. Every item follows a

six­turn pattern between two speakers. This sim­

plifies evaluation but restricts the benchmark’s

ability to test longer or more interactive conver­

sational structures.

5. Self­repair depth. The pipeline allows at most

two critique–revision cycles. Additional passes

or stronger optimisation objectives (e.g. rein­

forcement learning) might further improve qual­

ity, especially for borderline B­graded items.

6. Model­size sensitivity. Fine­tuning gains grow

with parameter count; very small models (1­

3B) benefit only modestly. This limits the

benchmark’s immediate usefulness for ultra­

lightweight deployments.

Addressing these limitations—e.g. by adding

more dialects, diversifying knowledge sources, or

incorporating richer evaluation axes—constitutes

valuable future work.
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A Appendix A: Token­level n­gram
profile

Table 5 lists the ten most frequent tokens, bigrams

and trigrams across the entire benchmark.7 Two

clear patterns emerge.

1. Encyclopaedic collocations. Roughly half

of the high­frequency items come from the

grounding paragraphs and encode named en­

tities or period labels: token ,ماع bigram

تايالولا ,ةدحتملا and trigram

برحلا ةيملاعلا .ةيناثلا Their

prevalence shows that Wikipedia­style content

still drives a non­trivial slice of the token mass

despite the brevity of the generated dialogues.

2. Dialect­specific discourse markers. The re­

maining entries are firmly colloquial. Maghrebi

contributes tokens like ,فازب bigram يش

,ةجاح and trigramيلبيتفرعشأ; Egyp­

tian surfaces in ,يللا bigram ناشع ,هدك

and trigram شم هدك .طبظلا MSA yields

polite confirmations such as bigram سيلأ

ذ
ٰ
.كل These markers underline the corpus’s

ability to probe pragmatic and dialectal nuance

beyond raw factuality.

Modelling implications. Because the top items

straddle both knowledge and style, a model can

score well on surface likelihood by memoris­

ing named entities yet still fail to realise dialect­

appropriate discourse cues. Conversely, over­

fitting to colloquial markers risks hallucinating

facts. Systems evaluated on ShawarmaChats must
therefore balance factual grounding with register

fidelity—mirroring genuine user expectations in

Arabic conversation.

B Appendix B: Part­of­Speech

Breakdown

C Appendix C: Experimental Setup

C.1 Training Configuration

We fine­tune themodel with LoRAon four NVIDIA

RTXA6000 GPUs (48 GB each) using DeepSpeed

ZeRO­3 and FlashAttention 2. Mixed­precision

training is enabled (bf16).
7Singleton punctuation and stop­words were stripped; ties

were broken by global frequency.

Batch size: 4 sequences × 2 grad­accumulation

steps⇒ effective batch of 8.

Max sequence length: 3 500 tokens.

Epochs: 3.

Optimizer: AdamW, cosine LR schedule; initial

LR = 1× 10−4; weight decay = 1×
10−4.

LoRA: rank 64, α = 128, dropout 0.10.

Trainable modules: q_proj, k_proj, v_proj,

o_proj, down_proj, up_proj, gate_proj,

embed_tokens, lm_head.

C.2 Inference Configuration

Decoding uses nucleus sampling with tempera­

ture 0.8, top_p = 0.95, and top_k = 50; a repetition
penalty of 1.1 mitigates degeneration.

D Appendix D: Automatic‐Grader

Evaluation

This section reports how five candidate graders

(GPT-4o, DeepSeek-Chat, Gemini 2.5 Flash,
Qwen Plus and Mistral Large) perform on a held­

out set of 1,500 seed dialogues. It first summarizes

each model’s overall accuracy, then breaks down

per‐label precision, recall, and F1 (including an

“Unknown” category), and finally presents confu­

sionmatrices to showwhere each grader tends to err.

We include an “Unknown” class to capture every

instance where a grader didn’t emit a well­formed,

parsable JSON label.

D.1 Per‐Label Metrics and Confusion

Matrices

D.2 Comprehensive Evaluation Metrics for

the Grader on the Selected Generator

Gemini 2.5 Flash

D.3 Automatic Grader Generation Results

E Appendix E: Additional Experimental

Results

This appendix reports the full automatic–metric

breakdown per dialect. For each variety we supply

(a) the detailedmetric table and (b) the grader­rating

distribution (Base vs Fine­Tuned) to visualise qual­

ity shifts.

E.1 Modern­Standard Arabic (MSA)
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Type Rank Context MAG EGY MSA

Item Freq. Item Freq. Item Freq. Item Freq.

Tokens

Token 1 ماع 18 192 فازب 11 002 يد 8 491 حيحص 5 639

Token 2 تناك 5 032 لايد 6 640 طبظلا 6 625 تعمس 4 176

Token 3 ةيزيلجنإلا 4 881 حصب 5 969 يللا 6 601 ماع 3 698

Token 4 لالخ 4 850 يش 5 751 تعمس 4 620 ملعت 2 721

Token 5 مت 4 814 شأ 5 679 يوأ 4 580 تناك 2 440

Token 6 ةدحتملا 4 617 هأ 4 641 هدك 4 508 تأرق 2 398

Token 7 ملاعلا 3 942 ها 4 570 نامك 4 375 طبضلا 2 318

Token 8 مسا 3 922 يللا 4 439 شم 3 768 لعفلا 2 171

Token 9 لكش 3 855 طبضلا 3 478 ريتك 3 670 ًادج 2 151

Token 10 تايالولا 3 706 ةعمس 3 408 هويأ 3 302 مامتهالا 2 124

Bigrams

Bigram 1 ةدحتملاتايالولا 3 313 ةجاحيش 1 890 هدكناشع 1 107 كلذٰسيلأ 1 526

Bigram 2 نيرشعلانرقلا 855 هللاكرابت 1 159 هدكشم 775 مامتهالاريثم 1 357

Bigram 3 ةيملاعلابرحلا 799 ةعمسشأ 883 طبظلاحص 683 طبضلاكلذٰ 435

Bigram 4 ةدحتملاةكـلمملا 774 فرعتشأ 827 تناكيد 673 ةدحتملاتايالولا 378

Bigram 5 مدقلاةرك 748 شالعيشكاد 790 ضيبأراهن 673 مامتهالاةريثم 370

Bigram 6 ماعماع 735 يتفرعشأ 749 ةبيرغةجاح 554 ائًيشتأرق 342

Bigram 7 ارتلجنإ 601 لايدفازب 702 يدطبظلا 545 شهدم 301

Bigram 8 عساتلانرقلا 589 يلبيتفرع 694 عمسأةرم 510 حيحصكلذٰ 291

Bigram 9 ةيناثلاةيملاعلا 551 يشةعمس 630 يللايد 454 ًامويتركف 278

Bigram 10 ناكسددع 543 طبضلاكاي 615 نامكطبظلا 399 مليفتدهاش 275

Trigrams

Trigram 1 ةيناثلاةيملاعلابرحلا 551 يلبيتفرعشأ 442 طبظلاهدكشم 217 طبضلاكلذٰسيلأ 433

Trigram 2 ةيكيرمألاةدحتملاتايالولا 408 يلعهللاكرابت 274 مساةجاحتعمس 180 حيحصكلذٰسيلأ 285

Trigram 3 مدقةركبعأ 235 ةجاحيشةعمس 192 ةبيرغةجاحتيرق 163 ديكأتلاكلذٰسيلأ 210

Trigram 4 ىلوألاةيملاعلابرحلا 232 ةعمسكرمعشأ 180 ركافتنكدجب 159 اًريثمائًيشتأرق 172

Trigram 5 ةيملاعلابرحلالالخ 176 يشفرعتشأ 154 يدعمسأةرم 116 مامتهالااًريثمائًيش 139

Trigram 6 لضفأراكسوألاةزئاج 173 يلبفرعتشأ 153 يدطبظلايد 99 ةيناثلاةيملاعلابرحلا 137

Trigram 7 ناكسددعغلبي 171 يشةعمسشأ 147 ينعيضيبأراهن 99 لعفلاكلذٰسيلأ 108

Trigram 8 يلامجإلايلحملاجتانلا 151 ةجاحيشفرعت 131 هويأهدكشم 98 اًقحمامتهالاريثم 102

Trigram 9 يدانلقتناماع 141 ةرميشةعمس 126 عمسأةرميد 85 تعمسمامتهالاريثم 84

Trigram 10 لجسةارابمكراش 141 ةيناثلاةيملاعلابرحلا 114 ةيناتلاةيملاعلابرحلا 85 اًقحمامتهالاةريثم 76

Table 5: Top­10 tokens, bigrams, and trigrams for the context paragraphs and for each dialectal conversation set.

Set Noun Verb Adj Adv Pron Ptcla Punct Interj Other

Context 32.3 8.3 11.8 0.3 4.6 26.6 4.3 0.0 11.7
MSA 26.3 11.0 12.0 0.6 7.0 24.6 8.0 0.2 10.3
EGY 22.0 11.3 7.0 0.2 9.2 19.2 9.2 0.5 21.5
MAG 19.3 8.2 6.1 0.5 7.4 20.0 9.8 1.3 27.4

a ADP, PART, SCONJ, CCONJ.

Table 6: Part­of­speech distribution (percentage of tokens) in the 10 000 source context paragraphs and the 30 000

six­turn dialogues. Other aggregates low­frequency tags (e.g. X, NUM, foreign­language tokens).
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Figure 5: Grader—rating distribution (Base vs FT) for the MSA dialect.
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Table 7: Per‐label precision/recall/F1, support, and confusion matrices for each grader.

(a) GPT­4o_rating (Acc. 0.8040)

Label Prec. Rec. F1 Supp.

A 0.884 0.934 0.909 1016

B 0.462 0.628 0.533 156

C 0.514 0.412 0.458 131

D 0.955 0.533 0.684 197

Unknown 0.000 0.000 0.000 0

micro avg 0.804 1500

macro avg 0.563 0.501 0.517 1500

weighted avg 0.817 0.804 0.801 1500

(b) Confusion matrix

Pred A Pred B Pred C Pred D Pred Unk.

True A 949 63 4 0 0

True B 57 98 1 0 0

True C 47 25 54 5 0

True D 20 26 46 105 0

True Unk. 0 0 0 0 0

(c) DeepSeek­Chat_rating (Acc. 0.7127)

Label Prec. Rec. F1 Supp.

A 0.830 0.892 0.860 1016

B 0.256 0.359 0.299 156

C 0.255 0.198 0.223 131

D 0.920 0.411 0.568 197

Unknown 0.000 0.000 0.000 0

micro avg 0.713 1500

macro avg 0.452 0.372 0.390 1500

weighted avg 0.732 0.713 0.708 1500

(d) Confusion matrix

Pred A Pred B Pred C Pred D Pred Unk.

True A 906 88 21 1 0

True B 94 56 6 0 0

True C 60 39 26 6 0

True D 31 36 49 81 0

True Unk. 0 0 0 0 0

(e) Gemini 2.5 Flash_rating (Acc. 0.7013)

Label Prec. Rec. F1 Supp.

A 0.841 0.846 0.844 1016

B 0.394 0.237 0.296 156

C 0.264 0.557 0.358 131

D 0.774 0.416 0.541 197

Unknown 0.000 0.000 0.000 0

micro avg 0.701 1500

macro avg 0.454 0.411 0.408 1500

weighted avg 0.736 0.701 0.705 1500

(f) Confusion matrix

Pred A Pred B Pred C Pred D Pred Unk.

True A 860 52 98 5 1

True B 99 37 15 5 0

True C 41 3 73 14 0

True D 22 2 91 82 0

True Unk. 0 0 0 0 0

(g) Qwen_Plus_rating (Acc. 0.5233)

Label Prec. Rec. F1 Supp.

A 0.766 0.702 0.732 1016

B 0.210 0.327 0.256 156

C 0.167 0.046 0.072 131

D 0.536 0.076 0.133 197

Unknown 0.000 0.000 0.000 0

micro avg 0.523 1500

macro avg 0.336 0.230 0.239 1500

weighted avg 0.625 0.523 0.546 1500

(h) Confusion matrix

Pred A Pred B Pred C Pred D Pred Unk.

True A 713 150 7 11 135

True B 77 51 3 0 25

True C 75 17 6 2 31

True D 66 25 20 15 71

True Unk. 0 0 0 0 0

(i) Mistral Large_rating (Acc. 0.5160)

Label Prec. Rec. F1 Supp.

A 0.730 0.704 0.717 1016

B 0.127 0.173 0.147 156

C 0.084 0.053 0.065 131

D 0.532 0.127 0.205 197

Unknown 0.000 0.000 0.000 0

micro avg 0.516 1500

macro avg 0.295 0.211 0.227 1500

weighted avg 0.585 0.516 0.533 1500

(j) Confusion matrix

Pred A Pred B Pred C Pred D Pred Unk.

True A 715 134 48 15 104

True B 88 27 12 1 28

True C 74 23 7 6 21

True D 102 28 16 25 26

True Unk. 0 0 0 0 0
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Table 8: Full classification metrics for the Grader evaluated on Gemini 2.5 Flash across three Arabic dialects.

Dialect Metric / Class Precision Recall F1 Support

Standard

A 0.988 0.895 0.939 96
B 0.231 0.750 0.353 4
C 0.000 0.000 0.000 0
D 0.000 0.000 0.000 0
Macro avg 0.305 0.411 0.323 100
Weighted avg 0.958 0.889 0.916 100

Egyptian

A 1.000 0.959 0.979 98
B 0.400 1.000 0.571 2
C 0.000 0.000 0.000 0
D 0.000 0.000 0.000 0
Macro avg 0.350 0.490 0.388 100
Weighted avg 0.988 0.960 0.971 100

Maghrebi

A 0.908 0.975 0.941 82
B 0.000 0.000 0.000 4
C 1.000 0.769 0.870 13
D 0.000 0.000 0.000 1
Macro avg 0.477 0.436 0.453 100
Weighted avg 0.874 0.899 0.884 100

Table 9: Comprehensive Rating Frequencies and Cumulative Percentages per Generation and Dialect, Including

Combined Totals

Generation Dialect A (Count %) Cumul. A (Count %) B (Count %) C (Count %) D (Count %) Non­A (Count %)

Generation 1 Egyptian 8993 (89.89%) 8993 (89.89%) 598 (5.98%) 357 (3.57%) 56 (0.56%) 1011 (10.11%)

Generation 2 Egyptian 882 (87.24%) 9875 (98.71%) 78 (7.72%) 45 (4.45%) 6 (0.59%) 129 (1.29%)

Generation 3 Egyptian 107 (82.95%) 9982 (99.78%) 15 (11.63%) 6 (4.65%) 1 (0.78%) 22 (0.22%)

Generation 1 Maghrebi 8975 (89.71%) 8975 (89.71%) 764 (7.64%) 254 (2.54%) 11 (0.11%) 1029 (10.29%)

Generation 2 Maghrebi 966 (94.15%) 9941 (99.37%) 47 (4.58%) 13 (1.27%) 0 (0.00%) 60 (0.63%)

Generation 3 Maghrebi 51 (83.61%) 9992 (99.88%) 8 (13.11%) 2 (3.28%) 0 (0.00%) 10 (0.12%)

Generation 1 Standard 7807 (78.04%) 7807 (78.04%) 1708 (17.07%) 361 (3.61%) 128 (1.28%) 2197 (21.96%)

Generation 2 Standard 1719 (78.31%) 9526 (95.22%) 404 (18.41%) 52 (2.37%) 20 (0.91%) 476 (4.78%)

Generation 3 Standard 355 (74.11%) 9881 (98.77%) 93 (19.42%) 22 (4.59%) 9 (1.88%) 124 (0.23%)

Generation 1 All Dialects 25,775 (85.94%) 25,775 (85.94%) 3,070 (10.23%) 972 (3.24%) 195 (0.65%) 4,237 (14.06%)

Generation 2 All Dialects 3,567 (86.31%) 29,342 (97.77%) 529 (12.80%) 110 (2.66%) 26 (0.63%) 665 (2.23%)

Generation 3 All Dialects 513 (78.27%) 29,855 (99.48%) 116 (17.70%) 30 (4.58%) 10 (1.53%) 156 (0.52%)

Table 10: Automatic metrics on the ShawarmaChatsMSA test split. Higher is better.

