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Abstract

Despite recent significant advances, idioms,
like other forms of figurative language, present
a challenge to natural language processing
(NLP). Benchmark corpora are essential for im-
proving the current models on understanding
idioms. However, such corpora are only avail-
able for a limited set of languages. In this
paper, we introduce our ongoing work on a
benchmark corpus of Turkish idioms. Our cor-
pus is structured for testing both idiom recog-
nition and idiom understanding. The corpus
currently consists of 200 instances with sen-
tences including idiomatic use, their literal
paraphrases, similar sentences with no entail-
ment, and non-idiomatic use of the idiomatic
expressions when possible. We describe the
methodology used to create the corpus, as
well as initial experiments with a selection of
LLMs.

1 Introduction
Idioms are multi-word expressions (MWEs) with
a conventionalized interpretation. The meanings
of idioms cannot be inferred from composition-
ality from the individual words. The correct in-
terpretation of idioms requires familiarity with
the idiom as a conventionalized unit of meaning
within the particular language. Furthermore, many
idiomatic expressions can also be used literally
(Savary et al., 2019), leading to a possible ambi-
guity that has to be resolved based on the context.
Similar to the other forms of figurative expression,
like metaphors, proverbs, and irony, idiom under-
standing necessitates cultural awareness and prag-
matic reasoning beyond compositional semantics
because of their strong dependence on broader lin-
guistic and non-linguistic context. As a result, id-
ioms present challenges for non-proficient speak-
ers, as well as the natural language processing
(NLP) systems (Baldwin and Kim, 2010).

Recent developments in pretrained language

models have significantly improved their perfor-
mance in various tasks related to natural language
generation and comprehension. However, figura-
tive language language understanding remains to
be one of the key challenges even for state-of-
the-art language models (Tayyar Madabushi et al.,
2021; Mi et al., 2025). Measuring and improving
NLP systems beyond current state-of-the-art on fig-
urative language processing requires high-quality
and diverse benchmark datasets. However, the
majority of current figurative language benchmark
datasets concentrate on English or a limited num-
ber of high-resource languages. Although some
multilingual idiom datasets exist (e.g., Tedeschi
et al., 2022; Moussallem et al., 2018), the datasets
for other languages are rather scarce.

In this paper, we present a benchmark corpus of
Turkish idiomatic expressions that can be used to
test idiom recognition, idiom understanding, para-
phrasing, and contextual disambiguation. Each id-
iom in the corpus includes (1) the general form
of the idiomatic expression (IE), (2) the descrip-
tion possibly with examples from a dictionary def-
inition, (3) an example sentence with idiomatic
use of the IE, (4) an example sentence with non-
idiomatic, literal use of the IE, (5) a literal para-
phrase of the idiomatic sentence (entailing (3)),
and (6) a sentence with semantic/surface similar-
ity to (3) without entailment. An example from the
corpus is presented in Table 1. The fields (1) and
(2) were obtained from online dictionaries, while
fields (3)-(6) were created in this study. The pri-
mary objective is to provide a reliable and reusable
benchmark that accurately captures linguistic vari-
ation and authentic usage of idioms in Turkish. Al-
though multiple corpora of idiomatic expressions
exist for Turkish (e.g., Berk et al., 2018; Eryiğit
et al., 2023), these corpora focus on idiom detec-
tion tasks. To the best of our knowledge, a manu-
ally constructed corpus similar to our corpus does
not exist for Turkish. Besides as a benchmark for
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assessing idiom understanding of languagemodels,
the present dataset is also a useful resource for lin-
guistic analysis of multi-word expressions and fig-
urative language use, and for educational applica-
tions.

In the remainder of this paper, we briefly sum-
marize some of the earlier work in the field (Sec-
tion 2), describe the methodology used during cor-
pus creation and provide some statistics on the cor-
pus in Section 3. In Section 4 we present results
on a selection of large language models (LLMs)
for idiom detection and idiom understanding tasks
evaluated on the present benchmark data, before
concluding in Section 5.

