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Abstract

High quality summarization data remains
scarce in under-represented languages. How-
ever, historical newspapers, made available
through recent digitization efforts, offer an
abundant source of untapped, naturally anno-
tated data. In this work, we present a novel
method for collecting naturally occurring sum-
maries via Front-Page Teasers, where editors
summarize full length articles. We show that
this phenomenon is common across seven di-
verse languages and supports multi-document
summarization. To scale data collection, we
develop an automatic process, suited to varying
linguistic resource levels. Finally, we apply this
process to a Hebrew newspaper title, produc-
ing HEBTEASESUM, the first dedicated multi-
document summarization dataset in Hebrew'.

1 Introduction

Recent studies suggest that the task of summariza-
tion in English may be already solved, or even
“(almost) dead” (Pu et al., 2023; Zhang et al., 2024).
However, this is not the case in the vast majority of
world languages, which suffer from lack of acces-
sible, high-quality summarization datasets (Dahan
and Stanovsky, 2025). Collecting high-quality sum-
marization data is hard: human annotation in sum-
marization is particularly challenging (Varab and
Schluter, 2021), while automatic data collection
methods depend on the availability of web con-
tent, which is frequently limited in low-resource
settings (Joshi et al., 2020).

In this work, we observe that print newspapers
contain organic, high-quality summarization data.
In particular, we leverage front-page teasers, short
blurbs written by professional editors describing
one or more articles appearing inside the issue (Utt
and Pasternack, 1989), as illustrated in Figure 1.
We will show that front-page teasers constitute
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Figure 1: Newspaper’s front-page teasers are a natural
source for high-quality, expert-written summaries of full
articles appearing inside the paper. We show that they
are common across languages, and lend themselves to
straightforward data collection.

high-quality, expert-written summaries, which are
abundant in a range of languages.

We begin by demonstrating that front-page
teasers can be collected in a simple, two-step pro-
cess, and show that they are widely available by
collecting data in seven diverse languages. Fur-
thermore, we validate the suitability of teasers
as summaries through expert annotation, which
found them to be high quality and consistent with
the source document. Interestingly, we find that
front-page teasers are also a rich source for multi-
document summarization, when a single teaser
summarizes several news stories.

Following, we use front-page teasers to evalu-
ate state-of-the-art LLMs on summarization across
diverse languages. We find that LL.Ms struggle to
fully cover all of the information in the gold sum-
mary. Moreover, performance disparities between
models are significantly larger in lower-resource
languages, underscoring the need to curate high-
quality datasets in these settings.

Finally, we show that front-page teasers are also
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Figure 2: Front-Page Teasers are common in a variety of languages. Highlighted text shows the reference to
relevant pages where the corresponding articles can be found, and serves as a useful signal for identifying summaries.
From Left-to-Right: teasers from Rana Blad (Norway), Fréttabladid (Iceland) and Stampa Sera (Italy). Links to

newspapers and translations are in Appendix A.

a source for large scale evaluation or fine tuning.
Using a simple heuristic over a large corpus of
Hebrew print newspapers, we create HEBTEAS-
ESUM, the first dedicated summarization dataset
for Hebrew which supports multi-document sum-
marization, totaling 7,774 samples.

To conclude, we make the following contribu-
tions:

* We introduce a novel approach for building
summarization datasets, using untapped natu-
rally annotated data of historical newspapers.

* We show that our approach is applicable to
many languages and supports model evalua-
tion across varying linguistic resource levels.

¢ We release a multi-document summarization
dataset in Hebrew, created using our proposed
approach.

2 Background

In recent years, extensive efforts have been made
to digitize historical newspapers, making them in-
creasingly accessible for NLP research. In this sec-
tion, we describe this growing resource and clarify
the journalism terminology used in this work.

Extensive Digitization Efforts. National Ii-
braries worldwide preserve collections of histor-
ical newspapers in many languages (Beals et al.,
2020). The U.S. Library of Congress alone curates
texts in 36 languages, including native languages
considered to be endangered (Zhang et al., 2022).
Similar multilingual newspaper archives can be
found across Europe as well as in national libraries
of at least 163 countries (Haneefa and Jiji, 2019).
These newspapers are becoming increasingly ac-
cessible to researchers due to vast digitization and
open access efforts. In 2015, it was estimated that

there are more than 45 thousand digitized news-
paper titles, while the actual number may be sig-
nificantly higher (Kettunen et al., 2020). This is
especially important for low resource languages, as
many of them have minimal web presence (Joshi
et al., 2020).

Moreover, recent advances in OCR models such
as Mistral OCR and improved post-correction meth-
ods (Thomas et al., 2024) give hope for overcoming
past challenges in using this valuable data, espe-
cially the problems caused by errors in text recog-
nition and segmentation (Dell et al., 2023).

