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Abstract

Although Wikipedia aspires to provide neu-
tral information, alternative versions can be
used for political manipulation. This paper ana-
lyzes how narratives about the Russo-Ukrainian
War are linguistically reframed in a Russian
Wikipedia Fork compared to the original Rus-
sian Wikipedia. Using Kullback-Leibler Diver-
gence on a corpus of war-related edits in more
than 13,000 articles, we identify key differ-
ences between the two versions. While the orig-
inal Wikipedia features Ukrainian references
and administrative details, direct war terminol-
ogy, and Ukraine’s territorial designation, gov-
ernance, and statehood, RWFork replaces or
removes these elements, emphasizing reassign-
ment of Ukrainian territories to Russia, favor-
ing euphemistic war language, renaming loca-
tions, and recognizing Russia-backed DPR and
LPR'. These patterns closely align RWFork
with demobilizational strategies observed in
pro-Kremlin media.

1 Introduction and Related Work

Language, being a powerful tool, can be ma-
nipulated by malicious actors to shape public
opinion. In this study, we examine how pro-
Kremlin propaganda about the Russo-Ukrainian
War is linguistically framed in a Russian Wikipedia
Fork (RWFork) compared to the original Russian
Wikipedia. RWFork, or Ruwiki, is a copy of
Russian Wikipedia created in June 2023 and re-
vised to comply with Russia’s legislation. It was
launched by Vladimir Medeyko, the leader of
Russian Wikipedia editors, who aspired to cre-
ate a Kremlin-aligned alternative to the original
Wikipedia (Cohen, 2023). Despite his denial about
working for the Russian government, RWFork has

'DPR (Donetsk People’s Republic) and LPR (Luhansk
People’s Republic) are self-proclaimed separatist entities in
Donbas that emerged in 2014, supported and recognized by
Russia, which are internationally viewed as Ukrainian territory
under Russian occupation.
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been described as sponsored by the state and selec-
tively edited to remove content unfavorable to the
Kremlin (Roscoe, 2024).

Previous work on manipulative narratives in the
context of the Russo-Ukrainian War has shown
their evolving nature and adaptation to external
events (Gerard et al., 2025a,b; Solopova et al.,
2023). Therefore, RWFork presents a compelling
case study for exploring the development of Rus-
sian propaganda by comparing two versions of
Wikipedia separated by an important historical
event: the start of Russia’s full-scale invasion of
Ukraine.

As our method, we employ Kullback-Leibler
Divergence (KLD; Kullback and Leibler, 1951),
which, as opposed to transformer-based methods,
offers an interpretable way to identify distinctive
linguistic features. KLLD has been established as
a reliable method for detecting language varia-
tion and change, such as in studies by Bochkarev
et al. (2014); Degaetano-Ortlieb and Teich (2019);
Fankhauser et al. (2014); Hughes et al. (2012);
Klingenstein et al. (2014); among others. More-
over, we have previously demonstrated that KLLD
is suitable for detecting divergences in propaganda
strategies between traditional and social media
covering the Russo-Ukrainian War (Vestel and
Degaetano-Ortlieb, 2025). This study extends prior
work by applying KLD to edits in RWFork, thus
adding another text type (Wikipedia) and a di-
achronic dimension (the difference between the
original and changed versions) to the analysis.

Propaganda studies on the Russo-Ukrainian War
have mostly focused on media analysis (Akhynko
et al., 2025; Hein, 2023; Vanetik et al., 2023,
etc.). For instance, Alyukov et al. (2025) exam-
ined the differences between state-controlled tra-
ditional media (such as press and TV) and social
media, showing that the former rely on demobi-
lization by normalizing the war, while the latter
have a more mobilizational character. A prominent
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example of the normalization frame in traditional
media is replacing direct war-related terminology
with euphemisms such as special military opera-
tion (Alyukov et al., 2022; Vestel and Degaetano-
Ortlieb, 2025). A similar trend was found in other
media types, specifically in state-affiliated out-
lets as opposed to independent ones (Park et al.,
2022) and in pro-Russian vs. pro-Ukrainian Tele-
gram channels (Ustyianovych and Barbosa, 2024).
More broadly, Gerard et al. (2025a) have demon-
strated that Russia’s Telegram discourse seems to
be detached from the realities of war, turning atten-
tion towards international responses and economic
repercussions, which also aligns with a demobiliza-
tional strategy. Likewise, Russian bloggers more
frequently focus on international actions instead of
military developments, which is more characteris-
tic of Ukrainian bloggers (Gerard et al., 2025b).