2 Related work

Computational study of idioms typically overlap
with studies of multi-word expressions (MWEs),
as well as studies that focus on figurative language.
While computational models of idiom understand-
ing have a long history, the number of studies and
the number of corpora annotated for idiomatic ex-
pressions has recently grown more rapidly (see
Flor et al., 2025, for a recent survey of datasets).

As in other areas of natural language pro-
cessing, many influential datasets are for En-
glish (Cook et al., 2008; Liu and Hwa, 2016;
Stowe et al., 2022; Chakrabarty et al., 2022;
Haviv et al., 2023, e.g.,). Recently, idiom
datasets for other languages, such as Korean (Wang
et al., 2025) and Danish (Sørensen et al., 2025),
and even for truly low-resource languages, like
Nepali (Pokharel and Agrawal, 2025) and Konkani
(Shaikh et al., 2024) have also been published.
Another relatively recent direction is multilin-
gual datasets like AStitchInLanguageModels (Tay-
yar Madabushi et al., 2021) (English and Por-
tuguese), ID10M (Tedeschi et al., 2022) which in-
cludes 10 languages, LIdioms (Moussallem et al.,
2018) which also links idiomatic expressions in the
languages covered. Khoshtab et al. (2025) also
unifies a number of earlier idiomatic expression
datasets, as well as introducing a new one in Per-
sian. None of these multilingual datasets include
Turkish. A recent study creates a Turkish idiomatic
expressions dataset (Kim et al., 2025). However,
the data is not released due to copyright concerns.

There has also been a number of shared
tasks with idiom-related tasks, including FigLang
(Saakyan et al., 2022), and PARSEME (Ramisch
et al., 2018, 2020; Savary et al., 2023) shared

task. PARSEME shared task also features a Turk-
ish MWE dataset (including idioms) which was
created and improved along with the shared task
(Berk et al., 2018; Ozturk et al., 2022). Besides
the PARSEME data, Eryiğit et al. (2023) is an-
other manually created idiom dataset for Turkish.
Like most idiom datasets for other languages, Turk-
ish idiom datasets so far target the idiom (span)
detection task. Our work differs from these cor-
pora as it can be used probing understanding of
idiomatic expressions through entailment, para-
phrasing idioms, or even for idiom generation.
Furthermore, current Turkish idiomatic expression
datasets typically cover a small number of poten-
tially idiomatic expressions (with a large number
of figurative/literal example sentences), while our
aim is to include a large number of diverse poten-
tial idiomatic expressions.

3 Corpus Creation and Corpus statistics

We selected a large set of idioms from a number
of online idiom and proverb dictionaries.1 We re-
moved the proverbs, based on the indication in
each dictionary, and eliminated exact duplicates.
This resulted in 10 970 idioms and their descrip-
tions. Some of the descriptions also include ex-
ample uses of the idiom from literature. Turkish
is an agglutinative language with a wide range of
inflectional and derivational morphology, as well
as a flexible word order. As a result, Turkish id-
ioms often undergo morphological changes, such
as shifts in tense, person, or voice, while retaining
their metaphorical meaning. For instance, the id-
iom burnu sürtülmek shows up as burnu sürtüldü
and burnu sürtülsün in different examples in Ta-
ble 1. The potential variation is much wider, (e.g.,
sürtülmüş büyük burunları ‘their big noses are (ev-
identially) scraped (lit.)’ can also be perfectly fine
in the appropriate context).

Another variation related to the corpus creation
is the potential literal use of the idiomatic expres-
sions. Some expressions are very likely to be used
in their literal meaning (e.g., baskın yapmak ‘to
raid (lit.) / to visit someone unexpectedly (fig.)’),
while others are very unlikely to be used literally
(e.g., burnu havada olmak ‘to have one’s nose on

1The dictionary of Turkish Language associ-
ation (https://sozluk.gov.tr/, Wiktionary
(https://en.wiktionary.org/wiki/Category:
Turkish_idioms), and a Learner’s dictionary of
Proverbs and Idioms (https://www.turkcedersi.net/
deyimler-ve-deyimlerin-anlamlari/).
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Field Example

Form burnu sürtülmek ‘to have (ones) nose scraped (lit.)’
Description Sıkıntı çektikten sonra daha önce beğenmediği bir durumu kabul etmek, gururundan

vazgeçmek. ‘To learn a lesson, accept an (unfavorable) condition after an unpleasant
experience.’

