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Abstract

We present ConsumerBR, a large-scale cor-
pus of consumer complaints and company
responses in Brazilian Portuguese, compiled
from publicly available data on the Consum-
idor.gov.br platform. The corpus comprises
over 3.1 million consumer—company interac-
tions collected between 2021 and 2025 and
combines anonymized textual content with rich
structured metadata, including temporal infor-
mation, complaint outcomes, and consumer sat-
isfaction indicators. We describe a data collec-
tion strategy tailored to the platform’s dynamic
interface, a preprocessing pipeline that includes
response clustering to identify template-based
replies, and a hybrid anonymization approach
designed to mitigate privacy risks. We also
provide a detailed statistical characterization of
the corpus, highlighting its scale, coverage, and
distributional properties. ConsumerBR is pub-
licly available for research purposes and sup-
ports a wide range of applications, including
complaint analysis, sentiment modeling, dia-
logue and response generation, and preference-
based evaluation.

1 Introduction

Large-scale, publicly documented textual resources
are a fundamental requirement for the development,
evaluation, and comparison of natural language
processing (NLP) methods (Charles et al., 2022;
Garcia et al., 2022; Hartmann et al., 2014). For
Brazilian Portuguese in particular, the availability
of corpora that capture real-world institutional in-
teractions remains limited, especially in domains
involving formal and semi-formal written commu-
nication between citizens and organizations (Car-
doso et al., 2021; Souza et al., 2016). This scarcity
constrains reproducible research and hinders the
development of language technologies tailored to
socially relevant domains.

In Brazil, digital platforms for consumer dispute
resolution constitute one of the largest sources of

naturally occurring written interactions between
individuals and companies (Silva et al., 2024;
Oliveira et al., 2025; Pagano et al., 2022). These
platforms allow consumers to report problems, de-
scribe the circumstances of their complaints, and
receive responses from suppliers within a regulated
public environment. Despite their scale and rel-
evance, such platforms have not yet resulted in
openly documented large-scale corpora suitable for
research in Portuguese NLP.

Consumidor.gov.br' is a prominent example of
this type of platform, enabling direct online di-
alogue between consumers and companies for
the resolution of consumption-related disputes
(Oliveira et al., 2025; Pagano et al., 2022). The
service is monitored by the Secretaria Nacional
do Consumidor (National Secretariat for Consumer
Affairs — Senacon), the Ministry of Justice, Pro-
cons, public defenders, and other civic institutions.
According to official statistics, the platform aggre-
gates approximately 9 million finalized complaints,
nearly 7 million registered users, and more than
1,600 participating companies, making it one of the
largest repositories of consumer—company interac-
tions in Brazilian Portuguese.

However, access to the textual content of these
interactions remains largely unavailable in a struc-
tured and documented form for research purposes
(Silva et al., 2024; Pagano et al., 2022). Existing
Portuguese-language resources in related domains
typically focus on restricted datasets, synthetic or
simulated interactions, or small manually anno-
tated collections, which fail to reflect the linguistic
diversity, scale, and variability observed in real
consumer disputes (Hartmann et al., 2014; Souza
et al., 2016; Zhou and Ganesan, 2016). As a result,
there is a clear gap in the availability of large-scale,
domain-specific corpora that can support empirical
studies, benchmark downstream tasks, and enable

"https://www.consumidor.gov.br/
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the training and evaluation of language models for
Brazilian Portuguese.

This work introduces ConsumerBR, a large-
scale corpus of consumer complaints and company
responses in Brazilian Portuguese, constructed
from data collected directly from the Consumi-
dor.gov.br platform. We detail the corpus cre-
ation process and provide a comprehensive char-
acterization of the resulting resource. In addition,
we describe a carefully designed data collection
strategy tailored to the platform’s dynamic con-
tent loading, along with a fully documented pre-
processing pipeline that includes text extraction,
normalization, template-based detection of auto-
mated responses, and anonymization of person-
ally identifiable information (PII). The resulting
dataset combines anonymized textual content with
rich structured metadata, enabling a wide range of
downstream research tasks in Portuguese NLP.

Our contributions are threefold: (i) the release
of a large-scale, structured corpus of consumer
complaints and company responses in Brazilian
Portuguese; (ii) a fully documented data collec-
tion and preprocessing methodology, including re-
sponse clustering and PII anonymization; and (iii) a
detailed statistical and linguistic characterization of
the corpus, illustrating its structure, coverage, and
potential use cases for Portuguese NLP research.