Llama3-1B Llama3-3B Mistral-7B Llama3-8B Mistral-Nemo-12B Mistral-24B

Metric Base FT Base FT Base FT Base FT Base FT Base FT

ROUGE­L ↑ 0.196 0.270 0.269 0.330 0.248 0.408 0.295 0.396 0.248 0.402 0.391 0.408

BLEU ↑ 0.072 0.159 0.091 0.198 0.142 0.287 0.102 0.288 0.092 0.286 0.246 0.287

BERTScore F1 ↑ 0.755 0.747 0.783 0.739 0.698 0.833 0.805 0.833 0.778 0.838 0.819 0.840

Grader Avg. ↑ 1.010 1.048 1.127 1.394 1.414 3.058 1.996 2.893 1.605 3.089 2.677 3.355
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E.2 Maghrebi Arabic
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Table 11: Automatic metrics on the ShawarmaChatsMaghrebi test split. Higher is better.

Llama3-1B Llama3-3B Mistral-7B Llama3-8B Mistral-Nemo-12B Mistral-24B

Metric Base FT Base FT Base FT Base FT Base FT Base FT

ROUGE­L ↑ 0.226 0.308 0.316 0.235 0.327 0.459 0.363 0.451 0.247 0.457 0.422 0.458

BLEU ↑ 0.096 0.195 0.118 0.151 0.200 0.288 0.169 0.291 0.140 0.300 0.265 0.302

BERTScore F1 ↑ 0.763 0.755 0.788 0.764 0.799 0.862 0.825 0.862 0.760 0.863 0.845 0.863

Grader Avg. ↑ 1.000 1.206 1.004 1.446 1.002 3.605 1.036 3.607 1.040 3.663 1.129 3.871
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Figure 6: Grader–rating distribution (Base vs FT) for the Maghrebi dialect.
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Table 12: Automatic metrics on the ShawarmaChats Egyptian test split. Higher is better.

Llama3-1B Llama3-3B Mistral-7B Llama3-8B Mistral-Nemo-12B Mistral-24B

Metric Base FT Base FT Base FT Base FT Base FT Base FT

ROUGE­L ↑ 0.239 0.376 0.310 0.364 0.337 0.462 0.353 0.453 0.242 0.458 0.426 0.461

BLEU ↑ 0.095 0.241 0.096 0.234 0.204 0.300 0.165 0.295 0.138 0.300 0.267 0.301

BERTScore F1 ↑ 0.772 0.817 0.804 0.788 0.803 0.868 0.826 0.867 0.778 0.871 0.850 0.870

Grader Avg. ↑ 1.000 1.056 1.042 1.328 1.144 3.242 1.290 3.016 1.294 3.284 1.756 3.594
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Figure 7: Grader—rating distribution (Base vs FT) for the Egyptian dialect.
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Takeaways

Across all dialects we observe:

• Consistent boosts in ROUGE­L, BLEU, and

BERTScore after fine­tuning, with Mistral­

7B and Mistral­Nemo­12B showing the

largest absolute gains.

• A pronounced migration from low (C/D) to

high (A/B) grades in the grader distribu­

tions—especially striking in Maghrebi (Fig­

ure 6).

• Slightly lower lexical­overlap gains for MSA

relative to the dialects, likely because MSA al­

ready shares surface forms with its Wikipedia

source.

F Appendix F: Conversational Quality

Rubric

Rating A: Excellent

• Accuracy & Fluency

– Completely correct use of the target dialect:

grammar, vocabulary, idioms, and expres­

sions.

– No slips, mistranslations, or unnatural word

choices.

• Naturalness & Coherence

– Conversation flows seamlessly, with

smooth transitions and appropriate con­

textual markers (e.g., discourse particles,

linking phrases).

– Q&A style is enriched by connective

phrases, making it feel like a true

back‑and‑forth dialogue rather than

isolated sentences.

• Dialectal Authenticity

– Almost entirely in the target dialect; may

include a very small number of standard or

formal words if naturally justified.

Rating B: Good

• Accuracy

– No outright grammatical or vocabulary er­

rors; the dialect is used correctly.

• Smoothness

– Dialogue may feel a bit stilted or choppy:

minimal or missing transition words and id­

ioms.

– Exchanges read like consecutive Q&Awith­

out natural “pivot” phrases.

• Dialectal Coverage

– Predominantly in the target dialect, but lacks

the fluid “give‑and‑take” markers that

make speech authentic.

Rating C: Fair

• Minor Errors &Awkwardness

– Occasional grammatical slips or slightly

awkward phrasing that do not prevent un­

derstanding.

– Sporadic use of non‑native terms (e.g., for­

mal/standard words or words from other di­

alects).

• Frequency

– Errors and non‑dialect terms are infrequent,

but noticeable.

Rating D: Poor

• Major Errors & Inconsistencies

– Frequent grammatical mistakes, heavy re­

liance on standard language or another di­

alect.

– Mixing in non‑dialect scripts (e.g., English

sentence fragments) beyond proper nouns

or acronyms.

• Coherence & Relevance

– Conversationmay stray off‑topic or include

irrelevant content, undermining its coher­

ence.

• Authenticity Breakdown

– Hard to recognize the intended dialect; reads

as mostly another dialect or standard regis­

ter.

G Appendix G: Prompts
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G.1 Egyptian Dialect Generation Prompt

Your task is to take Arabic texts and make a conversation based on the provided text. Generate a 6­turn

conversation between two people. The dialogue should have the following features:

1. General Framework

• Be natural, relatable, and culturally appropriate in Egyptian Dialect Arabic.

• The dialogue must be natural, smooth, and realistic.

• The dialogue should be fully in Egyptian Dialect Arabic.

• Avoid generating Q&A style conversations without proper transitions and contextual expressions.

• Use Egyptian Dialect Arabic, with cultural appropriateness.

• Each turn must be between 1 and 20 words.

2. Content and Style

• Choose topics that are personal, work­related, or about daily routines.

• Keep the language simple and easy to understand: avoid complex vocabulary or idioms that non‑native

speakers might not grasp.

• Add a light, casual tone to make the conversation engaging.

• Avoid using dialects other than Egyptian Dialect Arabic.

• Refrain from using personal or emotional address terms.

3. Technical Constraints

• Do not add any information or details that are not derived from the original text.

• Do not use any special characters, symbols, or emojis.

• Generate the output just in Arabic Script except if there is an expression that is not in Arabic Script,

for example: (BBC, Time News, etc.) that doesn’t have an Arabic Script equivalent.

• The generated output of the Egyptian Dialect Arabic should be just a valid JSON object, nothing else.

Output Format

{

” d i a l o g u e ” : [

{

” s p e a k e r ” : ”A” ,

” t e x t ” : −Text − ,

” r e f e r e n c e ” : ”−Refe rence −”

} ,

{

” s p e a k e r ” : ”B” ,

” t e x t ” : −Text − ,

” r e f e r e n c e ” : ”−Refe rence −”

} ,

. . .

]

}

Text text
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G.2 Modern Standard Arabic Generation Prompt

Your task is to take Arabic texts and make a conversation based on the provided text. Generate a 6­turn

conversation between two people. The dialogue should have the following features:

1. General Framework

• Be natural, relatable, and culturally appropriate in Modern Standard Arabic.

• The dialogue must be natural, smooth, and realistic.

• The dialogue should be fully in Modern Standard Arabic.

• Avoid generating Q&A style conversations without proper transitions and contextual expressions.

• Use Modern Standard Arabic, with cultural appropriateness.

• Each turn must be between 1 and 20 words.

2. Content and Style

• Choose topics that are personal, work­related, or about daily routines.

• Keep the language simple and easy to understand: avoid complex vocabulary or idioms that non‑native

speakers might not grasp.

• Add a light, casual tone to make the conversation engaging.

• Avoid using dialects other than Modern Standard Arabic.

• Refrain from using personal or emotional address terms.

3. Technical Constraints

• Do not add any information or details that are not derived from the original text.

• Do not use any special characters, symbols, or emojis.

• Generate the output just in Arabic Script except if there is an expression that is not in Arabic Script,

for example: (BBC, Time News, etc.) that doesn’t have an Arabic Script equivalent.

• The generated output of the Modern Standard Arabic should be just a valid JSON object, nothing else.

Output Format

{

” d i a l o g u e ” : [

{

” s p e a k e r ” : ”A” ,

” t e x t ” : −Text − ,

” r e f e r e n c e ” : ”−Refe rence −”

} ,

{

” s p e a k e r ” : ”B” ,

” t e x t ” : −Text − ,

” r e f e r e n c e ” : ”−Refe rence −”

} ,

. . .

]

}

Text text
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G.3 Maghrebi Darija Arabic Generation Prompt

Your task is to take Arabic texts and make a conversation based on the provided text. Generate a 6­turn

conversation between two people. The dialogue should have the following features:

1. General Framework

• Be natural, relatable, and culturally appropriate in Darija Arabic.

• The dialogue must be natural, smooth, and realistic.

• The dialogue should be fully in Darija Arabic.

• Avoid generating Q&A style conversations without proper transitions and contextual expressions.

• Use Darija Arabic, with cultural appropriateness.

• Each turn must be between 1 and 20 words.

2. Content and Style

• Choose topics that are personal, work­related, or about daily routines.

• Keep the language simple and easy to understand: avoid complex vocabulary or idioms that non‑native

speakers might not grasp.

• Add a light, casual tone to make the conversation engaging.

• Avoid using dialects other than Maghrebi Darija.

• Refrain from using personal or emotional address terms.

3. Technical Constraints

• Do not add any information or details that are not derived from the original text.

• Do not use any special characters, symbols, or emojis.

• Generate the output just in Arabic Script except if there is an expression that is not in Arabic Script,

for example: (BBC, Time News, etc.) that doesn’t have an Arabic Script equivalent.

• The generated output of the Maghrebi Darija should be just a valid JSON object, nothing else.

Output Format

{

” d i a l o g u e ” : [

{

” s p e a k e r ” : ”A” ,

” t e x t ” : −Text − ,

” r e f e r e n c e ” : ”−Refe rence −”

} ,

{

” s p e a k e r ” : ”B” ,

” t e x t ” : −Text − ,

” r e f e r e n c e ” : ”−Refe rence −”

} ,

. . .

]

}

Text text
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G.4 Egyptian Dialect Evaluation Prompt

Evaluation Prompt for Egyptian Dialect Arabic Conversations

You are a linguistics expert with over 20 years of experience inArabic dialectology, and a native speaker

of Egyptian Dialect Arabic. You will be given a Text and anAI­generated conversation in Egyptian Dialect

Arabic. Your task is to evaluate AI‑generated conversations in Egyptian Dialect Arabic and assign each

one a rating fromA to D, using the detailed criteria below:

Rating A:

­ The conversation is fully correct in Egyptian Dialect Arabic without any errors or slips.

­ Grammar, vocabulary, idioms, and expressions are all accurate and appropriate.

­ Dialogue flows naturally and coherently, with smooth transitions and contextual expressions.

For example:

­ The conversation is like Q&A but with smooth transitions and contextual expressions.

­ The conversation is mainly in the Egyptian Dialect Arabic.

­ The conversation could have one or two natural standard Arabic words.

Rating B:

­ The conversation is generally correct in Egyptian Dialect Arabic, with no grammatical or vocabulary

errors. It doesn’t have any slips or errors

­ However, the dialogue may feel slightly unnatural, for example:

­ It is like a Q&Awithout smooth transitions.

­ Some transitional phrases or idiomatic expressions are missing, making it less smooth.

­ The conversation is mostly a collection of disconnected sentences rather than a fluid conversation.

For example:

­ The conversation is like Q&A but without smooth transitions.

­ The conversation is mainly in the Egyptian Dialect Arabic but without smooth transitions.

Rating C:

­ The conversation contains minor issues even if it is correct in Egyptian Dialect Arabic or doesn’t

affect the understanding, such as:

­ Slight grammatical mistakes or awkward phrasing.

­ Occasional use of words or constructions not native to Egyptian Dialect Arabic (e.g., Modern Standard

Arabic terms, or words from non­Egyptian Arabic dialects).

­ These slips are infrequent.

For example:

­ The conversation is like Q&A but with some natural standard Arabic words.

­ The conversation is in Egyptian Dialect Arabic with some MSA or any other non­Egyptian Dialect

Arabic words/expressions.

­ The conversation has spelling errors.

Rating D:

­ The conversation exhibits significant problems in Egyptian Dialect Arabic or contains non­Arabic

scripts, for example:

­ Most of the conversation is in non­Egyptian Arabic dialects (MSA, Tunisian, Algerian, etc.).

­ It uses a non­Arabic script (e.g., English, French, etc.) except for loanwords like BBC, Time News,

etc.

­ Such inconsistencies seriously undermine authenticity and coherence.

­ The conversation is irrelevant to the text.

For example:

­ The conversation is mostly in MSA or any other non­Egyptian Arabic dialects.

­ The conversation has non­Arabic scripts or mixed scripts.

­ The conversation is irrelevant to the text.

