
Proceedings of the 19th Conference of the European Chapter of the Association for Computational Linguistics
Volume 3: System Demonstrations, pages 563–574

March 24-29, 2026 ©2026 Association for Computational Linguistics

ARGSBASE: A Multi-Agent Interface for Structured Human–AI
Deliberation

Frieso Turkstra ∗ Sara Nabhani ∗ Khalid Al-Khatib∗

University of Groningen
{f.turkstra,s.nabhani,khalid.alkhatib}@rug.nl

Abstract

We present a new deliberation interface that
enables users to engage with multiple large
language models (LLMs), coordinated by a
moderator agent that assigns roles, manages
turn-taking, and ensures structured interaction.
Grounded in argumentation theory, the system
fosters critical thinking through user–LLM dia-
logues, real-time summaries of agreements and
open questions, and argument maps. Rather
than treating LLMs as mere answer providers,
our tool positions them as reasoning part-
ners, supporting epistemically responsible hu-
man–AI collaboration. It exemplifies hybrid
argumentation and aligns with recent calls for
“reasonable parrots,” where LLM agents inter-
act with users guided by argumentative prin-
ciples such as relevance, responsibility, and
freedom. A user study shows that partici-
pants found the tool easy to use, perspective-
enhancing, and promising for research, while
suggesting areas for improvement. We make
the deliberation interface accessible for testing
and provide a recorded demonstration1.

1 Introduction

Deliberation, the thoughtful exchange of argu-
ments, is a key process in democratic systems,
education, and group decision-making. It helps
people think critically, understand different per-
spectives, and make more informed choices, espe-
cially when addressing complex or controversial
issues. Research shows that effective deliberation
can improve the quality of collective decisions and
increase public trust in their outcomes (Burkhalter
et al., 2006; Dryzek et al., 2019). In response to
its significance, the field of computational argu-
mentation has started to explore how technology
can support and model deliberative processes. This
growing interest is reflected in new research ini-

*Equal contribution.
1argsbase.chat

tiatives, such as the first Workshop on Language-
driven Deliberation Technology held in 2024.2

Despite the apparent benefits of tools that sup-
port deliberation for end users, only a few such
systems currently exist. Some notable exam-
ples include Discussion Tracker, 3 which assists
teachers in evaluating students’ collaborative ar-
gumentation using language technologies, and
BCause.app,4 which promotes healthier online dis-
cussions through structured interactions and reflec-
tive feedback. While these tools offer valuable
contributions, they do not yet leverage the full po-
tential of LLMs, particularly in the context of agen-
tic systems, to allow more dynamic and effective
deliberative processes.

We propose ArgsBase, a new tool that facilitates
deliberation between users and multiple LLMs to
support effective decision-making. The use of mul-
tiple LLMs allows the system to draw on the dif-
ferent strengths and capabilities of each model. A
central moderator agent orchestrates the interac-
tion, managing turn-taking and assigning roles to
the user and the models to ensure a structured dia-
logue. The deliberation process is guided by well-
established principles from argumentation theory,
such as pragma-dialectics (Eemeren and Grooten-
dorst, 2003), 5 and considers tasks such as fallacy
detection, while maintaining a clear conversational
style. The tool also provides real-time summaries
focused on key deliberative elements, such as open
questions and points of agreement. Besides, an
argument map is generated to visualize the main
arguments discussed and their relationships.

The proposed tool is an example of hybrid ar-
gumentation,6 aiming to support epistemically re-

2DELiTe 2024 Workshop website
3https://discussiontracker.cs.pitt.edu
4https://bcause.app
5A theory that analyzes argumentation as a critical discus-

sion to resolve a difference of opinion.
6Lorentz Center Workshop on Hybrid Argumentation and
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sponsible and constructive human–AI collabora-
tion. It contributes to the broader vision of hybrid
intelligence, in which AI systems are designed to
enhance rather than replace human reasoning. This
work also aligns with recent calls for conversational
technologies specifically designed to support argu-
mentative reasoning, addressing the limitations of
current LLMs in this area. Musi et al. (2025) ad-
vocate for treating LLMs as tools for practicing
critical thinking, introducing the concept of “rea-
sonable parrots”; agents that engage in a discussion
based on the principles of relevance, responsibility,
and freedom grounded in argumentation theory.