2 Related Work

Research on consumer complaints and opinionated
user-generated content has been explored in Por-
tuguese and other languages from different perspec-
tives, including sentiment analysis, complaint clas-
sification, and sociolinguistic analysis. However,
the availability of large-scale, openly documented
corpora containing real-world consumer—company
interactions in Portuguese remains limited. In this
section, we position ConsumerBR with respect to
existing datasets and studies, highlighting differ-
ences in domain coverage and resource availability.

Although several studies have analyzed data
from the Consumidor.gov.br platform, these efforts
have mainly focused on applied analyses rather
than on corpus creation. Silva et al. (2024), for in-
stance, investigate sentiment analysis of consumer
complaints using transformer-based models, rely-
ing on a manually labeled subset for evaluation.
Oliveira et al. (2025), in turn, conduct a large-scale
quantitative analysis of complaints, focusing pri-
marily on structured metadata and aggregated statis-

tics rather than on the underlying textual content.

Linguistic analyses have also been conducted on
subsets of data collected from the platform. Pagano
et al. (2022), for example, explored gender-related
patterns in the language of consumer complaints
using NLP techniques. While these studies demon-
strate the analytical value of Consumidor.gov.br,
none provide a publicly available, large-scale tex-
tual corpus suitable for reuse, comparison, and
benchmarking in Portuguese NLP research.

Other Portuguese-language resources related to
opinion mining and complaint analysis are typi-
cally derived from product reviews or social media
data (Souza et al., 2016; Cardoso et al., 2021). For
instance, Hartmann et al. (2014) introduce a large
corpus of Brazilian Portuguese product reviews
collected from e-commerce websites, focusing on
lexical variation and out-of-vocabulary phenom-
ena. Despite its size, this dataset consists mainly of
short, informal texts and does not capture dialogic
interactions between consumers and organizations.

Beyond the complaint domain, several bench-
mark corpora have been proposed for Portuguese
NLP tasks. Fakepedia (Charles et al., 2022)
and FakeRecogna (Garcia et al., 2022) introduce
datasets for fake news detection, emphasizing
balanced collections, reproducibility, and update
mechanisms. Although these works exemplify best
practices in corpus construction and documenta-
tion, they focus on news articles rather than on
consumer—company interactions.

Large-scale datasets for sentiment analysis and
user behavior prediction have also been explored
in other languages, such as user reviews (Zhou and
Ganesan, 2016; Yang, 2025), customer complaint
mining (Ghazzawi and Alharbi, 2019), and pur-
chase behavior prediction on social media (Sakaki
et al., 2016). Howeyver, these resources are either
unavailable in Portuguese or originate from inter-
action settings that differ substantially from formal
consumer dispute-resolution platforms.

In contrast to existing studies and datasets, Con-
sumerBR focuses explicitly on the construction
and characterization of a large-scale corpus of con-
sumer complaints and company responses in Brazil-
ian Portuguese, derived from a public governmental
platform. By prioritizing scale, textual complete-
ness, and rich metadata, the corpus fills a critical
gap in the ecosystem of Portuguese NLP resources
and enables a wide range of downstream research
tasks, including complaint understanding, senti-
ment analysis, and longitudinal analyses of con-
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sumer—company interactions.

3 Data Collection

The Consumidor.gov.br platform provides multi-
ple public interfaces for accessing information on
consumer disputes. Among them, the “Indicadores’
panel® presents aggregated statistics such as com-
pany rankings, resolution rates, and average re-
sponse times, and includes a “Dados abertos” sec-
tion? for downloading complaint records. However,
this channel only provides structured metadata and
does not include the textual content of consumer
complaints or company responses.

’

Access to full textual interactions is available
exclusively through the “Relato do Consumidor”
section,* which displays individual complaints and
their corresponding company responses. This in-
terface supports filtering by attributes such as com-
pany, topic, problem category, region, and satisfac-
tion score, and presents the consumer narrative, the
company response (when available), the complaint
status, the consumer evaluation, and temporal and
location metadata.

Complaints are listed in reverse chronological or-
der and loaded incrementally via an infinite-scroll
mechanism, in which only a limited number of en-
tries are initially displayed, and additional items
are retrieved dynamically. Because this mecha-
nism does not rely on explicit pagination, the total
number of available complaints cannot be directly
inferred, and no URL parameters are exposed to
enable straightforward page-based crawling. As
a result, conventional automated crawling strate-
gies are not applicable and require a dedicated data
extraction approach.