Note: If the conversation has mixed issues that could qualify for multiple ratings, choose the worst

applicable rating. Examples of Evaluation Outputs

Example 1: Rating A
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Text: يتلالاومألارادقموةسمخلاةيعرفلاتائفلانملكهبىظحينأبجييذلامامتهالارادقميجيورتلاجيزملاددحيوةياعدلاورش

لوبقوأتاعيبملاةدايز:نمضتتفادهألانمةريبكةعومجمةيجيورتلاةطخللنوكيدقو.اهنمةئفلكةينازيملصصختُنأبجي

كانهنأالإ.ةكرشللةروصنيوكتوأنيسفانملاىلعلثملابدرلاوأقوسلايفزكرمتلاوأةيراجتلاةمالعللةميققلخوأديدجلاجتنملا

زيمتلاقيقحت.بلطلاةدايز.نيرخآلاصاخشألاونيكـلهتسمللتامولعملاميدقت:يهو،جيورتللةيسيئرفادهأةثالثيساسألكشب

تنرتنإلاقيرطنعنالعإلانوجورملامدختسيثيح.ةفلتخملامالعإلاتالاجميفامجتنملجيورتللةفلتخمقرطكانه.جتنملل

تاموصخلالثمزفاحباًبوحصمجتنملاءارشنوكياماًريثكو.مهتاجتنمنعنالعإللفحصلاوتاقيدصتلاوةصاخلاتايلاعفلاو

ًةداع»يلخاد«ريبعتوه»جيورت«حلطصمنإ.امجتنمتاعيبمةدايزوهكلذنمفدهلاو.تاقباسملاوأةيناجملاايادهلاوأ

رثكأ»صاخضرع«لثمتارابعف-قوسلاوأةماعلاعمًةداعمدختسُيالهنكـلو،قيوستلاتاكرشيفاًيلخادمدختسُيام

My(الوكاكوكزئاوجقاطنلاةعساوولجألاةليوطةلماكتملاةيجيورتلاضورعلاةلثمأنيبنمو.اًعويش Coke Rewards(

Pepsi(فاتسيسبيبو Stuff(.نوزكوكيهالوكاكوكزئاوجنمةيناطيربلاةخسنلاو)Coke Zone(.جيورتلافرعيو

مساو،فيلغتلاو،ميمصتلاكاهلجيورتلامتييتلاةمدخلاوأةعلسللةزيمملاصئاصخلازاربإيفعئابلاهلذبييذلادهجلاهنأىلع

تازفحملاكلتهنأبجيورتلافرعيوةمدخلاوأةعلسلاهذهءارشلصئاصخلاكلتبيرتشملااذهعانقإمثرعسلاو،ةدوجلاو،ةمالعلا

ةمالعلاءارشلنيكـلهتسملاوأ،لدابتلاىلع)ىرخألاعيزوتلاتاونق،ةئزجتلاراجتو،ةلمجلاراجت(ثحلةسسؤملااهلمعتستيتلا

.اهفيرصتىلععيبلاىوقعيجشتو،ةيراجتلا

Dialogue to evaluate: ­ Speaker A: ؟طبظلابهيإوه،جيورتلانعملكتتبكتعمس

­ Speaker B: .تاموصخلاوأنالعإلاقيرطنعجتنملاقيوستلةقيرطوهةطاسببجيورتلا

­ Speaker A: ؟ةيجيورتةطخهيإينعي

­ Speaker B: .ةقيرطلكلةينازيمصصخبوجتنملاقوستهيازإددحتبيدةطخلا

­ Speaker A: ؟جيورتلامدختستبتاكرشلاهيلبط

­ Speaker B: .سانلادنعجتنملابيعوقلختوتاعيبملاديزتناشع

Output: {
"annotation": [
{

"rating": "A",
"reason": "The conversation is fully correct in Egyptian Dialect Arabic
and flows naturally and coherently,
with smooth transitions and contextual expressions."

}
]

}

Example 2: Rating B

Text: يتلالاومألارادقموةسمخلاةيعرفلاتائفلانملكهبىظحينأبجييذلامامتهالارادقميجيورتلاجيزملاددحيوةياعدلاورش

لوبقوأتاعيبملاةدايز:نمضتتفادهألانمةريبكةعومجمةيجيورتلاةطخللنوكيدقو.اهنمةئفلكةينازيملصصختُنأبجي

كانهنأالإ.ةكرشللةروصنيوكتوأنيسفانملاىلعلثملابدرلاوأقوسلايفزكرمتلاوأةيراجتلاةمالعللةميققلخوأديدجلاجتنملا

زيمتلاقيقحت.بلطلاةدايز.نيرخآلاصاخشألاونيكـلهتسمللتامولعملاميدقت:يهو،جيورتللةيسيئرفادهأةثالثيساسألكشب

تنرتنإلاقيرطنعنالعإلانوجورملامدختسيثيح.ةفلتخملامالعإلاتالاجميفامجتنملجيورتللةفلتخمقرطكانه.جتنملل

تاموصخلالثمزفاحباًبوحصمجتنملاءارشنوكياماًريثكو.مهتاجتنمنعنالعإللفحصلاوتاقيدصتلاوةصاخلاتايلاعفلاو

ًةداع»يلخاد«ريبعتوه»جيورت«حلطصمنإ.امجتنمتاعيبمةدايزوهكلذنمفدهلاو.تاقباسملاوأةيناجملاايادهلاوأ

رثكأ»صاخضرع«لثمتارابعف-قوسلاوأةماعلاعمًةداعمدختسُيالهنكـلو،قيوستلاتاكرشيفاًيلخادمدختسُيام
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My(الوكاكوكزئاوجقاطنلاةعساوولجألاةليوطةلماكتملاةيجيورتلاضورعلاةلثمأنيبنمو.اًعويش Coke Rewards(

Pepsi(فاتسيسبيبو Stuff(.نوزكوكيهالوكاكوكزئاوجنمةيناطيربلاةخسنلاو)Coke Zone(.جيورتلافرعيو

مساو،فيلغتلاو،ميمصتلاكاهلجيورتلامتييتلاةمدخلاوأةعلسللةزيمملاصئاصخلازاربإيفعئابلاهلذبييذلادهجلاهنأىلع

تازفحملاكلتهنأبجيورتلافرعيوةمدخلاوأةعلسلاهذهءارشلصئاصخلاكلتبيرتشملااذهعانقإمثرعسلاو،ةدوجلاو،ةمالعلا

ةمالعلاءارشلنيكـلهتسملاوأ،لدابتلاىلع)ىرخألاعيزوتلاتاونق،ةئزجتلاراجتو،ةلمجلاراجت(ثحلةسسؤملااهلمعتستيتلا

.اهفيرصتىلععيبلاىوقعيجشتو،ةيراجتلا

Dialogue to evaluate: ­ Speaker A: ؟يدريتكاهفوشنبيللاضورعلايفكيأرهيإ

­ Speaker B: ؟حص،تاجتنمللجيورتاهفادهأيد

­ Speaker A: ً.الثمتاعيبملادوزتناشع،طبظلاب

­ Speaker B: .ةيناجمايادهوأتاموصخبيجيتبنامك

­ Speaker A: .رتكأيرتشيكلهتسملاعجشيبهدمدختستبتاكرشلاهيلبط

­ Speaker B: .جيورتشم'صاخضرع'اهيلعاولوقيبسانلاهدكناشع

Output: {
"annotation": [
{

"rating": "B",
"reason": "The conversation is generally correct in Egyptian Dialect Arabic,
with no grammatical or vocabulary errors.
but it is not as fluid as it should be.
at last two turns as it Doesn't flow naturally and coherently, with smooth
transitions and contextual expressions."

}
]

}

Example 3: Rating C

Text: ،جنرطشلانيناوققفوةدحاوةرمجنرطشلاعطقدحأكيرحتاهيفمتيوبوانتلابجنرطشلاابعالاهبعليةدحاوةلقنوهوبميتوأرودلا

قرغتسانإسكعلابوارودحبِرلاقيهلططخملانمةدحاوةلقنبلقأتالقنددعيفاهيفبغرييتلاةيعضولابعاللاققحينيح

حبركلذفيساسألاهططخميفتسيلتالقنذيفنتىلعمصخلابعاللارب�جيني�حفرودنادقفلاقيبولطملانمرثكأةلقن

رودلل.»رودعمةلقن«بلاغلايفىمستارودحبرُتيتلاةلقنلا،رابجإلاىلعدرلاوهططخمليجأتلرطضممصخلانألتالقنلل

طيسبلاثم،)1لكش(رظناموجهلاوأعافدلاةعاجنىلعسكعنيكلذنألراودألانادقفمدعيرورضلانموةريبكةيمهأ

كلذلعفنكميناكنيحيفيناثروديفh8ىلإمثروديفh5ىلإh1نم)2لكشلا(يفةعلقلاكيرحتوهرودنادقفىلع

درلابجيديدهتبةعلقلاموقتدقنايحألاضعبيففوبميتنادقفيفامئادببستتالكلتكتاروانم،رودريفوتوةدحاوةلقنيف

ةيعضولاىلعأرطيذلاريغتلانكـلنمزلاىلعاسايقلداعتةجيتنلاهذهوارودادقفنيبعاللاالكنأربتعيةلاحلاهذهيفوهيلع

.رخآلانمرثكأامهدحأةدئافيفنوكينأنكمي

Dialogue to evaluate: ­ Speaker A: ؟رودحبرىنعمهيإ،سيوكجنرطشلاشفرعم

­ Speaker B: .رودحبرىقبيهدمصخلاىلعتقوبسكتكتلعجةلقنتبعلاذإ

­ Speaker A: ؟يازإ؟رودرسختنكممبيط

­ Speaker B: .ةدحاوةلقنبهللوصولاكنكميناكمللصوتناشعنيتلقنتلمعول
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­ Speaker A: ؟ةرشابمنمالدبh8مثh5ـلh1نمةعلقلاتكرحولينعي

­ Speaker B: .رودرسختةرورضلابيلختبشميدتاروانملاانايحأنكـل،طبظ

Output: {
"annotation": [
{
"rating": "C",

"reason": "Minor spelling error 'zabt' instead of 'bil-
izzabt' and use of Modern Standard Arabic phrases like 'lakn-ahianan'."

}
]

}

Example 4: Rating D

Text: يتلالاومألارادقموةسمخلاةيعرفلاتائفلانملكهبىظحينأبجييذلامامتهالارادقميجيورتلاجيزملاددحيوةياعدلاورش

لوبقوأتاعيبملاةدايز:نمضتتفادهألانمةريبكةعومجمةيجيورتلاةطخللنوكيدقو.اهنمةئفلكةينازيملصصختُنأبجي

كانهنأالإ.ةكرشللةروصنيوكتوأنيسفانملاىلعلثملابدرلاوأقوسلايفزكرمتلاوأةيراجتلاةمالعللةميققلخوأديدجلاجتنملا

زيمتلاقيقحت.بلطلاةدايز.نيرخآلاصاخشألاونيكـلهتسمللتامولعملاميدقت:يهو،جيورتللةيسيئرفادهأةثالثيساسألكشب

تنرتنإلاقيرطنعنالعإلانوجورملامدختسيثيح.ةفلتخملامالعإلاتالاجميفامجتنملجيورتللةفلتخمقرطكانه.جتنملل

تاموصخلالثمزفاحباًبوحصمجتنملاءارشنوكياماًريثكو.مهتاجتنمنعنالعإللفحصلاوتاقيدصتلاوةصاخلاتايلاعفلاو

ًةداع»يلخاد«ريبعتوه»جيورت«حلطصمنإ.امجتنمتاعيبمةدايزوهكلذنمفدهلاو.تاقباسملاوأةيناجملاايادهلاوأ

رثكأ»صاخضرع«لثمتارابعف-قوسلاوأةماعلاعمًةداعمدختسُيالهنكـلو،قيوستلاتاكرشيفاًيلخادمدختسُيام

My(الوكاكوكزئاوجقاطنلاةعساوولجألاةليوطةلماكتملاةيجيورتلاضورعلاةلثمأنيبنمو.اًعويش Coke Rewards(

Pepsi(فاتسيسبيبو Stuff(.نوزكوكيهالوكاكوكزئاوجنمةيناطيربلاةخسنلاو)Coke Zone(.جيورتلافرعيو

مساو،فيلغتلاو،ميمصتلاكاهلجيورتلامتييتلاةمدخلاوأةعلسللةزيمملاصئاصخلازاربإيفعئابلاهلذبييذلادهجلاهنأىلع

تازفحملاكلتهنأبجيورتلافرعيوةمدخلاوأةعلسلاهذهءارشلصئاصخلاكلتبيرتشملااذهعانقإمثرعسلاو،ةدوجلاو،ةمالعلا

ةمالعلاءارشلنيكـلهتسملاوأ،لدابتلاىلع)ىرخألاعيزوتلاتاونق،ةئزجتلاراجتو،ةلمجلاراجت(ثحلةسسؤملااهلمعتستيتلا

.اهفيرصتىلععيبلاىوقعيجشتو،ةيراجتلا

Dialogue to evaluate: ­ Speaker A: ؟ةيدارإشمبلقلاةلضعنإفراع

­ Speaker B: !ةبيجعةجاح،ةينيجالوكـلاةكبشلانيبواهنيبنوكتبو،هآ

­ Speaker A: ؟اهيفهيإلمعيبيئابرهكـلازيفحتلا،بيط

­ Speaker B: 导致的肌肉收缩ضبقنتتالضعلايلخيمويسلاكقلطيب.

­ Speaker A: ؟يساسأهدمويسلاكلاينعي

­ Speaker B: .بلقلاضارمأبطبترمهدلكو،مامت

Output: {
"annotation": [
{

"rating": "D",
"reason": "The conversation has some non Arabic script,
which is not arabic nor English expression."

}
]
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}

Your Input Text:

text

Dialogue to evaluate:

dialogue

G.5 Modern Standard Arabic Evaluation Prompt

Evaluation Prompt for Modern Standard Arabic Conversations

You are a linguistics expert with over 20 years of experience in Arabic dialectology, and a native

speaker of Modern StandardArabic. You will be given a Text and anAI­generated conversation in Modern

Standard Arabic. Your task is to evaluate AI‑generated conversations in Modern Standard Arabic and

assign each one a rating fromA to D, using the detailed criteria below:

Rating A:

­ The conversation is fully correct in Modern Standard Arabic without any errors or slips.

­ Grammar, vocabulary, idioms, and expressions are all accurate and appropriate.

­ Dialogue flows naturally and coherently, with smooth transitions and contextual expressions.

For example:

­ The conversation is like Q&A but with smooth transitions and contextual expressions.

­ The conversation is mainly in the Modern Standard Arabic.

­ The conversation could have one or two natural standard arabic words.

Rating B:

­ The conversation is generally correct in Modern Standard Arabic,

with no grammatical or vocabulary errors. It doesn’t have any slips or errors

­ However, the dialogue may feel slightly unnatural, for example:

­ It is like a Q&Awithout smooth transitions.

­ Some transitional phrases or idiomatic expressions are missing, making it less smooth.

­ The conversation is mostly a collection of disconnected sentences rather than a fluid conversation.

For example:

­ The conversation is like Q&A but without smooth transitions.

­ The conversation is mainly in the Modern Standard Arabic but without smooth transitions.

Rating C:

­ The conversation contains minor issues even if it is correct in Modern Standard Arabic or doesn’t

affect the understanding, such as:

­ Slight grammatical mistakes or awkward phrasing.

­ Occasional use of words or constructions not native to Modern Standard Arabic (e.g., Modern Standard

Arabic terms, or words from non Egyptian Arabic dialects).

­ These slips are infrequent.

For example:

­ The conversation is like Q&A but with some natural standard arabic words.

­ The conversation is in MSAwith some Egyptian DialectArabic or any other non MSAwords/expressions.

­ The conversation has spelling errors.

Rating D:

­ The conversation exhibits significant problems in Modern Standard Arabic or contains non­Arabic

script, for example:

­ Most of the conversation is in non­Modern Standard Arabic.

­ It uses a non­Arabic script (e.g., English, French) except for isolated foreign proper nouns such as “BBC”

or “Time News” that lack Arabic equivalents.
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­ Such inconsistencies seriously undermine authenticity and coherence. ­ The conversation is irrelevant to

the text.

­ Do not confuse conversations written mainly in non­Arabic script with the acceptable, limited use of

foreign proper nouns.

For example: ­ The conversation is Mostly in Egyptian Dialect or any other non­Modern Standard Arabic.

­ The conversation has non­Arabic scripts or an arabic script mixed with non­Arabic scripts.

­ The conversation is irrillevant to the text.

The conversations that has limited use of foreign proper nouns should be rated as A if it doesn’t

have any other issues. Otherwise, it should be rated as B or C. according to the criteria above. if the

conversation can be evaluated different ratings from above because of mixed issues then choose the worst

For each dialogue, produce a JSON object with an array named ”annotation”. Each entry must include:

­ ”rating”: one of ”A”, ”B”, ”C”, or ”D”.

