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Abstract

The quality of training data plays a critical
role in the performance of large language
models (LLMs). This is especially true for
low-resource languages where high-quality
content is relatively scarce. Inspired by the
success of FineWeb-Edu (Lozhkov et al.,
2024) for English, we construct a native
Arabic educational-quality dataset using
similar methodological principles. We be-
gin by sampling 1 million Arabic web doc-
uments from Common Crawl and labeling
them into six quality classes (0–5) with
Qwen-2.5-72B-Instruct model using a clas-
sification prompt adapted from FineWeb-
Edu. These labeled examples are used to
train a robust classifier capable of distin-
guishing educational content from general
web text. We train a classification head on
top of a multilingual 300M encoder model,
then use this classifier to filter a large Ara-
bic web corpus, discarding documents with
low educational value. To evaluate the
impact of this curation, we pretrain from
scratch two bilingual English-Arabic 7B
LLMs on 800 billion tokens using the fil-
tered and unfiltered data and compare their
performance across a suite of benchmarks.
Our results show a significant improvement
when using the filtered educational dataset,
validating the effectiveness of quality filter-
ing as a component in a balanced data mix-
ture for Arabic LLM development. This
work addresses the scarcity of high-quality
Arabic training data and offers a scalable
methodology for curating educational qual-
ity content in low-resource languages.

1 Introduction

The remarkable progress of large language models
(LLMs) in recent years has been fueled by the avail-
ability of massive and high-quality textual datasets
(Soldaini et al., 2024). The quality of the under-
lying training data has emerged as a crucial fac-
tor in determining LLM performance, particularly
in knowledge-intensive and instruction-following
tasks (Rae et al., 2021; Groeneveld et al., 2024b;
Wang et al., 2025). While significant advancements
have been achieved for high-resource languages
such as English, developing competitive LLMs for
low-resource languages remains a substantial chal-
lenge. One of the key obstacles is the scarcity
of curated, high-quality training corpora (Kreutzer
et al., 2022), which limits the ability of LLMs to ac-
quire rich linguistic, cultural, and domain-specific
knowledge for these languages.

Arabic, spoken by over 400 million people
across the globe, exemplifies this challenge. De-
spite its status as one of the most widely spoken
languages, Arabic remains significantly underrep-
resented in existing LLMs, both in terms of train-
ing data coverage and downstream performance
(Koto et al., 2024; Elfilali et al., 2024). A major
bottleneck is the limited availability of large-scale,
diverse, and high-quality Arabic textual resources.
Existing Arabic web corpora often contain noisy,
low-quality, or repetitive content, impeding the de-
velopment of competitive Arabic LLMs.

Recent work on English LLM training has
demonstrated that filtering web-scale corpora based
on content quality can substantially improve model
performance (Abdin et al., 2024; Penedo et al.,
2024a). In particular, FineWeb-Edu (Lozhkov
et al., 2024) introduced a methodology for curating
English web data with a focus on educational value,
yielding measurable improvements in downstream
tasks. However, similar large-scale, quality-filtered
datasets for Arabic are currently lacking, hindering
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progress in building capable Arabic LLMs.
In this work, we introduce ArabicWeb-Edu,

the first large-scale, educational-quality dataset de-
signed specifically for training Arabic LLMs. Our
approach systematically adapts and extends the
quality-filtering principles established by FineWeb-
Edu to the Arabic language context. We begin by
sampling 1 million Arabic web documents from
Common Crawl and employ a prompt-based clas-
sification strategy to assign content quality scores
ranging from 0 to 5. These labeled examples are
used to train a robust Arabic content quality clas-
sifier, enabling scalable filtering of large Arabic
web corpora. We apply this classifier to filter out
documents with low educational value (classes 0
and 1), thereby constructing a high-quality Arabic
corpus focused on educational, informative, and
linguistically rich content.

To assess the impact of our quality-filtering
methodology, we pretrain bilingual English-Arabic
LLMs on both the filtered and unfiltered datasets,
totaling 800 billion tokens. We evaluate these mod-
els across a comprehensive suite of benchmarks.
Our results demonstrate that models trained on
the ArabicWeb-Edu dataset exhibit substantial im-
provements over their counterparts trained on unfil-
tered data, underscoring the critical role of content
quality in enhancing LLM performance for Arabic.
Our contributions are threefold:

• We construct ArabicWeb-Edu, a large-scale,
educational-quality Arabic web corpus cu-
rated using a scalable, filtering methodology.

