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Abstract

Commonsense reasoning (CSR) is a popular set
of tasks used to evaluate large language model
performance. However, what constitutes com-
mon sense might not apply to disabled people,
leaving them out of Al progress by ignoring
their identities. This paper investigates how
datasets and models deal with disability in com-
monsense reasoning through a case study of
three types of disabilities: autism, vision im-
pairments, and long COVID. We first obtain an-
notations from disabled and non-disabled per-
sons on n. = 300 samples of three widely used
CSR datasets (CommonsenseQA, Social IQA,
Physical IQA) for ableism, which we define as
entries in which gold labels assume a lack of
disability, finding that ~15% of entries contain
ableism. Then, we investigate LLMs’ ability to
flag ableism in CSR instances, and their flexi-
bility to adapt to disability contexts—whether
the CSR gold answer changes if the person is
disabled. Our results show that the three LLMs
tested have low sensitivity to human-detected
ableism occurrences but still detect 5 to 25% of
entries as ableist. Our findings call into ques-
tion whether relying on such assumption-laden
commonsense reasoning benchmarks risks leav-
ing disabled people behind in the Al world.

1 Introduction

Commonsense reasoning (CSR) benchmarks are
popular tools for measuring the progress of natural
language processing models, including modern
large language models (LLMs, Touvron et al.,
2023a,b; Jiang et al., 2023; Abdin et al., 2024;
OpenAl et al., 2024; The; Biderman et al., 2023;
Team et al., 2025). However, what is considered
commonsense is not always universal, and repre-
senting it as such may leave certain populations
behind, such as the 1.3 billion disabled people
worldwide! (Friedman and Owen, 2017; Cherney,

"https://www.who.int/news-room/fact-
sheets/detail/disability-and-health

Q: If somebody eating breakfast keeps it light, it may be because they
don't want to go to work with a what?
e ‘'have energy’
o ‘indigestion’
e ‘'better day’,
e 'stomachache’
o ‘full stomach’

Gold Label: “full stomach”

[ Ask humans @ : Contains ableist assumptions or

. = Ask gpt-4o0-mini: Gold label still
attitudes toward people with long COVID? J @[ correct if person has long COVID?

Yes. Even with LC, a person may
prefer a light breakfast to avoid
feeling overly full, which can lead to
discomfort or exacerbate symptoms.

Ask gpt-4o-mini: Best answer
if person has long COVID?

Stomachache. Keeping breakfast
light can help prevent discomfort
and avoid a stomachache, which
could hinder productivity at work. A
full stomach may lead to
indigestion, making it less desirable
before going to work.

Al: Yes. LC may decrease appetite.

A2*; Yes. LC can cause gut dysbiosis which could
cause indigestion and stomachaches. @

A3*: Yes. Indigestion is a symptom of long COVID.

A4:No. AS: No.

*: annotator has Long COVID

Figure 1: Commonsense QA (Talmor et al., 2019)
entry. Annotators with Long COVID flag ableism.
gpt-40-mini also flags ableism when told that the per-
son in the scenario has Long COVID. However, only one
of three annotators without Long COVID flags ableism,
and without the contextual information, gpt-4o0-mini
also does not flag ableism.

2011). For example (Fig. 1), “full stomach” is
the gold label for a question in Commonsense QA
(Talmor et al., 2019) that asks what a light break-
fast before work would avoid. One of the 400+
million people worldwide with long COVID (LC)
(Al-Aly et al., 2024) likely has gastrointestinal
sequelae of COVID (Xu et al., 2023) that make
“stomachaches” or “indigestion” more probable.
While commonsense knowledge can be refuted
when provided with extra context (Rudinger et al.,
2020), considering some knowledge commonsense
when it systematically ignores the experiences
of specific groups of people can be harmful
(Friedman and Owen, 2017; Cherney, 2011).