ArgsBase is intended for users engaged in struc-
tured reasoning, critical reflection, and collabo-
rative decision-making. It is particularly useful
for public engagement practitioners facilitating bal-
anced, multi-perspective discussions on complex
topics. ArgsBase also supports future research
and downstream analysis. Researchers in compu-
tational linguistics, argumentation, and human–AI
interaction, as well as educators and students in-
terested in deliberative dialogue, can use the tool
to explore whether online deliberation influences
decision quality, how cognitive load interacts with
reasoning processes, and how deliberation affects
critical thinking.

2 Related Work

Our work intersects with three lines of research:
Human–AI collaboration, multi-agent language
model frameworks, and online public deliberation
platforms. Each of these areas offers insights into
the design and impact of AI systems aimed at aug-
menting human reasoning and dialogue.

Human–AI Collaboration Human–AI Collabo-
ration has shown promise across domains, improv-
ing performance and supporting informed decision-
making. In social chatbots, AI is often seen as a
companion offering emotional support (Brandtzaeg
et al., 2022), while in mental health, it can en-
hance empathy in peer interactions (Sharma et al.,
2023). In education, AI fosters critical thinking and
personalized learning (Markauskaite et al., 2022;
Muthmainnah et al., 2022), and in customer service,
it boosts efficiency by handling routine tasks (Vas-
silakopoulou et al., 2022). Jiang et al. (Jiang et al.,
2022) stress that effective collaboration requires
systems that support users without overwhelming

Responsible AI

them, highlighting the value of clear communica-
tion and intuitive design.

ArgsBase advances hybrid argumentation by
fostering critical thinking, reflection, and multi-
perspective reasoning. Unlike chatbots or educa-
tional tools centered on emotional or personalized
engagement, it positions AI as a reasoning partner
in structured, epistemically responsible dialogue.

Multi-agent Collaboration Approaches Recent
work highlights the value of multi-agent systems
for improving LLM reasoning, factuality, and self-
correction via structured disagreement. Tree-of-
Debate (Kargupta et al., 2025) transforms scien-
tific papers into LLM personas that engage in dy-
namic debates for literature synthesis. Du et al.
(2024) propose a task-agnostic “society-of-minds”
approach, where agents iteratively debate and con-
verge on solutions. PREDICT (Park et al., 2024)
combines cross-stance debates with perspective-
based reasoning to enhance robustness in hate
speech detection. Other work explores debate as a
mechanism for truth alignment (Irving et al., 2018)
and promotes divergent reasoning through judge-
guided interactions (Liang et al., 2024).

In contrast to debate–based multi-agent systems,
ArgsBase enables real-time human–agent delibera-
tion. Rather than converging on a single outcome,
it surfaces diverse perspectives and fosters user re-
flection through structured, moderated dialogue.

Public Deliberation Platforms Several sys-
tems support structured online public deliberation.
BCause.app7 addresses the downsides of social me-
dia by introducing lightweight argument structur-
ing and reflective feedback. COLLAGREE (ITO
et al., 2015) is a facilitator-supported forum shown
to elicit more opinions than traditional town halls.
ConsiderIt8 promotes deliberation via pro/con lists,
stance sliders, and argument ranking. D-Agree9 em-
ploys rule-based facilitation and argument mining
(via bi-LSTM) to support large-scale discussions
and filter offensive content.

Public deliberation platforms offer useful models
for structuring dialogue but largely exclude LLMs
or limit AI to moderation. ArgsBase extends this
by integrating LLM agents as active participants,
coordinated by a moderator and supported with
real-time summaries and argument maps.

7https://bcause.app/
8https://consider.it
9https://d-agree.com

564

https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://www.lorentzcenter.nl/hybrid-argumentation-and-responsible-ai.html
https://bcause.app/
https://consider.it
https://d-agree.com


Figure 1: System architecture of ArgsBase. The user engages in deliberation with multiple LLM agents, called
deliberators, as well as a moderator agent that manages turn-taking and role assignment and contributes to the
discussion. An analyzer agent provides real-time summaries, highlights agreements and open questions, and
generates argument maps to support epistemically responsible deliberation.