• We develop a robust and light-weight Ara-
bic content quality classifier based on a multi-
lingual encoder embedding model, facilitating
reproducible and scalable filtering of Arabic
web data.

• We provide empirical evidence, through rig-
orous LLM pretraining and evaluation, that
quality-filtered Arabic data significantly en-
hances LLM performance across diverse
benchmarks.

By addressing the long-standing scarcity of high-
quality Arabic training data, this work contributes
towards more equitable LLM development and
highlights a scalable methodology for curating ed-
ucational content in low-resource languages. We
believe ArabicWeb-Edu when released will serve as
a valuable resource for the community and a foun-

dation for further advancements in Arabic LLM
research.

2 Related Work

2.1 Arabic web data pipelines

ArabicWeb24 (Farhat et al., 2024) extracted Ara-
bic documents from a custom 6.5 TB web crawl.
Then, a datatrove (Penedo et al., 2024b)-based
pipeline for filtration and deduplication was devel-
oped. The filtration concentrated on long or non-
text documents, bad URLs of adult content, for-
eign languages, documents with unsuitable statis-
tics, HTML elements and web page artifacts, and
banned words. The pipeline resulted in a dataset
of 28 billion tokens. Previous efforts include Ara-
bicWeb16 (Suwaileh et al., 2016) which offered
10.8 TB data from 150M Arabic web pages.

The multilingual OSCAR project (Ortiz Suárez
et al., 2019) also offers a filtered collection of Ara-
bic web data using high-performance data pipelines
with a special focus on data quality. The latest ver-
sion of the corpus (23.01) offers 10 billion words
from 25M documents. Another multilingual effort
is arTenTen (Arts et al., 2014) from the TenTen
corpus family offering 6.5 billion words in its most
recent release.

2.2 FineWeb-Edu dataset

FineWeb (Penedo et al., 2024a) is a 15-trillion-
token English dataset derived from 96 Common
Crawl snapshots, processed through a sophisti-
cated pipeline involving filtering and deduplica-
tion. FineWeb-Edu (Lozhkov et al., 2024) is a
1.3-trillion token subset of FineWeb, extracted us-
ing an educational quality classifier. To train this
classifier, LLaMA3-70B-Instruct was used to la-
bel 500k FineWeb samples with an educational
score ranging from 0 to 5, where 0 denotes no edu-
cational value and 5 indicates high-quality educa-
tional content. A BERT-style regression model was
then fine-tuned on this labeled data. Finally, the
full FineWeb dataset was scored using the trained
classifier, and only documents with a score of 3 or
higher were retained to form FineWeb-Edu.

Inspired by its success, Alrashed et al. (2024)
translated the deduplicated version of Fineweb-
Edu from English to Arabic in the training split of
SmolLM model with nllb-200-distilled-600M.
Also, (Yu et al., 2025) is a Chinese adaptation of
the FineWeb-Edu approach to Chinese content with
total 1.5T tokens in the v2.1 release.
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Edu class 0 1 2 3 4 5
Ratio % 1.3 24.5 50.8 20.1 3.1 0.02

Table 1: Seed dataset’s education class distribution

Edu class Precision Recall F1 Support%

0 0.71 0.14 0.24 1.3
1 0.65 0.44 0.53 24.8
2 0.63 0.83 0.72 50.6
3 0.60 0.47 0.53 20.1
4 0.64 0.18 0.29 3.1
5 0.00 0.00 0.00 0.024

Avg. macro 0.54 0.35 0.38
Avg. weighted 0.63 0.63 0.61

Table 2: Classifier validation on the test set of size 100k
Arabic web documents.

3 ArabicWeb-Edu Construction

To construct an Arabic web corpus enriched
with high-quality educational content, we adopt
the scalable methodology inspired by FineWeb-
Edu (Lozhkov et al., 2024), with careful adapta-
tions to address the linguistic and resource-specific
challenges of Arabic. Our approach consists of
three key stages: (i) labeling a high-quality seed
dataset of Arabic web documents with educational
quality scores, (ii) training a robust classifier to
scale this annotation to large web corpora, and (iii)
large-scale corpus filtering.