Terminology. We define the key terms we use
in this work. Newspaper titles refer to publica-
tions such as “The New York Times” or “The Daily
Mail”, while an issue refers to a specific edition
of a newspaper title, for example, the issue of The
New York Times that came out on January 1st,
1990. We refer to the short text appearing on the
front page and pointing to an article on a different
page within the issue as a front-page teaser. These
are also known as ‘lead-in’ or ’synopsis’ (Utt and
Pasternack, 1989). Front page teasers are different
from leads of articles sometimes appearing on the
front page, that contain the beginning of an article
and point the reader to its continuation elsewhere
in the issue.

3 Front-Page Teasers are Common,
High-Quality Summaries

In this section, we describe our approach to ex-
tract a summarization dataset given a collection of
printed newspapers. We conduct human evalua-
tion performed by domain experts, to demonstrate
front-page teasers high quality. Then, we show
the organic front-page summaries heuristic holds
across several languages with various levels of re-
sources, and naturally supports multi-document
summarization.
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Figure 3: Our approach for extracting a summarization dataset from printed newspapers. We first find teasers
and corresponding page numbers on the front page based on newspaper-specific keywords (e.g., “Full articles on
Pages 8-9”). Then, we turn to these pages and find the articles most relevant to the content of the teaser, thus

resulting in (teaser summary, relevant articles) pairs.

3.1 Constructing Summarization Data from
Teasers

Newspapers often provide readers with front-page
teasers, summarizing the main points of one or
more articles in the issue, see Figure 2 for examples.
These teasers have been popular for at least the last
50 years (Utt and Pasternack, 1989). Driving our
work is the observation that front-page teasers are
high-quality, multi-document summaries which can
provide valuable signal for low resource languages.

To collect a dataset reflecting that observation,
the process consists of two steps, as shown in Fig-
ure 3: First, identifying the teasers, and second,
matching them to the articles to which they point.

Identifying front-page teasers is a simple pro-
cess that requires determining the key terms each
newspaper title uses to indicate that a full story is
available in the issue. For example, teasers often
end with a phrase like “page 5”, indicating where
the full article appears.

The second step, after identifying the front-page
teasers, is to turn to the relevant pages to locate the
full articles related to it. This step is more chal-
lenging than the first, for several reasons: First, the
teaser and the article often have different headlines.
Second, the same page may contain articles on sim-
ilar topics. Finally, we find that front-page teasers
rarely mention how many articles the summary
supports. Nevertheless, a careful reading allows
readers to identify the relevant articles.

Following these two steps produces a collection
of articles and the teasers summarizing them in an
abstractive and organic manner.

3.2 Human Evaluation

To assess front-page teasers’ suitability as sum-
maries, we conduct human evaluation by two do-
main experts, each with over five years of experi-
ence in journalism. Their analysis, detailed in this
section, showed that teasers are generally of high
quality, with length serving as a useful indicator.
Results are presented in Table 1.

We randomly select 400 samples from the He-
brew newspaper used in our dataset along with 836
corresponding articles. For a meaningful evalua-
tion, we divide the teasers into four groups based
on length and ensured an equal number of samples
(100) from each category. A translated example for
each of the categories is provided in Appendix B.

We follow Fabbri et al. (2021) to score each
teaser according to four metrics: (1) Coherence,
measuring how well the sentences in the summary
fit together and whether they sound natural; (2)
Consistency, measuring whether the facts in the
summary are consistent with the facts in the ar-
ticle; (3) Fluency, measuring the quality of each
sentence individually and (4) Relevance, measuring
how much of the important information appears in
the summary.” Results are presented in Table 1.
To measure inter-annotator agreement, the annota-
tors overlapped on 100 teaser annotations (25 per
category), achieving a Krippendorff’s alpha (Krip-
pendorff, 2018) of 0.74, an agreement level often
achieved in similar tasks (Antoine et al., 2014).

All length categories achieved high scores in

2 Annotator guideline can be found in Appendix C
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Len. \ Coherence  Consistency Fluency Relevance
0-25 4.31 4.75 4.36 3.29
25-50 | 447 473 4.74 3.90
50-100 | 4.63 4.68 491 4.20
>100 4.88 432 4.98 4.30

Table 1: Average teaser scores provided by domain
expert annotators. “Len.”” denotes teaser length (in
words). Relevance increases with teaser length while
other scores are generally high.

fluency and coherence, as they were written by
professional editors to be featured on the front-
page. The most common cause of score reductions
in these metrics was the use of “bullet style” sen-
tences, which, while grammatically correct, were
perceived as less natural by our annotators.

Moreover, the teasers were found to be consis-
tent with the source document. In all length spans
we found that front-page teasers contain informa-
tion that is present in the source articles. This
serves as a valuable indicator of the quality of
teasers as summaries, especially given that web
sourced summaries from the news domain were
previously found to contain information that does
not appear in the articles they are based on (Te-
jaswin et al., 2021). The difference may lie in
the fact that, while web-scraping heuristics extract
parts of the article (such as the first sentence or the
title) to be used as summaries, teasers are intended
to be read independently from the news article as
they appear on a different page.