­ ”reason”: a concise explanation of why you chose that rating, referencing the criteria above. in English

Output: Output format `json`:
{
"annotation": [
{

"rating": "Rating",
"reason": "Explain why it meets the Rating criteria in English"

}
]

}

Examples:

Example 1: Rating A

Text: تارئاطلاىتحيعارشلاناريطلاوةيقرولاتارئاطلايفىلوألاتالواحملانميكيناكيملاناريطلاروطتيفثحبيناريطلاخيرات

ثيحيداليملاسداسلانرقلاةيادبذنمنيصلايفناكناريطللناسنإلاةزيرغللمتحمروهظلوأ.اهدعباموءاوهلانملقثألا

يفسلدنألايفيعارشناريطضرعلوأبسانرفنبسابعماقو.ةبوقعلانمعونكةيقرولاتارئاطلابنوديقيسانلاناك

تارئاطلميماصتلانمديدعلايفناريطلابهملحنعرشعسماخلانرقلايفيشنيفادودرانويلربعو.يداليملاعساتلانرقلا

تانولابلاتأدبو.ابوروأيفرشعنماثلانرقلارخاوأداجلاناريطلاتالواحمىلوأتأدبمث.ناريطللةلواحميأبمقيملهنكـلو

لاعفلكشبتلمعتسادقورشععساتلانرقلانملوألافصنلايفروهظلابتأدبوباكرللةلسبةزهجملاوراحلاءاوهلابةءولمملا

تسرأ.ةكرعملالالخودعلاةبقارمبزي�حلااهلناكثيح،ةيكيرمألاةيلهألابرحلاباصوصخ،تقولاكلذببورحةدعيف

لوألوناكمإلابحبصأنيرشعلانرقلاةيادبعمو،ءاوهلانملقثأةرئاطتالآءانبلسسألايعارشلاناريطلاببراجتلاةرثك

مهتالآنيسحتلةينضمادوهجتارئاطلاوممصملذباهدعبو.تاكرحملاةينقتروطتعمةردقتاذوةريسمةيوجةلحرلمعةرم

ةرئاطلاءانبيفتمهاسيتلاةمهملالماوعلا.ةدايقلابةلهساهلعجوىلعأعافتراودعبأىدملوعرسألكشبريطتاهلعجلةرئاطلا

امكحانجلاةلامإوأ،لاتنيليلوتوأبسحلككةرئاطلاكيرحتةطساوبنوكيةيعارشلاتارئاطلابمكحتلانإفةيادبلاب:مكحتلا:يه

تارئاطلاضعبيفو.عفاورلاوتاحينجلالثممكحتلاحطسأةطساوبمكحتلانوكييلاحلاتقولابنكـل.تيارناوخألالعف

ىتحةرئاطلاكرحمروطت:ةقاطلارقتسملاوتباثلاناريطلايفمكحتلابعسوتلامتيلرتويبمكماظنبةئيهممكحتلاحطسأنوكتةيركسعلا

ناك:داوملا.خيراوصلاتاكرحممثثافنلافسبكملاىلإيراخبلاردأتنميلككرحمنمف،ةءافكرثكأوانزوفخأحبصأ

ةيسكتتأدب1918ماعنمو،ةيذالوفلابيبانألاوةجسنألاباهتيوقتتأدبمثبشخلاوشامقلانمةيادبلايفتارئاطلاعنص

نمةرئاطلليجراخلاءانبلانوكييلاحلاتقولابنكـل،ةيناثلاةيملاعلابرحلالالخكلذبترمتساوموينوملألابةيجراخلاةرشقلا

.ةبكرمداوم

Dialogue to evaluate: ­ Speaker A: ؟نيصلايفةيقرولاتارئاطلابتناكناريطلاتالواحملوأنأملعتله
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­ Speaker B: .سلدنألايفيعارشلاناريطلالواحسانرفنبسابعنأتعمسو!معن

­ Speaker A: ؟ةريسمةيوجةلحرلوأتأدبىتمنكـل!حيحص

­ Speaker B: ؟تارئاطلاةعانصداومتروطتفيك.تاكرحملاريوطتدعبنيرشعلانرقلايف

­ Speaker A: ؟تارئاطلابمكحتلانعاذامو.ةبكرملاداوملانآلاوموينوملألاىلإبشخلانم

­ Speaker B: !ةيرتويبمكمكحتحطسأبنآلاو،لككةرئاطلاكيرحتبيضاملايف

Output: {
"annotation": [
{

"rating": "A",
"reason": "The conversation is fully correct in
Modern Standard Arabic and flows naturally and
coherently, with smooth transitions and contextual expressions."

}
]

}

Example 2: Rating B

Text: تارئاطلاىتحيعارشلاناريطلاوةيقرولاتارئاطلايفىلوألاتالواحملانميكيناكيملاناريطلاروطتيفثحبيناريطلاخيرات

ثيحيداليملاسداسلانرقلاةيادبذنمنيصلايفناكناريطللناسنإلاةزيرغللمتحمروهظلوأ.اهدعباموءاوهلانملقثألا

يفسلدنألايفيعارشناريطضرعلوأبسانرفنبسابعماقو.ةبوقعلانمعونكةيقرولاتارئاطلابنوديقيسانلاناك

تارئاطلميماصتلانمديدعلايفناريطلابهملحنعرشعسماخلانرقلايفيشنيفادودرانويلربعو.يداليملاعساتلانرقلا

تانولابلاتأدبو.ابوروأيفرشعنماثلانرقلارخاوأداجلاناريطلاتالواحمىلوأتأدبمث.ناريطللةلواحميأبمقيملهنكـلو

لاعفلكشبتلمعتسادقورشععساتلانرقلانملوألافصنلايفروهظلابتأدبوباكرللةلسبةزهجملاوراحلاءاوهلابةءولمملا

تسرأ.ةكرعملالالخودعلاةبقارمبزي�حلااهلناكثيح،ةيكيرمألاةيلهألابرحلاباصوصخ،تقولاكلذببورحةدعيف

لوألوناكمإلابحبصأنيرشعلانرقلاةيادبعمو،ءاوهلانملقثأةرئاطتالآءانبلسسألايعارشلاناريطلاببراجتلاةرثك

نيسحتلةينضمادوهجتارئاطلاوممصملذباهدعبو.تاكرحملاةينقتروطتعمةردقتاذوةريسمةيوجةلحرلمعةرم

ءانبيفتمهاسيتلاةمهملالماوعلا.ةدايقلابةلهساهلعجوىلعأعافتراودعبأىدملوعرسألكشبريطتاهلعجلةرئاطلامهتالآ

ةلامإوأ،لاتنيليلوتوأبسحلككةرئاطلاكيرحتةطساوبنوكيةيعارشلاتارئاطلابمكحتلانإفةيادبلاب:مكحتلا:يهةرئاطلا

ضعبيفو.عفاورلاوتاحينجلالثممكحتلاحطسأةطساوبمكحتلانوكييلاحلاتقولابنكـل.تيارناوخألالعفامكحانجلا

كرحمروطت:ةقاطلارقتسملاوتباثلاناريطلايفمكحتلابعسوتلامتيلرتويبمكماظنبةئيهممكحتلاحطسأنوكتةيركسعلاتارئاطلا

.خيراوصلاتاكرحممثثافنلافسبكملاىلإيراخبلاردأتنميلككرحمنمف،ةءافكرثكأوانزوفخأحبصأىتحةرئاطلا

1918ماعنمو،ةيذالوفلابيبانألاوةجسنألاباهتيوقتتأدبمثبشخلاوشامقلانمةيادبلايفتارئاطلاعنصناك:داوملا

ءانبلانوكييلاحلاتقولابنكـل،ةيناثلاةيملاعلابرحلالالخكلذبترمتساوموينملألابةيجراخلاةرشقلاةيسكتتأدب

Dialogue to evaluate: ­ Speaker A: !خيراتلاربعيكيناكيملاناريطلاروطتمكليخت

­ Speaker B: .سانرفنبسابعكىلوألاتالواحملانمرمألاأدب،لعفلاب

­ Speaker A: ؟ءاوهلانملقثألاتارئاطللرمألالوحتفيكو

­ Speaker B: .ثافنلليراخبلانمً،ايساسأناكتاكرحملاروطت

­ Speaker A: .ةثيدحلاتابكرمللبشخلاوشامقلانمً!اضيأداوملاو

­ Speaker B: .تاروطتلالكلضفبةدايقلابلهسأوعرسأتارئاطلاتحبصأ
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Output: {
"annotation": [
{

"rating": "B",
"reason": "The conversation is generally correct in Modern Standard Arabic,
with no grammatical or vocabulary errors. but it is not as fluid as it should be.

at last two turns as it Doesn't flow naturally and coherently,
with smooth transitions and contextual expressions."

}
]

}

Example 3: Rating C

Text: تارئاطلاىتحيعارشلاناريطلاوةيقرولاتارئاطلايفىلوألاتالواحملانميكيناكيملاناريطلاروطتيفثحبيناريطلاخيرات

ثيحيداليملاسداسلانرقلاةيادبذنمنيصلايفناكناريطللناسنإلاةزيرغللمتحمروهظلوأ.اهدعباموءاوهلانملقثألا

يفسلدنألايفيعارشناريطضرعلوأبسانرفنبسابعماقو.ةبوقعلانمعونكةيقرولاتارئاطلابنوديقيسانلاناك

تارئاطلميماصتلانمديدعلايفناريطلابهملحنعرشعسماخلانرقلايفيشنيفادودرانويلربعو.يداليملاعساتلانرقلا

تانولابلاتأدبو.ابوروأيفرشعنماثلانرقلارخاوأداجلاناريطلاتالواحمىلوأتأدبمث.ناريطللةلواحميأبمقيملهنكـلو

لاعفلكشبتلمعتسادقورشععساتلانرقلانملوألافصنلايفروهظلابتأدبوباكرللةلسبةزهجملاوراحلاءاوهلابةءولمملا

تسرأ.ةكرعملالالخودعلاةبقارمبزي�حلااهلناكثيح،ةيكيرمألاةيلهألابرحلاباصوصخ،تقولاكلذببورحةدعيف

لوألوناكمإلابحبصأنيرشعلانرقلاةيادبعمو،ءاوهلانملقثأةرئاطتالآءانبلسسألايعارشلاناريطلاببراجتلاةرثك

مهتالآنيسحتلةينضمادوهجتارئاطلاوممصملذباهدعبو.تاكرحملاةينقتروطتعمةردقتاذوةريسمةيوجةلحرلمعةرم

ةرئاطلاءانبيفتمهاسيتلاةمهملالماوعلا.ةدايقلابةلهساهلعجوىلعأعافتراودعبأىدملوعرسألكشبريطتاهلعجلةرئاطلا

امكحانجلاةلامإوأ،لاتنيليلوتوأبسحلككةرئاطلاكيرحتةطساوبنوكيةيعارشلاتارئاطلابمكحتلانإفةيادبلاب:مكحتلا:يه

تارئاطلاضعبيفو.عفاورلاوتاحينجلالثممكحتلاحطسأةطساوبمكحتلانوكييلاحلاتقولابنكـل.تيارناوخألالعف

ىتحةرئاطلاكرحمروطت:ةقاطلارقتسملاوتباثلاناريطلايفمكحتلابعسوتلامتيلرتويبمكماظنبةئيهممكحتلاحطسأنوكتةيركسعلا

ناك:داوملا.خيراوصلاتاكرحممثثافنلافسبكملاىلإيراخبلاردأتنميلككرحمنمف،ةءافكرثكأوانزوفخأحبصأ

ةيسكتتأدب1918ماعنمو،ةيذالوفلابيبانألاوةجسنألاباهتيوقتتأدبمثبشخلاوشامقلانمةيادبلايفتارئاطلاعنص

نمةرئاطلليجراخلاءانبلانوكييلاحلاتقولابنكـل،ةيناثلاةيملاعلابرحلالالخكلذبترمتساوموينوملألابةيجراخلاةرشقلا

.ةبكرمداوم

Dialogue to evaluate: ­ Speaker A: ؟ةرملوألناريطلاةركفترهظىتمفرعتله

­ Speaker B: .ةبوقعكةيقرولاتارئاطلابنيصلايفرمألاأدب،معن

­ Speaker A: ؟ناسنإلاناريطلةداجلاتالواحملانعاذامو

­ Speaker B: .نيرشعلانرقلالئاوأيفتثدحةيقيقحةيوجةلحرلوأ

­ Speaker A: ؟تارئاطلابمكحتلاايجولونكتتروطتفيك

­ Speaker B: .نآلاةثيدحتابكرمىلإبشخلانمداوملاتريغت

Output: {
"annotation": [
{

"rating": "B",
"reason": "It feels more as Q&A specially at the end where Speaker
A asked directly without any transitional expression at 'kaif tatwaret
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technologia al tahkum bel ta'erat'
as it could be A if there was like "wa kaif" before it."

}
]

}

Example 4: Rating D

Text: Le:ةيسنرفلاب(ءاذحلاوذطقلا Maître Chat, ou Le Chat Botté( )ةيلاطيإلاب:Il gatto con gli stivali( ،يه

وكرتيملوةمهمءايشأاومساقتف،ثرولاهمساقتوهتومدعبناحطءانبأةايحيكحتيهو،وريبلراشلةيفارخلاتاياكحلاىدحإ

بهذفطقلاهعمسفثرونمهبيضرامىلعهسفنموليطقلاثراوناكموييف،هبيضرثلاثلاهنبانكـلطقلاالإريخألل

نأهبحاصطقلارمأدقفةرمكلذاونقيتف،دالبلايلاونمةيدهاهناامهللوقيفهتنباومكاحلاىلإاهببهذوتاناويحلاداطصي

حبسيةكربلايفهديسنأطقلامهللاقفىتفلاىلعاملسينأناديريهتنباوكلملاىتأف،ةرخصتحتهسبالمأبخورهنلايفحبسي

شحوهنكسيرصقىلإاقحالبهذمث.هتبحأيتلاةريمألاعمةبرعلايفسلجوةرخافسبالمهوطعأف،هسبالماوقرسدقو

لوحتينأبهعادخعاطتسايذلاطقلافاخأفدسأىلإلوغلالوحتف،ضرألاهجوىلعقولخميأىلإلوحتلاهنكمييذلاو

يفهطقلاووهشاعوهتنباجوزتوكلملاهبرهبنافشحولارصقدخأنمثيرولانكمتاذكه،همهتلاوطقلاهيلعمجهفرأفىلإ

.ءاخر

Dialogue to evaluate: ­ Speaker A: ؟ءاذحلاوذطقلاةياكحنعتعمسله

­ Speaker B: ؟اهيفكيأرام.طقفًاطقثرويذلاناحطلانباةصقيه،معن

­ Speaker A: .هبحاصةدعاسملهئاكذطقلامدختسافيكينبجعأ

­ Speaker B: .ةطيسبدئاكممادختسابةيشاحلاوكلملاعدخىتح،ديكأتلاب

­ Speaker A: ً.اضيأرصقلا主人شحولامزهلب،اذهدنعفقوتيملو

­ Speaker B: .ةياهنلايفةريمألاجوزتوًاينغطقلابحاصحبصأو،معن

Output: {
"annotation": [
{

"rating": "D",
"reason": "The conversation has some non Arabic script which is not arabic
nor English expression."

}
]

}

Your Input Text:

text

Dialogue to evaluate:

dialogue

G.6 Maghrebi Darija Evaluation Prompt

Evaluation Prompt for Maghribi Darija Conversations

You are a linguistics expert with over 20 years of experience inArabic dialectology, and a native speaker

of Maghrebi Darija. You will be given a Text and an AI­generated conversation in Maghrebi Darija. Your

task is to evaluate AI‑generated conversations in Maghrebi Darija and assign each one a rating fromA to

D, using the detailed criteria below:
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Rating A: ­ The conversation is fully correct in Maghrebi Darija without any errors or slips.