3.1 Seed dataset labeling

The first stage involves building a high-quality,
labeled dataset to serve as the foundation for
classifier training. We randomly sampled 1 mil-
lion Arabic web documents from recent Com-
mon Crawl snapshots, ensuring a diverse rep-
resentation of Arabic web content across top-
ics and domains. To annotate these docu-
ments with educational quality labels, we lever-
age Qwen-2.5-72B-Instruct (Qwen Team, 2024)
due to its strong performance in Arabic1 and exten-
sive context length. A tailored zero-shot prompt
was used to define and distinguish the six levels of
educational quality, ranging from 0 (lowest qual-
ity, no educational value of any kind) to 5 (highest
quality, content suited for teaching); the prompt
could be found in Appendix B. Using this prompt,
each sampled document is scored independently
by the model, resulting in a quality-labeled seed

1hf.co/spaces/OALL/Open-Arabic-LLM-Leaderboard

dataset of 1 million Arabic web documents2. Ta-
ble 1 presents the class distribution of the labeled
seed dataset, illustrating the relative prevalence of
different quality levels in the Arabic web domain.

3.2 Educational quality classifier training

Using the labeled seed dataset, we train a dedicated
document-level classifier to automatically predict
the educational quality of Arabic web documents
at scale. We adopt the mGTE architecture (Zhang
et al., 2024) for this task—a 305M parameter mul-
tilingual encoder with an 8k token context win-
dow. This architecture offers an effective balance
between model capacity and computational effi-
ciency, enabling scalable document-level classifi-
cation without sacrificing performance on long-
context inputs, which are common in web data. We
train a multi-class classifier to predict the educa-
tional quality score (0–5). Specifically, we fine-
tune the pretrained mGTE-305M model on the 900k
training split of the labeled data for 20 epochs with
a learning rate of 3e−4. To preserve the model’s
general linguistic capabilities while specializing it
for the classification task, we freeze the embedding
and encoder layers, updating only the task-specific
classification head. We selected the checkpoint
with the highest F1 score on the held-out validation
set. The accuracy of the trained classifier is 0.63,
likely due to the natural distribution of Arabic web
documents that lacks high quality content.

Table 2 shows the precision, recall and F1 scores
for the classifier on the test split of 100k documents.
The confusion matrix can be seen in Appendix A.

3.3 Large-scale corpus filtering

The trained classifier is applied to a large Arabic
web corpus, enabling systematic filtering based on
educational quality. Through empirical analysis,
we define documents with quality scores 0 or 1 as
having low educational value3 and exclude them
from the final corpus. The remaining documents,
which span quality classes 2 to 5, constitute the ed-
ucationally filtered Arabic web corpus suitable for
LLM pretraining. This scalable filtering process
enables the construction of an Arabic web corpus
with significantly enriched educational content, ad-
dressing the long-standing scarcity of high-quality
Arabic resources for LLM development.

2The 1M document seed dataset is released at
hf.co/datasets/sboughorbel/arabic-web-edu-seed

3Sample documents from the different educational classes
can be seen in Appendix C
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Model MMMLU/Ar ArabicMMLU ACVA PIQA/MSA OALL-v1 OALL-v2
(0-shot) (3-shot) (5-shot) (0-shot) (0-shot) (0-shot)

Baseline@826B 23.47 31.67 49.10 62.62 34.50 31.50
Edu@841B 24.26 32.45 55.28 61.64 36.93 34.69

Change +3.37% +2.46% +12.59% -1.56% +7.04% +10.13%

Table 3: Modern Standard Arabic (MSA) benchmarking results.

Model Belebele/Ar PIQA/Egy PIQA/Lev ArabicMMLU/Egy ArabicMMLU/Lev

(3-shot) (0-shot) (0-shot) (0-shot) (0-shot)

Baseline@826B 26.80 59.41 56.64 27.61 28.17
Edu@841B 26.41 58.87 54.57 29.12 34.59

Change -1.45% -0.91% -3.65% +5.47% +22.79%

Table 4: Dialectal benchmarking results.

4 Empirical Evaluation

To empirically evaluate the impact of our dataset on
LLM pretraining, we conducted an ablation study:
we trained from scratch a baseline model with the
OLMo-7B architecture (Groeneveld et al., 2024a) on
a balanced mixture of Arabic, English and code
data, derived from the data mix of Fanar suite of
models (Fanar Team et al., 2025). We compare
this model with an identical setup in which the
web portion of the Arabic data is replaced with our
ArabicWeb-Edu dataset. We benchmark the closest
two checkpoints to the 800B token point on a suite
of standard evaluation tasks to assess performance
differences. The tasks are:

• MMMLU: the Arabic subset of Ope-
nAI’s professionally translated MMLU
dataset (Hendrycks et al., 2021).