3 System Overview

The ArgsBase system is designed to facilitate struc-
tured human–AI deliberation by orchestrating inter-
actions between a human user and multiple LLM
agents as demonstrated in Figure 1. This section
outlines the core components of the system: the
Moderator agent, the Deliberator agents, and the
Analyzer module.

Moderator is responsible for facilitating the en-
tire deliberation process. It initiates the session
by setting the agenda: defining the topic scope,
participation rules, timeline, and overall structure.
Throughout the conversation, the Moderator man-
ages turn-taking, making sure no agent speaks
twice in a row and that the human user partici-
pates at regular intervals. In addition to its role as
a coordinator, the Moderator actively guides the
quality of the reasoning. It identifies vagueness,
prompts clarification when terms are unclear, and
keeps the dialogue focused and on track. It summa-
rizes progress, synthesizes input, and gently flags
reasoning issues when needed. The Moderator is
grounded in pragma-dialectic principles and aims
to support structured, fair dialogue while maintain-
ing a friendly, natural tone.

Deliberators act as peer participants in the dis-
cussion. Their role is to propose ideas, support
them with reasoning, respond to critiques, and
work toward refinement or resolution. Each de-
liberator can introduce distinct perspectives and

is expected to deliberate in a structured, collabo-
rative way. They adapt dynamically to feedback
from others, building on strengths, adjusting pro-
posals, and engaging respectfully with opposing
views. Their responses follow a clear line of rea-
soning: introducing claims, offering justifications,
handling counterarguments, and considering trade-
offs. They also spot weak or ambiguous reasoning,
and respond in a accessible language, asking for
clarification or offering constructive alternatives.

Human User plays an active role as the third de-
liberator. They initiate the session by proposing a
topic, and are then integrated into the structured
turn-taking system. The moderator ensures that the
user contributes regularly, at least once every three
turns, and prompts them directly when it is their
turn. The system is designed to support the user as
a full participant without requiring them to manage
the flow of the conversation. They are free to intro-
duce new ideas, respond to other participants, or
raise questions.

Analyzer is a background agent that does not par-
ticipate in the conversation but provides ongoing
meta-level feedback. It monitors the discussion in
real-time and generates a structured summary. This
includes a concise overview, a list of points where
agreement has been reached, unresolved or open
questions, and an argument map that links claims
and supporting evidence, and possibly counterargu-
ments and rebuttals. Its role is to support reflection
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and transparency, helping users keep track of the
evolving structure of the dialogue.

4 User Interface and Interaction

The interface is divided into three main compo-
nents: The Dialogue Panel, The User Input Area,
and The Analyzer Side Panel. Each is designed to
keep the interaction clear and focused while en-
couraging engagement.

Dialogue Panel This is the main thread of the
conversation. All turns from the Moderator, Delib-
erators, and the Human User appear here in order.
Each message is labeled with the participant’s role
(i.e. Moderator, Deliberator, and User), along with
the corresponding base LLM, to help track the con-
versation. This panel gives a complete view of the
dialogue history, so users can scroll back at any
point to review previous turns.

User Input Area This section only becomes ac-
tive when it is the user’s turn. The text box is
outlined in blue to indicate that input is expected.
The user can respond freely in the box, and after
submitting the response, it appears in the dialogue
panel like any other turn.

Analyzer Side Panel On the right side of the
screen, the Analyzer component tracks the conver-
sation. It is divided into four sections: Conversa-
tion Summary: a list of the key topics discussed
so far, Points of Agreements: a list of the points
the participants seem to agree on so far, Open
Questions: items that are still unresolved or re-
quire clarification, and Argument Map: a list of the
claims presented in the dialogue and their support-
ing premises. The goal of this panel is to give users
a clear view of the current state of the conversation
at a higher level without requiring them to track it
all manually.

5 Implementation Details

ArgsBase is hosted on a cloud infrastructure
(AWS) 10 to ensure long-term availability. It uses
serverless Lambda functions to orchestrate the
multi-agent deliberation flow, including role as-
signment and turn-taking. For language generation,
the system integrates with Amazon Bedrock 11 to
access selected LLMs: DeepSeek R1, DeepSeek

10https://aws.amazon.com
11https://aws.amazon.com/bedrock/

V3, Command R, and Llama 3.3 70B. These mod-
els were chosen based on a balance of quality, di-
versity, and cost-efficiency, with a preference for
strong open-source options. DeepSeek R1 is the
analyzer agent and provides updates for the side
panels. DeepSeek V3 was appointed as the modera-
tor since we consider moderating the most complex
role. Command R and Llama 3.3 acted as delib-
erators. All models are currently used with their
default parameter settings to ensure consistency
and reproducibility across interactions. This in-
frastructure enables dynamic, modular interactions
while ensuring scalability and adaptability for fu-
ture research settings.