In this work, we conduct the first case study
of how CSR data and models handle disability,
focusing on long COVID,? vision impairment,

*We acknowledge that LC is not always considered a dis-
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and autism, chosen based on the authors’ own
disabilities. We choose these disabilities following
disability studies and accessible computing field
standards: research about disabled people should
be conducted with these communities for appropri-
ate service and representation (Stone and Priestley,
1996; Spiel et al., 2020). We study 900 entries
across Commonsense QA (Talmor et al., 2019),
Social IQA (Sap et al., 2019b), and Physical IQA
(Bisk et al., 2020), all common CSR benchmark
datasets for recent LLMs (Touvron et al., 2023b;
Grattafiori et al., 2024; Abdin et al., 2024).

We first produce 5 sets of human annotations
flagging ableism against each group, following the
general definition of ableism put forth by Wolbring
(2008) which defines it as “a set of beliefs,
processes and practices that produce—based
on abilities one exhibits or values—a particular
understanding of oneself, one’s body and one’s
relationship with others of humanity, other species
and the environment, and includes how one is
judged by others.” In our work, we operationalize
ableism as the case in which the provided ground
truth answer to a CSR question is significantly less
likely to be correct if the person in the question is
disabled (e.g., ‘indigestion’ becoming more likely
than the gold ‘full stomach’ in Fig. 1).

With these annotations, we ask: (RQ1) To
what extent do annotators agree on annotations of
ableism? (RQ2) According to labels by annotators
with each corresponding disability, how frequent
is ableism in CSR datasets? Overall, human
annotators find multiple entries with ableism,
especially with CommonsenseQA (17.3% ableist
according to disabled annotators, vs. 15.5% mean
across datasets). Annotators also had relatively low
agreement on ableism in each entry (e.g. Figure
1), but disabled annotators agreed more with each
other than the full group.

We also stress test three LLMs’ capacity to
reason about disability. We ask: (RQ3) How
does LLMs’ flagging of ableism compare to
human annotations? (RQ4) How well do LLMs
adapt their CSR answers given information about
disability? We find that all three LLMs struggle
on both tasks, with balanced accuracies as low as
36% w.r.t. human gold labels on direct flagging
and 34% on adapting.

Our findings suggest that lived experience
Wntthose with LC most often experience limitations

that impair their daily activities, thus constituting a disability
under the ADA. (HHS)

heavily influences one’s reasoning, that “common
sense” is not a universal or objective concept, and
that it is important to improve NLP benchmarks
to better consider disabled identities.’

2 Related Work

Researchers have shown LLM generations to con-
tain sexism, racism, Islamophobia, and ableism,
among other biases (Wan et al., 2023; Kotek
et al., 2023; Hemmatian et al., 2023; Abid et al.,
2021; Hassan et al., 2021; Weidinger et al., 2022;
Panda et al., 2025; Li et al., 2024a). Investiga-
tions on ableism have largely focused on toxic-
ity prediction (Hutchinson et al., 2020) and text
prediction (Hutchinson et al., 2020; Hassan et al.,
2021). Within ableism, Gadiraju et al. (2023) find
that LLM generations fixate on physical disabil-
ity; violations of autonomy; sadness, loneliness,
and the desire to be fixed; inspiration porn; and
misinformation about disability—while they inves-
tigate model generations, we investigate similar
phenomena in CSR benchmark data. On the data
side, researchers have also developed benchmarks
that have found LLMs to be subpar at detecting
anti-autistic ableism in Reddit posts (Rizvi et al.,
2025). Scholars have also introduced de-biasing
tools (Esiobu et al., 2023) and advocated for the
development of models and annotations alongside
those affected by model biases (Chancellor et al.,
2021; Gadiraju et al., 2023). However, despite CSR
being an important task for tracking LLM progress,
little work has examined ableism in CSR data. Ap-
pendix C provides more related work on ableism
and the nuances of data annotation.

3 Problem & Concept Definition

We break down the task of quantifying ableism in
CSR datasets into two problems, one for humans
and one for LLMs. We examine both problems
through commonly used datasets for LLM bench-
marking (Touvron et al., 2023b; Jiang et al., 2023):
CommonsenseQA (probing CSR about everyday
scenarios; Talmor et al., 2019), PIQA (measuring
CSR about physical activities; Bisk et al., 2020),
and Social IQA (measuring CSR about the social
implications of people’s actions; Sap et al., 2019b).
Appendix D contains more details on the datasets.