The Relevance score exhibited the highest score
variance, with length influencing how much of the
important information is included in the teaser. In
both the under-25-word and under-50-word cate-
gories, the main relevance issue raised by the an-
notators was that the summary omitted some infor-
mation from the source, accounting for 70% of the
explanations for scores below 4. This is an inher-
ent challenge of very short summaries. The second
most common issue in these length categories was
that the teaser consisted primarily of a significant
quote from the document (11% of the explanations
given in scores below 4). Quotes often highlighted
only a few key aspects rather than the full content.
This was particularly problematic in the shortest
teasers (under 25 words), where the quote could
comprise all or most of the teaser.

3.3 Front-Page Teasers are Common in a
Wide Range of Languages

We show that front-page teasers are a widespread
phenomenon by collecting summary-article pairs
in seven languages from diverse families as shown
in Table 2.

We leverage digitization efforts to select a news-
paper title for each language, ensuring we can ac-
cess full scans and navigate between pages. We
then collect summary-article pairs by manually
matching front-page teasers to their corresponding
articles, until we reach 30 summaries per language,
following Shaib et al. (2024), which found that
such sample size could be sufficient to compare
model performance on news summarization.

Matching teasers to articles enables systematic
data collection for a wide range of languages. On
average, nine issues per title are needed to collect
30 samples, highlighting both the abundance of
untapped, naturally annotated data and the manage-
able effort required to gather sufficient data. More-
over, all newspaper titles featured multi-document
summarization, when the teaser summarized sev-
eral articles. Appendix A details titles and dates.

In Table 2, we report the level of abstraction in
the collected data using the common novel n-gram
ratio (Narayan et al., 2018), which measures the
percentage of n-grams that appear in the front-page
teasers but not in the corresponding article. We also
report the compression ratio, comparing the length
of the teaser to that of the article. In the next sec-
tion, we use this data to evaluate the performance
of state-of-the-art LLMs in summarizing diverse
languages against organic, challenging data.

4 Experiments

We use the manually collected front-page teasers
data to evaluate the performance of state-of-the-art
LLMs on news articles in seven languages. Below,
we present the metrics we use to assess summary
quality, then describe our use of LLLM-as-a-judge
to evaluate some of these aspects. We then report
our findings, presented in Table 3.

4.1 Metrics and LLM-as-a-Judge

We report ROUGE-1, ROUGE-2, and ROUGE-
L (Lin, 2004) to measure overlap between gen-
erated summaries and gold references, a practice
that remains common in summarization evaluation
(Gao et al., 2025; Li et al., 2024). ROUGE is lim-
ited to textual overlap so we additionally report
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Language  Res.* Title Comp.** Novel n-grams % Multi-doc***
1 2 3 4
Norwegian® 1 Rana Blad 0.51 036 0.64 0.75 0.80 13%
Icelandic 2 Fréttabladid 0.83 041 0.63 0.72 0.76 6%
Estonian 3 Eesti Paevaleht  0.67 059 0.78 0.85 0.90 3%
Greek 3 Kathimerini 0.61 0.56 0.85 094 0.97 16%
Hebrew 3 Hadashot 0.84 049 0.74 0.84 0.89 26%
Italian 4 Stampa Sera 0.79 036 0.60 0.69 0.74 3%
Polish 4 Dziennik Polski  0.72 0.38 0.58 0.65 0.70 30%

Table 2: Characteristics of the summaries collected across languages. *Res. indicates the language resource level,
as categorized by (Joshi et al., 2020), showing that we cover languages with vBarying levels of resources. **Comp.
stands for compression rate reflecting the document-to-summary length ratio (Grusky et al., 2018). ***%Multi-doc
represents the portion of the summaries which span multiple documents. Front-page teasers represent high level
abstractivity across metrics. TWe use Norwegian Bokmal throughout this work.

BERTScore (Zhang et al., 2019) to capture seman-
tic similarity.

To complement traditional metrics, which may
miss key aspects of information overlap (Deutsch
and Roth, 2021), we incorporate three additional
evaluation metrics to complement them: coher-
ence and consistency, which were also used in the
human evaluation process, and coverage, which
assesses the extent to which the predicted summary
captures the information presented in the reference
summary (Liu et al., 2022). These qualities can
help distinguish between a model’s ability to gener-
ate abstractive summaries in a given language (as
measured by coherence and consistency) and its
ability to identify the key information.

Ideally, we would have employed human evalua-
tors to assess these properties, but this is infeasible
due to the limited availability of annotators in low-
resource languages (Bhat and Varma, 2023), there-
fore we rely on LLM-as-a-judge, an evaluation
approach that has garnered considerable traction
in recent years (Zheng et al., 2023). Hada et al.
(2024) have recently established that in the context
of summarization, evaluation using a strong model
and a detailed prompt aligns with human annota-
tions. However, we note that some works warn that
LLM evaluation might be skewed in favor of model
generated text (Forde et al., 2024), thus showing
optimistic results, especially in low resource lan-
guages. To make the evaluation more reliable, we
use a reference-based method. Additionally, we
use GPT-40 solely as the evaluation judge and not
as one of the summarization models.