• ArabicMMLU (Koto et al., 2024): a multi-
choice dataset of Arabic knowledge.

• ACVA (Huang et al., 2024): the Arabic Cul-
tural & Value Alignment dataset.

• OALL (Elfilali et al., 2024): a suite of var-
ied Arabic language understanding tasks. We
show both versions of this benchmark.

• AraDiCE (Mousi et al., 2025): a suite of pro-
fessionally translated subsets of PIQA and
ArabicMMLU datasets to dialectal Egyptian
and Levantine.

• Belebele (Bandarkar et al., 2024): the aver-
age of the six Arabic dialects from Belebele
(namely, acm_Arab, apc_Arab, arb_Arab,
ars_Arab, ary_Arab and arz_Arab).

Table 3 presents the benchmarking results for
MSA tasks. The results show a notable improve-
ment on almost all tasks. The holistic OALL bench-
mark especially shows a significant jump.

In contrast, for dialectal benchmarking (Table 4)
regression could be observed in some benchmarks.
This could be a direct result of losing dialectal
web content due to rigorous educational filtering.
Thus, we see this approach as a component in a bal-
anced data mix strategy that augments the filtered
web content with better quality data extracted from
books and trusted sources, in addition to other data
that does not qualify as educational but are impor-
tant for training, including dialogue and dialectal
content.

5 Conclusion

This work demonstrates that quality-based data cu-
ration significantly enhances the performance of
low-resource language models, addressing a crit-
ical challenge in Arabic LLM development. Our
work makes two key contributions to the field: first,
it provides a scalable solution to the scarcity of
high-quality Arabic training data, and second, it
establishes a replicable methodology that can be
extended to other low-resource languages.

The success of this approach suggests that in-
vestment in careful Arabic data curation can yield
significant returns in model performance, offering
a practical path forward for developing more ca-
pable language models across diverse linguistic
contexts. Future work would investigate the ex-
tension of quality filtering to better handle Arabic
dialectal content.
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Limitations

The rigorous educational filtering process appears
to disproportionately remove dialectal Arabic con-
tent, as evidenced by performance regression on
dialectal benchmarks (Table 4). This limitation
restricts the model’s ability to understand and gen-
erate content in Arabic dialects, potentially limiting
its applicability for diverse Arabic-speaking popu-
lations.

• Limited Domain Coverage: The focus on
educational content may inadvertently bias
the dataset toward formal, academic do-
mains while underrepresenting other valuable
linguistic patterns and cultural expressions
present in everyday Arabic web content. This
could impact the model’s performance on cre-
ative, conversational, or culturally-specific
tasks.

• Evaluation Scope: In this short paper, our em-
pirical evaluation is limited to a 7B param-
eter model architecture and specific bench-
mark tasks. The generalizability of these find-
ings to larger models, different architectures,
or alternative evaluation metrics remains to
be validated. Additionally, the evaluation fo-
cuses primarily on knowledge-intensive tasks,
which may favor educational content filtering
but not reflect performance on other important
capabilities.

• Scalability and Computational Requirements
The two-stage filtering process (LLM annota-
tion followed by classifier training) requires
significant computational resources and may
not be easily replicable for researchers with
limited access to large language models. The
reliance on Qwen-2.5-72B for initial labeling
creates a dependency on proprietary models.

• Cultural and Linguistic Bias: The educational
quality criteria adapted from FineWeb-Edu
were originally designed for English content
and may not fully capture the educational
value standards appropriate for Arabic con-
tent across different cultural contexts within
the Arabic-speaking world.
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Figure 1 shows the normalized confusion matrix
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B Seed Classification Prompt

The box shows the prompt used with
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Prompt

Below is an extract in Arabic from a web page. Evaluate whether the page has a high educational
value and could be useful in an educational setting for teaching from primary school to grade
school levels using the additive 5-point scoring system described below. Points are accumulated
based on the satisfaction of each criterion:

- Add 1 point if the extract provides some basic information relevant to educational topics, even
if it includes some irrelevant or non-academic content like advertisements and promotional
material.

- Add another point if the extract addresses certain elements pertinent to education but does
not align closely with educational standards. It might mix educational content with non-
educational material, offering a superficial overview of potentially useful topics, or presenting
information in a disorganized manner and incoherent writing style.

- Award a third point if the extract is appropriate for educational use and introduces key concepts
relevant to school curricula. It is coherent though it may not be comprehensive or could
include some extraneous information. It may resemble an introductory section of a textbook
or a basic tutorial that is suitable for learning but has notable limitations like treating concepts
that are too complex for grade school students.