Figurative Sözümüzü dinlemediği için burnu sürtülsün diye bıraktık. ‘Since he/she did not lis-
ten, we left him/her there to teach him/her a lesson.’

Lit. paraphrase Sözümüzü dinlemediği için sıkıntı çeksin diye bıraktık. ‘Since he/she did not listen,
we left him/her there for him/her to suffer (and learn).’

Similar Sözümü dinlemedi ve burnu büyük diye ameliyat oldu ama sonrasından sıkıntı çekti.
‘She/he did not listen to me and had a nose operation, but suffered a lot afterwards.’

Literal Kapıyı yüzüne birden kapatınca burnu sürtüldü. ‘When the door was shut on her/his
face, his nose scraped/scratched.’

Table 1: An example from the corpus.

the air (lit.) / to be arrogant (fig.)’). All idiomatic
expressions in our corpus are MWEs. Most id-
iomatic expressions in the corpus are verbal con-
structions (including nominal object/oblique mod-
ifiers) similar to ones exemplified so far (89%).
However, there are also a number of convention-
alized metaphors like boncuk gibi ‘like a bead’,
or other expressions like boğazına kadar ‘up to
his/her neck (lit.)’ and babasının çiftliği ‘one’s fa-
thers farm (lit.)’. Currently we do not classify the
idiomatic expressions based on any of these varia-
tions.

Ideally, to have a varied benchmark, all the
above-mentioned variation should be considered
while selecting idioms. Unfortunately, many of
these are not quantifiable. As a result, we tried to
balance the frequency of the potential idiomatic ex-
pressions based on their frequency in the Leipzig
web corpus (Goldhahn et al., 2012), and selecting
the first 200 instances we annotate from different
frequency ranges. About 30% of the 200-idiom
corpus is not observed in the corpus, while the
most frequent idiomatic expression occurs 7900
times per million sentences. All 200 idiomatic
forms in the current corpus occur 36 000 times per
million sentences.

After selecting the 200 instances, a researcher
with background in translation studies (the first
author) generated sample sentences following the
guidelines listed below.

• Idiomatic use of the MWE, where we aimed
at natural use of the idiom in typical (infor-
mal) communication settings, where the text
alone is clear enough to signal idiomatic use.

We avoided the use of other idioms in the gen-
erated sentence.

• Literal paraphrase of the sentence, where the
sentence with idiomatic use would entail the
sentencewith the literal use. We avoided para-
phrasing an idiom with another idiom.

• A sentence that is similar to the sentence with
the idiomatic expression, but without an en-
tailment relation – either contradictory with
the idiomatic use or irrelevant.

• Non-idiomatic use of the same MWE. Again,
we avoided the use of other potentially id-
iomatic expressions for this sentence as well.
In a few cases (3 out of 200), a non-idiomatic
use did not lead to a plausible sentence (e.g.,
ayağının pabucu olmak ‘to be shoe of one’s
feet (lit.) / to be worthless in comparison to
someone (fig.)’.

The resulting corpus contains 200 idioms (797
example sentences, and dictionary descriptions).
The length of the sample sentences are approxi-
mately 9 tokens on average.

4 Computational Experiments
In this section we present results of idiomaticity
detection and textual entailment recognition tasks
on a sample of large language models, namely
Google Gemini (Gemini Team et al., 2025), Ope-
nAI GPT 4 (OpenAI et al., 2024), and a number
of smaller open models from the Llama family
(Meta AI, 2024). The models are asked to per-
form binary classification tasks. The first task asks
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Model Detection Entailment

Gemini 2.5-flash 0.609 0.532
GPT-4o 0.594 0.520
Llama-3 70B-Instruct 0.614 0.545
Llama-3 8B-Instruct 0.544 0.517
Llama-3 3B-Instruct 0.521 0.495
Llama-3 1B-Instruct 0.496 0.475

Table 2: Accuracy of idiom detection and entailment
of a selection of LLMs on the current Turkish idiom
dataset.