Wikipedia presents another text type, different
from media: while aiming to be a neutral and objec-
tive source of information, it can also serve as a tool
for knowledge manipulation, specifically in its al-
ternative versions such as RWFork (Trokhymovych
et al., 2025). Similarly to the above-mentioned
studies on media propaganda, Trokhymovych et al.
(2025) have shown that direct words like war and
invasion are removed from RWFork. Moreover,
RWFork replaces names of occupied Ukrainian
regions with Kremlin-aligned terms and often re-
moves Ukrainian references and administrative de-
tails (Trokhymovych et al., 2025). Both of these
types of changes can be attributed to the normaliza-
tion frame: the former aims to divert the readers’
attention from the war, whereas the latter tries to
convince them that certain Ukrainian territories
rightfully belong to Russia. Thus, RWFork seems
to employ a demobilizational propaganda strategy,
making it more similar to traditional media in con-
trast to social media.

The current study will test this hypothesis and
not only investigate the divergences between the
original and changed versions of Wikipedia but
also compare the results with prior work on media
analysis.

2 Data and Methodology

Our study uses Trokhymovych et al.’s (2025) RW-
Fork dataset, containing edits from 1.9M page ti-
tles between May and September 2023. We filtered
the data by selecting only the articles from the
three categories of changes involving knowledge

manipulation linked to the 2022 Russian invasion
of Ukraine, namely Territorial Claims Dispute, Ter-
minology Changes Ukraine, and Sanctions Edit
Adjustments (the category labels are assigned to
each article; see the original paper for details). The
resulting data comprised 13,048 articles (100,738
sentences in total). However, at first, we discov-
ered that our data contained duplicated template
sentences, requiring further pre-processing (refer
to Appendix A for details). After removing them,
the total number of sentences decreased to 92,629.
Appendix B contains detailed statistics on the num-
ber of sentences, tokens, and analyzed words for
each version before and after removing duplicates.
KLD is used to measure how much the language
of RWFork diverges from Russian Wikipedia by
quantifying the extra information needed to rep-
resent one probability distribution with the other,
thereby identifying key linguistic features (e.g.,
words) that contribute to the linguistic differences.
For instance, to calculate the KLD of the language
of the original Wikipedia (O), given that of the
changed RWFork (C), we use this formula:

p(feature; | O)

DO | C) = feature; | O) logy —————=
((CAINe)] XL:P( ure; | O) log, p(feature; | C)

We applied KLD (Degaetano-Ortlieb and Teich,
2019) to the RWFork corpus, limiting the scope
to the lemmas of nouns, proper nouns, verbs, ad-
jectives, and adverbs, since these parts of speech
(POS) are most likely to account for substantial
differences in content words between the two ver-
sions of Wikipedia. The results, described in the
next section, are based on the point-wise KLD,
which measures the contribution of each feature to
the overall KLD — high contribution reflects dis-
tinctive features. As opposed to other methods for
detecting linguistic variation, such as the Jensen-
Shannon Divergence, KD is asymmetric, which
makes it well-suited for capturing differences from
distinct perspectives (Degaetano-Ortlieb and Teich,
2019).

Finally, we performed qualitative analysis by
looking at the 50 most distinctive words for each
version. In particular, we manually annotated each
word with a topic it refers to. We drew inspiration
from Trokhymovych et al.’s (2025) taxonomy of
changes to classify the words according to topics,
but the categories are more specific in our case,
allowing for a more fine-grained analysis (see Ap-
pendix C for details). To find out the context around
each word, we performed queries on the dataset us-
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Topic Original | Changed
DPR/LPR recognition 0.00% | 10.00%
non-recognition of DPR/LPR 7.41% 0.00%
occupation/annexation (direct) 9.26% 0.00%
occupation/annexation (euphemism) 0.00% 4.00%
other 3.70% | 10.00%
political figures 3.70% 0.00%
propaganda 1.85% 0.00%
renamed locations 0.00% | 20.00%
sanctions 0.00% 8.00%
territorial designation & governance (Russia) 0.00% | 34.00%
territorial designation & governance (Ukraine) | 18.52% 0.00%
Ukraine’s statehood 12.96% 0.00%
Ukrainian references & administrative details 22.22% 0.00%
war (direct) 20.37% 0.00%
war (euphemism) 0.00% 14.00%