4.2 Results

We evaluate three models: DeepSeek-R1 (Guo
et al., 2025), Llama 3.3 70B (Al@Meta, 2024)
and Mixtral-8x7b (Jiang et al., 2024) and report
results on three shot settings. Temperature is set
to 0 to ensure consistent and deterministic outputs.
For LLLM-as-a-judge we use GPT-40 (Hurst et al.,
2024). We present results in Table 3. Below we
discuss several observations.

Generated summaries miss aspects of the gold
summary. We observe differences between con-
sistency and coverage across all models and lan-
guages. This suggests that while the generated
summaries are grounded in the source text (i.e.,
consistent), they often focus on different content
than what appears in the front-page teasers (i.e.,
lower coverage). There is no substantial variation
in performance in this aspect across models within
the same language: the average difference in cover-
age between the best and worst performing models
is only 0.345 out of 5. A similar pattern is observed
in BERTScore, where the largest difference across
models in the same language is just 0.04, suggest-
ing that all models exhibit similar limitations in
fully capturing the content of the gold summaries.
One possible explanation is that front-page teasers
differ from previously used news summaries, which
are typically based on web articles and may present
a new challenge for LLMs.

There is a bigger difference in model perfor-
mance in lower resource languages. Most mod-
els seem to generate coherent text which is consis-
tent with the source documents in all languages,
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Language Model ROUGE BERTSscore LLM-as-a-Judge (1-5 scale) 1
1 2 L Coherence Consistency Coverage
Norwegian Mixtral 0.30 0.08 0.27 0.71 4.00 4.33 2.70
Llama 033 0.11 0.30 0.72 4.41 4.7 2.70
DeepSeek-R1  0.26 0.06 0.24 0.70 4.52 4.78 2.74
Icelandic Mixtral 0.19 0.04 0.17 0.68 3.08 3.38 2.23
Llama 0.27 0.11 0.25 0.72 4.46 4.62 2.92
DeepSeek-R1  0.21 0.06 0.18 0.69 4.58 4.69 2.62
Estonian Mixtral 0.09 0.02 0.08 0.63 2.65 2.65 2.7
Llama 0.11 0.05 0.11 0.64 4.70 4.7 3.09
DeepSeek-R1  0.07 0.02 0.07 0.64 4.78 491 3.35
Greek Mixtral 0.14 0.03 0.12 0.67 3.93 4.19 2.63
Llama 0.16 0.04 0.14 0.68 4.48 4.48 2.74
DeepSeek-R1  0.15 0.04 0.13 0.67 4.44 4.74 3.00
Hebrew Mixtral 0.14 0.04 0.13 0.68 2.86 2.93 1.93
Llama 0.21 0.09 0.20 0.70 3.96 4.18 2.50
DeepSeek-R1  0.13 0.03 0.12 0.68 4.54 4.82 2.25
Italian Mixtral 0.28 0.09 0.25 0.69 4.40 4.36 2.84
Llama 0.30 0.10 0.28 0.69 4.48 4.64 2.76
DeepSeek-R1  0.24 0.05 0.21 0.68 4.64 4.88 2.80
Polish Mixtral 0.21 0.07 0.20 0.68 4.12 4.08 2.32
Llama 0.23 0.10 0.21 0.68 3.96 3.84 2.12
DeepSeek-R1  0.17 0.05 0.16 0.67 4.36 4.36 2.36

Table 3: Model performance on our multilingual data collection in a three shot setting. The best number per
metric for each language is highlighted in bold. While some models produce coherent text which is consistent with
the content of the article, all models struggle with fully covering the information in the gold summary.

with coherence and consistency scores exceeding
4.3 out of 5 and showing similar levels across all
languages. However, we observe larger perfor-
mance gaps between models on lower resourced
languages. For example, in Icelandic, the gaps
between the best and worst performing models in
coherence and consistency are 1.5 and 1.3, respec-
tively; for Estonian, the differences are 2.13 and
2.26; and for Hebrew, 1.68 and 1.89. In contrast,
the highest-resource languages in our study, Ital-
ian and Polish, show much smaller gaps: 0.24 and
0.52 for Italian, and 0.4 and 0.52 for Polish. These
findings highlight the need for high-quality data
in lower-resource languages to enable meaning-
ful model comparisons. Interestingly, Norwegian,
the lowest-resource language in our work, scores
highly across all metrics and models. Further ex-
periments are needed to determine whether this
reflects genuinely better performance or whether
the metrics are less reliable for low-resource lan-
guages like Norwegian.

Although these results offer a preliminary in-
dication of the front-page teasers potential to as-
sess multilingual summarization capabilities, a
more robust model evaluation and further training
could require larger-scale datasets, beyond what
can feasibly be collected through manual anno-
tation. Thus, in the next section, we present an
automated method for collecting such data at scale.

S Automatic Extraction of Teaser
Summaries and Corresponding Articles

We describe an automatic process for building a
large-scale summarization dataset. We begin by
detailing the automated two-step process: identify-
ing front-page teasers and matching them to their
corresponding articles. This is followed by an eval-
uation of the method, assessing its practicality and
suitability for low-resource settings. Finally, we
introduce our dataset, HEBTEASESUM, created by
applying this approach to a single Hebrew news-
paper title, yielding over 7,000 summaries, nearly
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half involving multiple articles per teaser.