The prompts for the analyzer agent are simple
but effective. In contrast, the deliberator and mod-
erator agents required a more involved prompt
design process. The original deliberator prompt,
derived from argumentation principles, is closely
reflected in Figure 6 (Appendix A.1). This ver-
sion performed well with Llama 3.3 70B; the only
adjustment was removing examples as the model
tended to explicitly reference them. Command R,
on the other hand, did not perform well with elab-
orate instructions. Consequently, we developed a
more concise and directive version of the delibera-
tor prompt (Figure 5, Appendix A.1).

The moderator prompt proved the most complex.
Initially, the moderator struggled with enforcing
all the turn-taking rules. Therefore, some of the
rules are programmatically enforced (e.g., prevent-
ing consecutive turns by the same speakers) and the
moderator is only tasked with turn-management if
none of the constraints apply. Replacing DeepSeek
R1 with DeepSeek V3 improved overall consis-
tency. With these refinements, the resulting conver-
sations achieved consistently high quality.

We share prompts and interface elements to sup-
port reproducibility and collaboration. The source
code for the interface and the conversation analysis
and orchestration is made publicly available.12

6 Evaluation

To gather early feedback on ArgsBase, we con-
ducted a formative user study where participants
were invited to explore the tool and complete a
structured feedback form.

12https://github.com/Argmining/argsbase
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Figure 2: Screenshot of the tool showcasing its main interface components.

6.1 Participants and Procedure

The user study was conducted with 12 participants
recruited through Prolific.1314Participants were pro-
vided with a brief introduction to the tool and
asked to engage with several full deliberations us-
ing a topic of their choice. Suggested discussion
prompts included societal issues involving AI, such
as: ‘Should students be allowed to use AI tools like
ChatGPT in schoolwork?,’ and ‘Should AI be al-
lowed to make medical decisions without human’s
oversight?.’

After using the tool, they filled out an anony-
mous feedback form to evaluate usability, clarity,
and the perceived value of the system features.
Only the conversations were recorded and partici-
pants were instructed to not share any personally
identifiable information.

6.2 Survey Design

The form consisted of two parts: a 9-item Likert-
scale section covering usability, user experience,
and deliberation support; and seven open-ended
questions asking participants to identify the most
helpful or confusing aspects, evaluate potential ap-
plications and describe perceived advantages. All
the questions can be found in Table 1.

13https://www.prolific.com/
14Participants were fluent in English and met Prolific’s high-

quality criteria, having completed at least 500 previous tasks
with an approval rate of 95% or higher.

6.3 User Study Results

Overall Experience and Usability. Participants
found ArgsBase generally easy to use and navigate.
All users either agreed or strongly agreed that the
system was easy to use with a natural-feel interface.
While 11 participants indicated they would like to
use a system like this again, only one was neutral,
suggesting that the deliberation could be improved
to sound more human-like. These results indicate
that the system is largely usable and accessible.

Support for Deliberation and Reasoning. All
users reported that the system helped them engage
in reflective reasoning. Specifically, they agreed
or strongly agreed that the tool helped them con-
sider multiple perspectives, and the open questions
feature encouraged deeper reflection. There was a
consensus that the agreement tracker and the sum-
mary provided by the side panel were useful for
clarifying the main points in the discussion. While
the argument map was found to be easy to follow
by the participants, one participant noted that the
other features in the panel were easier to under-
stand. These results highlight the tool’s potential in
supporting structured deliberation, while also iden-
tifying areas for refinement in feedback delivery.