Given the absence of textual data in the “Da-
dos abertos” section, data collection is performed
through the “Relato do Consumidor” interface.
Rather than relying on browser automation, we
identified and directly accessed the underlying end-
point used by the public web interface to retrieve
complaint records.’ This strategy enables a more
stable and efficient extraction process while pre-

2https://www.consumidor.gov.br/pages/
indicador/geral/abrir

Shttps://www.consumidor.gov.br/pages/
dadosabertos/externo/

4https://www.consumidor.gov.br/pages/
indicador/relatos/abrir

5 Although the platform does not provide an official pub-
lic API for accessing textual complaint data, the identified
endpoint corresponds to the same data retrieval mechanism
employed by the public interface.

serving the structure of the returned data. Although
the endpoint supports optional filtering parame-
ters, the collection procedure retrieves all available
complaints by default, and each request includes a
timestamp parameter to prevent cached responses.

The endpoint returns HTML fragments contain-
ing rendered complaint entries. These fragments
are parsed using the BeautifulSoup library® to ex-
tract the relevant fields. The extracted attributes
include company name, complaint status, full con-
sumer narrative, submission date and location, com-
pany response and response date (when available),
and the consumer’s final evaluation, consisting of a
numerical rating and an optional comment.

Because the platform does not provide conven-
tional pagination, the extraction process simulates
the infinite scrolling behavior by iteratively ad-
justing the parameter indicePrimeiroResultado,
which controls the starting index of each batch.
Each request retrieves 10 complaints at a time, and
the process continues until either an empty batch or
a duplicate batch is detected. To ensure robustness
and avoid server-side blocking, the extraction in-
cludes request throttling, duplicate detection across
batches, and explicit handling of HTTP 429 re-
sponses via cooldown periods.

Ethical and Legal Considerations. The Con-
sumidor.gov.br platform operates under official
Terms of Use and data protection policies that de-
fine which information is publicly accessible and
how personal data must be handled. While com-
plaint narratives, company responses, and final con-
sumer evaluations are publicly visible through the
platform interface, personally identifiable informa-
tion (PII), such as names, identification numbers
and contact details, is not publicly disclosed.

Although the platform’s Terms of Use and Data
Policy do not explicitly address or prohibit auto-
mated access to publicly available content, they
clearly distinguish between public and confiden-
tial data and restrict the use of personal informa-
tion to legally authorized contexts. In compliance
with these policies, the data collection process em-
ployed in this work retrieves only publicly visi-
ble information from the interface and does not
access restricted content or bypass authentication
mechanisms. No data outside the scope of publicly
displayed fields is accessed or collected.

The construction of the ConsumerBR corpus

6https://beautiful—soup—4.readthedocs.io/en/
latest/
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Figure 1: Overview of the ConsumerBR data processing pipeline.

adheres to these platform policies and to the princi-
ples established by the Brazilian General Data Pro-
tection Law (LGPD). Data collection is limited to
publicly accessible content, and only anonymized
versions of the textual data are released for re-
search use. The preprocessing pipeline incorpo-
rates anonymization procedures to mitigate the risk
of disclosing sensitive or identifying information,
and no attempts are made to re-identify individuals.
Although derived from a public interface, the cor-
pus is intended exclusively for research purposes
and responsible use.

4 Data Processing

The data processing pipeline is designed to trans-
form raw complaint records into a structured,
anonymized, and analysis-ready corpus. The
pipeline consists of four main steps: (i) data clean-
ing, (ii) embedding generation, (iii) clustering of
company responses, and (iv) anonymization of per-
sonally identifiable information (PII). Figure 1 pro-
vides an overview of the complete workflow.

4.1 Data Cleaning

The first step focuses on cleaning and standardizing
the raw data collected from the platform. Dupli-
cate complaint records are removed, and missing or
incomplete fields are handled in accordance with
predefined consistency rules. Textual fields, includ-
ing company names, consumer complaints, and
company responses, are minimally preprocessed to
normalize whitespace, remove encoding artifacts,
and ensure consistent formatting across records.
Each complaint is assigned a unique internal identi-
fier, enabling traceability across subsequent stages
of the pipeline.

4.2 Embedding Generation

To support semantic comparison between com-
pany responses, each response is converted into
a dense vector representation. We rely on the Ser-

afim 100M Portuguese (PT) Sentence Encoder,’ a
sentence transformer model trained for Brazilian
Portuguese (Gomes et al., 2024). Embeddings are
generated in batches to ensure computational ef-
ficiency and stored in HDFS format, along with
linked metadata, such as complaint identifiers and
company names. The resulting representations map
each response to a fixed-dimensional vector space,
enabling semantic similarity computation using co-
sine similarity.