- Grant a fourth point if the extract highly relevant and beneficial for educational purposes for a
level not higher than grade school, exhibiting a clear and consistent writing style. It could
be similar to a chapter from a textbook or a tutorial, offering substantial educational content,
including exercises and solutions, with minimal irrelevant information, and the concepts
aren’t too advanced for grade school students. The content is coherent, focused, and valuable
for structured learning.

- Bestow a fifth point if the extract is outstanding in its educational value, perfectly suited for
teaching either at primary school or grade school. It follows detailed reasoning, the writing
style is easy to follow and offers profound and thorough insights into the subject matter,
devoid of any non-educational or complex content.

The extract:
<EXAMPLE>.

After examining the extract:

- Briefly justify your total score, up to 100 words.

- Conclude with the score using the format: "Educational score: <total points>"

C Samples of Educational Classes

Data samples from the educational classes are pre-
sented in Tables 5 and 6. English translations of
the same samples can be found in Tables 7 and 8.
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0 1 2 3 4 5
Predicted

0
1

2
3

4
5

Tr
ue

0.14 0.66 0.19 0.01 0.00 0.00

0.00 0.44 0.54 0.01 0.00 0.00

0.00 0.10 0.83 0.07 0.00 0.00

0.00 0.01 0.50 0.47 0.02 0.00

0.00 0.00 0.12 0.69 0.18 0.00

0.00 0.00 0.08 0.62 0.29 0.00

Confusion Matrix
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0.1
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0.7

0.8

Figure 1: Classifier normalized confusion matrix
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Table 5: Samples of educational quality classes. The examples of class 0 were particularly cherry-picked not to
offend or harm the readers as the class covers mostly very harmful and explicit content.
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Table 6: Samples of educational quality classes.
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C
lass0

Details of the assault on a homosexual in Trebek... and the perpetrators included an underage girl!
According to local media sources, the perpetrators include three students at the Trebek Vocational
Training Institute, and a 16-year-old girl studying at a high school in the same area. They forced the
unemployed victim to accompany them to a mountain, where they stripped him of his clothes and
brutally assaulted him, causing him severe injuries. He was then forced to go to the police in Mesrif,
where he filed a complaint against the accused.
The Best Online Casinos for Players in the Arab World Online gambling enthusiasts are looking for
the best online casino games. You can spend some time enjoying these games after a long, tiring day at
work, or if you’re feeling a little bored. Online casino games are so exciting and thrilling that you can
forget about those boring wait times. Accessing these games is no longer a problem like in the past.
The Best Online Casino Sites for May 2021

C
lass1

Made for all factories and importers in Egypt - Made for all factories and importers in Egypt All taxes
are added to the product price and shipping upon completion of the purchase. Notify me when this
product is available: Please notify me when the LR Hypnotic Poison Eau Sensuelle Christian Dior for
women ([alternative]) perfume is available. This is the official, original, sealed version, coming from
the brands and the highest price. This is the original, also original, coming in a white or beige box. It is
written on the box and bottle: "Tester, not for sale." It is flawless and comes from the brands. Its price
is slightly lower than the Master. The perfume is of the same quality as the previous two types in every
way (scent, durability, and sillage). It is without a box. The bottle has shipping and storage defects, as
it is a 90-95% imitation of the original perfume in the concealed box, in terms of appearance, scent,
durability, and sillage. . . .
Product category: Folding Pedals. We are manufacturers. Specializing in folding pedals and bicycle
spare parts from China. Pacific Ocean Factory Suppliers, Wholesale High-Quality Products. From
bicycle components to R&D and manufacturing, we offer perfect after-sales service and technical
support. We look forward to your cooperation!