Table 1: Percentages of words with the highest KLD val-
ues for the original and changed versions of Wikipedia
grouped by topic.

ing Sketch Engine? as our corpus exploration tool.
We used the parallel concordance feature, where
the original and changed versions were aligned on
the sentence level®, and examined the most fre-
quent collocates for each word to inform our topic
classification. In cases when a word could refer
to more than one topic, it would receive multiple
category labels.

3 Results

3.1 Opverall Divergence

The overall KLD for the original Russian
Wikipedia is close to 0.684, whereas for RWFork,
the divergence is around 0.415, meaning that 0.269
additional bits are required to encode the former
corpus with the latter. An explanation for this could
be that RWFork is characterized by a more limited
vocabulary, given that it contains many duplicated
sentences (even after removing most of them, there
were still a few template phrases left, as will be
discussed in the next subsection).

3.2 Divergences between the Russian
Wikipedia and RWFork

Figure 1 shows the most distinctive words for the
Russian Wikipedia and RWFork (a list of these
words, their translation into English, and their prob-
abilities can be found in Appendix D). Additionally,
Table 1 summarizes the percentage of words that
belong to different topics in either version.

“https://www.sketchengine.eu/

3Note that only modified sentences were aligned; added
and deleted sentences had empty entries in the Russian
Wikipedia and RWFork, respectively.

About 22% of the words distinctive to the orig-
inal version indicate Ukrainian references and ad-
ministrative details in relation to certain locations
occupied or claimed by Russia; they are often
deleted from RWFork, implying that these terri-
tories are now part of Russia. Examples include
postal, telephone, code, and index, the abbrevi-
ation KOATUU (which translates to "Classifica-
tion of objects of the administrative-territorial sys-
tem of Ukraine"), and links to the website of the
Verkhovna Rada (Supreme Council), Ukraine’s par-
liament (evidenced by the words website, supreme,
council, and Ukraine).

The next most common category of words dis-
tinctive of the original Wikipedia is that of direct
war terminology (around 20%), such as invasion,
war, aggression, and attack, as well as their collo-
cates in phrases like full-scale invasion, someone’s
support for the war, or during the war. These words
and phrases are, for the most part, removed from
RWFork or otherwise substituted with vague terms
such as conflict, military actions, and special mili-
tary operation (the words comprising these expres-
sions are among the top KLLD words for RWFork;
see Figure 1 and Appendix D), as well as Russia’s
politics in relation to Ukraine. It is worth noting
that 14% of the 50 most distinctive words for RW-
Fork are war-related euphemisms or their collo-
cates, making this category the third most common
type of changed Wikipedia content. In a similar
vein, direct words that refer to Russia’s occupation
of Ukrainian territories (e.g., annexation, occupa-
tion, to occupy, to capture) are distinctive for the
Russian Wikipedia, comprising 9% of the top dis-
tinctive KLD words for this version; they are also
mostly deleted or replaced with euphemisms such
as inclusion and entry (into Russia).

Almost 19% of the words distinctive for the orig-
inal version are those indicating the territorial des-
ignation and governance of Ukraine. For instance,
the word for council (transliterated as sovet) and
its collocate rural council, as a form of local gov-
ernment in Ukraine, are either removed or replaced
with a corresponding form of local government in
Russia (okrug). Another example is the word au-
tonomous, which is among the top distinctive KLD
words for the original Wikipedia and is often part
of the phrase "Autonomous Republic of Crimea",
as this is its official name according to the adminis-
trative division of Ukraine. After Russia annexed
the peninsula in 2014, it renamed the territory to
"Republic of Crimea", leaving out the word "au-
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Figure 1: Top 50 words with the highest KLD values for the original (left) and changed versions (right). Size
accounts for KLD values, and color indicates frequencies from higher (red) to lower (green).

tonomous", which suggests its belonging to Russia.
Therefore, this word was mostly deleted from the
republic’s name in RWFork.