­ Grammar, vocabulary, idioms, and expressions are all accurate and appropriate.

­ Dialogue flows naturally and coherently, with smooth transitions and contextual expressions.

For example:

­ The conversation is like Q&A but with smooth transitions and contextual expressions.

­ The conversation is mainly in the Maghrebi Darija.

­ The conversation could have one or two natural standard arabic words.

Rating B:

­ The conversation is generally correct in Maghrebi Darija, with no grammatical or vocabulary errors.

It doesn’t have any slips or errors

­ However, the dialogue may feel slightly unnatural, for example:

­ It is like a Q&Awithout smooth transitions.

­ Some transitional phrases or idiomatic expressions are missing, making it less smooth.

­ The conversation is mostly a collection of disconnected sentences rather than a fluid conversation.

For example:

­ The conversation is like Q&A but without smooth transitions.

­ The conversation is mainly in the Maghrebi Darija but without smooth transitions.

­ The conversation is mostly correct but it contains a few awkward or slightly un­idiomatic phrases.

Rating C:

­ The conversation contains minor issues even if it is correct in Maghrebi Darija or doesn’t affect the

understanding, such as:

­ Slight grammatical mistakes or awkward phrasing.

­ Occasional use of words or constructions not native to Maghrebi Darija (e.g., Modern Standard Arabic

terms, or words from non Maghrebi Darija like Tunisian, Algerian or Lebanon Dialects)

­ These slips are infrequent.

For example:

­ The conversation is like Q&A but with some natural standard arabic words.

­ The conversation is in MSAwith some Maghrebi Darija words/expressions.

­ The Conversation is in Maghrebi Darija with some Tunisian, Algerian, Lebanon or any non Maghrebi

Darija Dialects words/expressions.

­ The conversation has spelling errors.

­ The Conversation is totally correct but It is in Arabic Franco which is a method of writing Arabic using

the Latin alphabet and numbers.

Rating D: ­ The conversation exhibits significant problems in Maghrebi Darija or contains non­Arabic

scripts, for example:

­ Most of the conversation is in non­Maghrebi Darija.

­ It uses a non­Arabic script but It isn’t Arabic Franco (e.g., English, French, etc.) except if there is an

expression that is not in Arabic Script for example: (BBC,Time News etc.) that doesn’t have an Arabic

Script equivalent.

­ Such inconsistencies seriously undermine the authenticity and coherence.

­ The conversation is irrillevant to the text.

For example:

­ The conversation is Mostly in MSA or any other non­Maghrebi Darija.

­ The conversation has non­Arabic scripts or an arabic script mixed with non­Arabic scripts.

if the conversation can be evaluated different ratings from above because of mixed issues then choose

the worst.

For each dialogue, produce a JSON object with an array named ”annotation”. Each entry must include:

­ ”rating”: one of ”A”, ”B”, ”C”, or ”D”.
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­ ”reason”: a concise explanation of why you chose that rating, referencing the criteria above. in English

Output: Output format `json`:
{
"annotation": [
{

"rating": "Rating",
"reason": "Explain why it meets the Rating criteria in English"

}
]

}

Examples: Example 1: Rating A

Text: Le:ةيسنرفلاب(ءاذحلاوذطقلا Maître Chat, ou Le Chat Botté( )ةيلاطيإلاب:Il gatto con gli stivali( ،يه

وكرتيملوةمهمءايشأاومساقتف،ثرولاهمساقتوهتومدعبناحطءانبأةايحيكحتيهو،وريبلراشلةيفارخلاتاياكحلاىدحإ

بهذفطقلاهعمسفثرونمهبيضرامىلعهسفنموليطقلاثراوناكموييف،هبيضرثلاثلاهنبانكـلطقلاالإريخألل

نأهبحاصطقلارمأدقفةرمكلذاونقيتف،دالبلايلاونمةيدهاهناامهللوقيفهتنباومكاحلاىلإاهببهذوتاناويحلاداطصي

حبسيةكربلايفهديسنأطقلامهللاقفىتفلاىلعاملسينأناديريهتنباوكلملاىتأف،ةرخصتحتهسبالمأبخورهنلايفحبسي

شحوهنكسيرصقىلإاقحالبهذمث.هتبحأيتلاةريمألاعمةبرعلايفسلجوةرخافسبالمهوطعأف،هسبالماوقرسدقو

لوحتينأبهعادخعاطتسايذلاطقلافاخأفدسأىلإلوغلالوحتف،ضرألاهجوىلعقولخميأىلإلوحتلاهنكمييذلاو

يفهطقلاووهشاعوهتنباجوزتوكلملاهبرهبنافشحولارصقدخأنمثيرولانكمتاذكه،همهتلاوطقلاهيلعمجهفرأفىلإ

.ءاخر

Dialogue to evaluate: ­ Speaker A: ؟'ءاذحلاوذطقلا'لايدةصقلاكيداهىلعيتعمس

­ Speaker B: ؟فازبيكذناكشملااهيفيللا،هآ

­ Speaker A: .ريمأليداعدلولوح،ليخت!طبضب

­ Speaker B: !رأفوعجرولوغلاىلعكحضشافيكو

­ Speaker A: !راكم.ةطقلنسحأتناككيداه،هآ

­ Speaker B: !رصقلولاونم،هالومةايحلدّبحصب

Output: {
"annotation": [
{

"rating": "A",
"reason": "It is in correct Maghrebi Darija Arabic without mistakes or errors."
}

]
}

Example 2: Rating B

Text: ءاغلإقالطلامزلتسيامةداع.يجوزلاطابترالاوأةيجوزلاةقالعلاءاهنإةيلمعوه)جاوزلاخسفمساباضًيأفرعي(قالطلا

ةلودوأدلبيفنوناقلابجومبنيجوزلانيبجاوزلاطباورخسفيلاتلابوجاوزللةينوناقلاتايلوؤسملاوتابجاولاميظنتةداعإوأ

ةطلسوأةمكحملخدتقالطلابلطتينادلبلامظعميفنكـلو،ملاعلاءاحنأعيمجيفريبكلكشبقالطلانيناوقفلتخت.ةنيعم

وأ/لافطألاةرايزوةقفنلاولافطألاةناضحوتاكلتمملاعيزوتاياضقىلعيوطنتدقيتلاوةينوناقلاتاءارجإلايفىرخأ
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كانهنادلبلامظعميف.فيراصملاميسقتولفطلامعدلاميدقتولافطألاةيؤرلمألا/بأللصصخملاتقولاومهيلإلوصولا

لودلا.رخآصخشنمجاوزلابقباسكيرشلكلحمسينوناقلااذهبسحبقالطلانإفاذليداحألاجاوزلابدارفألامزلينوناق

رمأنيملسملاريغنيينيبلفلاقالطربتعيالنيبلفلايف.ناكيتافلاةنيدمونيبلفلايهقالطلابحمستاليتلاةديحولا
ً
الإاًينوناقا

تاءارجإاهيدلسيلةيسنكةلوديهفناكيتافلاةنيدمامأ،ةنيعماطًورشيفوتسيويعرشريغاًرجاهمةجوزلاوأجوزلاناكاذإ

ىلإ1910ماعنمهنأنممغرلاىلع1975(لاغتربلا،)1970(ايلاطيإيهاًيبسناًرخؤمقالطلاترقأيتلانادلبلا.قالطلل

ياوغاراب،)1987(نيتنجرألا،)1981(اينابسإ،)1977(ليزاربلا،)ينيدلاويندملاجاوزللاًنكممكلذناك1940ماع

يليشت،)1996(ادنلريأ،)1995(ارودنأ،)كيلوثاكلاريغلطقفهباًحومسمناك1976نم؛1991(ايبمولوك،)1991(

ملاعلاتافاقثنمديدعلاىدلدوجوموهو،امهدحأةدارإبوأنيفرطلاقافتابةداعقالطلامتي.)2011(اطلامو)2004(

ارتلجنإكلمنماثلايرنهبلطامدنعخيراتلايفقالطةيضقرهشأربتعتوةيكيلوثاكلاةسينكـلاعابتأىدلدوجومريغهنكـل

.ةيناكيلجنألاةسينكـلاسيسأتىلإىدأاممهقالطصيخرتضفرابابلانكـل1534ماعنوغارأنيرثاكنمقالطلا

Dialogue to evaluate: ­ Speaker A: ؟رتوبيراهىلعةجاحيشيتيرقشاو

­ Speaker B: .ملظمدرولرهقهنأتعمس،هآ

­ Speaker A: ؟هيديلاواولتقيللاشاو

­ Speaker B: .اهراديللاوهترومدلوفدرول،هيإ

­ Speaker A: ؟مهتبيرقةدحوةلئاععمىقبشاو

­ Speaker B: .فازبهيلعنيساقاوناك،هيإ

Output: {
"annotation": [
{

"rating": "B",
"reason": "The sentence "Wash b9a m3 3ayla
wa7da qribt-hom?" is very close
to Moroccan Darija, but it's not
entirely natural or idiomatic as-is."
}

]
}

Example 3: Rating C

Text: ءاغلإقالطلامزلتسيامةداع.يجوزلاطابترالاوأةيجوزلاةقالعلاءاهنإةيلمعوه)جاوزلاخسفمساباضًيأفرعي(قالطلا

ةلودوأدلبيفنوناقلابجومبنيجوزلانيبجاوزلاطباورخسفيلاتلابوجاوزللةينوناقلاتايلوؤسملاوتابجاولاميظنتةداعإوأ

ةطلسوأةمكحملخدتقالطلابلطتينادلبلامظعميفنكـلو،ملاعلاءاحنأعيمجيفريبكلكشبقالطلانيناوقفلتخت.ةنيعم

وأ/لافطألاةرايزوةقفنلاولافطألاةناضحوتاكلتمملاعيزوتاياضقىلعيوطنتدقيتلاوةينوناقلاتاءارجإلايفىرخأ

كانهنادلبلامظعميف.فيراصملاميسقتولفطلامعدلاميدقتولافطألاةيؤرلمألا/بأللصصخملاتقولاومهيلإلوصولا

لودلا.رخآصخشنمجاوزلابقباسكيرشلكلحمسينوناقلااذهبسحبقالطلانإفاذليداحألاجاوزلابدارفألامزلينوناق

رمأنيملسملاريغنيينيبلفلاقالطربتعيالنيبلفلايف.ناكيتافلاةنيدمونيبلفلايهقالطلابحمستاليتلاةديحولا
ً
الإاًينوناقا

تاءارجإاهيدلسيلةيسنكةلوديهفناكيتافلاةنيدمامأ،ةنيعماطًورشيفوتسيويعرشريغاًرجاهمةجوزلاوأجوزلاناكاذإ

ىلإ1910ماعنمهنأنممغرلاىلع1975(لاغتربلا،)1970(ايلاطيإيهاًيبسناًرخؤمقالطلاترقأيتلانادلبلا.قالطلل

ياوغاراب،)1987(نيتنجرألا،)1981(اينابسإ،)1977(ليزاربلا،)ينيدلاويندملاجاوزللاًنكممكلذناك1940ماع
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يليشت،)1996(ادنلريأ،)1995(ارودنأ،)كيلوثاكلاريغلطقفهباًحومسمناك1976نم؛1991(ايبمولوك،)1991(

ملاعلاتافاقثنمديدعلاىدلدوجوموهو،امهدحأةدارإبوأنيفرطلاقافتابةداعقالطلامتي.)2011(اطلامو)2004(

ارتلجنإكلمنماثلايرنهبلطامدنعخيراتلايفقالطةيضقرهشأربتعتوةيكيلوثاكلاةسينكـلاعابتأىدلدوجومريغهنكـل

.ةيناكيلجنألاةسينكـلاسيسأتىلإىدأاممهقالطصيخرتضفرابابلانكـل1534ماعنوغارأنيرثاكنمقالطلا

Dialogue to evaluate: ­ Speaker A: ؟حيحص،ىرخألالودلاىلعفلتخمبرغملافاندنعقالطلايلبتعمس

­ Speaker B: !اسًاسأقالطلامهدنععونممناكيتافلاونيبلفىتح.اهيبصاخنوناقاهدنعدالبلك،اويإ

­ Speaker A: ؟لحشمهدنعامشوقفاتيامنيجوزلاناكولىتح!اااو

­ Speaker B: .1970ىتححرشنكمقالطلاالثمايلاطيإفنكـل.مهيلعبيعصكانهنيملسملاريغ،طبضلاب

­ Speaker A: ؟لازالو،قالطلابحمستشتاقبامةيكيلوثاكلاةسينكـلاىتح

­ Speaker B: !قلطيناشعةديدجةسينكقلخارتلجنإكلمنأةجردل،اويإ

Output: {
"annotation": [
{
"rating": "C",
"reason": "The conversation has some expressions in Maghrebi Darija,
However it has some awkward expressions like wla zal and
"Iwa, ldarja enn malik ingltra khlaq knisa jdida 3shan ytla9!
is more Egyptian Dialect"

}
]

}

Example 4: Rating D

Text: Grand:ةيزيلجنإلاب(وتوأتفثدنارج Theft Autoىلإرصتخت؛GTA(اهأشنأيتلاةكرحلاوتارماغملاباعلأنمةلسلسيه

.توبراجنورآو،سيزنبيلزيل،رسواهماسونادنيوخألافارشإتحتةقحاللانيوانعلاريوطتمت.يليدكياموزنوجديفيد

،)اًقباس)DMADesign(نيازيديأمإيد(ثرونراتسكورةيناطيربلاريوطتلاةكرشلبقنميساسألكشبةبعللاريوطتمت

ةقرسلةدحتملاتايالولايفمدختسملا،»وتوأتفثدنارج«حلطصمىلإةلسلسلامساريشي.زميجراتسكورمألاةكرشلااهترشنو

طارخنالاىلإةفاضإلاب،ةلماشةصقيفمدقتللماهملالامكإبعاللنكميثيححوتفمملاعىلعبعللاةقيرطزكرت.تارايسلا

رصانعورخآلنيحنمراودألابعلعم،رانلاقالطإوةدايقلالوحبعللاةقيرطمظعمرودت.ةفلتخمةيبناجةطشنأيف

دنارجةلسلسيفباعلألاعضومت.تب16رصعنمةقباسلامإتيبباعلأنمرصانعىلعاضًيأةلسلسلايوتحت.يفختلا

نملوألادقعلاىلإتاينيتسلالئاوأنمةفلتخمةينمزطاقنيف،ةيعقاولاةايحلاندمرارغىلعةيلايخنكامأيفوتوأتفث

ناسو،)كرويوينةنيدمىلإاًدانتسا(يتيسيتربيل—ندمثالثىلعةيلصألاةبعللاةطيرختلمتشا.نيرشعلاويداحلانرقلا

ىلعزيكرتلاىلإةقحاللانيوانعلاليمتنكـلو—)يمايمىلإاًدانتسا(يتيسسيافو،)وكسيسنارفناسىلإاًدانتسا(سايردنأ

ىلعلسلسملازكري.ريبكلكشباهعيسوتواهليكشتةداعإمتنإو،ةيلصألاثالثلاقطانملاىدحإنوكتامًةداعدحاوناكم

.ناونعلكيففلتختكلذبمايقللمهعفاودنأنممغرلاىلع،يمارجإلايلفسلاملاعلابتارميفدوعصلانولواحينيفلتخملاطبأ