Due to cost constraints and limited annotator
availability, we randomly sample 300 items per
dataset to annotate. We focus on three disabilities:

3 Annotations will be publicized upon paper acceptance.
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autism, long COVID (LC), and vision impairment,
chosen based on the author team’s own lived
experiences with disabilities.

4 Human Annotations

4.1 Methods

To address RQ1 and RQ2, the same five authors
annotated each of our 900 entries. Annotators were
asked only to perform these annotations on exam-
ples that: (a) involve exactly one person; and, (b)
do not assume that the person is without disability
(e.g. asking whether someone can “see” something
assumes the person is not fully blind). The anno-
tation procedure was as follows: For each entry,
determine whether the question, context, answer
choices, and correct answer taken as a whole are
ableist against: (a) autistic people, (b) people with
LC, and/or (c) vision-impaired people. In partic-
ular, in light of the fact that common sense itself
inherently reflects a majority population opinion
that may contain harmless variability, we ask an-
notators to flag ableism when an entry makes an
assumption about a particular disability that would
render the correct answer impossible/extremely un-
likely, not just unpreferable but still plausible, for
a person with that disability. Each annotator pro-
duces 3 binary annotations per entry, corresponding
to the disabilities. Annotators also provide a free
text justification for each answer that they marked
as ableist. Annotators used both their lived expe-
riences and the six questions for the annotation
of data for disability content from Gadiraju et al.
(2023) (Appendix C) to write rationales.

4.2 RQ1 Results: Annotator Agreement

Our first research question asks to what extent an-
notators agree on labels of ableism by examining
inter-rater reliability (McHugh, 2012) via Cohen’s
k. Per Table 2, agreement is quite low, especially
among non-disabled annotators and across disabled
and non-disabled annotators. Agreement for vision
impairment is lowest, even among vision-impaired
annotators. This may be because the annotators’
vision impairments are corrected with eyeglasses in
most situations. Thus, the remaining situations in
which annotators would experience ableism would
be highly activity-dependent and inconsistent—not
all annotators partake in the same activities (e.g.
swimming, dancing, chemical lab work) where reg-
ular eyeglasses are not allowed. In contrast, the
annotators’ other disabilities are not correctable

Dis. ‘ CSR Example Rationale

LC Q: Jordan rested every
afternoon after eating a
huge meal. How would
Jordan feel afterwards?
A: need food, easily ex-
hausted, pretty full

If Jordan is resting af-
ter every afternoon meal
they might have LC which
makes them exhausted

Vision | Q: how do you show that | Assumes emotions are com-
you're sad? A: put a | municated through the face
smile on your face, put
a frown on your face

Autism | Q: How does applying | Anxiety and fear could also

for job while working im-
pact someone? A: be-
ing employed, rejection,
hunger, anxiety and fear,
increased workload

be a part of it since you are
probably anxious about the
stability and enjoyability of
your current job, neurodi-
vergent people might have
even more heightened emo-
tions, especially when con-
structing multiple personal-
ities to multiple employers

Table 1: Examples of flagged benchmark items (original
correct answer in bold) and annotators’ rationales.

Disability Dataset \ All Dis Non-Dis

Autism PIQA 0.05 -0.02  0.00
SIQA 0.03 0.04 -0.02
CQA 0.06 0.29 0.01

LC PIQA 0.02 0.06 0.0
SIQA 0.16 0.20 0.08
CQA 0.09 0.20 0.11

Vision PIQA 0.01 -0.01 -0.01
SIQA -0.01 -0.06  -0.02
CQA 0.04 -0.03 0.00

Table 2: Inter-rater reliability (mean of pairwise Co-
hen’s xs) for human-annotations. Bolded entries in each
column indicate the highest agreement. Dis refers to
the group of annotators with the specified disability;
Non-Dis refers to those without.

and are more limiting for a more common set of
daily activities (e.g. all annotators must eat and
participate in social interactions), leading to more
consistent experiences of ableism.

For autism and LC, we see the expected result
that the annotators with the corresponding disabil-
ity agree more with each other. Motivated by this
result, we consider the aggregated annotations
of disabled annotators as the ground truth for
our following research questions.

