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Abstract

This technical report explores a technical solution for automatically evaluating the qual-
ity of hard-pen Chinese character handwriting by fine-tuning a local vision-language
model. Addressing the challenge that traditional evaluation methods struggle to pro-
vide accurate feedback, our team developed an efficient automatic evaluation system
for hard-pen Chinese handwriting quality by employing carefully designed prompts
combined with fine-tuning. We adopted the Qwen2.5-VL-7B-Instruct model as the
foundation and utilized LoRA fine-tuning technology to achieve the functions of hand-
writing quality grade classification (Sub-task 1) and personalized comment generation
(Sub-task 2). The system integrates visual feature analysis and language generation
capabilities in a structured manner. During the training process, techniques such as
gradient checkpointing and BF16 mixed-precision training were employed to optimize
GPU memory usage, alongside the design of targeted loss functions and evaluation
metrics. Experimental results demonstrate that our method can effectively achieve
fine-grained evaluation of Chinese handwriting quality.
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The two tasks share the same data processing method. )
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Prompt Template

Instruction: <Prompt=
Input: <Text>+<Interpretation>
Output: <Answer>

Qwen2.5-VL-7B-Instruct i !
: %% ég LoRA |
4 !

- - -/

Taking subtask two as an example, the large
model 1s required to generate personalized and
detailed comments and feedback based on the
input information and Chinese character images.

Majority = —| i
@ Voting = Best Answer

 S—

Stagel:Data processing and construction of Large
model input prompts

Stage2:Parameter-Efficient Instruction Fine-Tuning and Inference.
Figure 1: J7iEMA
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BSE SEEE
Epoch 5

Batch size 4
Gradient_accumulation 2
Learning rate 1.8e-5
LoRA rank 64

LoRA Alpha 512
Max_grad_norm 0.5

Table 1: |2k HESEL
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Model trackl_F1 track2_Score
Qwen2.5-VL-7B-Instruct 95.33 67.64
InternVL2_5-8B 94.25 66.31
Ovisl.6-9B 93.50 67.10
Valley-Eagle-7B 92.76 65.28
Voting Ensemble 95.42 -
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