لطبمدقتةقاعإيفربكألاريثأتلااهليتلاتايصخشلاوأ،مهتمظنموأةياورلالطباوناخدقتايصخشموصخلانوكيامًةداع

ليوماص،ربوهسينيد،اتويلياركلذيفامب،باعلألايفتايصخشنعىقيسوملاومالفألاىمادقنمديدعلابرعأ.ةياورلا

1997ماعيفةلسلسلانيازيديأمإيدتأدب.ادنوفرتيبو،زورلسكأ،يراهيبيد،زدووسميج،رنتشيفمايليو،نوسكاج

يسيئرلاناونعلاربتعي.ةعسوتمزحعبرأوةلقتسمنيوانعةعبسنمةلسلسلانوكتت،2020نماًرابتعا.وتوأتفثدنارجرادصإب
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)3D(داعبألايثالثدادعإىلإةلسلسلاتبلجثيح،ةيخيراتةبعل،2001ماعيفهرادصإمتيذلا،3وتوأتفثدنارج،ثلاثلا

ةداشإبتيظحو،3وتوأتفثدنارجيفهسيسأتمتيذلاموهفملاىلعتينبوةقحاللانيوانعلاتعبتا.ةرماغمرثكأةبرجتو

تزاح.ةلثاممنيوانعىلعوتوأتفثدنارجخاسنتساىلإىدأو،حوتفملاملاعلايفىرخألاةكرحلاباعلأىلعاورثأدقل.ةريبك

باعلأنمضرركتملكشبةلسلسلايفةيسيئرلاداعبألاةيثالثتالاخدإلاعيمجفينصتمتثيح،داقنلاناسحتساىلعةلسلسلا

ويديفلاباعلألةلسلسلضفأسماخاهلعجيامم،ةدحونويلم350نمرثكأتنحش؛اًعيبمرثكألاولضفألادعتيتلاويديفلا

Great(تسيوكنيازيدشِتربتيرغيفةيناطيربلاميمصتلاتانوقيأةمئاقيفوتوأتفثدنارجترهظ،2006ماعيف.اًعيبم

British Design Quest(فارغلتاذةفيحصتفنص،2013ماعيف.ميمصتلافحتموةيناطيربلاةعاذإلاةئيهاهتمظنيتلا

.ةفينعلااهتاعوضوموةغلابلااهتعيبطببسبلدجللةريثماضًيأةلسلسلاتناك.ةيناطيربلاتارداصلاحجنأنيبنموتوأتفثدنارج

.ريوطتلاديقةلسلسللديدجناونعكلانهنأراتسكورتدكأ،2022رياربف4يف

Dialogue to evaluate: ­ Speaker A: Katchouf GTA? Silsila dyal l­lâ3ab ktab3ha bnadem bezzaf.

­ Speaker B: Ah, kan3refha. Wahed men akbar l­âbâb fel 3âlam.

­ Speaker A: Bdat f 1997, u GTA 3 hiya li bedlat kolchi f 2001.

­ Speaker B: Bessa7, dak l3ab fih 3alam meftou7 u zwin bezzaf.

­ Speaker A: Wla makhbartekch, kaywjedo fiha jeu jdid daba.

­ Speaker B: Hada khbar zwin! Dima katbqa men a7san l­lâ3ab.

Output: {
"annotation": [
{

"rating": "C",
"reason": "The conversation is correct in Maghrebi Darija.

However, it uses Arabic Franco which is an error"
}

]
}

Example 5: Rating D

Text: ،جنرطشلانيناوققفوةدحاوةرمجنرطشلاعطقدحأكيرحتاهيفمتيوبوانتلابجنرطشلاابعالاهبعليةدحاوةلقنوهوبميتوأرودلا

قرغتسانإسكعلابوارودحبِرلاقيهلططخملانمةدحاوةلقنبلقأتالقنددعيفاهيفبغرييتلاةيعضولابعاللاققحينيح

حبركلذفيساسألاهططخميفتسيلتالقنذيفنتىلعمصخلابعاللارب�جيني�حفرودنادقفلاقيبولطملانمرثكأةلقن

رودلل.»رودعمةلقن«بلاغلايفىمستارودحبرُتيتلاةلقنلا،رابجإلاىلعدرلاوهططخمليجأتلرطضممصخلانألتالقنلل

طيسبلاثم،)1لكش(رظناموجهلاوأعافدلاةعاجنىلعسكعنيكلذنألراودألانادقفمدعيرورضلانموةريبكةيمهأ

كلذلعفنكميناكنيحيفيناثروديفh8ىلإمثروديفh5ىلإh1نم)2لكشلا(يفةعلقلاكيرحتوهرودنادقفىلع

درلابجيديدهتبةعلقلاموقتدقنايحألاضعبيففوبميتنادقفيفامئادببستتالكلتكتاروانم،رودريفوتوةدحاوةلقنيف

ةيعضولاىلعأرطيذلاريغتلانكـلنمزلاىلعاسايقلداعتةجيتنلاهذهوارودادقفنيبعاللاالكنأربتعيةلاحلاهذهيفوهيلع

.رخآلانمرثكأامهدحأةدئافيفنوكينأنكمي

Dialogue to evaluate: ­ Speaker A: ؟جنرطشلابيلععمنسحاهبعليللاةارابملاتفش .

­ Speaker B: .هتالقنبارودحبرياميادناكنسح،هويأ

­ Speaker A: .ةرملكروددقافناكيلع،حيحص

­ Speaker B: .هططخميفتسيلتالقنىلعنسحرب�جيلواحةرم

­ Speaker A: .رودعمةلقنبدرياميادناكنسحسب
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­ Speaker B: .ديجهراودأىلعظفاحيبناكينعي

Output: {
"annotation": [
{
"rating": "D",
"reason": "The conversation is totally in Egyptian Dialect while it should be
in Maghrebi Darija"

}
]

}

Your Input Text:

text

Dialogue to evaluate:

dialogue
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Egyptian Dialogue Correction Task – Prompt

Your task is to fix an AI­generated dialogue in Egyptian Dialect Arabic. The conversation must be based

strictly on the provided source text. You should produce a six­turn dialogue (three exchanges between two

speakers) that would earn an “A” rating under the rubric below.

Generated Dialogue to Fix: {dialogue}
Source Text: {text}
Original Rating: {rating}
Reason for Rating: {reason}

It was generated according to the following features:

1. General Framework

• Be natural, relatable, and culturally appropriate in Egyptian Dialect Arabic.

• The dialogue must be natural, smooth, and realistic.

• The dialogue should be fully in Egyptian Dialect Arabic.

• Avoid generating Q&A style conversations without proper transitions and contextual expressions.

• Use Egyptian Dialect Arabic, with cultural appropriateness.

• Each turn must be between 1 and 20 words.

2. Content and Style

• Choose topics that are personal, work­related, or about daily routines.

• Keep the language simple and easy to understand.

• Add a light, casual tone to make the conversation engaging.

• Avoid using dialects other than Egyptian Dialect Arabic.

• Refrain from using personal or emotional address terms.

3. Technical Constraints

• Do not add any information or details that are not derived from the original text.

• Do not use any special characters, symbols, or emojis.

Evaluation Rubric (A – D)

Rating A

• Fully correct in Egyptian Dialect Arabic without errors or slips.

• Grammar, vocabulary, idioms, and expressions are accurate and appropriate.

• Dialogue flows naturally and coherently, with smooth transitions and contextual expressions.

• Examples:

– Q&Awith smooth transitions and contextual expressions.

– Mainly in Egyptian Dialect Arabic with possibly one or two standard Arabic words.

Rating B

• Generally correct with no grammatical or vocabulary errors.
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• May feel slightly unnatural or disconnected.

• Examples:

– Q&Awithout smooth transitions.

– Lacks idiomatic expressions or natural flow.

Rating C

• Minor issues that do not impact comprehension.

• May include slight grammatical mistakes or awkward phrasing.

• Some use of MSA or non­Egyptian Arabic dialects.

• Examples:

– Egyptian Dialect with some standard Arabic terms.

– Few spelling or phrasing errors.

Rating D

• Significant problems or use of non­Egyptian dialects or non­Arabic script.

• Irrelevant to the source text.

• Examples:

– Mostly MSA or another dialect.

– Use of Latin script (e.g., Franco­Arabic) unless for proper names like BBC.

– Dialogue is irrelevant.

Note: If the dialogue meets multiple criteria, assign the lowest (worst) appropriate rating.

Output Format (JSON)

{
"dialogue": [
{
"speaker": "A",
"text": "-Text-"

},
{
"speaker": "B",
"text": "-Text-"

}
...

]
}
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Modern Standard Arabic Dialogue Correction Task – Prompt

Your task is to fix an AI­generated dialogue in Modern Standard Arabic. The conversation must be based

strictly on the provided source text. You should produce a six­turn dialogue (three exchanges between two

speakers) that would earn an “A” rating under the rubric below.

Generated Dialogue to Fix: {dialogue}
Source Text: {text}
Original Rating: {rating}
Reason for Rating: {reason}

It was generated according to the following features:

1. General Framework

• Be natural, relatable, and culturally appropriate in Modern Standard Arabic.

• The dialogue must be natural, smooth, and realistic.

• The dialogue should be fully in Modern Standard Arabic.

• Avoid generating Q&A style conversations without proper transitions and contextual expressions.

• Use Modern Standard Arabic, with cultural appropriateness.

• Each turn must be between 1 and 20 words.

2. Content and Style

• Choose topics that are personal, work­related, or about daily routines.

• Keep the language simple and easy to understand.

• Add a light, casual tone to make the conversation engaging.

• Avoid using dialects other than Modern Standard Arabic.

• Refrain from using personal or emotional address terms.

3. Technical Constraints

• Do not add any information or details that are not derived from the original text.

• Do not use any special characters, symbols, or emojis.

Evaluation Rubric (A—D)

Rating A

• Fully correct in Modern Standard Arabic without any errors or slips.

• Grammar, vocabulary, idioms, and expressions are accurate and appropriate.

• Dialogue flows naturally and coherently, with smooth transitions and contextual expressions.

• Examples:

– The conversation is like Q&A but with smooth transitions and contextual expressions.

– The conversation is mainly in Modern Standard Arabic.

– The conversation could include one or two natural standard Arabic words.

Rating B
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• Generally correct in Modern Standard Arabic, with no grammatical or vocabulary errors.

• Slightly unnatural or feels disconnected.

• Examples:

– Q&Awithout smooth transitions.

– Lacks transitional phrases or idiomatic expressions.

– Mostly a collection of disconnected sentences.

Rating C

• Contains minor issues but remains comprehensible.

• May include slight grammatical errors or awkward phrasing.

• Occasional use of dialect or non­native MSA terms.

• Examples:

– MSAmixed with Egyptian Dialect Arabic or others.

– A few spelling or expression errors.

Rating D

• Major problems in language use or script.

• Mostly non­MSA or contains non­Arabic script (except for proper nouns like BBC or Time News).

• Dialogue is irrelevant or incoherent.

• Examples:

– Mostly in Egyptian or other dialects.

– Written in non­Arabic script or a mixture.

– Not related to the original text at all.

Note: If the conversation meets multiple rating criteria, assign the lowest (worst) applicable rating.

Output Format (JSON)

{
"dialogue": [
{
"speaker": "A",
"text": "-Text-"

},
{
"speaker": "B",
"text": "-Text-"

}
...

]
}

512



Maghrebi Darija Dialogue Correction Task – Prompt

Your task is to fix anAI­generated dialogue in Maghrebi Darija. The conversation must be based strictly on

the provided source text. You should produce a six­turn dialogue (three exchanges between two speakers)

that would earn an “A” rating under the rubric below.

Generated Dialogue to Fix: {dialogue}
Source Text: {text}
Original Rating: {rating}
Reason for Rating: {reason}

It was generated according to the following features:

1. General Framework

• Be natural, relatable, and culturally appropriate in Maghrebi Darija.

• The dialogue must be natural, smooth, and realistic.

• The dialogue should be fully in Maghrebi Darija.

• Avoid generating Q&A style conversations without proper transitions and contextual expressions.

• Use Maghrebi Darija, with cultural appropriateness.

• Each turn must be between 1 and 20 words.

2. Content and Style

• Choose topics that are personal, work­related, or about daily routines.

• Keep the language simple and easy to understand.

• Add a light, casual tone to make the conversation engaging.

• Avoid using dialects other than Maghrebi Darija.

• Refrain from using personal or emotional address terms.

3. Technical Constraints

• Do not add any information or details that are not derived from the original text.

• Do not use any special characters, symbols, or emojis.

Evaluation Rubric (A—D)

Rating A

• Fully correct in Maghrebi Darija without any errors or slips.

• Grammar, vocabulary, idioms, and expressions are accurate and appropriate.

• Dialogue flows naturally and coherently, with smooth transitions and contextual expressions.

• Examples:

– Q&Awith smooth transitions and contextual expressions.

– Mainly in Maghrebi Darija.

– May contain one or two natural Modern Standard Arabic words.

Rating B
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• Generally correct in Maghrebi Darija, with no grammatical or vocabulary errors.

• Dialogue may feel slightly unnatural.

• Examples:

– Q&Awithout smooth transitions.

– Missing transitional or idiomatic expressions.

– Mostly a collection of disconnected sentences.

– Some slightly awkward or unidiomatic phrases.

Rating C

• Contains minor issues that do not affect comprehension.

• Slight grammatical mistakes or awkward phrasing.

• Occasional non­Maghrebi Darija elements (e.g., MSA, Tunisian, Algerian, Lebanese).

• Examples:

– MSAwith some Maghrebi Darija words.

– Maghrebi Darija with non­Maghrebi dialect words.

– Minor spelling errors.

– Arabic Franco (Arabic written in Latin characters and numbers).

Rating D

• Significant problems in Maghrebi Darija or script.

• Mostly non­Maghrebi Darija.

• Non­Arabic script (not Arabic Franco), e.g., English or French, unless using proper nouns with no

Arabic equivalent (e.g., BBC, Time News).

• Irrelevant to the source text.

• Examples:

– Mostly in MSA or non­Maghrebi dialects.

– Contains mixed or entirely non­Arabic script.

Note: If multiple ratings apply, assign the lowest applicable rating.

Output Format (JSON)

{
"dialogue": [
{
"speaker": "A",
"text": "-Text-"

},
{
"speaker": "B",
"text": "-Text-"

}
...

]
}

H Appendix H: Examples
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H.1 Egyptian Dialect

H.1.1 Rating A

Symbionese:ةيزيلجنإلاب(يلفاكتلاريرحتلاشيج Liberation Army( 1975و1973يماعنيبةيكيرمأةيباهرإةعومجموه

كونبىلعوطستايلمعبةعومجملاتماق.زيرفيددلانودةعومجملاكلتدئاقناكو.يروثيعيلطشيجةفصاهسفنىلعتقلطأ

اماعرشعةعستلاتاذةيمالعإلاةثيرولاتسريهيتابتفطتخاامنيحايملاعةعومجملاترهتشا.ىرخأفنعلامعأولتقيتميرجو

تعيذأةيتوصلئاسرتسريهتثبامنيحهلكملاعلالهذ.اينروفيلاكيفيلكريبيفلزنملايفامهتماقإءانثأديونفيتساهقيدصعم

تسريهتعداو.ةيعرشريغلامهتاطاشنيفتكرتشاو.ةيباهرإلاةعومجملاىلإاهمامضنانلعتواهيدلاواهيفنيدتمالعإلالئاسو

.1975ماعيفاهدارفألاقتعابةعومجملاطاشنىهتنا.يغامدليسغاهلىرجوايسنجاهيلعيدتعاوتزجتحااهنأدعباميف

Dialogue: ­ Speaker A: .نامزةروهشمتناكيللا؟يلفاكتلاريرحتلاشيجعاتبرب�خلاركاف .