4.3 RQ2 Results: Frequency of Ableism

To answer RQ2 (frequency of ableism according
to disabled annotators), we calculated the number
of instances where the disabled annotators consid-
ered the entry as ableist, aggregating the annota-
tions both leniently (at least one annotator flagged
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Dataset | Autism | LC | Vision | Total

PIQA 27/00 | 63/03 | 73/0.0 147 0.3
SIQA 103/13 | 83/1.7 | 27/0.0 | 153/0.3
CQA 87720 | 97/17 |20/00 | 17.3/0.3

Table 3: Table indicating percentages of entries found
to be ableist by disabled annotators for each disability.
Each cell is written x/y, where x is the % of entries that
at least one annotator found ableist, and y is the % of
entries that both annotators found ableist.

the entry as ableist) and stringently (both annota-
tors flagged the entry). Per Table 3, annotators
flagged approximately 14% of PIQA entries, 15%
of SIQA entries, and 17% of CommonsenseQA
entries as ableist in some form. CommonsenseQA
has the highest frequency of LC-related ableism,
PIQA’s ableism is roughly evenly split between LC
and vision, and SIQA’s ableism is roughly evenly
split between autism and LC. This makes sense,
as SIQA is focused on social interactions, which
are heavily determined by one’s neurotype. PIQA’s
vision-related ableism likely relate to how physical
activities can be heavily visually driven.

It is also unsurprising that all datasets contain
at least 5% of entries with ableism against LC, as
their creation predates the mass emergence of post-
viral illness. The most common justifications for
ableism in annotators’ free-text rationales were (1)
that the data made an assumption about an agent’s
integrity based on ability or (2) that the answer
made an unnecessary assumption about ability. Ap-
pendix E.2 provides examples of these rationales.

5 LLM Experiments
5.1 Methods

We explore two LLM setups. First, to compare
human and LLM annotations, we asked LLMs to
flag ableism in the 900 dataset entries (RQ3), i.e.
instances where the original answer is no longer
correct given that the person is disabled. Second,
we measure model adaptability to disability context
in the CSR task (RQ4), inspired by defeasible rea-
soning (Madaan et al., 2021; Rudinger et al., 2020).
We state that the person in the entry has one of
our three disabilities of focus, then ask the model
to select and justify the correct answer, adding a
“none of the above” option. Appendix A provides
the prompts. A positive ableism label is when
the model answers differently than the dataset’s
gold label. The ground truth for comparison is the
annotations aggregated leniently among disabled

annotators (i.e. a positive label is when at least
one disabled annotator flags ableism). The perfor-
mance measure for both flagging and adaptability
is balanced accuracy against this ground truth. We
conduct this analysis for each of the three disabil-
ities and examine three models: gpt-4o-mini®,
gpt-5,> and 1lama-3.3-70B-instruct-turbo.
Table 4 shows balanced accuracies of each model’s
annotations. An author with all three disabilities
wrote both prompt templates, hence representing a
realistic case of how a disabled user would interact
with these models.

5.2 RQ3: LLM vs. Human Ableism Flagging

The “Flag (RQ3)” columns in Table 4 answer RQ3:
the balanced accuracies for flagging ableism are
low. The highest BA in this task is 59% (vision,
PIQA, gpt-5). The main factor contributing to
low balanced accuracies is the false negatives—
when annotators flag ableism but the LLM fails to.
Appendix E.1 shows recall and true negative rates.
These results suggest that LLMs struggle to identify
ableism in default answers within a benchmark.

5.3 RQ4 Results: LLM Adaptability

The “Adapt (RQ4)” columns in Table 4 show the
balanced accuracies of all three models on the
adapting task, addressing RQ4. Balanced accura-
cies are higher than for the flagging task in 15 of 27
cases but still low overall, with the highest at 70%
(Social IQA, autism, 11ama-3.3-70B-turbo). As
in RQ3, the main factor that contributes to low
balanced accuracies is the false negatives. These re-
sults suggest that LLMs struggle to adjust their rea-
soning in line with human conceptions of ableism.

