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Abstract

Traditional relation triplet extraction tasks have primarily focused on written text,
constructing structured knowledge graphs by identifying entities and their mutual rela-
tionships. However, speech, as one of the main forms of human-computer interaction,
plays an increasingly important role in many applications such as smart assistants,
intelligent customer service, and voice search. Therefore, how to efficiently and accu-
rately extract valuable structured information from speech data has become a research
hotspot. This study investigates how to enhance model capabilities in triplet extrac-
tion tasks by testing model performance on a dataset. The training framework used in
this study is LLamafactory, and the large models employed are two open-source mod-
els of the 7B scale (qwen2-audio, qwen2.5-omin(Qwen Team, 2025)). First, one of the
models (qwen2-audio was selected in this study) was chosen, with LoRA parameters
set to LLamafactory’s default values. The validation set ratio in the parameters was
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modified to 0.2, and the number of epochs was set to 5 for LoRA supervised fine-tuning
to obtain the optimal epoch on the validation set. Then, with LoRA parameters kept
as default, the epoch parameter was adjusted to the optimal validation epoch + 1, and
both models underwent LoRA supervised fine-tuning on the full dataset. The superior
model was selected, followed by further LoRA parameter tuning to achieve relatively
optimal performance on this task. Finally, the model ranked second in the end-to-end
track on the B Benchmark with a score of 0.5292.

Keywords: Chinese speech , triplet extraction , supervised fine-tuning , large
language models , LLamafactory
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e AHZE (Recall, R) : IEMMIMN=TCHKZSEIRE P EL=TCHEENZZ -
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3.3 FIEpIH

JR &R A Hidfdata-annotation ] PR T, EIEREIEM T T XIRRIA RS SN &4
RN, N TZESHE T WEARprompt, —HIFEME ZRIpromptl, 5
— M ] B R prompt2

promptl: {R@E— P FIWH=JTCHIHE TE, &N LLT 308 & audioy BT H 7] fE
FICKEAR, KRR, B =IJoH 25Kk 1LEHECRTIER, filan: [[[7S8E17, 7 RAR", 7Sk,
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prompt2: "fRE—NFIFI=ITCAMN TR, EMN LU I0EE <audio>HHE BT H 1T HE
FICKSEAR, R, B =TtH . 7, B R promptiZE Minput -

outputix B N £ & Hdata-annotation B N & U0 - [P X &F &7 FFH WS /80 790
FLH A AT o S e s AR [P AR AL T AR E )] - IR R P AR R A 3 AR
£F& LLamafactory 25K K& ZU0 AN A data U 2 F 78 2008 2 A T

4 WRHIE
4.1 EESEEKE

cutoff_len: 1024
learning_rate: 0.0001
num_train_epochs: 5

Ir_scheduler_type: cosine

warmup_ratio: 0.1
bf16: true
optim: adamw_torch

Table 1: AN ASEHOLE

4.2 FKEAEX fHfEepcoh

e qwen2-audiofi Y, K FHERIAWloraZ Bk B U SOR BRIUER L FI 090,28 HAALER
e val B AL B fEepcoh N 3/TIE, PRI A EE 2 F I ER I ZRepoch 74 -
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lora_rank: 8
lora_alpha: 16
lora_dropout: 0
lora_target: all

val_size: 0.2

Table 2: LORASHL B R

=AY EL
qwen2-audio | 0.432
qwen2.5-omin | 0.503

Table 3: HEAIPEFEXT LY

4.3 HBAERE

B AR % E Bepcont& B M4, 1E B fEvalsizeZz 8, E &AL, 4 5 Xfqwen2-
audio, qwen2.5-omin MERFITloraflAIZR, ZERWT:

TRYELE A E qwen-2.5-omin N /G iR FFEAL . (RIBERIRCREIEROR, A% E LR A7 1Y
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AN F B oraZEUE LA R R R Fllora i A, 1 € S 2 R S I AL

checkpoint-steps
2500 3000 3500 4000
lora_rank: 8, lora_alpha: 16 0.5125 | 0.5210 | 0.5211 | 0.5175
lora_rank: 16, lora_alpha: 32 | 0.5185 | 0.5235 | 0.5205 | 0.5203
lora_rank: 32, lora_alpha: 64 | 0.5271 | 0.5263 | 0.5268 | 0.5260
lora_rank: 64, lora_alpha: 128 | 0.5275 | 0.5292 | 0.5280 | 0.5252
lora_rank: 128, lora_alpha: 256 | 0.5270 | 0.5278 | 0.5281 | 0.5273

Table 4: A[FILoRARD & HIMERIE
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2.qwen2.5-omin 5qwen2-audio W # ¥ NThE R AR | {Hqwen2.5-ominsE ) £ 1 A
BHINBE SR TR, Rt B S R 2 508 B & D T qwen2-audio, {H R 5 S 46 45
B qwen2.5-ominfE H TS, BEMWTqwen2-audio, £T H B KRR E A FtransformerZt
), BRI R ISR 07 ¥ LU R R E B2 AL -

3.7E4. 23D F qwen-audiofB 2 53 5% 2 8 A B HI PR 2H BB N ] B prompt FIEE 1T T
ORISR, SHERAMIFTEHEER], BRREIREA L, (RN AT LIHENTR 7R 17 /)
RS A Rt W B A B 24 55 T0 R KSR

4 1EA 2RI, BN T frag  (RIRFHE /R 450035 Jm b9 fo 0 75 B 2098 DL H 5 B fr)data-
annotation E filragE) M ApromptAIRUER, X HLas R A I T EEH] -
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