­ Speaker B: ؟مهيبكركفيللاهيإ؟يدةيباهرإلاةعومجملادصقت،هآ

­ Speaker A: .ةبيرغةصق،ريتكلتقوتاقرساولمع!طبظلابةويأ

­ Speaker B: .ةيمالعإلاةثيرولاتنبلافطخ،مهترهشةجاحرتكأ

­ Speaker A: .تمدصتااهلكسانلا!اهلهأمتشتبويدارلايفعلطاهتوصو،حص

­ Speaker B: ؟هدكحص،مهلكمهيلعضبقتارخآلايفو

Reason: The conversation is fully correct in Egyptian Dialect Arabic, with smooth and coherent

transitions, contextual expressions, and accurate grammar and vocabulary. The dialogue flows

naturally, adhering to the provided text.
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H.1.2 Rating B

Inductive(يثحلاريثأتلا effect(:تارذلانيبةيبرهكـلاةيبلاسلايففالتخالاببسبةيمهاستلاةطبارلايفأشنتةثحتسمةيبطق

يفتارذلانمةلسلسربعةنحشلالاقتنانمجتانوهوًايبيرجتظحاليريثأتوهءايزيفلاوءايميكـلايفيثحلاريثأتلا.ضعببةلصتملا

.يريموزيملاريثأتلاويثحلاريثأتلانمجيزمنعةرابعلَدْبَتسمةطساوبلوذبملايلكلايبطقلاريثأتلاو.يبرهكـلاثحلاةطساوبامئزج

ًاليلقةحازماهنكـلوةطبارلايبناجىلعةلثامتمتسيلنيتفلتخمنيترذنيبطبرتيتلاσ­bondامجيسةطبارلايفةينورتكـلإلاةباحسلا

ةبلاسةنحشةيبرهكةيبلاسرثكألاةرذلالمحتثيحةطبارللةيبطقلانمةتباثةلاحببسياذهو.ةيبرهكةيبلاسرثكألاةرذلاهاجتاب

ةداع(تارذلانمةلسلسبةيبلاسرثكألاةرذلاتلصتااذإ.)+δ(ةيئيزجةبجومةنحشىلعىرخألاةرذلالمحتامنيب)-δ(ةيئيزج

َّحَرُتةبجوملاةنحشلانإف)ةينوبركةلسلس تانورتكـلإللبحاسلايثحلاريثأتلاوهاذهو،ةلسلسلاهذهيفىرخألاتارذلاىلإل

electron­withdrawingـبهيلإزمريو)I-(لقأنوكتليكلألاتاعومجملثم،تاعومجملاضعب.بلاسلايثحلاريثأتلايأ

ريثأتاهلنوكييلاتلابوelectron­releasingتانورتكـلإللةدراطتاعومجمربتعتاذهلوتانورتكـلإلابحسيفنيجورديهلانم

ءافتخاعرسأيثحلاريثأتلاناك،ةيلصألاةيبطقلانملقأةثحتسملاةيبطقلاتناكاملك.)+I(ـبهيلإزمريوبجوميثح
ً

ًارثؤمو

ةفاضإلاب،امجيسةيوقلاةطبارلاتانورتكـلإةحازإنمضتيهنألفيعضهنكـلومئادريثأتيثحلاريثأتلا.ةريصقةفاسمىلعطقف

:يلاتلاكيهونيجورديهلاىلإةبسنلابةيثحلاتاريثأتلانيببسانتلاسايقايبيرجتمت.هبجحتنأنكممنمىوقأىرخألماوعىلإ

Hammettتيماهةلداعمةطساوبةيثحلاتاريثأتلاسايقًاضيأنكمي Equation.

Dialogue: ­ Speaker A: ؟هديثحلاريثأتلايفكيأرهيإ .

­ Speaker B: !ةيوشةطبغلهنإةساحهللاو

­ Speaker A: .يدةنحشلالاقتناةياكحًاصوصخ

­ Speaker B: .تانورتكـلإلاةباحسةحازإنامكو،هآ

­ Speaker A: .ةريصقهتفاسموفيعضهريثأتوهسب

­ Speaker B: .يوأدودحمهريثأتينعيً،العف

Reason: The conversation is generally correct in Egyptian dialect Arabic, without grammatical or

vocabulary errors. However, it lacks smooth transitions and some contextual expressions, making

it feel slightly like a Q&Awithout cohesive transitions between topics.
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H.1.3 Rating C

Finite­State:ةيزيلجنإلاب(تالاحلاةدودحمةلآ Machine( ًاراصتخاFSM،يضايرةبسوحجذومنيهتالاحلاةلآةطاسببوأ

نمدودحمددعنمةدحاويفنوكتنأنكميةدرجمةلآاهنأىلعرظنيو.ةيبوساحلاجماربلاوعباتتملاقطنملاتارادميمصتلمدختسي

ريغتتنأنكميو.ةنهارلاةلاحلا:ةظحللاهذهيفةلاحلاهذهىلعقلطيو؛دحاوتقويفطقفةدحاوةلاحيفةلآلانوكت.تالاحلا

نمةمئاقبةددحمةيهتنمتالاحةلآفرعتو.ةيلاقتناةلحرمىمسياماذهو؛طرشوأامثدحليعفتدنعىرخأىلإةلاحنم

اهنمو،لكاشملانمريبكددعلحتنأنكميةيهتنملاتالاحلاةلآ.ىرخأىلإةلاحلكنملاقتنالاطرشو،ةيلوألااهتلاح،اهتالاح

ثوحبوايجولويبلاثوحبو.ىرخألاةيسدنهلاتاقيبطتلاوليلحتلاولاصتالالوكوتوربميمصتوينورتكـلإلاميمصتلممتموهام

.ةيعيبطلاتاغللاتايناسلفصولاهمادختسانكميوتايوغللاو،ةيبصعلامظنلافصولًانايحأمدختستو،يعانطصالاءاكذلا

Dialogue: ­ Speaker A: ؟يازإةلماعيدتالاحلاةلآيبحاصايتفوش .

­ Speaker B: ؟يدتالاحلانمدودحمددعاهيليللا،هآ

­ Speaker A: .دحاولاتقولايفسبةدحاوةلاحيفنوكتبو،طبظلاب

­ Speaker B: ؟ةيناتللةلاحنملقنتتبيازإوبط

­ Speaker A: .ةلقناهمسايدو،نيعمطرشوأةجاحلصحتمزال

­ Speaker B: !يعانطصالاءاكذلاوتايوغللايفاهومدختسيبنامكو!؟دجب

Reason: The conversation is in Egyptian Dialect Arabic but contains minor slips: The use of ’ ايتفوش

يبحاص ’ is more Levantine than Egyptian, and the dialogue is missing some transitional expressions,

making it feel less fluid. It also lacks some idiomatic expressions that would make the interaction

more natural in Egyptian Dialect Arabic.

H.1.4 Rating D

تاقالعلاوةسايسلاىلعاميسايسنايكوأةقطنمةرطيساهاضتقمبنوكييتلاةقالعلايه )Suzerainty:ةيزيلجنإلاب(ةيالولا

مغرلابذإكلذيفةقيقحلاةدايسلانعةنميهلافلتخت.يلخاديتاذمكحبعتمتلايفةعباتلاةلودللحامسلاعمىرخأةلودلةيجراخلا

نممغرلاب.ةدودحمنوكتةيلالقتسالاكلتناالايتاذمكحبناعتمتيونالقتسمً،ايلمع،ةعباتلاةلودلاوأعباتلاصخشلانوكنم

نيرشعلاودحاولاوأنيرشعلانرقلايفيلودلانوناقلاميهافمعممءالتتالاهنإفةيخيراتتايروطاربماةدعيفةلاحلاهذهدوجو

الاةدهاعمدقعلالخنمىوقاذوفنلةعباتةّيمحمنوكتلةدايسوذةلوديألىنستينيحيفنكتملوأةدايسكانهتناكءاوس

رثكأعقاولامكحبنوكتةيعبتلا،نكـل،فعضالاذوفنلاىلعةيرسقةقالعلاهذهنملعجتةليسويابفرتعياليلودلانوناقلانأ

.نوناقلامكحبيهامم

Dialogue: ­ Speaker A: .لغشلايفايلعةدايزةرطيسهيفنإسساح .

­ Speaker B: ؟لغشلاهوجلقتسمنوكتضورفمشم

­ Speaker A: .ةحارصبةدودحميديتيلالقتساسب،هآ

­ Speaker B: ؟هضرفيبنوناقهيفالوعقاورمأهد،بيط

­ Speaker A: .انيلعبصغةجاحشيفم،عقاورمأهدنظأ

­ Speaker B: .حضاوقافتالمعنجاتحننكمم

Reason: The conversation is irrelevant to the provided text about suzerainty and its political connota­

tions. The dialogue is centered around workplace autonomy, which does not align with the text’s

theme of political and legal control between states.
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H.2 Modern Standard Arabic

H.2.1 Rating A

عونتتميلعتلاجماربنومضمولكيهمكحتيتلانيناوقلانافببسلااذهلو،»يزكرمال«ماظنةدحتملاتايالولايفميلعتلاماــظن

تايالولاهذهنيبةكرتشملالماوعلاببسبظوحلملكشبةهباشتمجماربلاهذهودبتكلذعمو،ىرخأوةيالونيبامةريبكةجردب

لكيفعونتلاوبيرجتلانإفمثنموىرخأىلإةيالونمنيملعملاوبالطللرركتملالقنتلاوةيداصتقالاوةيعامتجالاتاجاحلاك

يفيناجموةيكيرمألاةدحتملاتايالولايفيرابجإماعلاميلعتلاو.اكيرمأيفيميلعتلاماظنللماعلكشروهظنودقوعيالةيالو

ةلحرملاةساردبلاطلالمكتسينأىلإورشعةسداسلانسىتحوةعباسلاوأةسداسلانسنمةداعأدبيوةيموكحلاسرادملاةفاك

دامتعإلعبتتدعاوقوةصاخصيخارتقفولمعلاباهلحمسيفةصاخلاسرادمللةبسنلابامأرشعيناثلافصلايفيهتنتيتلاةيوناثلا

اهيفدجوييتلاسرادملايفالإ،ةيزيلجنإلاةغللابةساردلافوفصمظعميفسيردتلامـتياهلةعباتلاةيالولالبقنمسرادملاهذه

ةيزيلجنإلاةغللاريغةغلبجهانملاسيردتمتيةلاحلاهذهيفوةيزيلجنإلاةغللايهىلوألامهتغلنوكتالنيذلابالطلانمةيلاعةـفاثك

سيردتبموقتيتلاةيداعلالوصفلايفةساردللالهؤمبلاطلاحبصينأىلإاهبنيقطانلاريغلةيزيلجنإلاةغللاسيردتفيثكتعم

ناجللالالخنمَاريثكهيلعزيكرتلامتيو.يلاحلاروطتلابابسأمهأنمةدحتملاتايالولايفميلعتلادعيو.ةيزيلجنإلاةغللاباهجهانم

:تايوتسمةثالثنميتأيليومتوةبقارمعمماعلاعاطقلانميساسألكشبمدقيةيكيرمألاةدحتملاتايالولايفميلعتلا،ةموكحلاو

تاسايسلانماهريغونيسردملاوليومتلاوةيساردلاجهانملااًيملاعرفويوهماعلاميلعتلا.يمازلإلكشبلافطألاميلعتو.يلحمويداحتإ

ةيعيرشتلاسلاجملانمديدعلاتاهجوتبوةيميلعتلاقطانملاىلعةيئاضقلااهتطلسعماًيلحمةبختنمسلاجمقيرطنعدرتوةيميلعتلا

ةيادبنس.تايالولاتاموكحبناجنممدقتامةداعيهفدحوملارابتخالاتاررقموةيميلعتلاريياعمللةبسنلابامأ.تايالولايف

.ةرشعةنماثلاىلإرشعةعبارلانسنميهتنتوةنماثلاىلإةسماخلانسنمأدبتيهوىرخألةيالونمفلتخييمازلإلاميلعتلا

ساردملايفلافطألافيقثتيمازلإلاميلعتلاتابلطتموةيمهأ.ةنس18نسىتحميلعتلاةيمازلإبلطتتتايالولانمددعكانهو

ةسردملاوةيئادتبالاةسردملا:تايوتسمةثالثىلإمسقنيميلعتلا.يلزنملاميلعتلاجمانربوةصاخلاسرادملاىلعةقفاومةلودلاو،ةماعلا

نمساردملايفنيلجسمةبلاطوبلاطنويلم76.6كانهناك2000ماعيف.ةيوناثلاةسردملاو)ةيدادعإلاىمست(ةطسوتملا

مكحلامتواماع17و12نيبمهرامعأحوارتتمهنمةئاملايف72ءالوؤهنمايلعلاتاساردلالالخنمسرادملاولافطألاضاير

دالبلاناكسنيبنم.ةصاخسرادميفنوسردياوناك%4.01يأنويلم5.2يمازلإلاميلعتلايفنيديقملانمو.مهنسلاًيميداكأ

.ىلعأوأسويرولاكبلاةجردىلعاولصحةئاملاب27وةيوناثلاةلحرملااولمكأدقةئملايف85نمرثكأ،نيغلابلا

Dialogue: ­ Speaker A: ً.ادجيزكرمالاكيرمأيفميلعتلاماظننأتعمس .

­ Speaker B: .تايالولانيبريبكلكشبجهانملاونيناوقلافلتختكلذلوً،امامتحيحصاذه

­ Speaker A: ؟كلذفيك.ظوحلملكشبةهباشتمجماربلاودبت،كلذعمو

­ Speaker B: .نيملعملاوبالطلالقنتوةيداصتقالاوةيعامتجالاتاجاحلاك،ةكرتشملالماوعللكلذعجري

­ Speaker A: ؟كانهيناجمويمازلإماعلاميلعتلاله،ةبسانملاب

­ Speaker B: .ةرشعةسداسلانسىتحةيموكحلاسرادملابيناجمويرابجإهنإ،معن

Reason: The conversation is fully correct in Modern Standard Arabic, with accurate grammar and

vocabulary. It flows naturally and coherently, with smooth transitions and contextual expressions.
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H.2.2 Rating B

مدختسييحرسملاجايكملالاكشأنملكشلةدحتملاتايالولايفمدختسيحلطصموه )Blackface:ةيزيلجنإلاب(دوسألاهجولا

تافاقثلاضعبيفاضًيأحلطصملااذهمدختسي.دوسأصخشلةيروتاكيراكةروصليثمتلدوسلاريغنينانفلالبقنمبلاغلايف

نمةيليثمتاهنأىلعاًعيمجاهيلإرظنُيالو،ةيبعشلاديلاقتلاوهيومتلانمءزجكهعضومتييذلادوسألاجايكملاىلإةراشإللىرخألا

تايالولايفةريبكةيبعشةسرامملاهذهتبستكا.المأنييرصنعاوناكاذإاملوحلدجكانهيلاتلابو،اهنعتأشنوأدوسلا

لولحب.ةئيسملاةيرصنعلاتايصخشلاضعبروهظوةيرصنعلاةيطمنلابلاوقلاراشتنايفتمهاسورشععساتلانرقلالالخةدحتملا

لثمةيمسرلاضورعلاًةلوحم،اًزيمماًيكيرمأاًينفَاعوندوسألاهجولاتاذةيئانغلاةيديموكـلاضورعلاتحبصأ،نرقلافصتنم

تحبصأوةيقيسوملاضورعلانعدوسألاهجولاضورعتلصفنا،نيرشعلانرقلاتايادبيف.ماوعللةيبعشضورعىلإاربوألا

تحبصأو،نيرشعلاويداحلانرقلاةياهنيفدوسألاهجولاضورعةيبعشتعجارت،ةدحتملاتايالولايف.اهتاذدحبًاينفًالكش

.ةئيسموأةيرصنعربتعتالثيحىرخأنادلبيفةسرامملاهذهترمتسانكـلو.ةيرصنعوةمرت�حمريغوةئيسمماعلكشبربتعت

Dialogue: ­ Speaker A: .لدجللريثملاهخيراتو"دوسألاهجولا"نعمويلاًالاقمتأرق .