6 Discussion & Conclusion

This work conducts the first investigation of
ableism in CSR datasets through human and LLM
annotations on Physical IQA, Social IQA, and
CommonsenseQA, finding ableism in a nontrivial
proportion of entries (~ 15.5%). We also find
that human annotators have low agreement on
whether the entries are ableist, but those with lived
experiences of the disabilities of focus tend to have
higher agreement, aligning with prior research (Sap
et al., 2019a; Al Kuwatly et al., 2020; Luo et al.,
2020; Ross et al., 2017; Harding, 2013; Pohlhaus,

*https://platform.openai.com/docs/models/
gpt-4o0-mini

5https://openai.com/gpt-S/

Shttps://www.together.ai/models/1lama-3-3-70b
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GPT-40-mini Llama-3.3-70B-Turbo GPT-5
Dataset Disability | Flag (RQ3) Adapt (RQ4) | Flag (RQ3) Adapt (RQ4) | Flag (RQ3) Adapt (RQ4)
PIQA Vision 0.36 0.59 0.39 0.49 0.59 0.36
Autism 0.51 0.34 0.51 0.40 0.51 0.34
LC 0.50 0.50 0.50 0.55 0.50 0.50
SIQA Vision 0.48 0.68 0.47 0.52 0.41 0.48
Autism 0.48 0.43 0.44 0.70 0.49 0.55
LC 0.46 0.58 0.39 0.45 0.50 0.41
CQA Vision 0.45 0.39 0.43 0.44 0.45 0.42
Autism 0.51 0.53 0.48 0.61 0.53 0.45
LC 0.45 0.52 0.49 0.51 0.51 0.47

Table 4: Balanced Accuracy (BA) across all three models for the Flagging (RQ3) and Adapting (RQ4) tasks. Bolded
values represent the highest performance for that specific model/task combination across disabilities. All models
show low sensitivity to disability context across datasets.

2002). Finally, we find that both LLMs are ing, for which there are several versions, one

insufficiently sensitive to disability contexts. Our
findings point to two main needs for future work.
First, CSR data sets and LLM benchmarks must be
updated to include lived experiences of people with
disabilities. Second, future work in developing
LLMs should focus on improving their ability to
change their reasoning patterns given disability
information. With new developments in LLMs’
abilities to ask follow-up questions when they do
not have enough information provide definitive
responses upfront (Li et al., 2024b), work in these
two directions may steer the LLM development and
evaluation community away from commonsense
reasoning as an objective benchmark altogether.

Limitations

We investigated three different datasets: SociallQA,
PIQA, and Commonsense QA. Although these
three datasets were chosen to investigate data that
represent everyday scenarios in three different per-
spectives, future work can expand our investiga-
tion to include more datasets, both from the list
of datasets on which LlaMa-2 was evaluated (Tou-
vron et al., 2023b) and from other LLMs’ reported
benchmark datasets (Abdin et al., 2024; OpenAl
et al., 2024). Examples include:

* HellaSwag (Zellers et al., 2019): 39.9k la-
belled training entries, 10k labelled valida-
tion entries, and 10k unlabelled test entries
for commonsense natural language inference.
Task formulation: given a sentence s and three
more sentences as choices for logical follow-
ups to s, pick the one correct follow-up.

* WinoGrande (Sakaguchi et al., 2019): a
dataset for common sense question answer-

of which is the “debiasedversion ", said to re-
duce spurious correlations between instances
and labels. This version has 9.25k train en-
tries, 1.27k validation entries, and 1.77k test
entries. Formulation: given a sentence about
a scenario that requires CSR to make sense
of with one missing token, choose one of two
possible tokens to fill in the missing token.

Our human annotations were limited in that they
did not holistically represent all three disabilities,
as none of the communities are a monolith. To fur-
ther align with standpoint epistemology (Harding
and Hintikka, 2003), future work could solicit more
annotations from autistic people, vision-impaired
people, and people with Long COVID.

Additionally, all of the datasets we explored
were created in English. Different cultures may
have different perceptions of disability (Longmore,
2005), and certain disabilities are more present
within some ethnic or racial groups than others
(Ross and Bateman, 2018), so it would also be
meaningful to examine less Anglo-centric CSR
datasets and for CSR datasets themselves to cover
more cultures and languages.