5.1 Automatically Identifying Teasers and
Matching them to Articles

We describe how we automate the collection of
front-page teasers and the process of matching
them to the full articles they reference. We ex-
amine several methods suited to varying degrees of
resource availability.

Identifying Teasers. Front-page teasers often in-
clude key phrases that indicate that the full story
appears elsewhere in the issue. Thus, to identify
them automatically we use a rule-based approach
that searches for terms specific to each newspaper
title. To ensure we include only teasers that func-
tion as summaries, we collect additional phrases
that signal continuation and use them to filter out
non-summary content.

Matching between front-page teasers and cor-
responding articles. Automatically determining
which article supports a teaser is challenging.
While teasers often point to the relevant page (or
pages), the specific article or articles on that page
must still be identified.

We develop several methods to perform the
matching automatically, spanning from those
requiring minimal resources, suitable for low-
resource settings, to those utilizing LLMs with-
out requiring any human annotations. We test
the proposed methods on Hebrew, which poses
unique challenges for LLMs as a morphologically
rich language, often resulting in ambiguous struc-
tures (Tsarfaty et al., 2020).

TF-IDF (low resource): We follow Ghalandari
et al. (2020) that used Term Frequency-Inverse Doc-
ument Frequency (TF-IDF) to pair news articles
with summaries. We generate vector representa-
tions for all articles and teasers by computing TF-
IDF across the entire corpus, capturing both term
frequency and rarity. We then calculate cosine sim-
ilarity between each teaser and all potential article
matches — i.e., the articles on the corresponding
page. We define a similarity threshold, based on
manually annotated data (50 samples), above which
articles are linked to the teaser.

Finetuned Sentence Transformer (medium re-
source): We use a SentenceTransformer model
(Reimers and Gurevych, 2019) to compute similar-
ity scores between teasers and articles by measur-
ing the cosine similarity between their embeddings.
A threshold is then applied to determine matches.

Error Type Percentage Category

Segmentation Error  66% False negative
Length 20% False positive
OCR Noise 13% False negative

Table 4: Error analysis of teaser identification using a
rule-based approach.

Method Acc. Prec. Rec. F1
TF-IDF 86 93 75 83
Sentence Transformer 81 82 77 80

Zero-shot (Llama-3.3 70B) 90 95 83 88

Table 5: Evaluation of automatic teaser-to-article match-
ing. We report accuracy (Acc), precision (Prec), recall
(Rec) and F1 score on the Hebrew dataset.

Zero shot classification (medium to high re-
source): We prompt an LLLM to determine for each
teaser-article pair whether the teaser summarizes
the text. The instruction was given in English, and
the text in the original language.

We apply all these methods to a Hebrew newspa-
per collection. In the next section, we report their
quality assessment.

5.2 Dataset Quality and Error Analyses

We manually evaluate the automatic process de-
scribed above finding that it provides a practical
option for low-resource settings. All annotations
are carried out by native speakers of Hebrew.

Identifying teasers using a rule-based approach
yields strong performance. After collecting
front-page teasers using key phrases, we aim to
assess how well this method identifies texts that
function as actual summaries. We manually tag
102 texts appearing on front pages to determine
whether they could be considered summaries. We
then compare these annotations to the results of
our rule-based method, which classifies a text as a
teaser if it contains a key phrase from a predefined,
language-specific, list. We analyze the types of
errors in Table 4.

We achieve precision of 95% and recall of 85%.
The error analysis reveals that 80% of the errors
were false negatives (i.e., teasers that were not iden-
tified as summaries), which affects the dataset’s
scale and coverage but not its quality. These er-
rors are primarily caused by segmentation errors,
specifically cases where the front-page teasers text
is unavailable to the automatic process because it
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is marked as an image caption but human annota-
tors can still identify it. Another source of error is
OCR noise, where key phrases appear in the front-
page teasers but are too distorted to be correctly
detected. 20% of the errors are false positives (i.e.,
texts which were incorrectly marked as teasers),
in all of which headers are incorrectly marked as
teasers because they follow the teaser format, using
the same key word to point to a different page.

In matching front-page teasers to articles, the
zero-shot approach performs best, while TF-
IDF presents a viable alternative. To evaluate
the performance of the three proposed methods
for matching teasers to summaries — TF-IDF, Sen-
tence Transformers and zero-shot — we manually
annotate 50 teasers along with all articles on the
pages to which they point. This results in 325
teaser-article pairs, with an average of 6.5 article
candidates per teaser. Each pair is annotated to
determine whether the teaser can be considered a
summary of the article. The annotators overlapped
on 110 pairs, yielding a Cohen’s kappa (Cohen,
1960) of 0.88, indicating very strong agreement.
We then compare our annotations to the classifica-
tions produced by each method, with the results
presented in Table 5.

The best performance is observed in the zero-
shot setting, using instruct tuned Llama-3.3
70B (Al@Meta, 2024). TF-IDF also performs well,
outperforming the sentence transformer on most
metrics, while requiring minimal computation.

