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Abstract

This paper proposes a systematic method based on a large language model for the two
subtasks of TCM syndrome differentiation and TCM prescription recommendation in
CCL25-Eval Task 9. In subtask 1, this paper efficiently fine-tunes the three pre-trained
models of Qwen2.5-7B, Mistral-7B and Baichuan2-7B based on the QLoRA method,
and introduces a multi-model ensemble voting strategy. In subtask 2, this paper designs
a TCM recommendation framework that integrates vector retrieval, supervised fine-
tuning and reinforcement learning, constructs a candidate prescription set through
similarity retrieval, and uses reinforcement learning to optimize the model’s generation
ability. Finally, the total score of 0.5171 (Taskl score 0.5710, Task2 score 0.4632)
was obtained in the official evaluation, ranking fourth, verifying the effectiveness and
practicality of the proposed method.

Keywords: TCM Syndrome Differentiation , Large Language Model ,
Parameter-Efficient Fine-tuning , Retrieval-Augmented Generation , Reinforcement
Learning
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