A few words (approx. 13%) among those most
distinctive for the Russian Wikipedia refer to the
territorial statehood of Ukraine (such as territorial,
integrity, sovereignty, and independence). They are
mostly mentioned when talking about Russia’s vio-
lation and disruption of Ukraine’s statehood (hence,
the words violation and to disrupt also have a high
contribution to the language of the original version),
and these phrases are almost always removed from
RWFork.

More than one-third of the top distinctive KLLD
words for RWFork (34%) indicate the territorial
designation and governance of Russia (including
the so-called DPR and LPR, since they are backed
by Russia). A lot of these words turned out to be a
case of a few more template sentences that were du-
plicated in different articles and were not initially
detected. These sentences state that before the year
2014 or 2022, a certain village was part of an oc-
cupied Ukrainian region; that since spring 2014,
it has belonged to the DPR; or that since August
2022, it has been part of a city or municipal coun-
cil of Kherson Oblast. These phrases contributed
numerous words to the RWFork word cloud, such
as village, year, spring, August, municipal, etc.,
implying that the specified territory now belongs to
Russia. Such framing indicates territorial control
over certain locations in the self-proclaimed DPR,
as well as villages in Kherson Oblast captured by
Russia during the full-scale invasion.

Furthermore, 20% of the top distinctive KL.D
words for RWFork are Ukrainian territories con-

trolled or claimed by Russia that have been re-
named by the Russian government. This is often
the case of administrative reorganization, when
the borders of certain regions or districts are re-
drawn to their previous state during the Soviet
regime, and their names are changed accordingly.
A prominent example is Krasnoarmeysk, a former
district in Donetsk Oblast partially occupied by
Russia, which, according to the Ukrainian admin-
istrative division, is now part of Pokrovsk Raion
(district). "Krasnoarmeysk" literally translates to
"Red Army", and it was the Soviet name of the
district (and its capital city) up until 2016, when it
was renamed as Pokrovsk Raion by the Ukrainian
government in the process of decommunization; in
2020, it was enlarged to include a few territories
of other neighboring districts. By renaming certain
locations in this way, the editors of RWFork aim
to promote the narrative that they have inherently
belonged to Russia.

Finally, the language of RWFork clearly indi-
cates the recognition of the self-proclaimed DPR
and LPR, as 10% of the most distinctive words
for the changed version are related to those re-
gions. These words are LPR, Luhansk (or Lu-
gansk, if transliterated from Russian), Donetsk,
people’s, and republic. On the contrary, the origi-
nal Wikipedia does not recognize these republics,
which is evidenced by some words with high
KLD values for this version. These include self-
proclaimed and separatist, as well as control and
to be controlled (in sentences like "[This territory]
is controlled by the self-proclaimed DPR/LPR").
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3.3 Discussion

By comparing our results with other studies on pro-
paganda about the Russo-Ukrainian War, we have
observed many similarities between the language
of RWFork and that of traditional, state-affiliated,
and pro-Russian media. The most remarkable ex-
ample is that direct war-related terminology is of-
ten deleted (as was also noted by Trokhymovych
et al., 2025) or replaced with vague euphemistic
expressions, a pattern found by Alyukov et al.
(2022); Park et al. (2022); Ustyianovych and Bar-
bosa (2024); Vestel and Degaetano-Ortlieb (2025).
This, and the fact that the words war, invasion, ag-
gression, etc., are removed more often than they are
substituted, points to a demobilizational strategy
frequently employed by traditional media (Alyukov
et al., 2025). Moreover, by renaming Ukrainian lo-
cations, deleting any references to Ukraine, and
recognizing Russia-backed DPR and LPR, the au-
thors of RWFork seek to convince the population
that these territories have been historically part of
Russia. These changes point to territorial control
propaganda, which also reflects the normalization
frame of the demobilizational approach, and the
same trend was found to be distinctive for tradi-
tional media as opposed to social media in our pre-
vious study (Vestel and Degaetano-Ortlieb, 2025).