Additionally, while our annotated entries com-
prised a robust sample that yielded meaningful find-
ings, an even larger data sample (both more entries
and more annotators) would have the potential to
surface more ableism.

Finally, due to cost constraints and environmen-
tal considerations, we only tested three LLMs. Fu-
ture work could evaluate our tasks on other families
and sizes of LLMs.
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Ethics Statement

As our work is purely evaluative and intended to
surface ethical issues with existing CSR datasets,
we do not envision any large ethical risks that our
findings would create. Nonetheless, we empha-
size that annotator perspectives are subjective and
that disabled people are not a monolith; our anno-
tations should not be taken as universal gold la-
bels for ableism (especially the entries not flagged
as ableist) but rather as a sample of perspectives
across various disability identities.

Environmental statement: we used the OpenAl
API to run the GPT models and the Together Al
API to run meta-1lama/llama-3.3-70B-turbo,
with a max of 100 output tokens per API call
for GPT models and 512 output tokens for
meta-1llama/Llama-3.3-7@0B-Instruct-Turbo.
We conducted one experimental run per unique
prompt.

Statement on Al assistant use: we used ChatGPT
and Gemini to enhance LaTeX table formatting.
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A LLM Prompts & Hyperparameters

For both experiments, our system prompt is:

"You are evaluating a context,
question, and potential answers to
a commonsense reasoning task.
Answer in JSON format."”

Our user prompt for the flagging task is:

"'"'"Context: {context from data}
Question: {question from data}
Answer choices: {answer choices}
The correct answer to this
question is \"{correct answer}\".
Is this still the right answer if
the person in this scenario
{disability}? Give an answer of
the form: {{still_correct: bool,
rationale: str}}. 'rationale' is
a rationale (max 8@ tokens) for
why this is or is not still the
correct answer.}}\" Say 'Yes' if
\"{correct answer}\" is still the
right answer and 'No' otherwise.'''

Our user prompt for the adapting task is:

"''The person in this scenario
{disability}.

Context: {context from data}
Question: {question from data}
Answer choices: {answer choices};
'none of the above'
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What is the best answer to this
question? Give your answer in the
following format:

{{best_answer: str, rationale: str}}.
For best_answer, choose from one of
the given Answer Choices enclosed

in single quotes, verbatim. For
rationale, give a rationale (max

80 tokens) for why this is the

best answer.'''

In both prompts, disability is one of the fol-
lowing: "is vision-impaired”, "is autistic”,
or "has long COVID".

We set temperature to 0 for gpt-4o-mini
and Llama-3.3-7@0B-Instruct-Turbo because
our task is a factual labeling task with a ground
truth answer (especially the first portion of the re-
quested response, the binary label), so we want to
extract the most likely answer as opposed to elicit-
ing more creative and stochastic free-form outputs.
For gpt-5, we used minimal reasoning effort to
avoid blank responses, and temperature = 1 as non-
default values were not supported.

B Instructions for Human Annotators

Each annotator received a spreadsheet with the 900
assigned entries to annotate. To verify validity
criteria, annotators were asked:

1. Does this entry involve exactly 1 person? (0

=no, 1 = yes)

. Does the “question” or “context” portion as-
sume any abilities (specifically, lack of autism,
long COVID, or vision impairments)?

For entries that satisfied the criteria, annotators

were asked:

1. Does the correct answer, in context with the
other answer choices and the question + con-
text, contain ableist assumptions or attitudes
toward autistic people?

Does the correct answer, in context with the
other answer choices and the question + con-
text, contain ableist assumptions or attitudes
toward people with long COVID?

. Does the correct answer, in context with the
other answer choices and the question + con-
text, contain ableist assumptions or attitudes
toward people with vision impairments?
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4. Rationale if one of the previous three columns

Our annotator pool consisted of three women and
two men; one white person, one Asian-American
person, one Hispanic-American person, and two
mixed Asian-American/white American people;
and three doctoral students, one undergraduate stu-
dent, and one community college student, collec-
tively between the ages of 21 and 44.