To better understand the capabilities of the low-
resource method, we provide an error analysis of
the TF-IDF approach in Table 9. The most common
error occurs when the article is related to the teaser
but not directly supported by it, for example, when
both refer to the same event, but the teaser does not
explicitly mention it. Other errors occur on noisy
samples affected by OCR issues, which a language
model is able to handle more robustly, and when
the teaser text is short.

5.3 HEBTEASESUM: A Real-World Hebrew
Summarization Corpus

Our Hebrew dataset, collected using the above
method, features a rich variety of summarization
shapes and is naturally multi-document.

We apply our method to the “Hadashot” news-
paper title, using issues published between 1984
and 1993, available via the National Library of
Israel. From a single title, we extract 7,774 sam-

Dataset #Samples Shape Multi-doc
MassiveSumm 102,961 Paragraph X
HeSum 10,000 Paragraph X
Ours 7,774 Diverse 3,869

Table 6: Comparing our dataset to the available He-
brew summarization datasets: Hesum (Mondshine et al.,
2024) and MassiveSumm (Varab and Schluter, 2021).

ples, of which 3,869 are multi-document (i.e., the
summary refers to more than one article). To the
best of our knowledge, this is the first available
dataset in Hebrew to support multi-document sum-
marization. In Table 6, we compare our data to the
available datasets in Hebrew. A detailed summa-
rization datacard and data statistics are provided
in Tables 7 and 8. As the human annotation found
length serves as an indicator of quality, we also
report the number of teasers per length category.
The contributions of this dataset are two-fold.
First, it serves as an example that collecting summa-
rization corpora from digitized newspapers is fea-
sible, with relatively few linguistic resources. Sec-
ond, the resulting dataset can be used to advance
the state of the art in Hebrew NLP. Large-scale
data collection remains important for Hebrew, as it
enables robust evaluation and supports fine-tuning,
for example, to improve morphological understand-
ing (Mondshine et al., 2024). Tables 10 and 11
present benchmark performance on the dataset and
the improvements obtained through fine-tuning.
We make the dataset available using our code.
To account for OCR errors, we provide a corrected
version of the data, achieved by performing prompt-
base OCR post correction (Thomas et al., 2024).

6 Related work

Many summarization datasets rely on the news do-
main (Dahan and Stanovsky, 2025) but they are
based on web content. Common methods for con-
structing such datasets include using the article title
as a summary (Narayan et al., 2018), extracting the
first bolded sentence (Cheng and Lapata, 2016;
Hermann et al., 2015), or leveraging social media
metadata (Grusky et al., 2018). A few works have
focused on identifying summaries and matching
them to full articles, which requires an automatic
matching process. For example, Ghalandari et al.
(2020) linked articles from Wikipedia’s Current
Events Portal to news articles covering the events.
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Summarization Data Card

Sample information:

Languages:

Hebrew

Summary Shape:

Diverse: Paragraph: 4,277; One-Sentence:2,900;
Highlights:597

Summary Distribution by Length:
0-25: 2031

25-50: 1160

50-100: 2201

>100: 2382

Domain:

News

Size:

7,774

Annotation information:

Annotation efforts:

Automatic

Source of supervision:

Natural (summaries created organically)
Brief description of the summaries’ source:
Newspapers front page teasers

Data quality assessment:

Abstraction level:

1-gram ratio: 0.58

2-gram ratio: 0.82

3-gram ratio: 0.89

4-gram ratio: 0.92

Compression rate: 0.84

Human evaluation: by domain experts
Availability details:

How is the data made accessible:
URL-based Reconstruction

Copyrights information:

License

Table 7: Summarization data card.

In contrast to web-based news, newspapers have
received limited attention in NLP. However, sev-
eral works have explored named entity recogni-
tion on historical newspapers (Boros et al., 2020;
Ehrmann et al., 2020), while others have leveraged
NLP methods to analyze historical texts (Boren-
stein et al., 2023; Candela and Carrasco, 2022).

7 Conclusion

We presented a simple method for collecting high-
quality summarization data from printed newspa-
pers, demonstrating its suitability for languages
with varying levels of resources. The resulting data

Statistic Single-Doc  Multi-Doc
# Teasers 3,905 3,869
Avg. text length (words) 405 312
Avg. summary length (words) 56 102

Table 8: Dataset statistics for single and multi-document
data. The average number of articles in cluster is 3.4

is abstractive, supports multi-document summariza-
tion, and enables evaluation of model capabilities.
Using this method, we created a new summariza-
tion dataset for Hebrew, HEBTEASESUM, which
we release using our code.

Limitations

Although this work supports summarization data
collection across diverse languages, we wish to
acknowledge several limitations. First, while the
method benefits languages with limited online pres-
ence, it is less applicable to languages that fell
out of use before the 20th century, as front-page
teasers only became widespread during that pe-
riod. Additionally, the quality of the collected data
is constrained by OCR errors, which may affect
downstream results. For example, highly noisy
text can hinder the effectiveness of methods like
TF-IDF and may distort evaluation metrics such as
novel n-gram overlap.