These findings reveal that studying propaganda
in alternative versions of Wikipedia, such as RW-
Fork, is equally important to media research. The
encyclopedic style of RWFork gives it a certain
degree of credibility as opposed to media sources,
and the demobilizational strategies employed in it
are a more subtle propaganda technique than mo-
bilization. Therefore, ordinary users might rely on
RWFork as an objective source of information with-
out questioning its validity or suspecting possible
manipulation. For example, while someone might
not be searching for the news on purpose but stum-
bles upon an article about a certain town or village,
they might see the location marked as "Russia" and
not realize that this is Ukrainian territory occupied
by Russia as a result of the invasion.

4 Conclusion and Future Work

By employing KLD to compare the two versions
of Russian Wikipedia, we have identified key
linguistic features that distinguish propagandistic
rhetoric in war-related narratives. Specifically, the
language of the original version is characterized
by Ukrainian references and administrative details,

Ukraine’s territorial designation, governance, and
statehood, as well as direct terminology for the war
and Russia’s occupation or annexation of Ukrainian
territories. In contrast, RWFork focuses on Russia’s
territorial designation and governance, renaming
Ukrainian locations, euphemistic framing of the
war, and recognizing the self-proclaimed DPR and
LPR. In addition, we discovered that the language
of RWFork aligns closely with pro-Kremlin pro-
paganda spread in pro-Russian, state-affiliated, or
traditional media, as opposed to the original ver-
sion. This is evidenced by the efforts to downplay
the war and the focus on territorial control, which
point to a demobilizational strategy. Overall, our
work sheds light on how propaganda is construed in
political environments and enhances reproducible
computational techniques for its detection.

In the future, we will expand our set of linguis-
tic features (e.g., dependency relations) to investi-
gate more subtle propagandistic framing. Further-
more, we aim to extend this study by applying other
methods to the dataset, such as surprisal (Shan-
non, 1948), which models the (un)expectedness of
words in particular contexts to capture more nu-
anced local linguistic changes. Finally, for a more
fine-grained analysis and classification into differ-
ent propaganda techniques, such as those proposed
by Da San Martino et al. (2019), a comprehensive
study of evaluative language is needed; this can
be informed by word embeddings (Mikolov et al.,
2013), which will allow us to model semantic di-
vergences between the two versions of Wikipedia.
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A Duplicated sentences

During the initial analysis, we observed that 52%
of the top KLD words for RWFork came from only
three template sentences used throughout various
articles about different Ukrainian locations occu-
pied or claimed by Russia. These sentences exhib-
ited changes in territorial designation and gover-
nance, asserting that, according to an agreement
between a certain Ukrainian region and the Rus-
sian Federation, the specified location belonged to
Russia; that the Ukrainian authorities disputed this;
and that Ukraine exercised de facto control over
this territory. Examples of words that stem from
these sentences and have a high contribution to
the language of RWFork are agreement, to dispute,
and de facto (see Figure 2). A possible explanation
for the repetition of these template texts is that a
significant share of RWFork’s editorial work may
have been carried out by paid staff (Trokhymovych
et al., 2025). If this is the case, the RWFork contrib-
utors might have received certain guidelines that
prescribed inserting these sentences in multiple ar-
ticles to unify RWFork’s content across different
pages. This can be regarded as a specific type of
information manipulation: for instance, a study by
Da San Martino et al. (2019) showed that repetition
was the third most common strategy within a fine-
grained taxonomy of 18 propaganda techniques.
Since the duplicated sentences impacted our
KLD results to such a great extent, we decided
to remove them and rerun the experiment. The mo-
tivation behind this was the fact that we wanted to
analyze how propaganda is framed linguistically
compared to the original Wikipedia version, and
the duplicated content accounted mostly for ex-
tralinguistic factors, therefore overshadowing more
meaningful features that might point to certain ma-
nipulative strategies. After deleting the duplicates,
we saw that 80% of the top 50 words distinctive
for the original Wikipedia were the same as in the
initial setup of the experiment, but the overlap be-
tween the 50 words with the highest KLLD values

for RWFork with and without the repeated template
sentences was only 58%.

B Descriptive statistics of the data

Table 2 shows the number of sentences, tokens,
and POS-filtered target words used in our analy-
sis for each version and in total, both before and
after removing the duplicated template sentences
discussed in Appendix A. The number of articles
reported in Section 2 is the same for both versions.