Research and Practical Potential. All partici-
pants agreed that ArgsBase has strong potential as
a tool for practical reasoning, and most felt it could
also be valuable for research. One participant ex-
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# Question / Statement Strongly Disagree Disagree Neutral Agree Strongly Agree

General Feedback (Likert Scale)
1 I found the system easy to use. ◦ ◦ ◦ ◦ ◦
2 Navigating the interface felt natural. ◦ ◦ ◦ ◦ ◦
3 I would like to use a system like this

again.
◦ ◦ ◦ ◦ ◦

4 The system helped me consider multiple
perspectives.

◦ ◦ ◦ ◦ ◦

5 The open-question prompts encouraged
deeper reflection.

◦ ◦ ◦ ◦ ◦

6 The summaries clarified the key points of
the dialogue.

◦ ◦ ◦ ◦ ◦

7 The agreement tracker was useful. ◦ ◦ ◦ ◦ ◦
8 The argument map was easy to follow. ◦ ◦ ◦ ◦ ◦
9 Overall, the system improved my ability

to reason about the topic.
◦ ◦ ◦ ◦ ◦

Open-ended Responses
10 Please provide a short summary of the

topics you discussed (2-3 sentences per
conversation).

11 What did you find most helpful about
ArgsBase?

12 What aspects confused you or need im-
provement?

13 Can this tool support research (e.g., LLM
behavior, deliberation studies)?

14 Can this tool support users in reflecting
and reasoning better?

15 What is the major advantage of ArgsBase
vs. single LLM tools?

16 Additional comments or suggestions:

Table 1: ArgsBase User Feedback Questions

pressed reservations about the tool’s suitability for
research, noting that the agents’ responses some-
times appeared overly aligned with the user’s views
and occasionally included odd or unclear sentences.
Open-ended responses emphasized the benefits of
engaging with multiple AI perspectives, guided
prompts, and structured visualization tools. Com-
pared to single-agent systems like ChatGPT, par-
ticipants appreciated the diversity of perspectives,
the interactive and easy-to-follow design, and the
ability to keep track of the summary, points of
agreement, and open questions.

Suggestions for improvement focused primarily
on the tool’s design. Participants recommended
making the argument map more intuitive, present-
ing each agent’s contribution in clearly labeled con-
versational bubbles to improve traceability, and
adding a button to signal the end of the deliberation.
Regarding functionality, participants suggested that
the tool can benefit from including guidance on
timing and transitions between topics. They also
recommended reducing the formality of the LLM’s
tone, specifically by avoiding direct references to
the user as “human” or “user.” These insights in-

form our roadmap for future iterations of the tool.
A summary of the responses to the Likert-scale

questions is presented in Figure 3.

Figure 3: Distribution of the response counts to the
Likert-scale questions from the user study. The question
numbers on the y-axis reference Table 1.

7 Discussion

The development and deployment of ArgsBase
have revealed both the promise and the complex-
ity of supporting multi-agent deliberation through
LLMs. While our initial implementation demon-
strates the feasibility of our idea, several limitations
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remain, pointing to directions for improvements.

7.1 Limitations
Ensuring long-term conversational stability re-
mains a challenge. As deliberations progress, the
interaction space becomes increasingly complex,
sometimes leading to unexpected agent responses.

Although we instruct agents to adopt diverse per-
spectives, user feedback suggests that the models
may still exhibit bias; by trying to please the user or
by disagreeing superficially to appear oppositional.
This reveals a subtle tension between diversity of
viewpoints and authentic argumentative behavior.

Managing the length of agent replies is non-
trivial. Limiting turns strictly can harm content
quality, while allowing unrestricted output often re-
sults in overly long responses that disrupt the flow
of discussion.

A more rigorous evaluation is required to assess
the practical value of the tool for decision-making.
While our initial study aimed to verify the con-
cept and consider user receptiveness, future work
should involve goal-oriented deliberation scenarios
and direct comparisons with single-agent tools to
measure added value more precisely.

Finally, the system may feel overwhelming for
users seeking quick advice. ArgsBase is designed
for more reflective, structured reasoning rather than
rapid Q&A. It is better suited for contexts requir-
ing thoughtful comparison of multiple perspectives,
such as value-laden or high-stakes decisions.

7.2 Future Work
We plan several improvements to enhance both the
functionality and research value of ArgsBase.

From a user interface perspective, we aim to add
more dynamic interaction. For instance, we plan
to allow users to drag and drop an open question
from the side panel directly into the dialogue.