C Expanded Related Work

C.1 On Annotators

Work such as Ross et al. (2017) has observed that
providing specific definitions or guidelines to an-
notators does not necessarily resolve annotator dis-
agreement. Instead, they found that when detecting
hate speech in the context of European Refugee
Crisis, alignment of hate speech definitions created
some degree of alignment in opinions among the
annotators but did not improve reliability among
the annotators (Ross et al., 2017). As the research
team discussed future work on how to resolve anno-
tator disagreements, Davani et al. (2022) discussed
the implications behind the majority vote in subjec-
tive annotations, advocating that the majority vote
can create inconsistencies across the labels in the
data set (Davani et al., 2022). Moreover, the ma-
jority vote may have ethical complexities, e.g., by
potentially disregarding marginalized voices (Gor-
don et al., 2022).

In light of the fraught nature of annotation, Gadi-
raju et al. (2023) present six questions for data
annotation regarding disability that non-disabled
annotators consider in this work:

1. How well does the statement accurately repre-
sent people’s lived experiences?

2. How objectifying is the statement towards dis-
ability (e.g., inspiration porn)?

3. How disregarding or marginalizing is the state-
ment of one’s granular identity?

4. How assumptive is the statement?

5. How violating is the statement of one’s auton-
omy?

6. How discouraging is the statement towards
one’s abilities?

C.2 On Ableism

In popular thought, ableism is defined as “discrim-
ination or prejudice against individuals with dis-
abilities.” 7 We further acknowledge that ableism
“value[s] and promote[s] certain abilities, for ex-
ample, productivity and competitiveness, over oth-
ers...” (Wolbring, 2008). For example, in the fol-
lowing CSR data entry, the correct answer places
value on productivity and ignores alternative values
and abilities. Alex spilled the food she just
prepared all over the floor and it made
a huge mess. Q: What should Alex do next?
Correct A: Mop it up (Sap et al., 2019b).

Several scholars provide grounding for the im-
portance of investigating ableism in the context
of common sense. Friedman and Owen (2017)
describe how “the ropes that bind [disability] are
largely invisible as common sense,” while Cher-
ney (2011) argues that “ableist culture sustains and
perpetuates itself via rhetoric”. Thus, ableist lan-
guage is often considered covert, through subtle
disclusions and assumptions about ability. How-
ever, the impacts of ableist language are nothing
more than subtle, with potential ramifications on
one’s social integrity and mental health (Kattari,
2020; Lett et al., 2020).

In this work, we define ableism as: “A set of be-
liefs, processes, and practices that produce, based
on abilities one exhibits or values, a particular un-
derstanding of oneself, one’s body and one’s rela-
tionship with others of humanity, other species, and
the environment, and includes how one is judged
by others” (Wolbring, 2008).

D Dataset Descriptions

CommonsenseQA: a dataset for commonsense
QA with 9.74k train entries and 1.22k validation
entries (Talmor et al., 2019). Formulation: Given a
question that potentially contains information about
an everyday situation, pick the best of 5 answers.

Social IQA: 33.4k training entries and 1.95k
validation entries for the commonsense reasoning
about the social implications of people’s actions
(Sap et al., 2019b). The task is: given a context, a
question, and three choices for answering the ques-
tion, choose the correct answer to the question.

Physical IQA: a dataset with 16.1k labeled train
entries, 1.84k labeled validation entries, and 3.08k

7https://www.merriam—webster.com/dictionary/
ableism
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unlabeled test entries for the task of commonsense
reasoning about physical situations (Bisk et al.,
2020). The task formulation is as follows: given a
situation described by a question g and two possible
solutions to the question, s1 and s2, choose the
correct solution.

E Additional Results

E.1 Recall and True Negatives

Dataset  Disability | Recall TNR
SIQA Vision 0.09 0.87
Autism 0.03 0.94

LC 0.23 0.68

PIQA Vision 0.22 0.50
Autism 0.03 1.00

LC 0.05 0.95

CQA Vision 0.06 0.83
Autism 0.01 1.00

LC 0.08 0.83

Table 5: Breakdown of recall and true negative rates
contributing to the balanced accuracies of the flagging
task on gpt-40-mini shown in Table ??. Bolded entries
are the highest in each column.