Ethical Considerations

Digitized newspapers are provided by national li-
braries for research purposes, but their content may
still be subject to copyright restrictions. To respect
these restrictions, we do not publish the collected
data online. However, the Hebrew dataset can be
reconstructed using the library’s API and terms
of service, and the multilingual data can be recre-
ated using the list of titles and publication dates
provided in the appendix.
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A Newspaper Use

We provide links to the original newspapers from
which the front-page teasers examples in Figure 2
were taken and their translations, along with the
issue dates used to collect front-page teasers for
Section 3. We also provide a list of key phrases
used to identify teasers in various languages.

A.1 Picture Origin:
1. Rana Blad (Norway)

2. Stampa Sera (Italy)
3. Fréttabladid (Iceland)

A.2 Translations:

Translations of the teasers shown in Figure 2 are
provided to illustrate the data quality, generated
using GPT-4o.

1. Today the National Ski Championship opens,
and the first day may belong to the recruits.
Elin Nilsen from B&Y IL, and Inger Lise
Hegge from Henning, are both recruits who
earlier in the season have challenged the na-
tional team skiers. The women will race 10
kilometers today, while the men will do 30
kilometers. In addition, there is the combined
ski jumping and team jumping events.

2. Hopes of forming a national government in
Macedonia diminished significantly yesterday,
as an Albanian political party demands that at-
tacks on armed Albanian residents in Kosovo
be halted before talks begin.

3. Alessandra Casella, 27 years old, is the co-
star of Fredi, currently showing at the Alfieri
Theater in Turin. After her experience at the
Actor’s Studio and lots of theater, she would
like to work more in cinema, but as she told
us (interview on page 27), “in Italy, times are
tough — directors prefer fashion models.”

A.3 Dates for collection:

For the data collection in Section 3, we randomly
select a starting date and review all subsequent is-
sues of the title, following the library’s order, which
was sometimes not chronological. We present dates
here.

1. Rana Blad (Norway): 01.02.1990-
10.02.1990

2. Kathimerini (Greece): 01.12.2010,
02.11.2010, 01.10.2010, 01.09.2010,
17.08.2010, 01.07.2010, 01.05.2010,
01.06.2010

3. Stampa Sera (Italy): 09.10.1991-18.10.1991

4. Eesti Pidevaleht (Estonia): 01.01.2018,
31.01.2018, 02.02.2018, 03.03.2018,
02.03.2018, 01.04.2018, 02.04.2018,
01.05.2018

5. Fréttabladio (Iceland): 23.04.2001,
24.04.2001, 26.04.2001, 30.04.2001,
02.05.2001, 03.05.2001, 04.05.2001,
07.05.2001, 08.05.2001, 09.05.2001,

10.05.2001, 11.05.2001
6. Hadashot (Israel) 01.01.1992 - 08.01.1992

7. Dziennik Polski (Poland): 01.01.2002,
03.01.2002, 05.01.2002, 07.01.2002,
08.01.2002, 09.01.2002, 10.01.2002

A4 Key phrases

For the manual collection we used the following
key phrases to identify teasers:

* Norwegian:Side. (“Page”)
* Icelandic:Bls. (abbreviation for “Page”)
* Estonian:LK. (abbreviation for “Page”)

* Greek: Sel, written in Greek script. (abbrevi-
ation for “Page”)

* Hebrew: Am, written in Hebrew script. (ab-
breviation for “Page”)

* Italian: Pag. (abbreviation for “Page”)

* Polish: Szczegoty and str. (Details and abbre-
viation for “Page”, respectively)
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Error Type Percentage
Related articles 39%

OCR noise 32%
Others 24%
Length 4%

Table 9: Error analysis of the TF-IDF approach to match
teasers to articles. Out of 325 pairs we find 41 errors.

B Teasers Examples

We present here translated examples of teasers from
our dataset.

Under 25 words: “Children Destroyed 2.6 Mil-
lion Shekels in Search of Smurf Stickers.”

between 25 and 50 words: ‘“Thousands Spent
the Holiday Away from Home: 25,000 Travelers
Flocked to the Beaches of Eilat. The hotels, hos-
tels, and especially the beaches were filled to ca-
pacity. The beaches of the Sea of Galilee were
also crowded, particularly Tzemach Beach, where
a rock festival was taking place. About ten thou-
sand people passed through the Taba terminal and
traveled to Sinai.”

between 50 and 100 words: “Driver Who Ran
Over Child During ’Road Roulette’ Acquitted.
Boris Eligolashvili of Ramla, who was accused
of causing the death of 11-year-old Baruch Oren
from Haifa, was acquitted yesterday in the Haifa
Traffic Magistrate’s Court. The judge ruled that
the accident was not caused by his negligence.
Baruch Oren was killed on March 17, 1989, on the
Haifa—Tel Aviv highway, near Kiryat Shprintzak
in Haifa. Oren’s friends said that he was waiting
in the median strip of the road, and when Eligo-
lashvili’s car was about a hundred meters away, he
jumped onto the road and stood in front of it with
his arms folded.”