We also recognize the potential value of disagree-
ment between agents, not just as a feature for users
to reflect on, but as a rich source of insight for re-
searchers studying multi-agent LLM behavior. To
support this, we plan to add a configuration panel
where users, especially researchers, can customize
prompts, choose from a set of supported LLMs,
and adjust interaction parameters.

To facilitate deeper analysis, we will add an op-
tion to download interaction logs. This will enable
both internal evaluation and external user studies,
providing a valuable resource for those investigat-
ing deliberation and human–AI interaction.

Another goal is to bring ArgsBase into more
public-facing environments. We are developing a
modified version of the tool for use in interactive
events, where multiple participants can engage in
the same deliberation. In this setting, agents will
respond via voice and visual feedback, and the
analyzer agent can be called at specific discussion
stages to provide summaries.

On the theoretical side, although our current
prompts loosely reflect principles from argumen-
tation theory, we plan to design agents grounded
explicitly in specific theoretical frameworks (e.g.,
pragma-dialectics). This will allow us to examine
how theory-driven agent behavior impacts the de-
liberation process and outcome. We will also con-
tinue refining the prompts to improve the quality
and flow of deliberation. This includes better turn-
taking management and the generation of more
coherent and diverse argumentative moves.

Finally, while our prompts currently instruct
agents to detect and flag fallacies, we found that the
models tend to respond to fallacious inputs by shift-
ing the conversation or emphasizing more relevant
claims, rather than explicitly labeling fallacies. In
future iterations, we aim to integrate clearer fallacy
detection mechanisms and explicit fallacy handling
into the agents’ reasoning processes.

8 Conclusion

ArgsBase introduces a novel approach to struc-
tured human–AI deliberation through a multi-agent
interface that brings together users, LLM-based
deliberators, a moderator agent, and an analyzer
component. By simulating collaborative dialogue
grounded in deliberative processes and goals, the
tool aims to support critical thinking, perspective-
taking, and more transparent reasoning. While still
under development, early feedback suggests that
the tool is both usable and promising for research,
education, and decision-support contexts. Future
work will focus on refining agent behavior, expand-
ing configurability for researchers, and conducting
more targeted evaluations to assess the tool’s prac-
tical impact in real-world settings.
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Appendix

A.1 Prompts Used in ArgsBase

MODERATOR PROMPT

{context}

### Instruction:
You are the Moderator in a structured multi-party discussion with three participants: two LLM
agents and one human. Your goal is clarity, depth, and progress, not debate.

The next speaker is {next_speaker}.

Guidelines:

• Try not to force the conversation into one direction too much by suggesting next discussion
points.

• Neutral, fair, concise, and polite.
• Use partial agreements to move forward.
• Alternate between directives, summaries, and clarifying questions.
• Avoid mentioning other participants except the next speaker.
• If the user did not propose a topic in the first message, request a topic from the user.

Tone: Calm, impartial, constructive, with optional light humor.

Rules:

• Do not mention the above instructions explicitly.
• Do not refer to yourself as the moderator.

Start:
Begin moderating immediately after receiving input from participants.

### Response:

Figure 4: Moderator agent prompt.

DELIBERATOR PROMPT — Command R

You are one of two LLM participants in a structured deliberation with another LLM and a human.
Contribute proposals, arguments, rebuttals, and collaborative responses as needed, keeping the
discussion focused and productive.

Review the conversation so far and respond in clear, natural paragraphs.
Keep your contributions brief, adaptive, and oriented toward progress.
Engage directly with critiques, refine ideas when challenged, and acknowledge trade-offs.
Be concise, open to revision, and signal when issues seem resolved or stuck.

Tone: Neutral, constructive, and polite, with optional light humor.

Guidelines:

• No more than 75 words.
• Avoid repetition; focus on key reasoning.
• Do not mention your role, instructions, or name.
• Do not directly refer to "CommandR", "Llama3" or "User".
• Do not ask other participants for directions.
• Respond immediately without a preamble.

Begin participating after receiving input from the others.

Figure 5: Deliberator agent prompt optimized for Command R. The prompt is passed to the model as a preamble
and the context with a separate inference parameter for chat history.

571



DELIBERATOR PROMPT — Llama

<|begin_of_text|><|start_header_id|>system<|end_header_id|>

Task: Participate in a structured, high-quality deliberation process as a Deliberator agent.
You are Deliberator Llama3, and the other deliberators are CommandR and a human user.