C C(lassification of topics

Below is a detailed taxonomy of topics, expanded
from the three initial categories of changes related
to the Russo-Ukrainian War, which were proposed
by Trokhymovych et al. (2025). Apart from mak-
ing the three clusters more specific, we add more
categories (under "Other"). In addition, we differ-
entiate between a pro-Russian and a pro-Ukrainian
stance by separating direct terminology from eu-
phemisms, as well as discriminating between the
language that does or does not recognize the DPR
and LPR and the phrasing that supports Russia’s or
Ukraine’s claim on a territory.

* Territorial Claims Dispute

— DPR/LPR recognition

— non-recognition of DPR/LPR

— renamed locations

— territorial designation and governance
(Russia)

— territorial designation and governance
(Ukraine)

— Ukrainian references and administrative
details

* Terminology Changes Ukraine

occupation/annexation (direct)

occupation/annexation (euphemism)

war (direct)

war (euphemism)

* Sanctions Edit Adjustments

— sanctions

e Other

— political figures

— propaganda

— Ukraine’s statehood
— other
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Figure 2: Top 50 words with the highest KLD values from the original analysis for the Russian Wikipedia (left) and
RWFork (right). Size accounts for KLD values, and color indicates frequencies from higher (red) to lower (green).

4 Before deduplication After deduplication
Original | Changed Total Original | Changed Total
Sentences 59,648 41,090 100,738 59,648 32,981 92,629
Tokens 859,234 | 632,051 | 1,491,285 | 859,234 | 477,274 | 1,336,508
Words analyzed | 517,696 | 409,322 | 927,018 | 517,696 | 298,291 | 815,987

Table 2: Descriptive statistics of the data used for the analysis.