4.3 Response Clustering

The clustering step aims to identify standardized
or template-based responses reused by companies
across multiple complaints. Here, responses are
grouped by company, and clustering is applied in-
dependently within each company-specific subset.
Such a methodology decision reflects the observa-
tion that response templates are typically specific
to individual organizations.

Clustering is performed using the DBSCAN al-
gorithm over normalized embeddings, with cosine
distance as the similarity metric. DBSCAN is par-
ticularly suitable for this task, as it does not require
specifying the number of clusters in advance and
naturally identifies outliers. Under this formulation,
dense clusters correspond to frequently reused boil-
erplate responses, while isolated points represent
more individualized replies.

As a result, each response is assigned a clus-
ter identifier, which can be used to filter template-
based messages or to analyze response patterns at
the company level. This information is preserved
as metadata in the processed dataset. The dis-
tinction between template-based and non-template
responses is therefore derived from unsupervised
clustering, rather than from manual annotation.

4.4 PII Anonymization

The final step of the pipeline addresses privacy
concerns by detecting and anonymizing person-
ally identifiable information (PII) present in the

7https://huggingface.co/PORTULAN/
serafim-100m-portuguese-pt-sentence-encoder
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textual fields. Anonymization follows a hybrid
approach that combines rule-based detection with
model-based named entity recognition.

Structured PII is identified using regular expres-
sions targeting patterns such as email addresses,
phone numbers (including toll-free numbers), dates,
URLSs, numerical identifiers, and already masked
values. In parallel, unstructured entities are de-
tected using a Transformer-based NER model fine-
tuned for Portuguese,®, which identifies personal
names and organization names (Souza et al., 2019).

Detected entities are merged and passed through
a post-processing step that filters false positives
using external dictionaries of common Portuguese
names’ and the list of companies present in the
dataset metadata. Overlapping entities are resolved
according to a predefined priority hierarchy, ensur-
ing consistent labeling.

In the final labeling step, all validated PII
spans are replaced with standardized placeholder
tags (e.g., [EMAIL], [NOME], [ORGANIZACAO],
[MASCARADO]). This process preserves the lin-
guistic structure of the text while preventing the
disclosure of sensitive information, resulting in
anonymized versions of the complaints and re-
sponses suitable for downstream NLP tasks and
public corpus release.

5 ConsumerBR Corpus

This section presents the structure and a detailed
characterization of the ConsumerBR corpus. We
describe the organization of the dataset and its
constituent fields, followed by a statistical and ex-
ploratory analysis of its main textual and meta-
data attributes. The characterization focuses on
corpus-level properties and distributional patterns
relevant for NLP research, without exposing sensi-
tive individual-level information.

5.1 Structure

Table 1 summarizes the schema of the Con-
sumerBR corpus. The dataset is available as a
single CSV file of approximately 5.2 GiB, contain-
ing 3,150,552 records and 12 fields. Each record
corresponds to a unique consumer complaint and its
associated metadata, including anonymized textual
content, temporal information, complaint status,
and optional consumer evaluation fields.

8https://huggingface.co/marquesafonso/
bertimbau-large-ner-selective

9https://brasil.io/dataset/genero—nomes/
nomes/
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Table 1: Schema of the ConsumerBR corpus.

Field Type Description

1D str  Unique identifier
id_reclamacao int  Complaint identifier
empresa stt  Company name

reclamacao_labeled txt Anonymized complaint text
resposta_labeled txt  Anonymized response
padronizada bool If is template-based response
status cat Complaint status
data_abertura ts Submission timestamp
localizacao st Consumer-reported location

data_resposta ts
avaliacao_nota int
avaliacao_comentario txt

Response timestamp
Evaluation score (1-5)
Evaluation comment

Table 2: Global statistics of the ConsumerBR corpus.