Dataset  Disability \ Recall TNR
SIQA Vision 0.62 0.73
Autism 0.26 0.61

LC 0.56 0.60

PIQA Vision 0.55 0.64
Autism 0.00 0.68

LC 0.32 0.69

CQA Vision 0.17 0.61
Autism 0.38 0.68

LC 0.41 0.61

Table 6: Breakdown of recall and true negative rates
contributing to the balanced accuracies of the adapting
task on gpt-40-mini shown in Table ??. Bolded entries
are the highest in each column.

Table 5 shows the recall and true negative rates
of gpt-40-mini on the flagging task. A clear pat-
tern emerges of recall being much lower than true
negative rates, with 7 of 9 (dataset, disability) pairs
having recall less than 10% and 7 of 9 pairs having
true negative rate above 80%.

Table 6 shows the same metrics for
gpt-4o-mini on the adapting task, where a
similar pattern emerges. All recall scores are lower
than their corresponding true negative rates. These
scores highlight the critical bottleneck in ableism
flagging and adaptability: that LLMs often fail

to recognize instances of ableism that humans
recognize through their own lived experience.

Dataset Dis Flagging Adapting
% Inc/None %
PIQA Vision 25 11/27
Autism 3 13/18
LC 5 12/19
SIQA Vision 10 17/14
Autism 5 13/19
LC 25 17729
CQA Vision 7 31/6
Autism 1 31/2
LC 11 29/10

Table 7: Results on gpt-40-mini. Flagging % is the
percentage of entries where the model produced the
same answer choice as was labeled in the dataset in the
flagging task, and ADapting Inc/None is the proportion
of entries where it chose one of the incorrect answer
choices given in the dataset/the number of entries where
it selected “none of the above” as the best choice in the
adapting task. Bold represents the highest frequency of
ableism.

Table 7 shows the frequencies with which
gpt-40-mini flags ableism across both task setups.
Examining the flagging task compared to Table
3, we see that LLM flags ableism against vision-
impaired people approximately 3 times more fre-
quently than human annotators, while flags ableism
against autistic people 5-8 times less frequently on
SQA and CQA. For LC, the LLM flags ableism
more frequently than humans on SQA and CQA
but less frequently on PIQA. In the adapting task,
the LLM changes its answer to the task more fre-
quently, 5 to 15 times more frequently than hu-
mans flagged ableism against vision impaired peo-
ple, and 4 to 14 times more often than humans for
ableism against autistic people, and 3 to 5 times
more often than humans for ableism against those
with LC. These results show that the LLM flags
ableism against vision impairment significantly
more often than humans, which is consistent with
our prior hypothesis that annotator agreement was
low on vision impairment due to the comparatively
less severe nature of the annotators’ vision impair-
ments vs. other disabilities. For autism and LC,
when given the same task presentation as humans,
the LLM flags ableism less than humans in the
datasets where each respective form of ableism
is more likely to appear (i.e., autism primarily af-
fects social interactions and cognitive processes as
probed in SQA and CQA, LC manifests more phys-
ically as probed in PIQA). However, when asked
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to generate an answer without knowing the correct
original answer as in the adapting task, the LLM
flags ableism much more frequently.

E.2 Free-Text Rationales

An example of a common reasoning pattern in an-
notators’ free-text rationales can be seen in the
following example. Q: Exercise seems foreign
to those who are just plain what? Correct
answer: lazy. The annotators provided justifica-
tion for this being ableist toward individuals with
long COVID: “Maybe you cannot exercise because
of a condition you have, not because you are lazy,”
“ME/CFS® people are not lazy, they just physically
cannot tolerate exercise.” In this example, the gold
label made an assumption about the person’s in-
tegrity if exercise is “foreign” to them, assuming
they are just lazy when in fact their disabilities can
cause exercise intolerance.

E.3 On Ableism in CSR Questions
Themselves

Beyond ableist answers to well-formed questions,
annotators also find that over 10% of the questions
contain ableist assumptions that would make them
nonsensical for people with one of these disabili-
ties.

8https://www.cdc. gov/me-cfs/about/index. html
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