whether there is an idiomatic expression used fig-
uratively in the given sentence or not. In the sec-
ond task, the languagemodel is given the idiomatic
sample sentence as the premise, and either literal
rephrase or semantically similar non-entailing sen-
tence, and asked whether there is entailment or
contradiction. We prompted each language model
with the simple zero-shot prompts (provided in
Appendix A). Prompts are given to all models in
English. We experimented changing the prompt-
ing language to Turkish, and also including expres-
sions like ‘you are an expert linguist’ as part of the
system prompt. However, the basic prompts pre-
sented in Appendix A worked best for most cases,
with some variation without clear trends. We did
not experiment with few-shot or CoT prompting as
our aim is not to obtain best scores, but assess the
‘understanding’ of the idioms by the languagemod-
els without further aid, similar to what would be
expected in normal language use.

Even though they were asked for a restricted set
of labels, the models, especially the larger ones, oc-
casionally offered their unsolicited reasoning. In
such cases if the first or the last word still was a
valid label, we used it. For a few without an iden-
tifiable label, we read the text and determined the
label manually. We report accuracy as the class dis-
tribution is balanced in both tasks. Table 2 presents
the accuracies of all models we experimented with
in this study.

Larger models perform around 60% of accu-
racy in idiomaticity detection, while smaller mod-
els perform by chance or close to chance level.
There is no noticeable difference between two com-
mercial large language models and 80B parameter
Llama 3. Textual entailment scores are generally
worse, again, smaller models perform at chance
level. Larger models perform better than chance,
but also not much better than a random baseline.

Looking closely at the labels, all models seem to
prefer one of the labels heavily. Larger models
typically prefer the positive answer (‘entailment’
or ‘yes’ to idiomaticity), but smaller models’ la-
bel preference may also vary across different runs.
For the idiom instances that were not found in the
Leipzig corpus, performances of large models also
drop to the level of a random baseline.

5 Conclusions and Future Directions

We presented a fully manually created corpus of
Turkish idioms. The corpus is built on a selection
of potentially idiomatic expressions based on their
frequency, and includes newly-created sample sen-
tences including idiomatic and non-idiomatic uses
of the potentially idiomatic expressions, as well
as literal sentences that is in entailment or contra-
diction relation with the idiomatic sentence. The
information in the corpus can be useful for test-
ing idiom understanding of NLP systems through
textual entailment task, paraphrasing idiomatic ex-
pressions as literal expressions, idiom generation,
as well as idiom identification.

The preliminary computational experiments
show that the current dataset is challenging for
large language models. Even state-of-the-art com-
mercial LLMs seem to do barely above chance
level on the entailment task. We also show that
the performance of the models further decreases
for the low-frequency idioms. This finding is
in line with earlier observations that current id-
iomatic expression datasets lack variety and are
not challenging enough (e.g., Haagsma et al., 2019;
De Luca Fornaciari et al., 2024).

The initial corpus we presented is part of an
ongoing work. We plan to extend the coverage
of the corpus both with respect to the number of
idiomatic expressions, and with respect to sam-
ple sentences for each idiomatic expression. We
also plan to classify the idiomatic expressions fur-
ther, particularly the classes of expressions identi-
fied in linguistics, psychology and translation stud-
ies. These could particularly be interesting in com-
paring human and LM idiom usage or difficulties
(e.g., attributes of idioms like ‘concreteness’ or
‘imageability’ are likely to have different difficul-
ties for humans and LMs). The current version of
the dataset is available at https://github.com/
coltekin/turkish-idioms.
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Limitations
The small size is currently the major limitation of
the dataset, which also affects the reliability of the
results obtained in computational experiments.
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A Prompts

The following are the prompts used for the experi-
ments reported in the paper.
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I will provide you with a
pair of sentences in Turkish
consisting of a premise and
a hypothesis. Is there a
contradiction or entailment
between the premise and
hypothesis? Answer only with
"contradiction" or "entailment".
Premise: [P]
Hypothesis: [H]
Label:

Does the following Turkish
sentence contain an idiom which
is used figuratively? Answer
only with "yes" or "no".
Sentence: [S]
Answer:
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