D Top 50 KLD words

Table 3 includes a list of 50 words with the high-
est KLD values, their translation into English, and
their probabilities for the original and changed ver-
sions of Wikipedia. Note that to translate the names
of Ukrainian locations, we did not use their offi-
cial translations from Ukrainian into English but
transliterated them from Russian into Latin script,
since many of them are the ones that have been re-
named (see Section 3.2); others, like Zaporozh’ye
instead of Zaporizhzhia, have also been transliter-
ated and not translated for consistency. However,
Luhansk in the word list for the original Russian
Wikipedia was translated in this way because this
word was originally in Ukrainian (it appeared as
part of an address), while its Russian-to-English
transliteration, Lugansk, can be seen in the word
list for RWFork, since in this version it was spelled
in Russian. At the same time, most of the locations
are adjectives used in the names of regions (e.g.,
Kherson Oblast), so we transliterated the city or
town their names come from. The repeated word
Chaplynka (name of a region) is a result of a pars-
ing error when different word forms were not rec-
ognized as the same lemma. Finally, abbreviations
that have not been mentioned in the paper are ex-
plained in parentheses.
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s translation kid2 2 ] translation kid2 p1 p2
BTOPHEHNE invasion 0.086060169| -0.000542759| 0.011774726) 7.42601E-05] HapOAHLI people’s -0.006554873 0038029752 0.002584231) 0.014893069
Koa code 0.040382951| -0.001003039| 0.007576064, 0.000188129| pacnybnika republic -0.011293984 0032744543 0.007354291 0.021322227]
Koaryy koatuu 0.032426735| -0.000178471| 0.00432048 2 37791E-05] BOEHHEI military -0.006373767 0.030521043 0.002820782 0.013507388
ykpanHa ukraing 0.031051865 -0.018145495 0.040063383 0.023411474 neiictane action -0.005416492 0.027148564  0.002329228 0.011674566
VHAEKC index 0.020182594| -0.000198151] 0.003025711) 2.97062E-05| ceno village -0.012863659 0.024819316 0.013566939 0.026176233
caift website 0.020110603] -0.001344424  0.005152738 0.000344463| rog year -0.012912389 0.017643704  0.028668868 0.039173622
paga council 0.018103583| -0.001330889) 0.004807351) 0.000353414] paiioH raion -0.010701834 0.016946686 0.016137995 0.025555017]
BEPXOBHBI supreme 0.016541175| -0.001630482 0.00494846) 0.000487775) BX0AWTH be part of -0.003767267 0.01007444 0.002654669 0.007099128
TeneoHHLI telephone 0.015244526/ -0.000608512) 0.003280607 0.000130951 oKpyr okrug -0.001425247 0.009956661 0.000508209 0.003550307]
poccha russia 0.013438068 -0.007987493| 0.017905223 0.010642738| cocTae composition -0.003387915 0006511743 0.003594048/ 0.00690794
nouToBkIi postal 0.01141654, -0.000860441) 0.003060813  0.000230687] XEPCOHCKMI kherson -0.003165557 0.006157423 0.003297911 0.006414869
TepPUTOPHANLHBIA territorial 0.010842433| -0.002122099| 0.004607674, 0.000901822, noHewAi donetsk -0.004173868 0.005775763 0.008906531) 0.012324867]
GHHEKCUA annexation 0.009574253| -3.04384E-05) 0.001153924) 3 66855E-06) faHHbIM data -0.001425812 0005676612 0.000715322| 0.002847923
BoiiHa war 0.009325456, -0.002248677 0.004544352 0.001095794 nocénox village -0.002631359 0.004569797 000330439 0.005738629)
caMonpose3rnaweénHbli | self-proclaimed 0.003389039 -0.000312659 0.00176766 6.58805E-05] NHp lpr -0.001559755 0.004148277 0.001105274, 0.002939554
coser sovet 0.008257453 -0.003712976 0.007160961) 0.003219936| 3aN0POXCKMI zaporozh'ye -0.002244964  0.004000972 0.002692907  0.004799295
Lenexne division 0.006969798 -0.000601835) 0.001972392 0.000170314] MYHHLMNANEHE municipal -0.000874695 0.003969679 0.000400837 0.001819142
nyraHceka luhansk 0.006099984] -1.9393E-05| 0.000735193) 2 33732E-06| ropoackoi city -0.002108014) 0003279932 0.003305228/ 0.00514272
POCCHACKAR russian 0.005500208 -0.003841097| 0.010618824  0.007415708] nyraHckui lugansk -0.002294771 0.003054| 0.005565111) 0.007406337|
LenocTHOCTL integrity 0.005355526  -0.000634959  0.001740903 0.000206404] CaHKLMOHHBI sanctioned -0.00167688) 0.002443285| 0.003087931 0.004499247]
YRpANHCKDIA ukrainian 0.00518336 -0.001723558 0.003263059 0.001085025 CrMCoK list -0.00168797  0.00237826  0.003412674) 0.004808279
nogepiia support 0.004810887| -0.001659934| 0.003133767, 0.001081266| Hauano start -0.001418093  0.00225028 0.002128781 0.003378025
arpeccus aggression 0.004757816/ -0.00040701) 0.001341302 0.000114742| Tn type -0.001093081) 0.002243565 0.001053681 0.002162695
a P i 0.004329221) -0.001950613| 0.003763952 0.001695921 BOMLHAHCKOM volnyansk -4.59238E-05 0.002031891 8.39951E-06/ 0.000371635
CensCcKuil rural 0.00406735 -0.002547075 0.006023492 0.003772059 OTHOWeHMe relation -0.000930081) 0.001721122 0.001047481 0.001938371
OKKyNMpoBaTe occupy 0.00378714| -0.000346861 0.001098143  0.000100573 KpacHoapmeickmit krasnoarmeysk -0.000131614 0.001709402 3.55801E-05 0.000462113
Hacenexne population 0.003690449| -0.001834607| 0.003659979  0.00181948| mo mo (municipal okrug) -0.000115489 0.001702974 2.97482E-05) 0.000438659
BYR street 0.003683599| -6.92844E-05) 0.000642588 1.20864E-05] apTémosckuii artemavsk -0.000190333) 0.001667124) 6.07942E-05/ 0.000532497]
HapyLEHle violation 0.003450644| -0.000517941] 0.00126811) 0.000188162| KM km -0.000998368 0.00160618  0.001455371) 0.002341407]
OKKynaLua occupation 0.003377183 -0.000146988) 0.000746826, 3.25047E-05) nocenexue settlement -0.001016529 0.001601508 0.001550107 0.002442143
KOHTPONL control 0.003344609| -0.001133892| 0.002143218 0.000726596| CheumansH.ii special -0.00050051,  0.00151948| 0.000312408  0.000946427|
poccuiicko russo- 0.002968045| -0.001009512| 0.001307661) 0.000648847| OTHOCHTBCH belong -0.000893753) 0.001452661) 0.001275423 0.002073009