Statistic Value
Total number of complaints 3,150,552
Time span 05/2021 — 04/2025
File size 5.2 GiB
Number of companies 1,445
Average complaints per company 2,180
Median complaints per company 131
Max complaints (single company) 131,381

3,090,951 (98.11%)
59,601 (1.89%)

1,463,328 (46.5%)
1,687,224 (53.6%)
1,063,124 (33.7%)

772.27 (chars)

Complaints with company response
Complaints without response

Complaints with evaluation score
Complaints without evaluation score
Complaints with evaluation comment

Mean complaint length

Median complaint length 567.00 (chars)
Mean response length 587.76 (chars)
Median response length 488.00 (chars)
Template-based responses 2,907,712 (92.29%)
Non-template responses 242,840 (7.71%)

The released version of the corpus provides ex-
clusively anonymized textual fields alongside struc-
tured metadata, enabling large-scale linguistic anal-
ysis while mitigating privacy risks. Raw, non-
anonymized textual content is retained internally
for corpus construction and validation purposes but
is not distributed as part of the public release.

5.2 Characterization

Table 2 reports the main descriptive statistics of
the ConsumerBR corpus, which spans complaints
submitted between May 2021 and April 2025 and
comprises over 3.1 million consumer—company in-
teractions involving 1,445 distinct companies.
Data completeness is high for the core interac-
tion fields: 98.11% of complaints include a com-
pany response, while only 1.89% remain unan-
swered. In contrast, evaluation-related fields show
substantial sparsity, reflecting the optional nature
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avaliacao_nota A
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localizacao A 309,653
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resposta_labeled 4 59.601
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Total of missing values 1e6

Figure 2: Distribution of missing values across fields.
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Figure 3: Distribution of text lengths for complaints and
company responses.

of consumer feedback on the platform. Approxi-
mately 46.5% of complaints include an evaluation
score, and 33.7% include an evaluation comment.

An analysis of missing values (Figure 2) reveals
systematic patterns induced by the platform work-
flow. Records lacking a company response (re-
sposta_labeled and data_resposta) correspond to
unresolved or unanswered complaints. Missing val-
ues in avaliacao_nota almost always imply miss-
ing values in avaliacao_comentario, whereas the
inverse does not necessarily hold, indicating that
consumers may assign a numerical score without
providing textual feedback.

Figure 3 presents the distribution of text lengths
for complaints and company responses, measured
in number of characters. Complaint narratives
exhibit a wide range of lengths, from very short
descriptions to detailed reports exceeding several
thousand characters, with a mean length of 772
characters and a median of 567 characters. This
long-tailed distribution reflects the heterogeneity of
consumer writing styles and levels of detail. Com-
pany responses are generally shorter and more con-
centrated, with a mean length of 588 characters
and a median of 488 characters, suggesting more
standardized communication practices.
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Figure 4: Distribution of complaints per company.
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Figure 5: Distribution of consumer satisfaction ratings.

The corpus includes complaints directed at 1,445
distinct companies. The distribution of complaints
across companies is highly imbalanced and follows
a pronounced long-tail pattern (Figure 4). Approx-
imately 76.7% of companies received fewer than
1,000 complaints during the observed period. A
percentile-based analysis shows that 75% of com-
panies have at most 909 complaints, whereas the
top 5% exceed 8,283 complaints, and the top 1%
surpass 47,408 complaints.

Complaint outcomes, captured in the status field,
are distributed as follows: 28.06% of complaints
are marked as resolved, 23.45% as not resolved,
and 48.49% as not evaluated. Although half of
the complaints lack an explicit final evaluation, the
subset of evaluated cases is relatively balanced be-
tween resolved and unresolved outcomes, indicat-
ing comparable volumes of successful and unsuc-
cessful resolutions when feedback is provided.

Among complaints with an evaluation score, the
avaliacao_nota field exhibits a strongly polarized
distribution, with ratings concentrated at the ex-
tremes of the scale (1 and 5), as shown in Fig-
ure 5. This pattern suggests that consumers are
more likely to provide feedback when their experi-
ence is either highly satisfactory or highly unsatis-
factory, a behavior commonly observed in volun-
tary rating systems.
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5.3 Template-based vs. Non-template
Responses

A salient characteristic of the ConsumerBR corpus
is the prevalence of template-based responses. As
described in Section 4, an unsupervised clustering-
based approach is applied during preprocessing
to identify responses that follow repetitive textual
patterns, typically associated with copy-and-paste
practices or automated reply systems.

Overall, 92.29% of all company responses are
classified as template-based, while the remaining
7.71% correspond to non-template, more individu-
alized replies. This proportion varies substantially
across companies, with some organizations rely-
ing almost exclusively on standardized messages,
whereas others exhibit a higher proportion of per-
sonalized responses (Figure 6).