over 100 words: 120,000 Vaccinated Against
Polio in Hadera Governorate as of This Morn-
ing; Two Additional Cases Suspected. The Min-
istry of Health is launching an unprecedented cam-
paign this morning, during which 120,000 people
in Hadera Governorate will be vaccinated against
polio. These are individuals aged O to 34 years. The
vaccine, which protects recipients from the virus,
will be administered orally using the Sabin vac-
cine. Pregnant women and infants who have never
been vaccinated will receive an injection of the

Salk vaccine. Today, about a thousand infants and
all pregnant women in Hadera Governorate will be
vaccinated. The day after tomorrow and on Friday,
the Sabin vaccine will be administered to about
50,000 kindergarten-age children and students in
the education system. Starting next Sunday, the
adult population and children below kindergarten
age will be vaccinated. The Ministry of Health
announced yesterday two new suspected cases of
polio: a 27-year-old resident of Hadera and a young
man, about 24 years old, from Zichron Yaakov. The
condition of the nine-month-old baby from Kiryat
Gat, who was brought to Barzilai Hospital three
weeks ago with suspected polio, has improved.”

C Human annotation

We follow Fabbri et al. (2021) annotation guide-
lines.

“In this task you will evaluate the quality of
summaries written for a news article. To correctly
solve this task, follow these steps:

1. Carefully read the news article(s), be aware of
the information it contains.

2. Read the proposed summary

3. Rate each summary on a scale from 1 (worst)
to 5 (best) by its relevance, consistency, flu-
ency, and coherence.

Definitions:

Relevance: The rating measures how well the
summary captures the key points of the article.
Consider whether all and only the important as-
pects are contained in the summary. When multiple
articles are presented, the score should account for
the most important information across all sources.

Consistency: The rating measures whether the
facts in the summary are consistent with the facts in
the original article. Consider whether the summary
does reproduce all facts accurately and does not
make up untrue information.

Fluency: This rating measures the quality of in-
dividual sentences, are they well-written and gram-
matically correct. Consider the quality of individ-
ual sentences.

Coherence: The rating measures the quality of
all sentences collectively, to the fit together and
sound naturally. Consider the quality of the sum-
mary as a whole. ”

D Prompts

We provide the prompts used in our work.

5272



Model ROUGE BERTSscore LLM-as-a-Judge (1-5 scale) 1
1 2 L Coherence  Consistency  Coverage
Single-doc  Mixtral 0.11  0.02 0.10 0.68 2.79 2.81 2.07
Llama 0.15 0.05 0.14 0.69 4.00 4.29 2.49
DeepSeek-R1  0.13  0.03 0.12 0.70 4.50 4.74 2.65
Multi-doc ~ Mixtral 0.12 0.02 0.11 0.67 2.67 2.77 1.94
Llama 0.16 0.04 0.14 0.69 3.88 4.19 2.27
DeepSeek-R1  0.12  0.02 0.11 0.68 4.41 4.73 2.29
Table 10: Model performance on HEBTEASESUM.
model ROUGE BERTScore the candidate summary covers the information
1 2 L presented in the reference summary.
mLongT5 0.08 0.02 0.07 0.57 Please indicate your agreement with the fol-
mLongT5 (FT) 0.16 0.07 0.16 0.68

Table 11: Performance gains on mLongT5-base (Xue
et al., 2021) following 10 fine-tuning epochs.

Prompt use for summarization task: We fol-
low Wang et al. (2023b). "Please summarize the
following text in [LANGUAGE]:

Text: [TEXT]

Prompts use for LL.M-as-a-judge:

* Coherence: We follow Wang et al. (2023a).
"Score the following news summarization
given the corresponding news with respect
to coherence with one to five stars, where one
star means “incoherence” and five stars means
“perfect coherence”. Note that coherence mea-
sures the quality of all sentences collectively,
to the fit together and sound naturally. Con-
sider the quality of the summary as a whole."

L]

Consistency: We follow Wang et al. (2023a).
"Score the following news summarization
given the corresponding news with respect
to consistency with one to five stars, where
one star means “inconsistency” and five stars
means “perfect consistency”. Note that consis-
tency measures whether the facts in the sum-
mary are consistent with the facts in the orig-
inal article. Consider whether the summary
does reproduce all facts accurately and does
not make up untrue information."

Coverage: We follow Liu et al. (2022). "You
will receive a reference summary and a candi-
date summary. Your task is to compare these
two summaries and assess the extent to which

lowing statement: “All of the information in
the reference summary can be found in the
candidate summary.”

Use the following 5-point scale when deter-
mining your response:

1. Strongly Disagree

2. Disagree

3. Neither Agree nor Disagree

4. Agree

5. Strongly Agree

Reference Summary:referece

Candidate Summary: generated

Evaluation Form (scores ONLY): - Agreement

(1-5):"

Prompt use for matching teasers to articles:
"Given the following text and summary, answer
with *Yes’ if the text relates to the summary, and
’No’ if it does not. Do not provide explanations.
Only output *Yes’ or 'No’."
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