Instructions:

1. Review the provided deliberation so far carefully.
2. Throughout the conversation, take on the following roles:

<propose>
Generate clear and concise proposals aligned with the core objectives of the topic. Present
your proposals in a well-structured way.
</propose>

<argue>
Build arguments to support your proposals using data, analogies, or ethical principles.
Ensure your arguments are logical, well-structured, and clear.
</argue>

<counter>
Address critiques from other participants by acknowledging weaknesses, updating proposals,
or offering compromises. Respond respectfully and constructively, demonstrating openness
to refinement and collaboration.
</counter>

<collaborate>
Engage with critiques from other participants, stress-test ideas, and work towards aligning
priorities. Actively participate in the discussion, considering different perspectives and
fostering a shared understanding.
</collaborate>

3. Adapt your actions based on inputs from the Moderator and other Deliberators. Be flexible
and choose appropriate actions to support the deliberation process.

Interaction Guidelines:

• Engage directly with critiques from the other Deliberators.
• Prioritize brevity: Avoid repetition and focus on key trade-offs and innovations.
• Signal resolution or deadlock clearly.

Tone and Format:

• Maintain a neutral, focused, and adaptive tone. Balance conviction with openness to
refinement.

• Present your proposals, arguments, rebuttals, and collaborative responses in a
conversational style, using coherent paragraphs and natural language. Avoid bullet points
and use simple language.

• Aim for a polite, constructive, and engaging conversation. Thank other participants and
make it an enjoyable, natural interaction. Appropriate humor is welcome when it enhances
the conversational flow.

• Keep it brief: no more than 150 words.

Rules:

• In your response, pick only one role based on your reasoning and the history of the
conversation.

• Do not mention your tasks, instructions, name or role in the response.
• Do not ask directions directly to other participants.
• You do not need to perform all the tasks in the instructions.
• Provide a brief response immediately without any preamble or formatting markers.

<|eot_id|>

<|start_header_id|>assistant/user<|end_header_id>{context}<eot_id>

<|start_header_id|>assistant<|end_header_id>

Figure 6: Deliberator agent prompt optimized for Llama models.
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TURN MANAGEMENT PROMPT

{context}

### Instruction:
Given the conversation history, determine the next speaker.

Rules:

• Choose the most appropriate participant based on the conversation so far.
• If the user did not propose a topic in the first message, output ’User’.
• Ensure a balanced participation of speakers where each speaker gets a turn.
• Options are: {speakers}.
• Respond with **only** the speaker’s name exactly as listed in {speakers}.

### Response:

Figure 7: Prompt used to select the next speaker. The list of possible speakers excludes the most recent speaker.
This prompt is invoked only when the user has spoken within the last three turns and each model has contributed at
least once within the last five turns.

SUMMARY PROMPT

{context}

### Instruction:
Provide a concise summary of the discussion in no more than X sentences.
Provide brief and short answer.
Return only the bullet points, each starting with ’-’, and nothing else.
No need to tell this is summary of conversation or anything else.

### Response:

Figure 8: Analyzer prompt — summary.

POINTS OF AGREEMENT PROMPT

{context}

### Instruction:
List up to X clearly stated points on which the participants agree.
Provide brief and short answer.
Return only the bullet points, each starting with ’-’, and nothing else.
No need to tell this is points of agreement of conversation or anything else.

### Response:

Figure 9: Analyzer prompt — points of agreement.
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OPEN QUESTIONS PROMPT

{context}

### Instruction:
Identify key questions or issues that remain unresolved or require further discussion.
Provide brief and short answer.
Return only the bullet points, each starting with ’-’, and nothing else.
No need to tell this is open questions of conversation or anything else.

### Response:

Figure 10: Analyzer prompt — open questions.

ARGUMENT MAP PROMPT

{context}

### Instruction:
Construct a structured map of the main arguments discussed.
For each argument, include: A **claim** (the main point being made), one or more **supporting
premises** (evidence or reasoning offered for the claim).
Provide brief explanation.
Return only the bullet points, each starting with ’-’, and nothing else.
No need to tell this is argument map of conversation or anything else.

### Response:

Figure 11: Analyzer prompt — argument map.
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