Template-based responses tend to be consider-
ably shorter and lexically less diverse than non-
template responses, as illustrated in Figure 7. On
average, template-based responses contain 564
characters, compared to 867 characters for non-
template responses. This gap reflects the repetitive,
formulaic nature of standardized replies, which typ-
ically prioritize procedural information and generic
explanations over case-specific details, whereas

non-template responses more often incorporate con-
textualized information and individualized problem
resolution.

This distinction has important implications for
downstream NLP tasks: while template-based
replies may introduce redundancy and bias in
language model training, non-template responses
provide richer linguistic material for tasks such
as response generation and negotiation analysis.
By explicitly identifying and labeling standard-
ized responses, the ConsumerBR corpus enables
controlled experimentation at scale, allowing re-
searchers to include or exclude templated content
depending on the target application.

5.4 Data Availability and Access

The ConsumerBR corpus is publicly available
through the Zenodo repository under a research-
only license (Duarte et al., 2025). The dataset in-
cludes exclusively anonymized textual content and
metadata derived from publicly accessible inter-
faces of the Consumidor.gov.br platform.

To comply with ethical, legal, and contractual
constraints, the original non-anonymized textual
content and the data collection and preprocessing
code are not publicly released. The corpus was con-
structed as part of a collaborative research project
involving academic and industry partners, and its
distribution is subject to data governance and intel-
lectual property agreements.

Access to the corpus is restricted to research pur-
poses. The license explicitly prohibits attempts
at re-identification, redistribution for non-research
purposes, or any use that violates applicable data
protection regulations, including the Brazilian Gen-
eral Data Protection Law (LGPD). Users are re-
quired to comply with these terms and to cite the
dataset appropriately in any resulting publications.

6 Potential Use Cases

The ConsumerBR corpus supports a wide range of
NLP research tasks by providing large-scale, real-
world consumer—company interactions in Brazil-
ian Portuguese. The availability of paired com-
plaints and responses, combined with structured
metadata and outcome information, enables appli-
cations such as complaint classification, topic mod-
eling, sentiment analysis, and outcome prediction.

The corpus is also suitable for training and adapt-
ing language models to the customer dispute and
negotiation domain. It can be employed in tasks
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such as response generation, complaint summariza-
tion, and assistance in drafting replies for human
agents. The explicit distinction between template-
based and non-template responses further allows
controlled experimentation on response personal-
ization and standardization strategies.

Finally, the presence of consumer ratings and res-
olution status enables research on preference mod-
eling, evaluation, and alignment, as well as studies
on fairness and robustness in automated systems
that mediate interactions between users and insti-
tutions. These characteristics make ConsumerBR
a versatile resource for both NLP research and ap-
plied studies in socially relevant domains.

7 Conclusion

This paper introduces ConsumerBR, a large-scale
corpus of consumer complaints and company re-
sponses in Brazilian Portuguese, constructed from
publicly available data on the Consumidor.gov.br
platform. The corpus comprises more than 3.1
million consumer—company interactions collected
over four years and combines anonymized textual
content with rich structured metadata, including
temporal information, complaint outcomes, and
consumer satisfaction indicators. In addition to
documenting the dataset structure, we provided a
comprehensive statistical and linguistic characteri-
zation of its main properties.

A key contribution of this work lies in the de-
sign of a data processing pipeline tailored to the
challenges of real-world data. In particular, the
pipeline incorporates cleaning and standardization
procedures, large-scale embedding and clustering
to identify template-based responses, and a hybrid
anonymization strategy that ensures compliance
with ethical and legal constraints. By explicitly dis-
tinguishing between standardized and non-template
company responses, the corpus enables controlled
experimentation and helps mitigate redundancy-
driven bias in downstream NLP applications.

Despite its scale and richness, the corpus has
some limitations. First, the dataset is restricted to
a single platform and reflects the specific interac-
tion dynamics and policies of Consumidor.gov.br,
which may limit generalization to other consumer
dispute settings. Second, although the core textual
fields are largely complete, a substantial proportion
of complaints lack explicit outcome evaluations, re-
flecting the voluntary nature of consumer feedback
on the platform. Finally, while anonymization pro-

cedures reduce privacy risks, they may also remove
contextual cues that could be relevant for certain
fine-grained linguistic analyses.

Future work includes extending the corpus with
new data releases, enriching the metadata with
sector-level and complaint-type annotations, and
exploring cross-platform extensions to support
comparative studies. We also plan to provide ad-
ditional resources to facilitate corpus access and
usability, as well as to define benchmark tasks and
evaluation protocols derived from the dataset, fur-
ther consolidating ConsumerBR as a reference
resource for research in Brazilian Portuguese NLP.
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