­ Speaker B: ؟ديدحتلابوهامنكـل،هنعتعمس،هوأ

­ Speaker A: .دوسلاصاخشألليروتاكيراكريوصتلةدحتملاتايالولابمدختسايحرسمجايكموه،عقاولايف

­ Speaker B: .ةئيسملاةيرصنعلاةيطمنلابلاوقلاراشتنايفًالعفمهاساذهنأودبي،هآ

­ Speaker A: ً.امئادًايرصنعهربتعتالىرخألاتافاقثلاضعبنأمامتهاللريثملاوً.امامتحيحص

­ Speaker B: ثيح،ةدحتملاتايالولافالخب.لعفلابةسداسلانسىتحةيموكحلاسرادملابيناجمويرابجإهنإ،معن

.ىرخأنادلبيفرمتسي،ةياغللًائيسمحبصأ

Reason: The conversation is generally correct in Modern Standard Arabic with no grammatical or

vocabulary errors. However, it feels more like a Q&Awithout smooth transitions or idiomatic

expressions, which makes it slightly unnatural.
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H.2.3 Rating C

برحلاءانثأايقيرفإبونجيفعقتاهبفرتعمريغةلوديهو،ايسدورةيروهمجبًايمسرفرعتو، )Rhodesia:ةيزيلجنإلاب(ايسدور

ىلعتأشندقتناكو،يرارهاهتمصاعويوبابميزمسابًايلاحفرعتيتلاةقطنملالكشتو.1979ىلإ1965ماعنمةدرابلا

ريخأتلضيبلااهيلعرطيسييتلاةموكحلانمةلواحمءانثأايسدورتلقتسا.ةيبونجلاايسيدورةقباسلاةيناطيربلاةرمعتسملاضاقنأ

11يفدحاوبناجنملالقتسالانالعإبءاضيبلاةيلقألانمثيمسنايإةموكحتماقف،ءادوسلاةيبلغألامكحوحنلوحتلا

ةنسةيروهمجكاهليكشتديعأنكـل،ثلونموكـلالودنمضلالقتسالابايسدوربفارتعاللةيادبلابةموكحلاتعس.1965ربمفون

اوشوجةدايقبوبازةكرحويباغومتربورةدايقبيقيرفإلايوبابميزبعشداحتإعمةيشحوتاباصعبرحباقعأيف.1970

هليمزعماهسسأيتلاةتقؤملاةموكحلاتلشفنكـل،قرعلاةيئانثةيطارقميدلاثيمسنايإءارزولاسيئررقأ1978ماعيف،وموكن

ممألاوايناطيربفارتعاباسيدورلالقتسانلعأ1980ُليربأيف.يلودلاعمتجملالوبقوءامدلاةقارإفقويفاوريزومليبألدتعملا

.يوبابميزةيروهمجمساتحتةدحتملا

Dialogue: ­ Speaker A: .ايقيرفإبونجباهبفرتعمريغةلودتناك؟ايسدورنعًائيشملعتله .

­ Speaker B: .يرارهاهتمصاعو،يوبابميزنآلاتحبصأاهنأدقتعأ،معن

­ Speaker A: .ةيناطيربلاةيبونجلاايسيدورضاقنأىلعةلودلاهذهتأشندقو!طبضلاب

­ Speaker B: ؟كلذناكىتمواهلالقتساثدحفيكو

­ Speaker A: .ءادوسلاةيبلغألامكحريخأتل1965ربمفونيفدحاوبناجنماهلالقتسانلعأُ،ال

­ Speaker B: .يوبابميزةيروهمجكًايمسراهلالقتسانلعأُ،1980ماعيفو.مهفأ

Reason: The dialogue includes a minor issue: Speaker A inaccurately responds ’ ال ’ when they likely

meant ’ معن ’ while discussing the declaration of independence. Otherwise, the conversation is

generally correct in Modern Standard Arabic, with no major grammatical or vocabulary errors.

The overall comprehension is not affected, but the slip does impact the natural flow slightly.
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H.2.4 Rating D

جنشتوهنايحألامظعميفاهؤشنمنوكييتلاةيسنجلاتابارطضاوملأوأ،ةبوعص)Dyspareunia:ةيزيلجنإلاب(عامجلارسع

دنعاملأببست،تارثدتملاوتارعشملاءادو،تاضيبملاءادلثميرطفلاوأيليفطلاأشنملاتاذ,ةيدعملاةيلبهملاتاباهتلالا.لبهملا

امابلاغو.هبابسأةجلاعمدنعءافشلاعيرسهنكـلو،نايحألامظعميفةكحللريثميلبهمناليسبًابوحصمملألااذهنوكيو،ةعماجملا

ضعبرهظت.اصاخاجالعرمألابلطتيف،باهتلالاةجلاعمدعبرمتسينأنكمييذلالبهملافافجعمةيلبهملاتاباهتلالاقفارتت

وأ،بيضقلالاخدإنعمجانملألاثيح،عامجلانمنيلوألانيعوبسألايفةدالولادعبوأةيحارجةيلمعرثاىلعةصاخلاعاجوألا

ً،اريغصلبهملامجحناكاذإ،بسانتمريغلاخدإدنعوأ،ضوحلايفقيمعحرجنعًامجاننوكينأنكميو،لبهملايفهتكرح

يناعتفًاقبسمملألاثودحعقوتتةأرملانكـلو،لازاممأ،لازدقلوألايفهوشتنععاجوألامجنتدقو.راغصلاباصتغالثم

بالقنارومضنعمجني،سايإلاةلحرميفةعماجملادنعةأرملاهبرعشتيذلايلبهملاملألااضيأكانه.لبهملاقيضتوفافجنم

تاونقلاباهتلا،قيمعلاملألابابسأنمو.اهئافشنمالدبةأرملاعاجوأفعاضتامابلاغتايلمعلاهذهنأل،محرلاعضو

محرلاقنعلصأتستيتلاةيحارجلاتايلمعلاضعبكانه.محرلافيوجتجراخمحرلاةناطبدادتمالمشتو،محرلاةناطبو

اريثكرثؤتالفلبهملاومحرلاقنعبساسملانودبةيلمعلاتيرجأاذإامأ.قحالتقويفعامجلاءانثأعاجوأببسيفلبهملارصقتو

،ةيسنجلاةيلمعلابقبطملهجنعوأ،ةميلأتاسرامموأ،تايركذنعبلاغلايفةمجانةيسفنلابابسألا.ةيسنجلاةسرامملايف

.ةقبسملافواخملاىلعنيفرطلابلغتاذإ،ةلوهسباهيلعبلغتلانكميو

Dialogue: ­ Speaker A: .ري�خبينوكتنألمآ؟مايألاهذهكلاحفيك .

­ Speaker B: ً.انايحأةبوعصلاوملألاضعبهجاوأيننكـل،ري�خبانأ.كلًاركش

­ Speaker A: ؟طقفةبوعصلابروعشهنأمأ،فافجببوحصمملألااذهله.مهفتأ

­ Speaker B: .امباهتلانعًامجاننوكيدقوً،انايحأناقفارتيفافجلاوملألا،معن

­ Speaker A: .امءيشدعبءافشللًاتقورمألاجاتحيامبروأ،ةيسفنبابسأىلإريشيدقاذه

­ Speaker B: .نييرورضناودبيبابسأللقيمعلامهفلاوةيروفلاةجلاعملا.ديكأتلابأ

Reason: The conversation is irrelevant to the given text, which discusses specific medical causes and

conditions related to dyspareunia, while the dialogue is more of a general, non­specific chat about

pain and potential psychological causes, without much relevance to the detailed medical context.
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H.3 Maghrebi Darija

H.3.1 Rating A

Landon:ةيزيلجنإلاب(نافونودنودنال Donovan(ويراتنوأةنيدميف1982سرام4دلو،قباسيكيرمأمدقةركبعالوه

ريانييفو.ريزانخلاازنولفنإبنافونودبيصأ2009سطسغأيفو،مدقلاةركـلاكيرمأبختنملبعلي،ةيكيرمألااينروفيلاكةيالوب

فادهوهنافونود،ةدحتملاتايالوللينطولابختنملاعمويزيلجنإلانوترفيإيدانىلإةراعإلاقيرطنعبعالالقتنا2010

نييطشنلانيبعاللانممدقلاةركـليكيرمألابختنملالثمبعالرثكأوهو,)تسيسالا(فادهأعنصنمرتكأو،بختنملا

ةثالثنعالضف،)ةيلاتتمتاونسيفزوفلل(ةنسللةدحتملاتايالولايفمدقلاةركـليضايرةزئاجبتارمعبرألولصحً.ايلاح

يكيرمأبعالثلاثو،ناكيرمألانيبعاللانيبملاعلاسأكيففادهأرثكأبحاصوهو.ةنسللادنوهبعالةزئاجتارم

.)يسبميدتنيلكودياربكأمنايربدعب(ةدحاوملاعسأكتايئاهننمرثكأيفلجسيل

Dialogue: ­ Speaker A: ؟نافونودنودنالوتيمسبعاللادحاوىلعيتعمسكاي .

­ Speaker B: .فازبفورعميكيرمأمدقةركبعالهاركاداه!يوهأ

­ Speaker A: ؟ولايدةريسملافةريبكتازاجنإيشودنعناكشاو،فورعمهنأامب

­ Speaker B: .فادهألاعناصويكيرمألابختنملليخيراتلافادهلاوههار!ديكأ،

­ Speaker A: ؟بعاللضفأةزئاجحبرشاوةرمنملاحشو!نيوزيشداه،واو

­ Speaker B: .ملاعلاسأكففادهألادفازبلجساهيلعديزو،تارمعبرأاهحبر

Reason: The conversation is fully correct inMaghrebi Darija without any errors or slips. The grammar,

vocabulary, idioms, and expressions are accurate and appropriate. The dialogue flows naturally

and coherently with smooth transitions and contextual expressions. It’s mainly in Maghrebi Darija

with no awkward or non­idiomatic phrases.
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H.3.2 Rating B

Accord:ةيسنرفلاب(سيرابقافتا de Paris( بقعقافتالااذهءاج.خانملانأشبيملاعقافتالوأوه»21بوك«وأ

مدقيذلاسويبافنارولبسح.2015يفسيرابيفيخانملاريغتلل21ةدحتملاممألارمتؤمءانثأتدقعيتلاتاضوافملا

لكلبقنمقافتالاىلعقدص.اينوناقمزلمونزاوتمومئادوبسانمقافتالااذهنإف،ةماعلاةسلجلايفيئاهنلاقافتالاعورشم

2نملقأليملاعلارارتحالاءاوتحاىلإقافتالافدهي.19:26UTC+01:00يف2015ربمسيد12يفةرضاحلا195دوفولا

تاثاعبنالاضفخفادهأو،تاونسسمخدعبةنلعملافادهألايفرظنلاةداعإمتيس.ةجرد1.5يفهدحلىعسيسوتاجرد

متيسوايونسةيمانلالودلاةيخانمتادعاسمكيكيرمأرالودرايلم100ةميقىندأدحكعضو.ىلعأوحنىلعاهضارعتسانكميال

نم175عقو،ليربأ22يفهبلافتحالامتييذلاضرألامويةبسانمب.ريدقتىصقأىلع2025يفرعسلااذهيفرظنلاةداعإ

ثدحلاكلذناكويخانملاريغتللسيرابةيقافتايمسمتحتكرويوينيفةدحتملاممالارقميف2016ماعيفملاعلالودءاسؤر

.يضمتقويأنمرثكأدحاوموييفنادلبلانمريبكددعقافتالقالطإلايلعربكألا

Dialogue: ­ Speaker A: ؟وفرعتك،خانملالايدسيرابقافتاىلعمويلاتيرق .

­ Speaker B: .هيلعتلقع؟كاي21بوكنمجرخيليشكاد،هآ

­ Speaker A: .عقويكخانملافيملاعقافتالوأوه.حصب،هيإ

­ Speaker B: ً.اينوناقمزلمونزاوقافتايلبولاقو،هآ

­ Speaker A: .تاجردجوجتحتيملاعلارارتحالانماودحييساسألامهفده

­ Speaker B: .ةيمانلالودللرالودرايلم100لايدتادعاسملاكودىتحو

Reason: The conversation is generally correct in Maghrebi Darija and contains no significant gram­

matical or vocabulary errors. However, it feels more like a Q&A format with less fluidity and

idiomatic transitions. The dialogue is mostly a collection of disconnected sentences rather than a

fluid conversation.
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H.3.3 Rating C

بعليو،ةحودلاةيرطقلاةمصاعلاهرقم،1969ةنسربوتكأ21يفسسأت،تاضايرلاددّعتميرطقيدانوهيضايرلادسلايدان

دسلايداندّعي.يدانلارقماهبعقييتلادسلاةقطنمىلإةبسنمسالااذهبيدانلايمس.)رطقيفيرودىلعأ(رطقموجنيروديف

،ةيلحملاتالوطبلاعيمجبزاف،باقلألانمددعربكأبةيلحملاتالوطبلاعيمجمّعزتيثيح،قالطإلاىلعةيرطقلاةيدنألاحجنأنم

يرودةلوطبوةرم16ريمألاسأكوتارم6)دهعلايلوسأك(رطقسأكةلوطبوةرم14مساجخيشلاسأكةلوطبققحو

دوسألاوضيبألانينوللانميدانلاراعشفلأتي.تارم7داحتالاسأكوةدحاوةرمرطقموجنسأكوتارم4رطقموجن

.»مـيعزلا«بقلهيلعقلطُيامك،»بيذلالايع«ـببقليو

Dialogue: ­ Speaker A: ؟كاي1969ـفسسأتهار،ةحودلاـفيليرطقلادسلايدان .

­ Speaker B: .قالطإلاىلعةيرطقلاةيدنألاحجنأنمو،طبضلابدسلاةقطنمـفوه!حاصّبهأ

­ Speaker A: ؟كاي'بيذلالايع'و'ميعزلا'ـبواّمستيك!حاصّبو

­ Speaker B: .ةرم14مساجخيشلاسأكو،ةرم16ريمألاسأكوحبرو!هيإ

­ Speaker A: !مهيلعهللاكرابت.تارم4رطقموجنيرودىتحوحبرو!واو

­ Speaker B: .لحكوضيبأمهراعشوةيلحملاتالوطبلااوردصتيكاميد!حاصّب

Reason: The conversation is mostly correct in Maghrebi Darija. However, it contains some non­

native expressions, like ’ حاصّب ’ instead of the more common Moroccan Darija ’ حيحص ’ or ’ حصلاب ’,

which is more typical ofAlgerian Darija. These small slips make it slightly awkward for Moroccan

Darija.
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