diaray lassifi 1 0.002898066/ -0.000105284| 0.000605943 2 20133E-05] KPaCHOMHMaHCKOM krasnyy liman -1.51591E-05  0.001398687 2 32226E-06/ 0.000214268
Bpema time 0.002808515| -0.001581546| 0.003389995 0.001908993] asryct august -0.000725937) 0.001321208 0.000840261 0.001529278
obnacTe oblast 0.002346483| -0.002118394] 0.01590522 0.014359159) onepayna operation -0.000607059 0.001311385 0.000546318) 0.00118017]
BBTOHOMHEIR autonomous 0.002212086  -0.001023394) 0.001989203 0.00092028 UNCNBHHOCTE number -0.000349115| 0.00122901| 0.000192273| 0.000676871
nojpeIgare disrupt 0.0021831) -0.000176371/ 0.000602133 4.87838E-05) NpUCoeaHHEHHE inclusion -0.000545074) 0.001178221) 0.000490137  0.00105947]
CYBEPEHNTET sovereignty 0.002001847| -0.000406664  0.000870586/ 0.000176855] thespans february -0.000995856) 0.001170766, 0.004265949/ 0.005015209
obn obl (oblast) 0.001888448| -0.001187279] 0002820506 0.001773269] aneKcaHpoBCKHi aleksandrovka -0.000475038  0.001097101) 0.000393379, 0.00090851
Tak 50 0.001827927| -0.000800015] 0.001533354) 0.000671091 BONOAAPCKAI volodarskoye -9.98626E-05 0001042632 2 8509E-05/ 0.000308093
NYTUH putin 0.001819609| -0.001051689] 0.002300623 0.001329704| YannkIHCKNi chaplynka -1.89641E-06 0.001034915 2 08579E-07 0.000113827]
HE3aBUCUMOCTL independence 0.001639769| -0.000499208| 0.000955699, 0.000230951 cusa usa -0.000751359 0.000877845 0.003347352| 0.003310855
KOHTPOMMPOBareCA be controlled 0.001490477| -9.70816E-05/ 0.000378252 2.46373E-05] MYNAANONECKOM gulyaypole -5.5183E-05/ 0.000863695 1.39062E-05/ 0.000217653
YCTpoACTBO structure 0.001446351) -0.000227786) 0.000542382 8.54199E-05) BXOHAEHNE entry -0.000160475 0.000859995 6.6258E-05 0.00035508
3axeaTiTs capture 0.001418415| -0.000274318| 0.000598397 0.000115728] KyWiBLILeBCKNi kuybyshevo -0.000119403' 0.000818604 4.29919E-05/ 0.000294745
nponaranga propaganda 0.001383671] -0.00022417| 0.000526945 8.53708E-05| BeCHa spring -0.000341452) 0.000806923 0.000275199/ 0.000650352
CenapatmctT separatist 0.001332055  -0.000120349] 0.00038406 3.46992E-05| YannkIHCKoM chaplynka -1.29288E-05) 0.000796045 2.17503E-06/ 0.00013392
NONHOMACWITABHbI full-scale 0.001315102] -0.000150678| 0.000420747, 4.82071E-05] ropoa city -0.00067337 0.000763929) 0.003699068| 0.004196538
HanajeHne attack 0.001310835| -0.000208434| 0.000494129 7.85708E-05] KOHAMET conflict -0.000531337  0.00074783 0.001077562 0.001516642
pih I (russian federation) 0.001277267| -0.000861606/ 0.002248867, 0.001517017] 3HaYEHHE significance -0.000396116  0.000733817 0.000445326/ 0.00082498

Table 3: The 50 most distinctive words for the original (left) and changed versions (right), together with their
English translations and respective probabilities ("p"); "kld1" and "p1" are used for the Russian Wikipedia, while
"kld2" and "p2" represent values for RWFork.
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