C
lass2

The Arab Literature Center for Publishing and Distribution has published a book of texts titled "The
Harvest Season of a Woman from Autumn" by Amani Dhafer. "The Harvest Season of a Woman
from Autumn" is a collection of literary texts by an Arab woman who narrates her reality in a few
lines, conveyed without exaggeration by the trust of access. Pages covered in silence and filled with
the language of women alone, these texts are unrelated except for the fact that they share the guilt of
feet and women themselves. The book asks: What makes an Arab woman without immunity write?
Melt into words and soothe truths without compensation! A woman with a syndrome of limitless
dreams and a very dwarfed reality that cannot accommodate both of them together! Most of her dreams
have vanished like the memoirs of a prisoner who will not emerge from his cell with anything but an
epidemic of memory, a lost beginning, and a record of momentum! An Arab woman with a footstep
heavier than those of her gender in the world, preceded by men with great strides without the fairness
of the starting signal. The bet was not on fitness; the starting line was unfair, as their departure was too
late in While the males had already walked a mile of life!. . . .
Foiled attack on Russian embassy in Kabul According to Al-Alam TV, Al-Wasat newspaper website
reports that an attempted attack on the Russian embassy in Kabul has been thwarted. A Mazda vehicle
was spotted near the Russian diplomatic mission building, and according to preliminary information,
the vehicle contained 1,000 kilograms of TNT.
At the same time, there is information indicating that a car bomb was used to storm the embassy. There
is no official confirmation of the information regarding the attempted attack yet.

Table 7: English translation of the the samples of educational quality classes in Table 5. The examples of class
0 were particularly cherry-picked not to offend or harm the readers as the class covers mostly very harmful and
explicit content.
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C
lass3

Did you know that the most difficult battle is the battle of self-defeat? Sayings and Proverbs in Arabic
He who defeats his desires is braver than he who defeats his enemies, because the most difficult victory
is the victory over the self. — Aristotle
A person will not attain happiness unless he develops his faculties and abilities. — Aristotle
We never catch the fox in the same trap twice. — Aristotle
He who defeats his desires is braver than he who defeats his enemies, because the most difficult victory
is the victory over the self. — Aristotle
Hegel was right when he said that we learn from history that it is impossible for humans to learn from
history.
He who knows himself is not harmed by what people say about him. If you become aware of a
Muslim’s fault, then advise him in secret. If you preach to him, do not preach to him while you are
happy to know of his shortcomings, lest he look at you with respect and you look at him with contempt,
and act superior to him with preaching. Let your intention be to free him from the sin while you are
sad, just as you would be sad for yourself if you saw a deficiency in your faith. Leaving him alone
without advising him should be more beloved to you than leaving him alone with advice. If you do
that, you will have combined the reward of preaching, the reward of being saddened by his affliction,
and the reward of helping him in his faith.
Home/Guidelines/How to make your iPhone speak the caller’s name during calls?
How to make your iPhone speak the caller’s name during calls?
The iPhone has a very important feature: speaking the caller’s name when a new call comes in.
Although this feature has been around for years, many users are unaware of its existence or how to
activate it.
There are several reasons why the iPhone’s speaking caller name feature is useful, such as when your
phone is far away or in your pocket, when driving so you don’t get distracted by looking at the phone
screen to see who’s calling, or when wearing Bluetooth headphones. In all these situations and more,
this feature on the iPhone will be of great benefit.

C
lass4

As the days pass, the spread and severity of the novel coronavirus increases. This disease, which has
become a threat to many people in various countries around the world, is transmitted in various ways,
whether through sneezing or touch, making it extremely difficult to control. Here, we note that there
are many preventative steps and measures that help prevent this type of infection, especially during
work.
While working in the workplace, it is essential to adhere to several basic steps that play a fundamental
role in preventing the risk of transmission of the coronavirus. The most important of these are: –
Ensure that hands are thoroughly washed with soap and water, several times a day, as this is an essential
means of eliminating the accumulation of harmful germs and bacteria.
– Avoid touching your eyes, nose, and mouth with unwashed hands, as this further contributes to the
spread of the virus.
– It is essential to avoid any direct contact with those around you at work, and to completely refrain
from hugging and kissing.
To protect your respiratory system from infection, don’t hesitate to wear a mask throughout your time
at work.
Don’t forget to clean and disinfect desk surfaces, computers, and phones used at work, as well as door
handles, as they can be a significant carrier of the virus.
Arab Weather — Scientists at Swansea University and the British Antarctic Survey have confirmed
that one of the largest icebergs ever recorded has broken away from Antarctica, posing a risk to ships
as it disintegrates.
They explained that the iceberg, weighing about a trillion tons and measuring 5,800 cubic kilometers,
broke away from the Larsen C ice shelf in Antarctica between July 10 and 12, according to Reuters.
Adrian Luckman, a professor at Swansea University and principal investigator of Project MIDAS,
which has been monitoring the ice shelf for years, said that the iceberg is one of the largest ever
observed, and its future development is difficult to predict.. . .

Table 8: English translations of the samples of educational quality classes in Table 6.
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